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ABSTRACT 

 

Universities frequently use student evaluations of teaching (SETs) as a tool to 

evaluate teaching quality. I conducted two online multi-method empirical studies to 

explore whether the methodological and methodical limitations of standardised rating 

scales such as SETs may contribute to rather than impede the manifestation of gender 

biases in students’ evaluations of their lecturers. These limitations include constraints in 

humans’ abilities to generate quantifications as well as potential variations in students’ 

interpretations and use of item statements and answer scale categories. 

Study 1 involved surveys with open-ended questions and standardised rating 

scales, on which participants (N = 181) rated anonymously their “best” or “worst” 

lecturers from real-life contexts. In Study 2, participants (N = 336) read scenarios 

describing fictitious lecturers performing teaching behaviours based on my findings from 

Study 1.  

My findings revealed extensive variations in the ways in which student 

participants interpreted and used item statements and answer scale categories. For every 

item statement and answer category, the samples generally constructed large fields of 

meanings or reasons for picking the categories. However, on average, each participant 

listed only one to two reasons for their rating or choice of the answer category. I found 

significant gender differences in how frequently participants mentioned certain teaching 

behaviours, and in scores awarded to “best” male versus “best” female lecturers. In both 

studies, participants weighted several teaching behaviours differently in their ratings of 

lecturers of a different gender, although this only occurred in a minority of cases.  

Therefore, students may, in some cases, apply gendered schemas when evaluating 

lecturers and the methodological and methodical limitations of standardised rating scales 

might enable rather than reduce the manifestation of gender biases. I discuss practical 

implications for students, universities, and lecturers, and recommend that institutions 

should re-consider using SETs as the predominant method of teaching evaluation.  
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Chapter 1: Introduction 

 

In this chapter, I establish the background and contextual foundations of this 

research. I define student evaluations of teaching (SETs) and briefly describe different 

types of these surveys as used in the U.K. Afterwards; I discuss how SETs impact 

universities, students, and lecturers. I present the overall aim and importance of this 

research, as well as the over-arching research question. This chapter concludes with the 

outline of the structure of my entire thesis.  

1.1 General background of this research 

Student evaluations of teaching (SETs) are worldwide one of the most frequently 

applied assessments of teaching quality (Goos & Salomons, 2017) or teaching 

effectiveness (Stark & Freishtat, 2014). Teaching quality can be defined as a quality of 

instruction and teaching practices that stimulate, engage, and challenge students and 

enable them to develop new knowledge and skills (Darling-Hammond, 2009; TEF, 2016; 

see also Chapter 2).   

SETs frequently act as a major factor in decisions about lecturers‘ careers 

(Hornstein, 2017). In this thesis, I focus specifically on SETs that employ a format of 

standardised rating scales. 

Importantly, students may hold stereotypical beliefs and expectations about their 

lecturers due to certain obvious yet unrelated to teaching characteristics (e.g., gender, 

age), which may be reflected in SET results. Specifically, this can result in differences in 

lecturers’ ratings even when there are no differences in teaching quality. Although 

different biases and stereotypes may influence students‘ judgements, I focused on gender 

stereotypes. 

Using standardised rating scales, such as SETs, also raises several methodological 

and methodical concerns. These concerns include relying on students‘ memories and 

interpretive decisions, as well as structure, wording and format of SETs. Another concern 

is that individual differences of students may influence the ways in which they interpret 

key elements of rating scales, item statements, and answers scale categories. 

In this research, I explored whether these two problems, the potential influence of 

gender stereotypes on SETs, as well as the methodological limitations of standardised 

rating scales, are intertwined. Specifically, I examined whether the standardised format of 
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SETs may encourage rather than impede potential influences of gender stereotypes on 

student evaluations of lecturers.  

1.2 Student evaluations of teaching in the U.K.  

SETs can be defined as feedback designed to capture students’ experience of a 

class and evaluate their lecturer (Ching, 2019). Many crucial findings about SETs 

originate from research conducted in the countries outside the U.K. (mostly the U.S.) and 

are considered and included in this thesis. However, the present PhD research focuses on 

SETs within the U.K. 

There are different types of student evaluation surveys. In the U. K., this includes 

national surveys, such as the National Student Survey (NSS), the Postgraduate Research 

Experience Survey (PRES), and the Postgraduate Taught Experience Survey (PTES). 

Another type are institutional surveys, such as module or course evaluations and surveys 

specific to institutions.   

Each university in the U. K. participates in the NSS, a survey focused on 

undergraduate students in their final year of study. This survey’s purpose is to assess 

different areas of student experience, such as teaching on the course, assessment and 

feedback, academic support, organisation and management, and overall satisfaction. The 

NSS also contains optional open-ended questions about positive and negative aspects of 

the course (National Student Survey, 2019). Universities in the U.K. are generally 

obligated to participate in the NSS, although they are no longer obligated to promote this 

survey to their students. For example, all universities in England that are regulated by the 

Office for Students must take part in the NSS as an ongoing condition of their registration 

(National Student Survey, 2023). Universities generally attach high importance to NSS 

results (Thiel, 2019), and allocate resources to address any perceived problems (Sabri, 

2013). In terms of other national surveys, the PRES is the survey directed on postgraduate 

research students, whereas the PTES has a similar format to PRES, but focuses on 

postgraduate taught students. Each of the above-mentioned national surveys generally 

contains a certain number of core items on a rating scale that are standardised across all 

universities and several optional items that are specific to each institution.   

Institutional surveys, such as module and course evaluations, may slightly differ 

across institutions, with numerous universities in the U. K. currently applying the EvaSys 

Online system. Electric paper “Evaluationssysteme” is a supplier of automation software 

for exams, questionnaires, and evaluation surveys. Generally, students of all years can 
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participate in module evaluations, and these are usually administered, online or offline, at 

the end of the term, although this may differ across universities.  

Both national and institutional surveys are filled by students anonymously. 

Students, therefore, cannot be held accountable for responses they provide in these 

surveys.   

1.3 Student evaluations of teaching and their impact 

SETs initially served formative purposes, such as for enhancing the quality of 

teaching. But in the 1970s, it became common to use them as a summative tool, for 

evaluating lecturers’ overall performance (Hornstein, 2017) or to assist in making 

personnel decisions (Galbraith et al., 2012). Therefore, SETs can form a major factor in 

decisions about lecturers’ careers. 

In the U. K., SETs influence a university’s position in league tables. This position 

is considered in the Teaching Excellence Framework (TEF) and can affect staff and 

student recruitment (Holland, 2019). The TEF takes into account students’ responses and 

views, which are collected through the National Student Survey (Office for Students, 

2019). Universities with a TEF award may charge up to the maximum tuition fee of 

£9,250 per student per year for their full-time programme, compared to £9,000 for 

universities with no award. Therefore, universities attempt to achieve a good standing in 

the TEF.  

Apart from universities, SETs may also affect students and their learning. As SET 

scores may impact lecturers’ careers, it is reasonable to assume that some academics may 

feel pressured to “teach to SETs”. Academics reported grading more leniently, 

simplifying content or scheduling an entertaining class right before SETs in hopes of 

obtaining higher ratings from students (Boring et al., 2016; Simpson & Siguaw, 2000). 

Focus on student satisfaction may, therefore, come at the expense of good teaching 

(Bedggood & Pollard, 1999), with some lecturers dedicating more time to activities they 

believe students perceive as enjoyable instead of activities that enable students to learn 

(Braga et al., 2014). It can ultimately lead to students misperceiving how proficient in the 

subject they really are. Students can face challenges in subsequent modules when 

encountering lecturers who grade justly and challenge students to an appropriate level 

(Stroebe, 2016).  

Finally, the group probably most impacted by SET results are university lecturers 

themselves, as SETs frequently form an important factor in decisions concerning their 
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promotion, retention, and salary (Benton & Cashin, 2014; Emery et al., 2003). Lecturers 

may also be affected by offensive comments that some students provide. These comments 

might negatively impact lecturers’ well-being and mental health (Heffernan, 2023). In 

sum, it is crucial to ensure that SETs are valid, accurate, not misinterpreted by 

administrators and that lecturers are treated equally, such as in terms of gender.   

1.4 The general aim and importance of the present research  

I aimed to identify the ways in which students use and interpret student evaluation 

scales and to explore how students generate their rating decisions. My further aim was to 

investigate whether students hold their lecturers to gendered expectations. I examined this 

problem through scrutinising the methodological and methodical limitations of 

standardised rating scales such as SETs.  

To ensure that the methods applied to evaluate lecturers are accurate and gender 

equitable, I explored what information (teaching behaviours, attitudes) students consider 

when making their rating decisions. I also examined possible underlying patterns of 

stereotypical beliefs influencing students’ perceptions of teaching behaviours and teaching 

evaluations. I investigated on the aspects influencing student judgements in their 

interpretations of SET items, answer scale categories, teaching behaviours and inferred 

teaching attitudes. Identifying possible gender-related stereotypical biases can help 

develop teaching evaluation methods that could enhance accuracy, minimise implicit 

biases and improve gender equality.  

1.5 Organisation of this thesis in relation to my PhD research 

In Chapter 1, I provided a broad overview of my PhD research, discussed key 

terms relevant to SETs and their general background. In Chapter 2, I outline factors 

unrelated to teaching quality that may influence SETs. To explore how potential gender 

stereotypes may influence students‘ judgements of lecturers, I also discuss relevant 

theoretical frameworks from social psychology used in this research. In Chapter 3, in 

order to scrutinise SETs from the methodological point of view, I apply several 

methodological concepts from the Transdisciplinary Philosophy of Science Paradigm for 

Research on Individuals (TPS-Paradigm), which provides conceptual frameworks for 

analysing research methods across sciences (Uher, 2015a, 2018a, 2018b, 2019, 2020). In 

Chapter 4, I outline the rationale of this PhD research and present all research aims and 

research questions. I also justify the general methodology of my two studies as well as my 

use of a moderate version of social constructionism as my epistemological stance. I 
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present two online multi-method empirical studies in Chapter 5 (Study 1) and Chapter 6 

(Study 2). In the final Chapter 7, I summarise and analyse the key findings and highlight 

key patterns identified in my data. I conclude by outlining the original contributions of 

this PhD research and providing relevant recommendations for practice. 

1.6 General summary of this chapter 

This chapter provided a synopsis of this PhD research. I explained the general 

context in which SETs are applied and I outlined different types of SETs used in the U.K., 

such as national and institutional surveys. I highlighted general impact of my research on 

students, universities, and lecturers, and presented an over-arching research aim. The next 

chapter discusses problems related to SETs, such as inconsistency of data that students 

enter into SETs with verifiable information, factors unrelated to teaching quality that may 

influence SET ratings, as well as gender biases and stereotypes in educational context.   
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Chapter 2: Gender biases and stereotypes in SETs and other influences 

on SETs unrelated to teaching quality 

  

SETs aim to evaluate teaching quality or teaching effectiveness. However, these 

evaluations may be influenced by factors independent of the lecturers, such as students‘ 

approaches towards SETs and the ways in which students complete SETs.   

Students may also hold stereotypical beliefs about their lecturers, which may be 

reflected in results obtained from SET forms. This can result in differences in lecturers’ 

ratings even when there are no differences in teaching quality. Although various types of 

biases can influence evaluations, this chapter focuses on potential gender bias and gender 

stereotypes. The first part of this chapter outlines and discusses students‘ approaches 

towards SETs. The second part examines gender bias and gender stereotypes in 

educational settings and SETs and applies relevant theoretical framework to explain 

empirical findings.  

  

2.1 Students’ approaches towards SETs  

2.1.1 Data entered into SETs may not reflect verifiable information: empirical findings 

and theoretical background 

Because SETs are worldwide one of the most frequently applied assessments of 

teaching quality (Goos & Salomons, 2017), universities and researchers commonly 

assume that students put effort into filling out evaluations and complete them accurately. 

For example, there is rarely a discussion about the consistency of students’ comments 

with verifiable information in research on SETs (Clayson & Haley, 2011). However, even 

though 80-85% of student participants in an Australian study did not attend previous 

classes, they still answered the question “Did classes start on time?”. Only 15-20% of 

participants1 could, therefore, give an accurate answer, but even participants not attending 

lectures still provided ratings (Bedggood & Pollard, 1999). Similarly, when asked to 

evaluate a fictitious professor who never delivered any lectures, 66% of participants 

studying Medicine rated this professor and even included several qualitative comments, 

both positive and negative, about the lectures. Even when the fictitious lecturer’s name 

 
1 Unless otherwise specified, “participants” always refers to student participants in this chapter. 
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was supplemented with a random photograph of a young model, 49% of participants still 

rated the lecturer (Uijtdehaage & O’Neal, 2015). 

In another study, participants answered two items on SETs about lab work and 

whether they found it beneficial. Surprisingly, participants in courses without labs 

frequently failed to mark the item as ”not applicable”. In one course, only 12 out of 32 

participants did so, while the remaining 20 participants rated non-existent labs (Emery et 

al., 2003). In a different study, participants rated the “The library services and resources 

are good enough for my needs” with “neither agree nor disagree” (on a 5-point scale) but 

then commented they have never even used the library. Participants, therefore, provided 

ratings instead of choosing a more appropriate “not applicable” option. This was also the 

case with other items, such as IT resources or enhancement of communication skills 

(Ashby et al., 2011). 

At a private university, the instructor realised they had been coming to every class 

a few minutes late. However, SETs again failed to reflect that, as all the students reported 

the instructor was showing up to class on time (Clayson & Haley, 2011). A similar case 

study involved a professor recounting they had a habit of coming to every class five 

minutes early and never missed a class. However, on a “reliability of meeting class” item, 

they obtained a rating of only 4.46 from one class and 4.04 in another class, while the 

college average was 4.76 (Emery et al., 2003). 

Similarly, even though marks were returned to students already in the very next 

class after the examination (i.e., at the earliest possible date), student evaluations failed to 

reflect this (Sproule, 2000). On the item “Work returned reasonably promptly”, only 50% 

of students gave a maximum rating of 5, whilst 27.7% rated 4, and 22.2% provided a 

rating of 3.  

These surprising findings suggest that students either struggled with knowing how 

to fill the questionnaires appropriately or exerted little effort into completing them. 

Students could have also assumed that they simply must answer all the items. However, 

the surveys in all three studies (Ashby et al., 2011; Emery et al., 2003; Uijtdehaage & 

O’Neal, 2015) included a “non-applicable” answer category.  

 Alternatively, when participants were asked to rate items that were non-applicable, 

they may have assumed they had misremembered relevant information. This seems 

possible because the general number of participants who provided ratings dropped 

considerably when researchers included a photograph of the lecturer. Furthermore, 

because attending the lectures was voluntary and participants had access to approximately 
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75% of lectures’ content through podcasts, some participants may not have attended 

classes at all and thus not know the identity of the lecturer (Uijtdehaage & O’Neal, 2015). 

This may, however, indicate that some students may complete evaluations without 

experiencing any lectures. 

 Participants may have also completed SETs “mindlessly”, with little effort or 

thought (Uijtdehaage & O’Neal, 2015). These “mindless” ratings are more likely to occur 

if a) students perceive evaluations as a routine and unpleasant task, b) students do not see 

the potential impact of their evaluations or c) the activity is cognitively taxing and 

potentially difficult for students to engage in after weeks of classes (Dunegan & Hrivnak, 

2003; Uijtdehaage & O’Neal, 2015).  

 Regarding students’ perceptions of SETs, most participants reported they see SETs 

positively (e.g., Kite et al., 2015; Spooren & Christiaens, 2017) and did not mind 

completing evaluations (Spencer & Schmelkin, 2002).However, students who participated 

and completed these studies may have not represented general student population.  

In terms of perceived impact of SETs, participants indeed stated that their primary 

motivation for completing SETs is a belief that their feedback may lead to subsequent 

improvement in teaching (Y. Chen & Hoshower, 2003), or that lecturers use or at least 

consider this feedback (Iqbal et al., 2016). However, participants also reported doubts 

about whether administrators and instructors consider their evaluations (Spencer & 

Schmelkin, 2002; Surratt & Desselle, 2007). Considering that individuals are likely to 

exert the least effort unless they have the motivation to be precise (Heilman, 2012), this 

could explain why some students may put less effort into filling out the questionnaires.  

Regarding cognitive demands related to SETs, Dunegan and Hrivnak (2003) 

highlighted that students tend to complete SETs at the end of the term. Students likely 

have to prepare for exams and write their assessments during this time and may not 

dedicate as much effort to completing SETs as they would during a quieter time. In terms 

of empirical evidence, there is a lack of research addressing the amount of effort that 

students put into completing their evaluations (Wachtel, 1998). In an older study, over 

half of participants reported they attempt to be precise and spend sufficient time when 

completing SETs (Marlin, 1987). However, this again only accounts for those participants 

who reported this information. Perhaps some students find SETs more cognitively taxing 

compared to others and therefore complete them with less accuracy.  

 In sum, the information that students entered into SETs was inconsistent with 

verifiable evidence. This could be explained either by lack of perceived impact of SETs or 
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students’ effort; the difficulty of the task, potentially due to completing SETs during the 

cognitively taxing time; or combination of all these factors. In either case, students, 

perhaps accidentally, encoded inaccurate information. When even ratings that are 

traceable to verifiable evidence fail to be accurate, thus it could be argued that the validity 

of other judgements, which cannot be as easily evidenced, should be questioned (Sproule, 

2000).   

 All the explanations for the findings covered in this sub-section assume students 

entered the information inconsistent with verifiable evidence accidentally and were 

unaware of doing so. In the next sub-section, I discuss empirical findings about the 

information entered into SETs that may be intentionally inaccurate or exaggerated 

(Clayson & Haley, 2011; see 2.1.2).  

2.1.2 Altered information in SETs as reported by students  

Other studies investigated whether students consider any factors, which are 

unrelated to teaching, during completing of SETs. In a survey of U.S. participants from 

three universities, 60% of the participants reported they altered their evaluations because 

of the personality of the lecturer and 30% of the participants because of the grades they 

received or according to the difficulty of the exams (Clayson, 2005). 

This issue was explored further with 219 participants with marketing business 

backgrounds, who answered questions about their opinions of SETs (Clayson & Haley, 

2011). Most participants (56%) reported that they knew someone who rated their lecturer 

with a higher or lower score than justified and more than a third (31%) admitted to doing 

so themselves. A considerable proportion of participants (41%) said that they knew 

someone who wrote untrue comments, and almost one-fifth of participants (19%) reported 

that they did so themselves. Overall, participants estimated that around one-third of the 

SET results might contain inaccurate (verifiable) information. Participants admitted to 

providing imprecise information in order to protect a lecturer (3.9%) or because they liked 

a lecturer (11.2%). They also admitted to writing untrue comments to hurt a lecturer 

(2.6%) or because they disliked a lecturer (12.9%; Clayson & Haley, 2011). The actual 

percentages could be even higher. Some participants may have under-reported “bad 

behaviour”, such as lying on the SET forms, due to social desirability bias, which refers 

to participants amending their responses to appear more favourably (Fisher, 1993). 

These findings indicate some students may intentionally provide inaccurate 

information when completing SETs (Clayson & Haley, 2011). However, participants did 
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not specify whether they thought they were answering accurately during the completion of 

SETs, but later, upon further reflection, realised their answers were inaccurate or whether 

they intentionally provided wrong information at the time of completion of SETs. The 

former option would mean that this inaccuracy was unintentional, whereas, in the latter 

option, participants would have been aware of providing inaccurate information. 

According to Lindahl and Unger (2010), students usually complete SETs at the 

end of the year, frequently during states of heightened emotional arousal, under the 

assurance of anonymity. These conditions could lead to students experiencing 

deindividuation, which refers to people feeling like a part of a group and not feeling 

personally accountable for their behaviours (Zimbardo, 1969). Students may then be more 

likely to engage in less moral actions, such as writing cruel comments about their lecturers 

(Lindahl & Unger, 2010), exaggerating, or intentionally providing inaccurate information. 

Unlike anonymity, accountability can motivate people to be more accurate in their 

evaluations (Mero et al., 2003) and can even reduce their stereotype-based expectations 

(Heilman, 2012). Some support for deindividuation affecting SETs comes from the U.S. 

study, in which participants reported that the group’s opinion of their lecturer influenced 

their rating, even if they personally felt differently (Mortenson & Sathe, 2017). 

The research discussed in this sub-section focused solely on information that 

students reported as intentionally inaccurate, but much information that students put into 

SETs may be inaccurate due to errors or misperceptions (e.g., Clayson & Haley, 2011, see 

2.1.1). Therefore, students may not even be aware of providing incorrect information. 

2.1.3 Low response rate   

Another crucial problem with SETs is the low rate of student responses. Generally, 

the reported response rates vary between 30% and 70% (Hoel & Dahl, 2019). The rate is 

especially low for electronic and online evaluations (Al-Maamari, 2015; Nulty, 2008). 

This may be highly relevant during the COVID-19 pandemic because numerous 

universities (e.g., in the U.K.) transferred to solely online teaching. Therefore, students 

must have completed SETs online. 

 Low response rates may lead to a lack of adequate information to assess teaching 

effectiveness. There is also a high risk of sampling error, which means student responses 

may not represent those of other students (Berk, 2012). Specifically, it is unclear whether 

student feedback represents general opinions of the class or only the perception of 
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students with extremely positive or negative opinions (Hoel & Dahl, 2019). This may 

apply especially when the class size is small (Chapman & Joines, 2017).  

 Lecturers may get penalised for a low rate of student responses, even though this 

low rate can be influenced by various factors, such as student absence from class or even 

technical issues (Berk, 2012; Hornstein, 2017). Student attendance in class – and 

consequently, participation in SETs if they are conducted in the classroom – can depend 

on the time of the lectures, which is often out of the lecturers’ control. Alternatively, 

lecturers may have provided such detailed content on an online platform or “lecture 

capture” recording obligatory at some universities that students deem unnecessary to 

attend their lectures (Stark & Freishtat, 2014). If numerous students do not attend at the 

time of completing SETs, the response rate will be low.  

 Lecturers have a very weak influence on students’ intentions to complete SETs 

and are the least effective predictor in SETs completion (Weng et al., 2014). Specifically, 

the influence of lecturers had the lowest effect on participants’ intentions to complete 

online SETs compared to the other predictors (e.g., participants’ attitudes towards SETs or 

peer influence). In sum, lecturers may be penalised due to the factors they cannot control, 

and even despite doing a thorough job (Stark & Freishtat, 2014).  

2.2 Conceptualisation of teaching quality 

2.2.1 Definitions of teaching quality 

Researchers have not yet reached a clear consensus on a definition of ‘teaching 

quality’ (Cochran-Smith, 2021; Maruli, 2014) and definitions vary across different 

educational bodies and contexts (Darling-Hammond, 2021). In the Teaching Excellence 

Framework, ‘teaching quality’ is described in relation to teaching practices. It is assessed 

against the following criteria2: a) teaching that engages and challenges students, b) a 

course design that enables students to develop their knowledge and fulfil their potential, c) 

lecturers who provide effective assessment and feedback that supports students’ 

progression (TEF, 2016). Darling-Hammond (2009) defines teaching quality as a strong 

instruction that enables student learning. Drawing from both definitions, I conceptualise 

‘teaching quality’ similarly as the quality of instruction and teaching practices that engage 

and challenge students and stimulate their learning. However, I also consider the 

 
2 This framework includes criterion d), institutions recognise and reward excellent teaching. 

However, although this factor may influence teaching quality, students are unlikely to reflect on it 

in SETs and I do not consider it here. 
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effectiveness of the ways in which lecturers interact with their students. For instance, 

when completing SETs, often perceived as evaluations of teaching quality, students may 

focus on lecturers’ interpersonal behaviours (e.g., lecturers’ responses to students’ 

questions). In this PhD research, I explore which specific teaching behaviours students 

consider salient when evaluating their lecturers (see Chapter 5).  

2.2.2 Differences between definitions of ‘teaching quality’, ‘teacher quality’ and 

‘teaching effectiveness’ 

There is still confusion regarding terminology and differences between ‘teaching 

quality’, ‘teacher quality’ and ‘teaching effectiveness’ (Tikrity, 2023), which are 

frequently used interchangeably (Bradford et al., 2021). However, these terms differ in 

their meanings. For example, ‘teaching quality’ could be distinguished from ‘teacher 

quality’. Whereas ‘teacher quality’ encompasses interpersonal characteristics of lecturers, 

‘teaching quality’ emphasises practice and effectiveness of lecturers during lectures, 

without considering the qualities of lecturers outside the classroom (which are, in contrast, 

considered in ‘teacher quality’; Cochran-Smith, 2021; Towers et al., 2023). ‘Teacher 

quality’ incorporates the ways in which lecturers develop materials or curriculums, and 

their own teaching practices. The term ‘teacher quality’ can, therefore, be seen as broader 

in scope compared to ‘teaching quality’ (Snoek, 2021; Towers et al., 2023). However, this 

may also involve aspects that lecturers cannot influence, such as specific circumstances or 

rules imposed by institutions (e.g., in terms of required curriculums). In sum, although 

both concepts are related, ‘teacher quality’ predominantly focuses on aspects of the “who” 

(lecturers; a focus is on interpersonal characteristics rather than specific practices) 

whereas ‘teaching quality’ emphasises ‘how and what’ (practice during lectures; Bradford 

et al., 2021). In comparison, ‘teaching effectiveness’ is often defined as a lecturer’s ability 

to contribute to or facilitate student learning (Boring, 2017; Shadreck & Isaac, 2012) but 

could also be seen as a sub-construct of ‘teaching quality’ (see also Chapter 3). Regarding 

student evaluations conducted in university contexts, most researchers discuss ‘teaching 

quality’ or ‘teaching effectiveness’ whereas the term ‘teacher quality’ (frequently used in 

pre-university contexts) is relatively rare. These concepts are used in dynamic and 

context-dependent ways, which may hinder, if not prevent, establishing consistent, clear 

definitions across national or educational bodies (Cochran-Smith, 2021; Towers et al., 

2023).  

Recent research revealed that ‘teacher quality’ may include components that are 

crucial to student development but overlooked in formal policy definitions (Towers et al., 
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2023). For example, instructors used creative ways to develop innovative and inclusive 

approaches to tackle challenges related to online learning during the COVID-19 

pandemic. This suggests that the focus should be moved away from narrow definitions of 

quality in policies, framed as a problem to be solved, and instead emphasise enhancing 

instructors’ skills in order to enrich students’ learning experiences (Hardy et al., 2021; 

Towers et al., 2023). 

2.3 Factors unrelated to teaching quality that influence SETs  

2.3.1 Lecturers’ characteristics 

SETs may also be affected by other factors that are unrelated to teaching quality, 

such as lecturers’ fluency, mannerisms, and charisma. When asked to watch one of two 

videos of a lecturer with either low or high fluency, participants perceived they have 

learned more when taught by a fluent lecturer. However, comparisons of learning 

achievements between these groups of participants revealed both groups learned the same 

amount of information regardless of lecturers’ fluency (Carpenter et al., 2013). Similarly, 

participants who watched videos with fluent lecturers reported higher confidence in their 

learning, which was, however, unsupported by their actual progress in learning (Toftness 

et al., 2018). This suggests that students may not always be aware of what factors actually 

improve their learning. Instead, when producing their ratings, students may focus on 

superficial characteristics, which are easy to perceive.  

Another factor that may impact SETs is the lecturer‘s personality, specifically, 

student perceptions of their lecturers’ personalities. Although lecturers’ self-perception of 

their traits mostly revealed either low or no relationship with SETs (Feldman, 1986), 

participants‘ perception of their lecturers’ personalities significantly correlated with the 

SET scores that participants provided for their lecturers (Clayson & Sheffet, 2006; 

Feldman, 1986).  

SET scales may even simply assess lecturers’ likability. Participants‘ perception of 

a lecturer after five minutes of interacting with this lecturer significantly correlated with 

SET scores obtained several months later (Clayson & Sheffet, 2006). The analysis of an 

online website on which students evaluated their lecturers revealed lecturers were more 

likely to obtain high ratings if students perceived them as nice, caring, understanding and 

helpful (Davison & Price, 2009), and therefore, more likeable.  

Furthermore, even lecturers’ non-verbal behaviours, such as smiling or 

mannerisms, may affect SETs (Merritt, 2008). In the U.S., the factor analysis of responses 
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of over 42,000 students revealed their perceptions were most influenced by a factor 

defined by researchers as lecturers’ charisma or popularity (Coats et al., 1972). Similarly, 

in a U.K. study with 199 undergraduate students, participants‘ perception of their 

lecturer’s charisma (assessed by the item statement “The lecturer has charisma”) 

explained 37% of the variation in the “module attributes” and 69% of the variation in 

“lecturer’s ability” (Shevlin et al., 2000). 

In the “Dr Fox” study, an actor taught a topic he had no expertise in, trying to 

apply a charismatic manner, although the content was meaningless. Participants, who 

consisted of both professionals from Psychology, Psychiatry and Philosophy backgrounds, 

as well as graduate university students, evaluated his lecture favourably (Naftulin et al., 

1973). However, the actor delivered a lecture about Mathematics. The results may have 

been different if the taught topic would have been in the participants’ areas of expertise. 

Nevertheless, the participants were all educated and familiar with academic standards 

(Naftulin et al., 1973). In contrast, students completing SETs are, in most cases, not 

experts in the subject. Hence, students may be influenced by the lecturers’ charisma and 

rate more charismatic lecturers more highly than the lecturers with less charismatic 

manners. 

Lecturers’ enthusiasm seems to affect the SET scores even on item statements 

related to other factors. The lecturer attempted to teach the class in two consecutive 

semesters identically, but acted in a more enthusiastic manner in one of the semesters 

(Williams & Ceci, 1997). The lecturer’s SET scores between the first and second 

semesters significantly differed, even scores on the items entirely unrelated to enthusiasm, 

such as organisation, knowledge, tolerance, and accessibility, even though the lecturer 

attempted to keep these elements identical between semesters. But an enthusiastic 

presentation style seemed to have no significant effect on student learning because their 

results in exams in both terms were nearly identical (Williams & Ceci, 1997).  

2.3.2 Other influences on SET scores unrelated to lecturers 

Even though lecturers’ charisma or enthusiasm affects SET scores, they do not 

seem to influence student learning. Perhaps students find enthusiastic lecturers more 

interesting or motivational, which results in students awarding these lecturers with higher 

SET scores. Alternatively, it could be questioned whether assessments of students’ 

learning (e.g., through exam scores) appropriately assessed what students actually learned. 
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However, even practices entirely unrelated to lecturers, student learning and teaching 

quality, such as weather or the type of subject taught, may affect SETs scores.  

Students were more likely to provide lower ratings on cold and rainy days (Braga 

et al., 2014). SET scores may also be influenced by the type of the subject lecturer 

teaches. The analysis of archival data at the university in the U.S. revealed that students 

rated their Maths lecturers much lower than their English, History and Psychology 

lecturers (Uttl & Smibert, 2017). In a German study, undergraduate medical students (who 

did not know they were participating in this study) were randomly distributed into twenty 

groups, half of them were provided with cookies, and the other formed a control group 

(Hessler et al., 2018). Participants provided with cookies evaluated lecturers significantly 

higher than the control group. However, both the course content and the lecturer were the 

same. Similarly, offering chocolate to participants before they completed SETs increased 

lecturers’ SET scores (Youmans & Jee, 2007). Perhaps participants felt an obligation to 

reciprocate or eating chocolate put them in a better mood (Hessler et al., 2018; Youmans 

& Jee, 2007).   

All these factors are unrelated to lecturers, teaching quality or teaching 

effectiveness. However, these factors may contribute to students’ enjoyment of the 

classes. A lecturer with high charisma or enthusiasm may make the class more interesting 

for students. Sunny days or lecturers who provide students with cookies may also invoke 

students’ enjoyment of the classes.  

Thus, a factor unrelated to teaching quality that impacts SET scores could be 

students’ enjoyment of their lectures or simply student satisfaction. Importantly, student 

expectations may differ from academic values (Wong & Chiu, 2019). In the U.K., E.U. 

and U.K. undergraduate students pay tuition fees up to £9,250 per year; International 

students pay even more. However, tuition fees differ between Scotland, Wales, Northern 

Ireland, and England. Specifically, all Scottish students (and E.U. students who started in 

or before the 2020/2021 academic year), are not obliged to pay any fees for undergraduate 

degrees at universities in Scotland. Furthermore, in Wales, tuition fees were capped at 

£9000 (instead of £9250) for U.K. and E.U. students. Requiring high tuition fees may lead 

to universities treating students as consumers, which can increase students’ demands and 

expectations. For example, in a recent qualitative study in London, most student 

participants reported they see themselves as customers and expect to be treated well 

(Adisa et al., 2023). Some student participants also reported they base their SETs on 

grades they received. Therefore, universities may prioritise student satisfaction instead of 
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student learning, which could have a detrimental effect on students and the quality of the 

educational system in general.  

Experiences of first-year undergraduate students rarely aligned with their original 

expectations of university life and were unrealistically high (Smith & Wertlieb, 2011). In 

a cross-cultural study with over 500 Economics university students from ten different 

countries (e.g., Armenia, Germany, Mexico, Poland), over 60% of participants reported 

universities did not meet their expectations (Mamica & Mazur, 2020). In interviews with 

30 lecturers in England, many of them reported they had to incorporate the role of an 

entertainer into their teaching (Wong & Chiu, 2019). However, the main goal of 

university teaching should not be to entertain students but to assist them in broadening 

their expertise in the subject (Marimon et al., 2020). 

Hence, lecturers who dedicate time to activities that improve student satisfaction 

(even if entirely unrelated to learning) may obtain higher SET scores than those lecturers 

who prefer to challenge their students (Hessler et al., 2018). Lecturers who provide 

difficult exams and content may encourage deeper student learning but fail to make 

students satisfied, which may negatively affect their SET scores (Marks, 2000). These 

lecturers may, therefore, be unfairly penalised (Carrell & West, 2010; Simpson & Siguaw, 

2000). 

2.4 Gender bias and gender stereotypes in education and SETs  

2.4.1 Gender and sex 

Psychologists did not yet reach a clear consensus on terminology regarding sex 

and gender, which is complex and still controversial (Hyde et al., 2019). I adopt the 

terminology that uses sex to mean a biological sex assignment at birth, and gender to 

mean self-identity or roles, behaviours, feelings, and attitudes associated with one’s sex 

(e.g., Morgenroth & Ryan, 2018)3. In my research, I explored how students perceived 

their lecturer’s gender. Specifically, my assumption in line with the cognitive miser 

(Corcoran & Mussweiler, 2010; see also 2.1.3.4) is that students categorise their lecturers 

into groups based on their gender (e.g., man, woman). Therefore, I assume students may 

not be aware of the sex, i.e., referring to a biological sex assignment of their lecturers, and 

I do not examine it in this thesis.  

 
3 Some authors use „sex/gender“ to highlight that biological and sociocultural factors cannot be fully 

separated and sex can also represent a social construct (Hyde et al., 2019; Morgenroth et al., 2021; 

Morgenroth & Ryan, 2021).  
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Furthermore, for a long time researchers conceptualised gender as binary (men 

versus women) and deriving directly from biological sex, but these views are slowly 

evolving, leading to more awareness and support for non-binary (not identifying as men or 

women exclusively) individuals (Hyde et al., 2019; Morgenroth et al., 2021; Morgenroth 

& Ryan, 2018, 2021). I adopted a simplified binary approach and considered only male 

and female lecturers because investigating stereotypes against non-binary lecturers was 

beyond the scope of this PhD research. However, I fully acknowledge the complexity of 

gender as well as non-binary gender identities4. I highlight this point again in the final 

discussion. 

2.4.2 Gender bias and stereotypes in educational settings  

Societal influences may impact individuals from an early age. When asked to draw 

a scientist, only girls produced a picture of a female scientist. Even though 49% of 

participants were girls, there were only 28 pictures of female scientists, which formed less 

than 0.58% of the sample (Chambers, 1983). This implies that children, especially boys, 

may imagine a typical scientist as a man. However, the participants consisted of children 

from 5 to 11 years. Perhaps these children did not yet encounter a variety of scientists at 

this age. Furthermore, this study was conducted 40 years ago, and children nowadays may 

hold different views.  

Nevertheless, when examining SETs at a high school level, the SETs of biology, 

physics and chemistry teachers in the U. S. revealed male participants rated female 

teachers lower than male teachers in all three disciplines. In contrast, female participants 

rated female teachers less positively only in physics (Potvin et al., 2009). To check 

whether these differences may be due to different teaching styles, rather than 

discrimination on the basis of gender, the researchers controlled for numerous factors 

related to teaching style, such as a number of demonstrations and frequency of class 

discussions. But teacher gender as well as the interaction of student-teacher gender, 

remained significant. Specifically, male participants still rated female teachers 

significantly lower than male teachers in all disciplines, whereas female participants rated 

them lower in physics. A test for any differences in teaching effectiveness showed no 

differences in students’ later performance in the subject in regards to their teachers’ 

gender (Potvin et al., 2009).  

 
4 In line with this view, I included three categories for gender of participants (men, women, or non-binary 

participants). 
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These findings imply even children may be affected by gender stereotypes and are 

in line with the previous findings (e.g., Bian et al., 2017). These influences do not 

disappear with age. One of the societal influences perpetuating gender stereotypes could 

be a general representation of women in educational materials, such as textbooks 

(Peterson & Kroner, 1992).  

An analysis revealed the prominent presence of gender bias, specifically 

portraying women in stereotypical, negative ways, and women being underrepresented in 

psychology textbooks. This included textbooks expanding on the work of female 

psychologists to a much lesser extent compared to the work of male psychologists and 

portraying women (versus men) significantly more frequently as clients and significantly 

less frequently as therapists (Peterson & Kroner, 1992). These findings are surprising 

because women are often over-represented at the undergraduate psychology level. For 

example, in the academic year 2021/2022, 81% of undergraduate Psychology students in 

the U.K. were women (HESA, 2023). Because Peterson and Kroner (1992) conducted 

their research over 30 years ago, it could be argued that the representation of gender in 

psychology textbooks has changed since then. However, a study undertaken fifteen years 

later yielded similar results (Collins & Hebert, 2008). The analysis of over 3000 images of 

individuals from psychology textbooks published between 1999 and 2007 revealed that 

men were depicted significantly more frequently (59%) compared to women (41%).  

Even materials for lecturers may inadvertently promote gender bias. A striking 

example is a guide for lecturers on how to improve their SET ratings by simply advising 

them to “Be male” (Neath, 1996, p.1364). Specifically, female lecturers were encouraged 

to change their gender or, if opposed to doing so, at least change their behaviour to be less 

feminine in order to boost their ratings (Bray & Howard, 1980). The guide stated: “If you 

are female, do not be very demanding of your students” (Neath, 1996, p. 1365). This 

questionable approach takes for granted that male and female lecturers are treated 

differently for the same behaviour (“being demanding of their students”). Alternatively, 

the author perhaps intended to draw attention towards sexism in academia with a 

humorous remark. Considering this guide was published over 25 years ago, this again 

highlights that sexism in academia is an ongoing problem with historical roots. For 

example, in the U.K., women started entering academia only in the late 19th century. Other 

scientific institutions such as The Royal Society, the University of Cambridge or Harvard 

Medical School did not admit women on the same conditions as men until the 1940s 
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(Saini, 2017). To examine whether these problems persist in the current era, I also discuss 

more recent research related to sexism in academia.  

For instance, a recently conducted study (Fisk et al., 2020) introduced a 

lightweight intervention in order to reduce gender bias against female lecturers in STEM. 

This intervention consisted of a female professor sending students an email with positive 

feedback. Although authors acknowledged that, ideally, women should not have to change 

their behaviour to conquer gender bias in SETs, they still introduced this method as a 

strategy to increase female lecturers’ SET scores. Whereas these findings may be helpful 

for some female lecturers, the focus is on dealing with the symptom rather than the actual 

root of the problem. This strategy enforces the idea that female lecturers should conform 

to and comply with gendered expectations in lieu of students adhering to university 

standards. Furthermore, female lecturers are asked to perform additional work to obtain 

the same ratings as men. Recommendations like these put the responsibility for students’ 

gendered attitudes solely on female lecturers, who are asked to alter their behaviours, 

instead of exploring alternative solutions and tackling the existing inequalities.  

Not only students but also faculty may be biased in their behaviours towards 

lecturers, which implies that a wider scope of gender stereotypes may exist in academia. 

For example, a qualitative case study revealed that, when making hiring decisions, faculty 

committees in the humanities, social sciences, and natural sciences considered the 

relationship status of female but not male candidates (Rivera, 2017). The committees 

assumed that female candidates with partners who had senior positions in academia or 

other prestigious jobs would be unwilling to relocate. Strikingly, even though considering 

marital status when making a hiring decision was illegal and a violation of university 

policy, the committee openly discussed it in front of the researcher, who was present 

during these discussions. If faculty committees felt comfortable behaving in a biased way 

in front of a researcher, even stating they should not discuss candidates’ relationship 

statuses, and then doing so (Rivera, 2017), one must question whether these behaviours at 

institutions may be amplified when there is no external person present. This demonstrates 

that women, unlike men, may need to fulfil additional requirements (a certain relationship 

status) to get the role. The faculty’s approach may even imply beliefs that female 

lecturers’ jobs were less important than those of their male partners. Nevertheless, this 

research was conducted in the U.S., where further cultural context must be considered. 

Specifically, two academics in a relationship may find it challenging to find two academic 

roles in proximity. Therefore, institutions worldwide developed formal dual-career 
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policies and programmes, also very commonly used in the U.S. (Tzanakou, 2017). The 

U.S. university at which this research was conducted lacked such policy. However, if 

committees were to consider the relationship status of candidates solely because of the 

lack of this policy, both men and women would likely be equally affected (Rivera, 2017).  

One could also question whether gender bias could be less prominent in 

psychology departments, considering that because of the nature of their field, academics 

in Psychology may be more aware of possible biases compared to academics in other 

subjects. However, when 238 male and female academics in Psychology evaluated an 

identical curriculum vitae, which only differed by a male or female name, they were 

significantly more supportive of hiring a male versus female applicant, and more likely to 

indicate that male but not female applicant had sufficient research experience (Steinpreis 

et al., 1999). Therefore, despite the awareness of this issue, individuals may still behave in 

biased ways. 

In terms of faculty response towards gender bias, British academic staff provided 

their perceptions regarding students’ views and behaviours concerning lecturers’ gender 

(Carson, 2001). All but two female lecturers commented on gender-related issues related 

to gender affecting their professional life. The female lecturers reported that if they tried 

to implement “firm” behaviour, students perceived them as “bossy”. The female lecturers 

assumed students expected them to act more caring and provide more student contact 

compared to male lecturers. Most of the female lecturers suspected student evaluations of 

being gender biased against females (Carson, 2001). Consistently, the perceptions of 

teaching faculty regarding SETs hardly differed by lecturers’ position or seniority but 

were strongly associated with their gender. Female lecturers reported feeling impacted by 

SETs more negatively than male lecturers and feeling angry or unhappy when reading 

evaluations more often than their male colleagues (Kogan et al., 2010).  

However, because Carson’s (2001) research is almost 20 years old, it could be 

argued that it represents somewhat outdated views and female lecturers are less likely to 

experience sexism nowadays. Unfortunately, abundant recent research suggests that sexist 

practices still occur or that gender equality is not viewed as a priority (e.g., Bocher et al., 

2020; Bono et al., 2019; Bourabain, 2021; Morris et al., 2022). A project designed to 

collect and draw sexist experiences in academia yielded 89 accepted testimonies, out of 

which women wrote 97.8% and men 2.2% (Bocher et al., 2020). In a narrative piece, three 

female lecturers in geography departments reported sexist experiences, such as increased 

teaching duties but decreased proposed salary after informing a department chair of their 
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pregnancy (Bono et al., 2019). In another study, during in-depth interviews of 50 female 

early-career researchers (e.g., PhD students, postdoctoral researchers) in Belgium, many 

shared their experienced incidents of sexism, such as institutions or colleagues dismissing 

sexual remarks, harassment, or, appallingly, sexual assault, directed at them, female 

students or their colleagues. They also reported being discouraged to pursue a PhD 

because of maternity, and being undervalued, e.g., individuals did not use their academic 

titles when corresponding but did so for their male colleagues (Bourabain, 2021). 

Similarly, the academic staff in the U.K. reported during in-depth interviews that White 

cis straight men tended to dominate even in departments with a high proportion of women 

and more prestigious positions were usually occupied by men (Morris et al., 2022). These 

reports of sexism are further supported by empirical evidence. For example, the analysis 

of the anonymous comments that over 670 academics obtained during SETs revealed that 

female academics and academics from marginalised groups received the most frequent as 

well as the most derogatory abusive comments (Heffernan, 2023). 

Therefore, even more recent studies show evidence of sexism. However, findings 

can be influenced by further contextual factors, such as academic subject (see 2.4.6) or 

culture. For example, two recently conducted experimental studies in Denmark revealed 

no evidence of gender bias in student evaluations of lecturers (Binderkrantz et al., 2022). 

These encouraging findings could be explained by cultural context, because Scandinavian 

countries such as Denmark are generally performing well in promoting gender equality 

(Husu, 2019). However, another study conducted in Iceland, a country associated with 

being at the forefront of gender equality, revealed some students may hold gender-related 

expectations of their lecturers when completing SETs (Sigurdardottir et al., 2023). It must 

be acknowledged that although gender-related problems persist, gender equality has 

improved over the last 30 years, with increasing numbers of women attending universities 

and working in academia (Stepan-Norris & Kerrissey, 2016). Furthermore, nowadays 

there are increasingly more initiatives aimed at improving gender equality or promoting 

women’s education (e.g., programs designed to encourage female participation in STEM 

fields). All conducted studies depend on numerous contextual factors, such as specific 

institutions, culture, or individual differences between participants. Therefore, 

contradictions may be expected, and no findings can be completely generalised. 

In sum, evidence suggests sexism and gender bias may still be a relevant problem 

in many educational settings (high schools, universities) and across different departments 

(see also 2.2.6), perpetuated not only by students but also by faculty themselves. Some 
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proposed a comprehensive list of possible solutions to combat gender bias on both 

individual level, such as ensuring one is familiarised with best hiring practices if in charge 

of hiring, but also an institutional level, such as increasing diversity of editorial panels or 

offering on-site childcare (e.g., Llorens et al., 2021). Importantly, the authors highlight 

that these are merely suggestions worth consideration that may not work in isolation and 

permanent solutions require both cultural and structural changes. 

2.4.3 General overview of different biases in SETs: empirical findings 

One of the most crucial problems with SETs concerns biases and stereotypes that 

students can be influenced by during the evaluation of their lecturers. This may 

consequently affect their SET ratings.  

Students tended to rate female lecturers lower than male lecturers (e.g., Arbuckle 

& Williams, 2003; Boring, 2017; Fan et al., 2019; Mengel et al., 2017). However, it was 

unknown whether these differences in the ratings could be attributed to bias or simply to 

differences in teaching effectiveness between genders (MacNell et al., 2015). This was 

explored in a U.S. study, in which researchers manipulated the presentation of the 

lecturers’ gender in an online course. Each lecturer taught two groups, one under their 

own identity and one under a false identity (of the opposite gender). The lecturers 

delivered sessions through a learning management system, and participants only had 

contact with lecturers through emails or written comments. Participants were significantly 

more likely to award higher ratings when they perceived their lecturer to be male 

(MacNell et al., 2015).  

In a similar study informed by Macnell et al. (2015), researchers assigned 

participants to either an alleged male or a female teaching assistant, but, in fact, the same 

female teaching assistant completed the work for both groups (Khazan et al., 2019). 

Although participants awarded both assistants positive evaluations and the means of 

female and male assistants did not significantly differ, data showed some disturbing 

trends. Participants provided five times as many negative comments when female teaching 

assistant taught under her own identity compared to a false (male) identity, although it 

was the same person (Khazan et al., 2019). However, the sample size was low in both 

studies, ranging from eight to thirty-six student participants per condition. Results inferred 

from small sample sizes may be susceptible to inflated discovery rate, smaller power and 

high sensitivity to outliers (Ioannidis, 2005) and lead to incorrect conclusions (Uttl & 

Violo, 2021). 
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Further studies showed participants rated female lecturers lower than male 

lecturers for identical behaviours (Arbuckle & Williams, 2003; MacNell et al., 2015) or 

using identical teaching materials (Mengel et al., 2019; Mitchell & Martin, 2018). 

Specifically, when teaching identical online political science courses, male lecturers 

received either the same or higher scores compared to female lecturers on all 23 item 

scales. Male lecturers obtained higher scores than female lecturers even on the items 

unrelated to lecturers’ behaviours, such as relevance and usefulness of course materials, 

meaning these scores, therefore, could not be attributed to differences in teaching abilities 

(Mitchell & Martin, 2018). Thus, because male and female lecturers were evaluated on the 

same actions, the differences in their SET scores may have been influenced by the 

perceived gender of the lecturer and thus biased. 

I adopt the view from social psychology that claims that prejudice may be 

associated with different forms of discriminatory behaviour (e.g., Fiske, 2000). Students 

can, therefore, discriminate against their lecturers due to characteristics unrelated to 

gender. For example, students may rate lecturers who are members of ethnic minorities 

more harshly than White lecturers. After reading identical C.V.s that only differed in the 

ethnicity of the lecturers, participants rated Black professors as significantly less 

competent than Asian professors with an average difference between mean scores of 0.20. 

Participants also perceived ethnic minority lecturers to have lower interpersonal skills 

compared to White lecturers, as shown by difference of 0.28 between mean scores of 

White and Black lecturers and 0.27 between White and Asian lecturers (Bavishi et al., 

2010). Similarly, in the online courses, where the only student-professor interaction 

consisted of the welcome video and the content was otherwise identical, students rated 

minority lecturers less favourably compared to White lecturers (Chávez & Mitchell, 

2020). However, Chavez and Mitchell (2020) used a sample size of only 48 student 

participants, drawn from the same institution. Furthermore, an initial t-test did not yield a 

significant difference between student evaluations of ethnic minority lecturers and White 

lecturers. Authors proceeded with a regression analysis that controlled for grades but did 

not specify whether this was planned a priori. Researchers also chose p < 0.1 as their 

significance level without justifying this choice.  

Students may also be biased against lecturers because of lecturers’ sexual 

orientation. When male homosexual lecturers delivered a strong lecture, participants rated 

them more negatively than those lecturers whose sexual orientation was unspecified (even 

though this was not the case when the delivered lecture was weak) with a difference of 
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0.60 between mean scores. This suggests students may under certain conditions rate 

homosexual lecturers more strictly than heterosexual lecturers (Ewing et al., 2003).  

Students evaluated those with a non-English speaking background less positively 

across nearly all faculties, as revealed by approximately 523,000 surveys collected at an 

Australian university over seven years. Male lecturers with English as their native 

language were most likely to obtain the highest ratings in all faculties, apart from 

Engineering (Fan et al., 2019). These findings imply that SET ratings may be biased and 

discriminate towards certain groups (Mitchell & Martin, 2018). 

It is crucial to investigate this matter because SETs often form a significant factor 

in career-altering decisions for lecturers (Basow & Martin, 2012). Specifically, SET 

scores may form an important factor in decisions concerning their promotion, retention 

and salary (Benton & Cashin, 2014; Emery et al., 2003). However, if SETs discriminate 

against certain groups, using them in H.R. decisions may be illegal (Hornstein, 2017). 

Therefore, institutions must ensure that SETs are valid and that lecturers are treated 

equally, such as in terms of gender.     

2.4.4 Theoretical framework: social psychological theories 

Prejudice and discrimination have been widely investigated in psychology. To 

address the potential influence of gender stereotypes on student judgements in SETs, I 

apply theoretical frameworks that are consistent with mainstream social cognitive 

psychology, and predominantly developed by Susan Fiske. Specifically, I discuss the 

stereotype content model (Fiske et al., 2002), ambivalent sexism (Glick & Fiske, 1996), a 

role congruity theory (Eagly & Karau, 2002), the status incongruity hypothesis (Rudman 

et al., 2012), and the cognitive miser theory (Fiske & Taylor, 1991; S. E. Taylor, 1981).  

Bias can be defined as an attitude, belief, or prejudice for or against a specific 

category of individuals based on their characteristics (Molinari et al., 2019). Bias can be 

explicit, which refers to bias that an individual is aware of and may even embrace 

(Boysen, 2009) or implicit, which people may be aware of to some extent and which can 

occur when they create associations towards individuals with certain characteristics 

(Ashford et al., 2018). Importantly, although there may be no intent to cause harm, 

individuals may do so by their actions, as bias can affect one’s behaviours, judgements, or 

evaluations (P. L. Carter et al., 2017).  

When people produce behavioural ratings, which are ratings related to the 

behaviours of other individuals, such as work performance, their expectations can 
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influence their ratings more than actual experiences (Heilman, 2012). This means that if 

raters believe they are evaluating someone who is a good leader, they may provide higher 

ratings on related dimensions; regardless of what behaviours this rated individual displays 

(Baltes & Parker, 2000; Binning et al., 1986). However, biased expectations will lead to 

biased evaluations, because raters may think of behaviours of the target individuals that 

are consistent with raters’ expectations and dismiss those behaviours which are not (e.g., 

Heilman, 2012; Uher & Visalberghi, 2016; see also Chapter 3). This is problematic, 

because students may form a certain (potentially biased) impression about their lecturers 

and then choose a certain behavioural description to justify their impression (Basow et al., 

2006). 

Stereotypes can be defined as beliefs that individuals from the same group share a 

set of consistent attributes or behaviours (e.g., Hilton & Von Hippel, 1996; Johnson et al., 

2018) or the specific expectations from the members of the same group (Ellemers, 2018). 

Gender stereotypes, therefore, refer to generalised beliefs about (or expectations of) men 

or women (Heilman, 2012). Gender stereotypes may influence the ways in which we 

perceive and judge the performances of others, leading to different judgement of identical 

performances between different genders (Ellemers, 2018). An infinite number of different 

characteristics may be a part of a stereotype, but the two crucial characteristics for 

predicting prejudice and discrimination are warmth and competence, associated with the 

stereotype content model. 

The stereotype content model argues gender stereotypes may be represented by 

two dimensions: competence, stereotypically perceived as a masculine trait, and warmth, 

stereotypically perceived as a feminine trait (Fiske et al., 2002). Specifically, men are 

more frequently perceived as „competent“ or „agentic“ and associated with active, 

competitive, confident behaviour, whereas women are usually perceived as „warm“ or 

„communal“ and associated with nurturing, gentle or emotional behaviour (Kite et al., 

2015). People assess competence to judge the abilities of other individuals and warmth to 

assess others‘ intentions (Fiske et al., 2002). Thus, because men are usually associated 

with competence and women with warmth, people may assume that men have stronger 

abilities, whereas women have better intentions compared to men (Ellemers, 2018). 

Importantly, the stereotype content model has four quadrants, and positive stereotypes in 

one dimension are not necessarily compatible with the other dimension. Therefore, 

attitudes towards individuals may be mixed, such as that they may be evaluated high on 

warmth but low on competence (Fiske et al., 2002; Menegatti et al., 2017). For example, 
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women in more traditional roles that may be perceived as subordinate such as housewives 

or secretaries would be likely seen as high in warmth, but low in competence, whereas the 

opposite would apply to women who hold more senior career roles (Fiske, 2012).  

The theory consistent with the stereotype content model is ambivalent sexism 

(Glick & Fiske, 1996). Sexism can be defined as „discriminatory and prejudicial beliefs 

and practices directed against one of the sexes, usually women“ (American Psychological 

Organisation, 2020). Ambivalent sexism theory claims that sexism has two components: 

benevolent sexism and hostile sexism. These two components exist because of hetero-

normative society (in terms of social structures and beliefs about gender and sex) in which 

men and women live together.  Benevolent sexism refers to benevolence towards women 

who conform to gender stereotypes, whereas hostile sexism to the judgement of those 

women who do not (Glick & Fiske, 1996). Benevolent sexism, therefore, promotes 

positive characteristics of women whose behaviours are consistent with gender roles and 

stereotypes and may be endorsed by both men and women (Fiske & Taylor, 2013). 

However, benevolent sexism is damaging because it describes women as warm but 

incompetent (Dardenne et al., 2007). For instance, the belief that women must be 

protected may be well-intentioned, but it positions women as weak (Hideg & Ferris, 

2016). Benevolent sexism may initially appear helpful; however, it subtly encourages and 

reinforces gender roles and promotes gender stereotypes (Lamarche et al., 2020). 

Furthermore, dealing with benevolent sexism can be difficult, because due to its subtlety 

and frequent positive tones, people may fail to notice that it is a form of prejudice (Barreto 

& Ellemers, 2005). 

Another theory about the influence of gender stereotypes is a role congruity theory 

that suggests female leaders are perceived as violating gender standards when exhibiting 

behaviour usually associated with men (Eagly & Karau, 2002). This theory heavily 

considers social roles, which include two kinds of social norms. Social norms are both 

descriptive, which refers to beliefs about what members of the group do as well as 

prescriptive, which refers to beliefs about what members of the group should do (J. C. 

Turner, 1991). The role congruity theory is partially developed from the social role theory 

(Eagly, 1987) that claims that people accumulate beliefs about social roles and norms by 

observations of people in these roles. These observations may eventually become 

stereotypical beliefs, such as traditional gender role beliefs (Kite et al., 2015). 

Importantly, people may perceive different behaviours as inherent to women or men, even 

though these behaviours may depend on environmental factors and context. For example, 
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individuals may observe women engage in child-minding activities more frequently than 

men. This may lead to a belief that women are associated with a warmth that enables them 

to occupy these roles and demonstrate related behaviours (Koenig & Eagly, 2014). 

Therefore, according to the role congruity theory, people may expect a woman to conform 

to the social norms of her gender role associated with warm, empathetic behaviour, but 

this may hinder her ability to conform to the norms of the leadership role associated with 

assertive behaviour (Eagly & Karau, 2002). Specifically, expectations of a woman’s 

gender role contradict the expectations of a leadership role. The role congruity theory 

proposes that two types of prejudice may arise towards female leaders. Female leaders 

may be evaluated less positively a) due to leadership characteristics being commonly 

associated with men b) when engaging in leadership actions, because this type of 

behaviour is perceived as less desirable for women. Thus, female (unlike male) leaders 

can be seen more negatively as potential leaders and be evaluated harshly for the 

behaviour linked to leadership (Fiske & Taylor, 2013). 

The role congruity theory shares some similarities with the status incongruity 

hypothesis, which states that women in prestigious positions may experience backlash 

because of perceived incongruence between their ascribed status as a woman (perceived 

as low) and achieved high status of the position (Rudman et al., 2012). Therefore, these 

women may be seen as threatening gender hierarchy, especially if they exhibit dominant 

or agentic behaviours. This does not apply to male leaders, whose ascribed status as a man 

and achieved status as a leader (both perceived as high) are congruent. This puts women 

in a difficult situation because they must exhibit agentic behaviours to justify their high 

position, but then risk that others may perceive them as violating status quo. In terms of 

academia, this could apply to female lecturers, especially in more prestigious (e.g., highly 

paid) departments (Fisher et al., 2019).  

Another theory that explains how stereotypes may influence individuals’ 

judgements is the cognitive miser theory, according to which individuals apply heuristics 

and mental shortcuts in order to avoid the depletion of resources (Fiske & Taylor, 1991; 

Fiske & Taylor, 2017; Taylor, 1981). To facilitate mental work, individuals rely on 

categorical thinking that may be based on stereotypes (Macrae & Bodenhausen, 2001). 

Specifically, individuals may find it easier to categorise encountered persons based on 

stereotypical information about the member of the category (e.g., a woman) rather than 

consider all available information about these persons (Corcoran & Mussweiler, 2010; 

Macrae et al., 1994). In sum, the cognitive miser model describes biases as inherent 
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aspects of cognition but, unlike the status incongruity hypothesis, does not acknowledge 

the role of motivation (Fiske & Taylor, 2017).  

Applying these theories to an academic context, students may expect their female 

lecturers to display nurturing rather than assertive behaviour (Andersen & Miller, 1997; 

K. J. Anderson & Smith, 2005), but then perceive them as less competent (Dardenne et 

al., 2007). These expectations may be even more pronounced when students evaluate 

lecturers of a different gender than their own.  

These theories informed my PhD research in several ways. I explored whether 

students consider specific teaching behaviours or attitudes as more salient for lecturers of 

a certain gender, which could mean students are influenced by gender stereotypes. I also 

investigated whether students rate male and female lecturers differently, either in their 

overall ratings or the ways in which students weight teaching behaviours in their ratings of 

lecturers. I also explored whether any differences in ratings emerge when controlling for 

any potential differences in teaching behaviours between male and female lecturers (i.e., 

by using standardised scenarios, see Chapter 4, 6). Finally, I analysed my findings 

through the lens of the above-discussed theories. 

2.4.5 Gender-related research about SETs 

The recent studies revealed that students frequently rated female lecturers lower 

than male (Boring, 2017; Fan et al., 2019; Martin, 2016; Mengel et al., 2019), especially 

when students were men (Boring, 2017; Mengel et al., 2019). However, earlier research 

showed female lecturers received either higher evaluations than male lecturers (Tatro, 

1995) or there was no statistically significant gender difference (Cashin, 1995; Centra & 

Gaubatz, 2000; Feldman, 1993). Evidence suggests no differences in teaching 

effectiveness (as assessed by students’ exam scores) between genders (Boring, 2017; 

Mengel et al., 2019). This contradictory evidence demonstrating both gender biases in 

SETs and lack thereof could be explained by the theories introduced above (Eagly & 

Karau, 2002; Fiske et al., 2002; Glick & Fiske, 1996). 

Student expectations of their lecturers can be based on gender-role beliefs, such as 

expecting female lecturers to display nurturing rather than assertive behaviour (Andersen 

& Miller, 1997; K. J. Anderson & Smith, 2005). Consistently with ambivalent sexism 

theory, female, but not male, lecturers perceived as friendly received higher ratings from 

participants (Kierstead et al., 1988).  
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An analysis of data from 4,300 students at a French university contained over 

20,000 observations spread out across five years (Boring, 2017). It was mandatory for 

students to provide these ratings. Students’ higher ratings of male lecturers were 

associated with traditional male stereotypes, such as leadership skills, whereas higher 

ratings of female lecturers were related to traditional female stereotypes, such as the 

usefulness of feedback. Male students rated their overall satisfaction significantly higher 

when rating a male lecturer than when their lecturer was a woman. Overall, male lecturers 

were 20% more likely to be rated as “excellent” than female lecturers. These results could 

mean that the male lecturers at this university were simply more effective teachers than 

females. However, a lecturer’s gender did not influence student performance on the exam, 

which all the students took at the end of the year. Even though the students learned the 

same amount of information from both lecturers, they rated male lecturers as more 

knowledgeable than female ones (Boring, 2017). These findings are consistent with the 

stereotype content model. Despite these findings, it could be questioned whether exams 

accurately assess student learning. However, evidence shows gender bias and stereotypes 

even in areas unrelated to student learning or performance (e.g., different ratings for the 

same materials or behaviours). 

For example, an analysis of nearly 20,000 student evaluations at a Dutch 

university, predominantly in Business (54%) and Economics (28%) departments, revealed 

a significant gender bias against female lecturers. This was particularly the case if female 

lecturers were junior staff, working in mathematical departments, or if the students rating 

them were males (Mengel et al., 2019). Male students were more likely to evaluate course 

materials as worse if the lecturer was a woman, even though these materials were identical 

to those used by male lecturers. Further analysis showed that lecturers’ gender had no 

significant effect on grades awarded or hours students spent studying (Mengel et al., 

2019). 

In accordance with the stereotype content model and the role congruity theory, 

students may expect female lecturers to offer more interpersonal support and hold them to 

higher standards regarding this support than male lecturers (S.K. Bennett, 1982). Male 

lecturers were described by participants more often than female lecturers as providing 

excellent course content or in terms of knowledge, whereas female lecturers in terms of 

individual student-lecturer interactions (Basow et al., 2006). Participants (particularly 

men) were more likely to describe their “worst” female lecturers as lacking interpersonal 
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skills. But they praised their best female lecturers for possessing interpersonal skills, 

especially approachability. 

An analysis of data from two political science departments at two different U.S. 

universities showed interaction effects between lecturers’ gender and the course size. The 

larger the course, the more likely it was for female lecturers to obtain a lower rating 

compared to male lecturers (Martin, 2016). These findings could be explained by the role 

congruity theory. Specifically, female lecturers in smaller but not large classes may have 

more extensive interactions with students and more opportunities to demonstrate warm or 

empathetic behaviour (Martin, 2016). Potentially, students may have associated large 

classes with a higher status of lecturers. These explanations show support for the 

stereotype content model and the status incongruity hypothesis. 

However, although students seem to value “warmth” in their female lecturers, they 

may then perceive them as less competent (Heilman, 2012). Participants often referred to 

female lecturers as “teachers” and male lecturers as “professors”, even when all lecturers 

had the same qualifications (J. A. Miller & Chamberlin, 2000).  

The analysis of the text from an online forum mostly populated by Economics 

students showed that students frequently described female lecturers in terms of 

interpersonal characteristics or physical attributes, whereas they used academic and 

professional terms to describe their male lecturers (A.H. Wu, 2017). Open-ended comments 

in course evaluations over the span of eight years and across five STEM disciplines 

revealed students were more likely to refer to male lecturers by their professional titles 

and female lecturers by their first names (Terkik et al., 2016). Further analysis of 

qualitative data from two distinct sources, the RateMyProfessor website and the official 

course evaluations from students, revealed similar findings. Specifically, students 

commented more often on the lecturers’ appearance and personality when the lecturer was 

female. They were also more likely to refer to female lecturers as “teachers” and male 

lecturers as “professors”(Mitchell & Martin, 2018). The focus on the interpersonal 

characteristics of female lecturers but the professionalism or credentials of male lecturers 

suggests that students valued competence in male lecturers but warmth in female 

lecturers, which is consistent with the stereotype content model. 

These findings suggest that the role of the lecturer may be perceived by students as 

traditionally masculine or associated with high status. This means that students may 

evaluate their lecturers on criteria related to masculine stereotypes, especially when 
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evaluating lecturers’ overall competence (Boring, 2017), which may disadvantage female 

lecturers. This provides support for the status incongruity hypothesis. 

Thus, students seem to indeed expect their lecturers to behave in line with 

traditional stereotypes, expecting their female lecturers to be nurturing and their male 

lecturers to be knowledgeable and to provide excellent course content. However, all 

lecturers likely acquired years of education and qualifications before teaching at 

universities and possess in-depth knowledge about their subject. Therefore, it seems 

female lecturers are required to be knowledgeable, provide useful content and, in addition, 

offer interpersonal support and possess interpersonal skills in order to achieve good SET 

ratings.    

Furthermore, female lecturers reported receiving more requests for special favours 

from students compared to male lecturers (El-Alayli et al., 2018). Students who felt 

entitled to success regardless of their performance, such as believing they should pass the 

class just because of good attendance, were more likely to request and expect more special 

favours from their female compared to their male lecturers. Female lecturers also reported 

they had dedicated more time to teaching, advising students and participating in other 

campus services compared to male lecturers, who reported having spent more time doing 

research (O’Meara et al., 2017).  

Even institutions may engage in discriminatory behaviours. For example, female 

lecturers have received more work requests than male lecturers, and these requests were 

mostly related to non-research related activities (O’Meara et al.,2017). Conducting 

research and publishing is frequently a pathway to promotion (West et al., 2013). 

Therefore, spending time on “administrative” tasks may result in fewer opportunities for 

female lecturers to engage in research-related activities, which may be detrimental to their 

career advancement.  

In sum, if women in leadership positions (such as lecturers) want to be perceived 

as effective, they must demonstrate a balance between sensitivity and strength, but for 

male leaders, it may be sufficient to only express strength (Johnson et al., 2008). In 

addition, female lecturers seem to spend more time on teaching and communal tasks 

compared to male lecturers. This suggests that women may need to work harder and cope 

with more demands than male lecturers to achieve the same SET scores (Basow, 1995; 

Carson, 2001; El-Alayli et al., 2018). 

If student evaluations are gender-biased against female lecturers, the alternative 

solution could be to change the format in which lecturers are evaluated. Students who 
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received SETs which contained language intended to reduce bias rated female lecturers 

significantly higher than students filling out completing SETs without this anti-bias 

language intervention (Peterson et al., 2019). Their language intervention consisted of a 

statement that SETs are frequently affected by unintentional biases, and women and 

minority lecturers are rated lower than White men, even when there are no differences in 

teaching quality. Students were asked to repress the stereotypes and focus on the content 

of the course rather than on unrelated matters. However, diversity or anti-bias training 

may produce mixed results and even be counter-productive (Dobbin & Kalev, 2018). For 

example, previous research showed that participants continue to rely on gender 

stereotypes even after attempting to suppress them (Nelson et al., 1996). This effort may 

actually make stereotypes more cognitively accessible and subsequently activate and 

reinforce them (Dobbin & Kalev, 2018; Galinsky & Moskowitz, 2000; Macrae et al., 

1994). 

2.4.6 Discipline-specific differences in SETs 

 Students from different disciplines may rate their lecturers differently because of 

discipline-specific cultures. For instance, students in science courses may have very 

different expectations from their lecturers compared to students in other courses. 

Mathematics students may expect their lecturers to help them learn difficult information, 

and social science students may expect from their lecturers to be entertaining (Stroebe, 

2016). Thus, students of different subjects may interpret a specific item, such as “lecturer 

made the subject interesting” differently. Some students could interpret this statement as 

“the material was challenging”, whereas other students as “lecturer made jokes during 

lectures”. Furthermore, students from certain departments may be more inclined to 

provide high or lower SET ratings. For instance, in a U.S. study, engineering participants 

provided the lowest ratings on each factor as compared to participants from humanities, 

social sciences, and natural sciences (Basow & Silberg, 1987).  

In terms of potential gender bias, the gender of a female lecturer may be 

particularly salient in a “gender-atypical field”, which refers to a field usually dominated 

by men; in departments where women are underrepresented or if she teaches women’s 

studies (Basow, 1995). Participants rated identical scientific abstracts as having lower 

quality if they thought the authors were women compared to men, with the difference 

between estimated mean scores of 0.07, but especially if the topic contained themes 

traditionally perceived as masculine, such as political communication or computer-
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mediated communication, with the difference between estimated mean scores being 0.26 

(Knobloch-Westerwick et al., 2013). However, this significant difference may have been 

caused by a minority of participants rating in this direction rather than represent a general 

trend. In another study, only physics, but not biology professors, evaluated identical C.V.s 

with male names more favourably than those with female names in terms of hireability 

and competence (Eaton et al., 2020). The authors offer three explanations for this finding: 

a) more masculine culture in physics because of having a higher gender ratio imbalance 

compared to biology, b) 90% of participants from the physics department were men, who 

could have held in-group bias5 towards women, c) a perception that physics requires a 

high level of mathematical ability, which may be stereotypically perceived as masculine 

(Eaton et al., 2020). 

Similarly, when participants evaluated identical videos of the physics lecturers 

differing only by gender, male participants evaluated male lecturers significantly more 

favourably compared to female lecturers. Female participants evaluated female lecturers 

higher than male lecturers in terms of their interpersonal skills, but not scientific abilities 

(Graves et al., 2017). Female lecturers tended to receive higher ratings from female 

students and lower ratings from male students, particularly in Business and Engineering 

(Basow & Martin, 2012; Centra & Gaubatz, 2000). These findings provide further support 

that students may show in-group bias towards lecturers of the other gender.  

Gender bias may be more prevalent in higher-paying departments, such as 

Business or Economics and weaker in lower-paying departments, such as English (Fisher 

et al., 2019), which is consistent with the role congruity theory and the status incongruity 

hypothesis.  Specifically, students may perceive certain departments as masculine (e.g., 

physics, engineering), which may be reinforced by an imbalanced gender ratio. Students 

may therefore consider female lecturers in these departments to be violating gender 

standards because they teach subjects usually associated with men. Similarly, students 

may associate lecturers in better-paying departments with a higher status. Students may 

then perceive female lecturers in these departments as displaying incongruence between 

their status as a woman (that students may see as low) and the status of a lecturer in this 

department (seen as high). In sum, rating behaviours of students may differ based on 

departments and be influenced by the departmental culture or even a gender ratio balance. 

 
5 A tendency to give preferential treatment to the members of one’s own group. 
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2.4.7 Importance of qualitative studies in SET research: stereotypes in language use 

Language may frequently be the means through which stereotypes are spread 

because the stereotypes are codified in many languages (Menegatti & Rubini, 2017). For 

instance, there is no equivalent masculine form for the word “Miss”, which may imply 

that the marital status is more salient for women compared to men. Furthermore, in 

English, “he” can describe a “man” or generically “a person”, whereas “she” is usually 

only used to describe a woman (Menegatti & Rubini, 2017). This is problematic because it 

may perpetuate androcentrism, which is a specific form of bias centred around men, and 

privileging their experiences over those of women (Bailey et al., 2019). The authors 

emphasise androcentrism does not necessarily mean that men are seen as superior to 

women, but rather that men are perceived as prototypical humans, whereas women have 

to be classified as gender specific. Another example of androcentrism may be more 

frequent representations of men in terms of characters or roles occupied by both men and 

women (Bailey et al., 2019). 

Qualitative research is useful for revealing biases not visible in quantitative 

research (Laube et al., 2007). This type of research on how students approach evaluating 

their lecturers on SET items is scarce, especially in the U.K. There seems to be only one 

U.K. study investigating student participants’ interpretations of SET items (R. Bennett & 

Kane, 2014), another exploring the ways in which students make their rating decisions 

(Ashby et al., 2011), and one study investigating both (Robertson, 2004). None focused on 

potential biases or students’ perceptions of specific behaviours and inferred attitudes of 

their lecturers.  

In another study, male participants did not rate female lecturers significantly 

differently than their male lecturers. However, when asked to elaborate on differences 

between female and male lecturers with open-ended questions, they described their 

lecturer as “rigid” and framed this quality as positive for male lecturers but negative for 

female lecturers. Specifically, participants seemed to expect their female but not male 

lecturers to be flexible (Bachen et al., 1999). This implies that students may apply gender-

specific schemata when evaluating their lecturers (Laube et al., 2007). 

Qualitative research could, therefore, reveal hidden biases and stereotypes by 

investigating student comments and, specifically, words they used to describe their 

lecturers. According to assumptions of humans as a cognitive miser, individuals 

categorise others based on their social groups in order to process information quickly and 

effortlessly (e.g., Corcoran & Mussweiler, 2010). People may perceive the world through 
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the categories stored in their memories (Fiske & Taylor, 1991) and recall phenomena 

through the categories through which they have originally perceived these phenomena 

(Bem, 1981). The words that individuals choose to use may sometimes reflect their 

stereotypical beliefs (Eitzen & Zinn, 2016; Sprague & Massoni, 2005). For example, in 

recommendation letters, women are more likely to be described with communal terms 

such as warm, compared to men, who are more likely to be described in agentic terms, 

such as competitive (Madera et al., 2009). Furthermore, when writing recommendations, 

people use for men more often stronger adjectives, such as “brilliant” or “outstanding” 

than for women (Schmader et al., 2007). This provides further support for the stereotype 

content model because women are praised for being warm and men for being competent. 

Similarly, an analysis of a large military dataset with over 4000 participants from 

military showed no significant differences between men and women in objective 

performance measures, such as military-grade point average or military ranking (D.G. 

Smith et al., 2018). However, women were more likely to be associated with negative 

attributes compared to men in subjective measures (attributes assigned by peers during 

evaluations). The most frequently used negative term to describe a woman was “inept”, 

whereas the most negative attribute assigned to a man was “arrogant.” People praised the 

women the most for being “compassionate” and men for being “analytical”. Furthermore, 

men were described more frequently in terms of their abilities, with words such as 

“competent”, “logical”, “athletic” and women in terms of their interpersonal skills, such 

as “selfish”, “temperamental” or “energetic” (D. G. Smith et al., 2018). This is consistent 

with the stereotype content model, because men were praised more frequently for their 

competence, whereas women for their warmth. 

In the academic context, when asked to reflect on their ‘worst’ and ‘best’ lecturer, 

adjectives such as “giving”, “compassionate”, “sensitive” or “attractive” were used by 

participants only for their female lecturers. Although participants used the word “caring” 

to describe both male and female lecturers, female lecturers were described more 

frequently as “caring”. Male lecturers were more commonly described as “funny”, and the 

word “spontaneous” was only used in relation to male lecturers (Sprague & Massoni, 

2005). Similarly, in the evaluations of medical faculty, the words “humour” and “master” 

were associated with men and “warm” and “empathetic” with women (Heath et al., 2019). 

But words can have different meanings depending on the context (Hagtvet & Wold, 2003; 

Uher, 2013).  Specifically, it is unclear whether “caring” was intended to mean 

“nurturing” or simply “taking an interest”. It is also unclear whether these words referred 
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to behaviours (observable actions of the lecturers) or their attitudes that participants 

assumed to underlie lecturers’ behaviours; or if the meaning of the word even depended 

on the lecturers’ gender (Sprague & Massoni, 2005). In sum, through the examination of 

the language that people use, a qualitative research approach may help to reveal hidden 

biases that would otherwise remain undetected.  

2.5 General summary of this chapter 

To conclude, information that students enter into SETs may contravene verifiable 

evidence. Furthermore, numerous characteristics unrelated to teaching quality may 

influence SETs. Another problem is that gender stereotypes may influence individuals 

from an early age, because these stereotypes are frequently present in the academic 

textbooks or even guides for the lecturers. This may result in students having gendered 

expectations of their lecturers. Gender stereotypes may also impact SETs evaluations. 

Female lecturers must conform to gender stereotypes (such as nurturing behaviour) but 

also adhere to expectations of their role as a lecturer (assertive behaviour) to be perceived 

as both warm and competent. However, women may be penalised for displaying 

behaviours usually associated with men. This means female lecturers must carefully 

balance two distinct roles to obtain high ratings.  

Not only students but also academic staff themselves may hold gender stereotypes, 

and even familiarity with the concept of gender bias may not result in changed behaviour. 

Even academics in Psychology field, most of which should be familiar with the research 

on biases, seem to be also susceptible to gender bias, as shown by higher ratings of an 

identical curriculum vitae with a male (vs female) name. Gender bias may be more 

prevalent in some departments, such as in fields with a lower ratio of women to men. 

Furthermore, students may be influenced by other biases (e.g., bias against ethnic minority 

lecturers). In sum, using SETs for promotion decisions might be discriminatory. 

Importantly, qualitative research may reveal hidden biases not visible in quantitative 

research. 

In this chapter, I introduced relevant social psychological theories that may explain 

the influence of gender stereotypes on student evaluations of their lecturers and discussed 

relevant empirical findings. The next chapter explores the methodological and methodical 

limitations of the standardised rating scales used for these evaluations. 
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Chapter 3: Methodological and methodical foundations of SETs 

 

In Chapter 2, I discussed gender biases and stereotypes in SET research and the 

underlying theoretical framework and considered relevant theoretical positions that could 

be applied to sexism as it occurs in SET context. In the current chapter, I explore whether 

the manifestation of gender biases may be enabled or even promoted by the methodology 

and methods6 of SETs. This concerns problems of human-based data generation that relies 

on students’ memories and decisions, but also SET’s structure, wording, and format. First, 

I outline a relevant theoretical framework (the TPS-Paradigm and key terms), several 

concepts of which I then apply to describe different types of data generation methods. 

Raters7, as opposed to observers, face distinct requirements during data generation. To 

highlight these requirements, I contrast behavioural observations with assessments both 

commonly considered to enable measurement. The subsequent section focuses on 

essential measurement-theoretical foundations and the two traceability principles, data 

generation traceability and numerical traceability. These principles must be implemented 

to meet two crucial criteria for a process to be considered measurement: 1) justified 

attribution of the results to the measurands (particular quantities to be measured) and 2) 

the public interpretability of the generated numerical values regarding their quantitative 

meaning. Afterwards, I use these measurement-theoretical principles to scrutinise the 

processes established for developing rating scales and problems that arise from these 

practices, such as when theoretically defining or operationalising constructs.  

Subsequently, I outline a major source for limitations in implementing the two 

basic measurement principles in rating scales, specifically, variations in raters’ 

interpretations of item and answer scale categories. I also critically analyse the numerical 

recoding of verbal answer categories, widely used to create scores as quantitative data. 

Afterwards, I discuss the common quality criteria of rating scales, specifically their 

reliability and validity, and explore whether these criteria fulfil the measurement-

theoretical principles introduced. I illustrate these concepts and problems with examples 

and findings from SETs. Examining potential shortcomings of rating scales enables me to 

 
6 Methodology involves theoretical and philosophical assumptions of a worldview applied to inform 

research. In contrast, methods are particular techniques, procedures or tools applied to obtain specific data 

(e.g., Hatch & Yanow, 2008; Kezar & Talburt, 2004; Uher, 2020; Wiggins, 2011). 
7 A rater, in this context, is defined as a person using a rating scale.  
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determine whether the standardised format of the SETs may promote rather than reduce 

influences of gender biases on student evaluations of their lecturers. 

3.1 Theoretical framework: TPS-Paradigm 

The Transdisciplinary Philosophy-of-Science Paradigm (TPS-Paradigm) for 

Research on Individuals (Uher, 2015a, 2018a, 2018b, 2019, 2020) is a novel paradigm 

grounded in concepts integrated and further developed from across several sciences. This 

paradigm provides detailed conceptual (philosophical, metatheoretical, methodological) 

frameworks for studying individuals and phenomena related to individuals. These 

complex frameworks also enable exploring the foundations of measurement and 

quantification across sciences (Uher, 2020, 2021b, 2021c, 2022a). The TPS-Paradigm 

outlines and describes clear and precise philosophy-of-science concepts for exploring the 

foundations of underlying scientific systems. It integrates concepts and frameworks from 

psychology, social sciences, metrology, life sciences, physical sciences, and philosophy of 

science. These foundations provide scientific principles that enable critical analyses of 

research practices from a holistic viewpoint.  

There currently seems to be no other recent research paradigm that builds upon 

and methodologies and concepts from various disciplines, expands these concepts and 

develops the new ones. The TPS-Paradigm clearly states the assumptions on which it is 

based and methodologies and metatheories derived from these premises, which is rarely 

done in psychology (Omi, 2012; Uher, 2015c). Importantly, this paradigm also provides 

complex frameworks explaining concepts of measurement, quantification and data 

generation across different sciences and in psychometrics (Uher, 2023). For that reason, 

the TPS-Paradigm provides the most suitable conceptual framework for analysing the 

development and use of rating scales. It is, therefore, appropriate for scrutinising the use 

of SETs from the methodological point of view.  

One of the basic philosophical assumptions underlying the TPS-Paradigm that is 

most relevant to my research is that all science is made by humans. Therefore, science is 

inseparable from the perspectives and beliefs of the people who make it, and these human 

perspectives involve particular risks of biases (e.g., gender biases). These biases can 

manifest, for example, through the use of rating scales, and influence research outcomes. 

Hence, consistently with interpretivism, I emphasise that the concept of reality depends on 

individuals (Lincoln et al., 2018; Poucher et al., 2020), who perceive, interpret and 
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mentally construct the world. In contrast, rating scales build on positivism, the assumption 

that there is objective truth independent of observers (see also Chapter 4). 

3.1.1 Different types of phenomena studied in SETs  

When completing SETs, students are asked to evaluate the lecturers’ behaviours, 

attitudes and intentions (as inferred by students) using standardised rating scales. 

Therefore, to appropriately analyse SET ratings and students’ formation of these ratings, 

the different types of phenomena studied in SETs must first be defined. 

Behaviours are defined in the TPS-paradigm as “external changes or activities of 

living organisms that are functionally mediated by other external phenomena in the 

present moment” (Uher, 2016, p. 490). Behaviour denotes physical phenomena (such as 

movements) that are transient and bound to individuals’ bodies but occur externally to 

these bodies and are thus publicly accessible (Uher, 2015a, 2018b). For instance, students 

can observe their lecturers’ teaching behaviours (e.g., lecturers walking around in 

classrooms or asking questions). 

In the TPS paradigm, behaviours are differentiated from the psyche, which is 

defined as “the entirety of the phenomena of the immediate experiential reality both 

conscious and non-conscious of living organisms” (Uher, 2016, p. 478). All psychical 

phenomena occur entirely internal to an individual. Therefore, they are only accessible by 

individuals themselves and never by other persons, thus only privately (Uher, 2015a, 

2018b). Furthermore, psychical phenomena can be accessed only in the present moment 

and are always strictly bound to an individual (Uher, 2015a). The critical distinction 

between behaviours and the psyche is that other people can directly observe an 

individual’s behaviours. In contrast, psychical phenomena (e.g., attitudes, thoughts) are 

accessible only to the individual experiencing them, and others can only infer them from 

observable (publicly accessible) phenomena (e.g., inferring attitude from behaviour or 

verbal expression). This process requires interpretation. That is, students may only infer 

their lecturers’ attitudes or intentions from lecturers’ verbal or non-verbal behaviours by 

interpreting them (e.g., a lecturer’s lack of enthusiasm inferred from regular late arrivals 

to lectures or short, vague answers to students’ questions).  

Some of the most frequently studied psychological phenomena are constructs. 

Constructs can be metatheoretically defined as “abstract concepts describing complex 

constellations of phenomena that cannot be directly perceived at any moment in their 

entirety but that are only theoretically constructed as entities” (Uher, 2018b, p. 11). 
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Constructs are, therefore, abstract and socially constructed (Rosenbaum & Valsiner, 2011; 

Uher, 2018a); they refer to concrete phenomena only on a conceptual level and thus 

cannot be directly observed or measured in themselves (Uher, 2022a). However, this 

abstraction inevitably involves subjective interpretations of people, which may be 

influenced by different biases. Furthermore, humans use abstraction to emphasise some 

aspects of a construct but deemphasise others (Uher, 2021b; Whitehead, 1929). For 

instance, gesturing, walking, or standing up emphasise different features of movement but 

gesturing can additionally also imply communication. Importantly, because constructs 

only exist on an abstract level, it is essential to distinguish between constructs and their 

referents. Referents are the real-world phenomena that are represented by constructs on an 

abstract level (Uher, 2022a). These can be different types of phenomena (e.g., in terms of 

their accessibility) to which constructs can refer. Referents can be specific observable 

phenomena (e.g., behaviour) but also other concepts (e.g., sub-construct; Uher, 2021a). 

Constructs may also be blended and refer to phenomena of different qualities (e.g., 

attitude and behaviours; Uher, 2021c). A frequent error that researchers make is construct-

referent conflation, in which they mistake constructs for the actual phenomena to which 

they refer (Rosenbaum & Valsiner, 2011; Slaney & Garcia, 2015; Uher, 2020, 2021c). 

However, constructs are only conceptual tools construed to make complex study 

phenomena accessible for empirical study (e.g., Uher, 2021a). For example, a construct 

explored in SETs is ‘teaching quality’ (or ‘teaching effectiveness’), which may refer to 

different concepts of teaching behaviours, for instance, support that lecturers provide in 

assignments, but also specific behaviours, such as clear answers to students’ questions.  

Ratings are language-based methods. Many phenomena (e.g., constructs such as 

‘happiness’ or some types of psychical phenomena such as thoughts) can only be studied 

through language (Uher, 2021b). Language is a sign system and therefore plays a crucial 

role in data generation (e.g., in standardised rating scales) and needs special consideration. 

The TPS-paradigm classifies written or spoken language and other sign systems as 

semiotic representations (Barthes, 1967). Semiotic representations comprise three 

different constituents: a) a physical constituent used as a signifier (e.g., the printed word 

“support” on a survey screen), to which people assign b) particular meanings (e.g., 

“help”), and both of which refer to c) particular referents, thus the actual objects or 

phenomena of interest (e.g., lecturers’ teaching behaviours, help provided by lecturers; 

Uher, 2018b). Signifiers and referents are conceptually linked through the meanings that 

people assign them. The link between signifiers, referents and meanings establishes a 
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tripartite composite, which forms a sign (Uher, 2021b). Importantly, meanings are always 

only assigned to the signifiers by individuals rather than inherent to these signifiers in 

themselves (Uher, 2015a, 2018a). This highlights that the construction of the meaning is 

always fundamental to any language-based method. Signifiers are mostly arbitrary, i.e., 

they typically bear no resemblance to the objects or phenomena they denote. For instance, 

the written word “support” on a SET form cannot look like actual support this word refers 

to because ‘support’ is a construct and, as such, exists only abstractly in people’s minds. 

However, this construct also has several referents that exist in the real-world. These may 

be specific behaviours, for example, lecturers providing detailed feedback. Therefore, 

students must not only construct a specific meaning for this word but also consider 

particular concrete and observable referents of ‘support’, and this process may be affected 

by their subjective beliefs, expectations, or biases (see 3.2.4). That is, language and other 

semiotic systems are composite phenomena and thus involve more complexities than the 

other types of phenomena (such as behaviours, attitudes or constructs).  

One important type of semiotic representations are data, which are the sign 

systems used by scientists to represent the properties of study phenomena in a persistent 

and easily perceivable manner, enabling the subsequent data analysis. To properly 

understand the role that raters have in encoding the information about study phenomena 

into data, researchers must clearly define the above-mentioned three constituents that any 

sign system comprises. For example, in SETs, the physical constituents of language would 

be the statements printed on SET form (e.g., “The lecturer has helped me to learn”), to 

which students must assign particular meanings in the given context. Both signifiers and 

meanings refer to referents, specifically, actual lecturers’ behaviours that students may 

have seen (e.g., lecturers explaining topics). However, because students may assign 

various meanings to the same SET statement, the particular referents that students have in 

mind may differ depending on their specific interpretations (“helped me to learn” can 

mean lecturers answering questions in-depth to one student and lecturers’ manner of 

presentation to another student).  

3.1.2 Methods of data generation 

Data fulfil an important representational function because they can be analysed 

instead of the actual study phenomena. However, researchers can use data to derive 

correct inferences about the study phenomena only if these data appropriately represent 

the properties of the study phenomena (Uher, 2018b). Therefore, people (e.g., participants 
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or researchers) who generate data must encode in the data relevant information about the 

study phenomena in appropriate ways.  

Accessibility of study phenomena plays an important role in data generation 

because some phenomena are only partially accessible (e.g., thoughts are only available to 

the individuals experiencing them; Uher, 2019). These modes of accessibility under 

everyday conditions are determined by different metatheoretical properties of these 

phenomena (see below), which also affects the phenomena’s accessibility to researchers 

(Uher, 2015c). Therefore, considering phenomena’s metatheoretical properties also 

enables defining the research methods needed to investigate these phenomena under 

research conditions (Uher, 2018a). For example, we can use observational methods to 

investigate teaching behaviours (such as lecturers explaining the topic) but not lecturers’ 

thoughts. Different metatheoretical properties of phenomena are: a) location 

internal/external to the studied individual’s body and b) the phenomena’s temporal 

extension (Uher, 2019). External phenomena are phenomena that occur outside of an 

individual’s body and can therefore be publicly observable. In contrast, internal physical 

phenomena (e.g., bones or brain) can only be perceived and accessible using special 

methods, such as technical or invasive methods (e.g., surgery; Uher, 2018c). Psychical 

phenomena are also internal, but only perceivable in oneself, and not accessible to others. 

Psychical phenomena and behaviours differ regarding their internal versus external 

accessibility (exclusively private versus also public accessibility). Researchers must 

therefore apply different methods to capture and study them (Uher, 2018b). 

These differences in the accessibility of phenomena can be used to scrutinise 

methodological concepts in psychology. For instance, the concepts of introspection and 

extrospection are frequently differentiated from each other, even though individuals can 

introspect (perceive their inner phenomena) and extrospect (perceive external phenomena) 

simultaneously. Thus, they cannot be clearly differentiated as methods in any given 

investigation (Uher, 2015c). To remedy these conceptual problems, the TPS-Paradigm 

introduces methodological concepts to clearly distinguish between methods that can and 

cannot be used to study specific phenomena. For instance, psychical phenomena can be 

perceived only internally, and methods used to explore these phenomena must reflect that. 

Therefore, the TPS-paradigm distinguishes between introquestive and extroquestive 

methods. Introquestive methods are applied to explore phenomena only accessible and 

perceivable from within an individual itself and by nobody. Extroquestive methods are 

used to study phenomena that are perceivable as from outside of oneself and thus 
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accessible to other individuals as well (Uher, 2019). Two methods that researchers 

frequently use to generate data about behaviours are behavioural observations and 

standardised rating scales. Behavioural observations are extroquestive methods because 

behaviours occur externally to observed individuals’ bodies and are thus publicly 

accessible. In contrast, standardised rating scales are introquestive methods, because 

rating procedures are memory-based and, therefore, involve raters’ thoughts and other 

internal processes that are accessible only to raters and who generate the data on the basis 

of these perceptions. Rating methods involve introquestive data generation in retrospect, 

which enables raters to generate data even when study phenomena is absent (Uher, 

2018b). For example, students can evaluate their lecturers on rating scales by 

reconstructing memorised events about these lecturers even in their absence. 

Phenomena can also differ regarding their temporal extension. For instance, 

phenomena can occur in a brief moment (e.g., a nod) or be longer-lasting (e.g., beliefs; 

Uher, 2018c). These differences in temporal extension affect the accessibility of study 

phenomena, thus distinct types of methods must be applied to study transient versus 

temporally extended phenomena. Nunc-ipsum methods refer to methods that enable real-

time recording of events (used in, e.g., behavioural observations (Uher, 2015d). Nunc-

ipsum methods are therefore used for exploring transient phenomena, which must be 

present in the moments of data generation, and can be either brief (e.g., nod) or longer-

lasting (e.g., walking). These methods can also be used to study psychical phenomena 

(Uher, 2018b). For example, individuals can be asked to record specific thoughts (e.g., 

every instance they think about exercise) at the same time as they experience them 

(thinking aloud technique). A potential disadvantage is that many individuals may simply 

not be used to this method and trying to think aloud may affect their thought process 

(Priede & Farrall, 2011). Methods of long-term memory-based introquestion (e.g., 

assessment methods), by contrast, can be used to explore phenomena that are temporally 

extended. For instance, people can be asked to record their beliefs, which they can 

reconstruct from their memories at any given time (Uher, 2019).  

When information from a certain kind of study phenomenon is represented in 

another one, this is defined in the TPS-paradigm as conversion (Uher, 2016b). For 

instance, in data generation, people may encode information about specific study 

phenomena into data. However, conversions of information may be distorted or result in 

loss of information if study phenomena differ in their metatheoretical properties,  
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To highlight the different demands placed on the people generating data in 

behavioural observations versus with standardised rating scales, I now briefly describe the 

process for each method and outline what is expected from observers and raters. In 

behavioural observations, observers must decide how to separate, categorise and encode 

the behavioural events at the moment during which they occur, thus using nunc-ipsum 

methods (Uher, 2018b). Therefore, observers must know all the behavioural acts under 

study and the data schemes that observers should use to encode occurrences of these 

behavioural acts systematically. For instance, observers may use binary units to record the 

occurrence or absence of a specific behaviour (e.g., a gesture). To ensure that observers 

can meet these demands during observing, observers commonly receive instructions and 

training (Uher, 2018b).  

 In standardised8 rating scales, researchers commonly assume that raters recall 

relevant events from memory, weight all the pieces of evidence recalled and then make a 

balanced decision on the basis of this evidence. For personality ratings, for example, this 

means they must compare the evaluated person’s behaviours with behaviours of other 

individuals and over time, “average” the instances considered and make a judgement 

regarding the considered behaviours (Uher, 2018b). This highlights several demands 

placed on raters during the rating process. Specifically, raters must a) read and interpret 

the item statements and construct their meanings in the context of the given enquiry, b) 

read and interpret the answer scale categories, c) retrieve information about relevant past 

observations from memory, d) make decisions on how to separate, categorise and encode 

information retrieved from memory about study phenomena and its properties, e) quantify 

occurrences of specific behaviours and underlying beliefs, and, f) encode this judgement 

thus generated in the scale provided (Uher, 2018b). Thus, the demands placed on raters 

differ fundamentally from the demands placed on observers (see also 3.2.4).  

Rating scales, therefore, involve so-called introquestive data generation in 

retrospect (Uher, 2019). Unlike in nunc-ipsum methods, which involve data generation in 

real-time, raters must reconstruct their ideas and beliefs from their memories. This means 

that the phenomena that raters consider (e.g., specific teaching behaviours) are no longer 

present in the moments of rating generation. Ratings, therefore, classify as long-term 

memory-based introquestive methods (Uher, 2018b). Furthermore, behaviours can only be 

 
8 When a rating scale is standardised, researchers interpret individual scores obtained 

from rating scale based on the scores from a normative sample (Bagby et al., 2005). 
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encoded at the moment in which they occur, but raters are required to consider past 

behaviours and events that are no longer observable during rating. Raters may then 

consider behaviours they think have occurred or opinions of other people with whom they 

may have talked about the evaluated person (e.g., other students) rather than behaviours 

that have actually taken place (Uher, 2018b).  

For instance, students are asked to judge their lecturers’ behaviours over the 

academic term (e.g., students’ experiences with their lecturer’s support). But at the time of 

completing SETs, students cannot directly experience these behaviours anymore because 

they occurred in the past. Instead, students must recall relevant information from their 

memories. However, this information may also be influenced by ideas and beliefs that 

students developed about their evaluated lecturers’ behaviours (e.g., through the 

discussions with other students), which may be influenced by stereotypical biases. For 

example, abundant research suggests that people frequently remember stereotype-

consistent better than inconsistent information or even mistakenly recall stereotype-

consistent information that never happened (e.g., Dodson et al., 2008; Lenton et al., 2001; 

Sherman et al., 2003). Furthermore, some SET items (e.g., “The lecturer is enthusiastic 

about what they are teaching”) require that students implicitly judge their lecturers’ 

behaviours as compared to those of other lecturers. Specifically, students must quantify 

what is specific to their individual lecturers’ behaviours. But because behaviours are 

dynamic and transient, individual specificity can never be directly perceived at any given 

moment. To determine individual specificity and explore whether behaviours vary among 

individuals and in ways somewhat stable over time, both differential and temporal 

patterns must be considered (Uher, 2015a). However, these patterns can never be directly 

perceived at any given moment. Therefore, the generated data can refer only to abstract 

ideas about individual specificity (Uher, 2014, 2018b, 2018c). As outlined above, these 

data may reflect only students’ own ideas and beliefs that they have about their lecturers’ 

individual-specific behaviours rather than behaviours that actually occurred – with all the 

biases that may thereby be involved.  

3.1.3 Measurement-theoretical foundations and the two traceability principles 

An important kind of data generation involves quantitative data, which are 

primarily used in physical sciences but also frequently in psychology and social sciences 

(Uher, 2022a). Importantly, not all quantitative data can be classified as measurement data 

(Abran et al., 2012). Measurement is a structured process in which numerical values are 
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allocated to the attributes of objects or events in clearly defined and traceable ways (Mari 

et al., 2016; Uher, 2019). The measurement process must involve an empirical interaction 

with the measurand, which is the particular quantity of the target property to be measured 

in given study phenomena (e.g., duration of lecturer’s speech; Uher, 2020). 

It is important to distinguish between measurement and assessments. Assessment 

is a broader term and involves collecting information for pragmatic purpose. This 

fundamentally differs from measurement as defined in metrology, the science of 

measurement. In contrast, measurement is a highly structured process based on the 

international standards of measurement, and involves applying detailed measurement 

procedures with consideration of admissible mathematical operations (Abran et al., 2012; 

Uher, 2023). I critically explore quantification practices in psychology through the 

viewpoint of measurement, which differs from the mainstream approaches commonly 

used in psychometrics.  

SETs are frequently considered to be “measurements”, and SET scores are treated 

as quantitative values, but variations in raters’ use of rating scales may interfere with the 

two crucial criteria of measurement. These criteria are considered essential for 

measurement in all sciences regardless of the specific procedures used, and therefore, can 

also be applied in psychology. The two crucial criteria of measurement are:  a) justified 

attribution of the results to the measurands, and b) public interpretability of the results and 

their quantitative meaning (Uher, 2020, 2022a). For justified attribution of the results to 

the measurands, the result must contain information specifically about the object 

measured. Furthermore, measurement must be reproducible, which refers to both the 

results and the actual process itself (Mari et al., 2016; Uher, 2020). This requires 

establishing unbroken and traceable connections between measurand up to the results. 

Public interpretability of the results and their meaning requires an unbroken and 

systematic connection of the numerical results to known and conventionally agreed 

quantity standards. The numerical values assigned to the research object must be 

interpretable in the same way by both people who generate and people who use them. 

Results must also be independent of the opinions of the people who operate a 

measurement process (Uher, 2020). Specifically, the results must represent the same 

information with regard to the measurand in all contexts. This helps to ensure that the 

meaning of results does not depend on the people who generate or use the data and 

enables the public interpretability of the results (Uher, 2022a). These criteria underlie 

frameworks from metrology, the science of measurement, and must be fulfilled for a 
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process to be considered measurement. To further investigate whether SETs may 

contribute to the manifestation of biases, I apply the concepts from the TPS-paradigm to 

explore whether SETs fulfil these crucial methodological criteria and whether the 

outcomes of SETs may be considered measurement data.   

Over the years, researchers developed different theories of measurement. Here I 

focus on representational theory of measurement and on metrological frameworks of 

measurement. I introduce this theory and these frameworks in order to later apply the 

concepts derived from them to scrutinise psychological scale development as used for 

rating generation.  

3.1.3.1 Representational theory of measurement 

Representational theory of measurement (Krantz et al., 1971; Suppes et al., 1989) 

is a theory developed in social sciences (Mari et al., 2017). This theory defines 

measurement as a procedure in which structures observed in empirical study phenomena, 

called the empirical relational system, can be mapped onto symbolic (usually numerical) 

structures, called the symbolic relational system, in such a way that the numerical 

structures created (i.e., the data) appropriately represent the empirical structures observed 

(Tal, 2015; Uher, 2018b). The empirical relational system involves the study phenomena, 

their qualities, and quantitative properties, whereas the symbolic relational system is the 

data system that scientists developed to encode and analyse information about these study 

phenomena. The mappings between empirical and symbolic relational systems are called 

assignment relations (Krantz et al., 1971). Therefore, this theory defines measurement 

procedures as mappings of the empirical relational system onto a symbolic system, 

according to certain relations (see Figure 1).  

However, this mapping is necessary but not sufficient for a procedure to be 

considered measurement (Mari, 2000). Essentially, representational theory considers 

measurement to be equal to scale construction or a numeral assignment and neglects other 

elements necessary for measurement, such as accuracy or error (e.g., Tal, 2013). 

Importantly, to constitute measurement, the same properties always need to be encoded 

with the same symbols so that results always represent the same information with regard 

to the properties studied (Uher, 2018b). Therefore, the conditions upon which an 

empirical relational system can be mapped onto a symbolic must be clearly defined and 

fixed. However, representational measurement theory fails to outline concepts for 

implementing these conditions (Mari et al., 2017; Uher, 2018b). It, however, outlines the 
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basic requirements for any data collection. Specifically, this theory states that study 

phenomena and their properties (the empirical relational system) must be appropriately 

represented by and encoded in the signs used as data in a study (the symbolic relational 

system).  Therefore, this theory is also relevant to data generation using rating scales 

(Uher, 2021a, see also 3.2.4).  

 

 

 

 

Figure 1 

An Example of Mapping Relations Between the Empirical Relational System (e.g., 

Students’ Experiences) and the Symbolic Relational System (e.g., SET Items) 

3.1.3.2 Metrology: Basic methodological principles underlying physical measurement  

Metrology is the science of measurement, originally developed for physics and 

engineering. Metrological principles are applied in many sciences but not commonly in 

psychology. But currently, the term “measurement” seems to have a distinct meaning in 
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different fields (Uher, 2021b). However, similarly to other scientists (e.g., physicists), 

psychologists generate and analyse numerical values to infer quantitative information 

about study phenomena. But to build knowledge of the real-world phenomena through 

examining findings from different disciplines and yield meaningful inferences about study 

phenomena from quantitative data, basic principles of scientific measurement and 

consistent principles should apply across different sciences (Uher, 2018b, 2021a). This is 

not possible if researchers define a crucial scientific activity such as measurement 

differently in various sciences. Therefore, merely changing the definition of 

‘measurement’ does not establish comparability across different sciences, but only 

undermines it (Uher, 2023). In the TPS-paradigm, two key principles of scientific 

measurement that implement the two key criteria outlined above and underlie 

metrological frameworks on abstract, methodological levels are identified. These 

principles are data generation traceability and numerical traceability (Uher, 2020, 

2021c). They highlight core ideas that are also applicable to other disciplines, including 

social sciences and psychology.  

To properly understand the measurement principles discussed next, it is necessary 

to first distinguish between qualities and quantities of study phenomena. Qualities are 

properties that differ in kind, whereas quantities are divisible properties of qualities 

(Hartmann, 1964, as cited in Uher, 2022a). That means, quantities are always of some 

quality (Uher, 2018b, 2022a). Therefore, to enable measurement, researchers must always 

define both a) the quality under study (qualitative properties), b) the specific quantitative 

properties that are to be measured in these qualitative properties (Uher, 2022a). For 

instance, the quality under study could be duration of lecturer’s speech, and the number of 

minutes it lasted would denote specific quantitative properties to be measured.  

3.1.3.2.1 Data generation traceability 

Importantly, study phenomena cannot be measured in themselves. Instead, we can 

measure only some of their properties (Uher, 2022a) because each phenomenon contains 

different properties that can be measured. For instance, we cannot measure the lecturer’s 

“walking” as a behaviour in itself, but we could measure their walking speed or distance.  

The term “data generation traceability” is not explicitly used in metrology, 

however, it underlies the metrological measurement processes and all measuring 

instruments on abstract levels (Uher, 2020). Data generation traceability requires that an 

unbroken, traceable connection chain is established between the measurands and the 
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generated outcomes (Uher, 2018b). Specifically, measurement results must be connected 

by this chain of comparisons to the measurand (the entity to be measured, e.g., duration of 

a lecturer’s speech at certain occasion). This chain of connections starts with the specific 

property that is to be measured, called the input property (measurand), and its first 

interaction with a mediating property systematically connected to it, that researchers may 

introduce if measured properties cannot be accurately perceived by humans (e.g., exact 

duration of a lecturer’s speech). Importantly, these steps establish proportional 

(quantitative) relations between quantities of these properties, from measurand up to 

result. The connection chain ends with the numerical value that is assigned to the 

measurand (Uher, 2019, 2020, 2022a).  

An unbroken, traceable chain of connections enables tracing the results back to 

study phenomena (Uher, 2020). This fulfils the requirement of data generation 

traceability. Specifically, it clearly defines data generation procedures, including rules on 

how to assign results to study phenomena in ways that ensure these results represent valid 

information about these phenomena. Lack of data generation traceability, therefore, leads 

to questionable validity of the results.   

In contrast, implementing data generation traceability ensures that the results are 

assigned to measurands in fully transparent ways and are therefore justifiably attributable 

to measurands, meeting the first crucial criterion of measurement.  

3.1.3.2.2 Numerical traceability  

The second basic scientific principle of measurement, numerical traceability 

(called metrological traceability in metrology), entails establishing a shared quantitative 

meaning of the numerical values assigned to the measurand (Uher, 2022a). Specifically, 

numerical traceability requires that the generated numerical values (e.g., “7”) are clearly 

linked to known standards and meanings in transparent and defined ways (e.g., “7” of 

what and how much of that is “7”). A systematic connection must therefore be established 

not only between a measurand and the outcome (data generation traceability), but also 

between the numerical value (e.g., 1.70) assigned to the measurand (e.g., a person’s body 

height) and a known/defined reference quantity of the property measured (e.g., standard 

metre; Uher, 2022a). These are concrete defined entities of a property, which are then 

used to define measurement units (e.g., metre, inch; Uher, 2022a). A measurement unit is 

a “real scalar individual quantity, defined and adopted by the convention, with which any 

other quantity of the same kind can be compared to express the ratio of the two quantities 
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as a number” (VIM, 2007). Therefore, measurement units that measure the same property 

must represent the same quality (e.g., 1 metre or 1 centimetre as measurement units of the 

same property length) and are used to measure (divisible) quantitative properties of this 

quality, e.g., different instances of length (Uher, 2018a). For quantity values to be 

understood with regard to their quantitative meaning, reference units must first be 

established (Uher, 2022a). For instance, “7” cannot be universally understood without the 

measurement unit because it could refer to different properties, such as 7 kg, 7 m or 7 h, 

all of which have different meanings. Similarly, the length of “7” cannot be interpreted on 

its own because it could mean 7 mm, 7 cm or 7 m, which are different measurement units 

of length. Measurement units are always designed purposefully, and this must be done 

before executing a measurement process. Scientists therefore developed the International 

System of Units (SI), in which they clearly defined and established measurement units and 

which is constantly updated (e.g., redefined by Newell and Tiesinga in 2019).  

 In metrology, numerical traceability is implemented practically through 

comparisons of results with primary references. These references must first be defined, 

ensured to be stable and internationally accepted (Uher, 2022a). A primary reference 

could be a measurement standard or a definition of a measurement unit (e.g., through an 

object or system that defines a relationship to the target quantity) and needs to be 

universally understood, specifically, to symbolise the same quantitative information 

regardless of time and context (Uher, 2020, 2021c). For instance, a primary standard 

reference can be an international prototype metre. The metre was formerly defined as one-

tenth millionth of the distance between the North Pole and the equator passing through 

Paris, originally available in the form of a metal bar (Swindells, 1975). However, in order 

to dematerialise the (definition of) metre, metrologists redefined it as a specific length of 

time travelled by light (e.g., Dearden, 2014; Uher, 2022a). Therefore, metrologists 

regularly review and update primary references to guarantee measurement precision. 

Calibration chains, are unbroken documented chains of connections with stated 

uncertainties from primary references (e.g., international prototype meter)  to a) secondary 

references (e.g., national standards), and from these to b) all working references used in 

measurement or everyday life in order to measure a specific property (e.g., thermometers; 

Uher, 2020, 2022a; VIM, 2004). This helps to ensure that the measurement results are 

precise and accurate. For instance, weighing scales in the laboratories are constantly 

calibrated (tested for accuracy) to ensure that they indicate a correct weight. This can be 

verified by comparisons to national standards (national measurement standard 
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laboratories), which are themselves compared to international standards (international 

measurement standard laboratories). In sum, metrologists invest enormous effort into 

ensuring the accuracy of their primary references and the quantitative meaning of the 

numerical measurement results. 

Implementing these two traceability principles in data generation processes allows 

fulfilling the two criteria crucial for measurement: a) justified attribution of the generated 

results to the measurands, and b) public interpretability of the generated results and their 

meaning (Uher, 2020, 2022a). The traceability principles are also relevant to psychology 

and social sciences because psychologists frequently use numerical values to gain 

quantitative information about their study phenomena. Importantly, in the TPS-paradigm, 

measurement is distinguished from numeralisation, which can be defined as creation of 

numerical values without any reference to measurands, reference quantities or properties 

being studied (Uher, 2022b).  

In sum, these concepts from the TPS-Paradigm can thus be applied to explore 

conceptual and methodological underpinnings of rating scales to investigate, for example, 

whether human-based data generation reliant on raters’ memories and decisions, and the 

particular structure, wording, and format of standardised rating scales enables meeting 

criteria of measurement. These concepts will also be used to examine whether the use of 

rating scales may open up rather than reduce possibilities for raters’ potential gender 

biases to manifest in their ratings due to the lack of specification of the elements in these 

scales.   

3.2 Common practices of rating scale development critically analysed  

In this section, I apply the just outlined methodological concepts of measurement 

of the TPS-paradigm’s theoretical framework to critically explore the processes of scale 

development commonly used in psychometrics. Psychometrics is the branch of 

psychology related to the quantification of “mental attributes, behaviour, performance, 

and the like, as well as the design, analysis, and improvement of the tests, questionnaires, 

and other instruments” (APA, 2021). Rating scales are widely used in psychometrics 

because they provide a convenient, cheap and quick way to generate large amounts of 

numerical data from numerous respondents (e.g., Rose, 2005). Psychologists generally 

assume that a process involving the use of rating scales constitutes measurement. I outline 

the main steps of scale development and then apply the two basic criteria for measurement 
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and the methodological principles of measurement introduced above to scrutinise this 

common assumption.  

3.2.1 Developers theoretically define constructs  

To design tools that enable researchers to empirically investigate given constructs 

(e.g., ‘teaching quality’), developers must first theoretically define these constructs. This 

involves reviews of existing literature and interviewing subject experts (e.g., other 

researchers). Afterwards, researchers must clearly define what study phenomena a 

construct should conceptually capture and establish a clear differentiation from other 

constructs (MacKenzie et al., 2011; Spector, 1992). This process should result in a clear, 

concise scientific theoretical definition of the construct that is more precise than informal 

everyday definitions, such as those found in a dictionary (Crump et al., 2018).  

However, many definitions of constructs in psychology are ambiguous, 

overlapping, vague or even completely absent (Phillips, 1932; Uher, 2021a; Zagaria et al., 

2020). This also applies to SET constructs. SETs should evaluate ‘teaching quality’ or 

‘teaching effectiveness’. For example, Teaching Excellence Framework (TEF) defines 

‘teaching quality’ as “teaching practices, which provide an appropriate level of contact, 

stimulation and challenge, encourage student effort and engagement, and which are 

effective in developing the knowledge, skills, attributes and word readiness to students” 

(TEF, 2016, p. 12). Others define ‘teaching quality’ as “strong instruction that enables a 

wide range of students to learn” (Darling-Hammond, 2009, p. 5) or “what teachers do to 

promote student learning inside the classroom” (Tok, 2010, p. 4142). ‘Teaching 

effectiveness’, in some authors’ views, refers to how successful are lecturers in helping 

their students to acquire knowledge (Boring, 2017; Shadreck & Isaac, 2012).  

Others argue that ‘teaching quality’ can be divided into good teaching and 

effective teaching (Berliner, 2005). This definition suggests that ‘teaching effectiveness’ 

may be a sub-category to ‘teaching quality’. Despite this, researchers frequently describe 

SETs as student evaluations of either ‘teaching quality’ or ‘teaching effectiveness’ and use 

them either interchangeably instead of defining ‘teaching effectiveness’ as a sub-construct 

of ‘teaching quality’, or even without specifying their meanings. Consequently, ambiguity 

in or even lack of these definitions may lead to different choices in the next steps of scale 

development, i.e., operationalising constructs, and therefore to the selection of distinctive 

sets of items (V. A. Miller et al., 2009). Researchers may also erroneously assume that 
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operational definition may substitute the theoretical one (Hibberd, 2019; Uher, 2020, see 

below).  

3.2.2 Developers operationalise constructs 

Constructs exist only on an abstract level. Therefore, to enable empirical 

investigation, developers must establish a nomological network consisting of a theoretical 

framework, an empirical framework and systematic connections between them (Cronbach 

& Meehl, 1955). In the theoretical framework, researchers define a certain construct and 

determine its sub-constructs, establishing its theoretical definition. However, because 

constructs are conceptual in nature, and their referents never occur all at once, they must 

then be operationalised in concrete, accessible, and potentially measurable empirical 

indicators that are specified in the empirical framework (Uher, 2018b, 2020, 2021b, 

2023). These are either single and concrete components, often called proxies, or multiple 

concrete components called construct indicators. For instance, when evaluating teaching 

quality, a proxy could be the number of students who passed the lecturer’s class, and 

several indicators could be chosen which represent a part of construct’s referents (Uher, 

2022b) that developers deem to be representative of the construct (e.g., a lecturer’s 

achieved education level or teaching awards). Verbal items in rating scales can also serve 

as construct indicators. Importantly, connections between these construct indicators and a 

given construct depend solely on researchers’ decisions (Uher, 2021b; 2018b). This is 

called in the social sciences measurement by fiat – by decree (Cicourel, 1964).  

In construct operationalisation, links between constructs and their indicators are 

always decided by the researchers by decree instead of being empirically proven. 

Therefore, the relation between construct and its indicators is always only assumed (Uher, 

2020). For implementing data generation traceability, results must be justifiably 

attributable to a measurand. Constructs do not exist as the real entities in the world and 

can only refer to measurands. Specifically, constructs in themselves as conceptual entities 

cannot be measured, only quantity of some of their empirical indicators, (e.g., a number of 

questions that lecturers answered). However, the abstract language used in rating scales 

obscures what exactly constitutes measurands (quantities to be measured). From the 

viewpoint of measurement principles, this process fails to establish documented unbroken 

empirical connection chains between possible quantitative properties of constructs (e.g., a 

construct ‘teaching quality’) and those of their indicators (e.g., scores generated for SET 
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items, representing researchers’ attempts to quantify teaching behaviours). Construct 

operationalisation, therefore, cannot classify as measurement (Uher, 2020, 2021b).  

Because constructs are conceptual entities, they frequently refer to distinct kinds of 

phenomena of different quality. For example, a construct ‘teaching support’ could be 

operationalised by construct indicators such as ‘lecturers’ feedback’, but also ‘lecturers’ 

replies to questions’ or inferred ‘caring attitude’, thus different phenomena with different 

qualitative properties. But in measurement, only measurands featuring the same quality 

may be compared to one another in terms of their quantities (divisible properties). 

However, we cannot identify any divisible properties in blended concepts, such as the 

construct ‘teaching support’, which involve phenomena not only of different qualities but 

also quantities, with many of these phenomena not even occurring at the same time. This 

makes the direct comparison of quantitative properties that are summarised in the blended 

concepts impossible (Uher, 2021b). Specifically, these quantifications refer to multiple 

entities of different quantities and qualities occurring at different times and therefore 

cannot be summarised. Using an example above, we cannot identify quantities in the 

abstract entity such as the construct ‘teaching support’ by itself, merely in its indicators 

(e.g., a number of answered questions). Furthermore, even though lecturers’ scores for 

construct indicator “feedback” may provide information about ‘teaching support’, the link 

between this construct and its indicator was artificially chosen by researchers, instead of 

reflecting an actual empirical connection between them.  

Therefore, quantifications derived from summarising scores of qualitatively 

different indicators are artificial. These abstract indicators (e.g., verbal items in rating 

scales) may refer to various phenomena of different quality. These artificial 

quantifications may provide some information about individual differences between 

raters, but it is impossible to identify divisible properties of any quality in these abstract 

items. This indicates that quantities in constructs cannot be established. In sum, construct 

operationalisation fails to meet the crucial criteria of measurement (justified attribution of 

results to measurands, publicly interpretable meaning).  

3.2.3 Structure and format of rating scales  

Rating scales generally consist of a set of standardised item statements, which may 

describe, for example, certain attitudes or behaviours (e.g., “The lecturer made the subject 

interesting”). Raters judge these statements by choosing multi-stage answer scale 

categories, which can be labelled numerically (“1, “2”, “3”) or verbally (e.g., from 



69 
 

“strongly disagree” to “strongly agree” or from “never” to “very often”). Raters may also 

have an option to mark an item statement as “non-applicable” if the item statement refers 

to something that the rater may have not experienced.  

 Stevens (1946) defined measurement as an assignment of numerals to objects or 

events according to certain rules. This definition is widespread in mainstream psychology, 

but incompatible with many measurement theories underlying metrological processes. 

Stevens also distinguished between different types of data, which determine what 

empirical operations may be applied. The commonly used categories are nominal, ordinal, 

interval, and ratio (Stevens, 1946). Nominal data represent membership in certain 

categories (e.g., male/female), whereas ordinal data represent categories that are ranked 

by a particular order (e.g., education level). In contrast, interval data represent a 

continuous scale with equal units but without an absolute zero (e.g., intelligence test). 

Finally, ratio data also have equal spaces between values but always have an absolute zero 

point below which they cannot fall (e.g., income).  

SETs commonly consist of Likert scales, on which raters indicate their level of 

agreement with statements (Sinha & Sundaram, 1962). Likert scales are, therefore, 

commonly assumed to represent ordinal scales. In order to use parametric statistics, 

researchers frequently treat Likert scales as interval data. But unlike interval data, a 

difference between categories in ordinal data can be neither specified nor calculated 

(McCullough & Radson, 2011). For example, a presumed equal difference between 

answer categories is arbitrary and may vary between raters when they interpret rating 

scales.  

The scores derived from chosen answer categories may not indicate what 

participants considered, specifically, scores representing answer categories on higher ends 

of the scale do not mean that participants who chose them considered more evidence 

(higher quantity of the evaluated quality) than those who selected answer categories on 

lower ends. For instance, evidence shows that some raters who chose higher ends of the 

scale quoted “insufficient evidence” as a reason for their choice (Uher, 2017, 2018b). 

Similarly, it remains unclear whether different answer categories represent different 

quantities of the same quality or rather completely different qualities altogether (Uher, 

2018b, 2022a). For example, picking “strongly disagree” instead of “strongly agree” may 

indicate completely different quality rather than just lower level of agreement. This 

precludes identifying divisible properties in these blended concepts (Uher, 2022a, 2022b). 
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Importantly, the structure and format of rating scales depend solely on the 

researcher’s decisions. For example, researchers choose the number of answer scale 

categories, an ascending versus descending format, or wording of the corresponding 

labels. The chosen format of the scale therefore defines the obtained data structure. For 

instance, an item statement with three answer categories can produce only three possible 

values. Similarly, the number of possible entries may be decided by the number of item 

statements. For example, raters may often generate only one value per each item statement 

and the number of item statements may therefore decide how many values are produced. 

Data are therefore defined by the scale’s characteristics instead of properties of study 

phenomena. This differs from behavioural observations, in which observers generate data 

based on study phenomena and can obtain multiple data for the same variables if study 

phenomena occur repeatedly (Uher, 2018b). 

3.2.4 Raters complete the scales  

Scales are given to raters who evaluate phenomena described with item statements 

and generate data about them directly instead of, e.g., using technical instruments. Raters, 

therefore, interpret the item statements and answer scale categories, consider relevant 

study phenomena (e.g., thoughts, emotions, behaviours), make their judgement and 

choose a corresponding answer scale category. This means, on a conceptual level, that 

raters interact with both the properties of study phenomena and the method used (Uher, 

2018b). This type of data generation inevitably involves raters’ interpretations of item 

statements and answer categories but also their perceptions of the study phenomena.  

In the lens of the representational theory of measurement, rating scales both 

describe empirical relational system (e.g., teaching behaviours) and form elements of the 

symbolic relational system (e.g., item statements). Rating scales, therefore, represent both 

the symbolic and the empirical relational system, which leads to their conflation (Uher, 

2018b). But unlike in behavioural observations, raters typically receive no instructions 

about how to interpret the study phenomena and rating scales or encode their judgements. 

Raters must, therefore, intuitively develop their own interpretations and definitions of 

item statements and answer scale categories and afterwards construct their meanings in 

the context of the given enquiry. Raters must also decide what serves as the empirical 

relational system (e.g., what teaching behaviours to consider), determine specific 

meanings of a symbolic system (e.g., specific item statements) and conclude how to 

establish assignment relations between these two systems (Uher, 2018b, 2021a). These 
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decisions typically remain unexplored, which leads to the various problems as discussed 

in the following section.  

 

3.2.4.1 Variations in raters’ item interpretations  

 

3.2.4.1.1 Raters tend to interpret item statements differently 

Researchers frequently assume that if they standardise rating scales, raters will 

interpret item statements identically (Block, 1998; McCullough & Radson, 2011; Uher, 

2018b). However, the lack of definition and the abstract wording of the rating items may 

entail that individuals develop a range of meanings for the same standardised statement, 

therefore called “a field of meaning” (Rosenbaum & Valsiner, 2011; Uher & Visalberghi, 

2016). Numerous empirical studies support this idea (Arro, 2013; Lundmann & Villadsen, 

2016; Uher & Visalberghi, 2016). For example, raters’ interpretations of the item “tends 

to be lazy” about another individual used for the construct Conscientiousness in a popular 

personality inventory (Rammstedt & John, 2007) varied considerably between 

individuals, with 47.3% of respondents considering work-related activities, 44.6% 

inactive life and 36.6% appearance (Uher, 2018b). Similarly, when different participants 

completed a short version of the personality inventory, their answers revealed 

considerable variations between them in their interpretation of these items (Lundmann & 

Villadsen, 2016). Furthermore, participants considered on average only two meanings, 

which suggests that raters considered only a part of the “field of meaning” (Uher, 2017, 

2018b), instead of the whole range of meanings that could be developed for this item 

statement – different raters therefore considered different referents (Uher, 2021b).  

This also applies to SETs. Students who rated item “the lecturer making classes 

interesting” considered widely different meanings, e.g., how organised was the lecturer 

but also their perceptions that lessons went by fast (Block, 1998). Interpersonal 

differences may also affect raters’ items interpretations. For instance, U.K. students 

considered the importance of the items differently depending on their level of 

engagement. Highly engaged students emphasised “challenge” when interpreting an item 

evaluating their satisfaction with the course, whereas less engaged students placed 

importance on the “course being fun” (R. Bennett & Kane, 2014). SETs usually do not 

involve exploring how students completing them interpreted the item statements and only 
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some ask about students’ academic engagement (e.g., hours spent studying). It is, 

therefore, unclear how students generate SETs’ results and whether these results even 

relate to the intended study phenomena (e.g., teaching behaviours) or rather to unrelated 

aspects (e.g., weather, students’ individual characteristics). For example, when answering 

the same item statement, students can consider completely different behaviours of their 

lecturer (see Figure 2). This entails that students encode information about different study 

phenomena (e.g., ‘great and clear feedback’, ‘weekly tutorials’, ‘help on assignments’) 

into the same item statement, which precludes data generation traceability. 
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Note. This figure shows a wide range of lecturers’ behaviours that student participants reported in 

my Study 1 when explaining their interpretations of the same item statement.  

3.2.4.1.2 Interpretations of raters may differ from researchers’ interpretations 

Given these variations in item interpretations, raters can also consider different 

information than intended by researchers (Uher & Visalberghi, 2016). Raters may 

consider other behaviours of an evaluated person or different situations than intended in 

the item. For example, a five-method study involving behavioural observations and rating 

items revealed only 54.1 to 70.4% overlap between raters’ and researchers’ interpretations 

(Uher & Visalberghi, 2016).  

This also applies to SETs. Scale developers intended to use the item “Information 

on the module was (not) available” to explore whether the lecturers provided module 

handbooks. However, students also commented on library resources or difficulty finding a 

research database (Robertson, 2004). But without asking what students considered in their 

ratings, this information would be lost and the result misinterpreted.  

3.2.4.1.3 Vague and abstract statements may lead to biases  

Item statements are frequently vague in order to enable individuals to apply them 

to many different behaviours or inferred attitudes (Uher, 2018b). This vagueness may, 

however, result in even more pronounced variations in interpretations. Individuals can 

also more easily alter their interpretation of evidence in ways to make it consistent with 

their expectations (Fiske & Taylor, 1991; Heilman, 2012). This means that individuals can 

be affected by different stereotypes and biases, such as gender stereotypes. Abstract 

wording of the item statements as well as lack of definition of what study phenomena 

(e.g., behaviours) should raters consider when rating these items may further increase 

rather than reduce the manifestation of biases (Uher et al., 2013). The effects of 

stereotypical biases on raters seem to be so strong that they even affect ratings of 

individual-specific behaviours in closely related non-human species, as previous 

methodological studies based on the TPS-Paradigm showed. Specifically, these empirical 

studies showed that associations with sociodemographic factors (e.g., age, sex) contained 

in ratings but not in behavioural observations suggest that ratings may have been 

influenced by stereotypes and attribution bias related to raters’ sociocultural beliefs about 

particular groups of human individuals (Uher et al., 2013; Uher & Visalberghi, 2016).  
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Similarly, SET items as well are typically worded in general and abstract ways. 

People frequently tend to evaluate evidence based on their prior beliefs or opinions 

(myside bias; Stanovich et al., 2013). Because interpretations of SET items are left to 

students’ subjective decisions, students may be influenced by beliefs they acquired over 

time about lecturers, which may contribute to the manifestation of biases. 

In sum, variations in raters’ interpretations of item statements preclude 

establishing an unbroken chain of connections between measurands (e.g., different 

lecturers’ levels of ‘teaching support’) and results (SET scores). Data generation 

traceability is not established. Therefore, it cannot be ascertained that the results can be 

assigned to measurands in fully transparent ways and represent valid information about 

study phenomena.  

3.2.4.2 Raters’ interpretation and use of answer scale categories  

In Likert scales, raters are asked to indicate their level of agreement with item 

statements. This may involve their judgement of other people’s behaviours described 

through item statements with the use of different answer categories (e.g., “agree"). 

Therefore, raters need to interpret these answer scale categories and decide which one to 

choose to indicate their judgement. This process can be affected by several problems, such 

as variations in how raters interpret and use answer scale categories or conflating mid-

categories with non-applicable categories.   

3.2.4.2.1 Raters tend to interpret and use answer scale categories differently 

Raters are commonly assumed to interpret the answer scale categories in the same 

ways (McCullough & Radson, 2011; Uher, 2018b). However, when participants rated a 

protagonist presented on video on an item “is outgoing, sociable” on a five-point 

agreement scale and provided the reason for choosing a specific answer category, their 

interpretations of these categories varied considerably between raters (Uher, 2018b). For 

example, participants were asked to watch a video clip featuring a person and then 

evaluate them. Fifteen participants (over 19% of the sample) provided “did not see enough 

evidence” as a reason for choosing “disagree”. Two other participants also chose 

“disagree” because they “found behaviour not genuine”, and three further participants 

reported they “found the behaviour was due to situation not the target person” (Uher, 

2017, 2018b). This shows that raters interpreted the same answer scale category in distinct 

ways.  
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Similarly, students may choose different answer categories even to encode the 

same information. For instance, as Figure 3 below illustrates, students may consider the 

same behaviour as a reason for choosing different answer categories when rating their 

lecturers on the identical statement. Vice versa, students may also choose the same answer 

category but consider different information (see Figure 4).  

3.2.4.2.2 Students may use “mid-scale” and “non-applicable” points interchangeably  

Furthermore, some students may tick a scale mid-point (e.g., “neither agree nor 

disagree”) instead of “non-applicable”. Students frequently provided scores for non-

applicable item statements even if the “non-applicable” answer category was available 

(Ashby et al., 2011; Robertson, 2004). Numerous students rated the “Feedback I received 

on my work” item statement even though their module did not involve any assessment, 

and despite instructions clearly stating to skip this question if the evaluated module 

contained no feedback (Robertson, 2004). Similarly, when U.K. students rated the 

National Student Survey items, one of the item statements assessed students’ satisfaction 

with library resources. Some of the reasons for ticking “neither agree nor disagree” were 

“I don’t really use the library. I rely on coursebooks” and “This particular course only 

requires the course materials” (Ashby et al., 2011).  
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Figure 3 

 

The Same Study Phenomena that Raters Allocated to Different Answer Categories  

 

Note. Student participants in my Study 1 reported they considered “reading off the slides or using 

long text” as a reason for choosing different answer categories.  
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Figure 4 

 

Different Study Phenomena that Raters Considered as Justifications for Choosing the 

Same Answer Category 

 

Note. Student participants in my Study 1 who chose the same category “disagree” considered 

different study phenomena. 

 

From the point of view of the two measurement principles, variations in how raters 

use and interpret answer scale categories and lack of measurement units mean that the 

results likely do not always represent the same information with regard to the measurands. 

Instead, these results are influenced by subjective perspectives of raters and quantitative 

meaning of the numerical values cannot be interpreted unambiguously across different 

contexts, thus precluding numerical traceability (see below). Therefore, public 

interpretability of the results cannot be established. 
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3.2.4.3 Numerical recoding of answer categories and analysis of scores 

 

3.2.4.3.1 Definitions of numerals and numbers 

Numerals differ from numbers. Numerals are signifiers that do not always indicate 

a quantity but can also indicate categories or labels (e.g., street number, order, phone 

numbers). In contrast, numbers represent a certain amount or quantity. Qualities are 

properties that differ in kind, whereas quantities are divisible properties of the same 

quality (Uher, 2022a; see also 3.1.3.2). For example, people colloquially use terms such 

as the “street number 23”. However, “23” is in this example only a numeral because “23” 

serves as a label but does not refer to a particular quantity of something. Researchers may 

also decide to use a numeral (e.g., “1”) to represent a nominal category (e.g., female 

students). Importantly, numerals can symbolise numbers only if people decide to attribute 

to them the meaning of numbers (Uher, 2021a).  

3.2.4.3.2 Problems arising from numerical recoding of verbal categories from a 

measurement point of view 

In rating scales, to create numerical data, researchers recode the verbal answer 

categories, by assigning numerical values to these categories. For instance, each time 

raters choose a category “strongly disagree”, researchers may recode it always into “1”.  

Psychologists often assume that this recoding of answer scale categories enables 

measurement (Uher, 2021a). However, this widespread assumption is erroneous.  

First, this assumption is based on numeral-number conflation (Uher, 2022a). 

Specifically, researchers assume that recoding answer scale categories into numerals gives 

these scores quantitative meanings. That is, researchers then treat these recoded numerals 

as numbers with mathematical properties (Uher, 2022a). However, these numerals are 

merely signifiers without any quantitative meaning and do not represent any specific 

quantity that participants may have had in mind. Because meanings are never inherent to 

signifiers, but only attributed to them, numerals depend on raters’ interpretations and use 

of answer categories, as well as researchers’ decisions (e.g., about data format).  

Second, answer categories recoded into numerals lack a specified measurement 

unit, as well as universal shared meaning, because their meanings have not been 

determined through conventions (Uher, 2022a). For instance, “disagree” may be 

converted into numeral “2”, but what exactly “2” means and what quality and quantity it 
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refers to remains unspecified. This differs from measurement values such as 2 kg or 2 cm, 

which refer to different qualities (mass, length) and quantities (e.g., 2 mm, 2 cm, 2 m) that 

may be immediately deduced from these measurement units (Uher, 2021b). Because 

numerical values without measurement unit essentially lack quantitative meaning, 

psychologists attempt to create quantitative meanings by differential analyses, 

specifically, comparing different cases, and considering relative differences between them 

(Uher, 2022a; see also 3.2.5;). However, the scores thus obtained still fail to establish a 

quantitative meaning for the single measurands, because statistical results depend on the 

specific sample instead of being based on a known reference quantity.  

Consequently, the generated scores cannot be linked to any known reference 

standards or universally represent the same quantity across different times and contexts. 

These differences in scores’ quantitative meanings therefore prevent making meaningful 

inferences from comparisons of results and preclude numerical traceability.  

3.2.5 Psychometric analyses of ‘quality criteria’ of rating scales  

The analysis of psychometric key quality criteria of rating scales, reliability, and 

validity, forms an essential part of scale development. Psychometricians must deem both 

to be sufficient in order to release scales into the public for application. I first briefly 

define and discuss different types of a) reliability and b) validity of rating scales, provide 

specific examples from SETs, and then critically discuss reliability and validity in terms 

of the scientific measurement principles introduced in this chapter. 

3.2.5.1 Reliability of rating scales 

Generally, reliability is defined as a degree to which the scale produces consistent 

results. In SETs, analyses usually focus on inter-rater reliability and internal reliability, 

which I explore in this section. 

3.2.5.1.1 Inter-rater reliability 

Inter-rater reliability indicates a level of agreement in judgements between 

different raters of the same phenomenon. For example, in SETs, inter-rater reliability 

specifies a degree of agreement between students evaluating their lecturers. Research in 

SETs produced mixed findings, with some researchers reporting high values considered 

acceptable by mainstream standards (Polancos et al., 2013), whereas others found much 

lower levels (Clayson, 2018; Morley, 2012, 2014).  
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Applying the measurement concepts outlined above to inter-rater reliability 

highlights, however, that even a high inter-rater agreement fails to reflect whether raters 

have encoded the same properties of the same study phenomena in the same way into the 

data (Uher & Visalberghi, 2016). For instance, raters may consider the same phenomena 

but encode them with different answer categories (see Figure 3). Similarly, raters could 

have used the same answer category (e.g., “agree”) but considered distinctive information 

(see Figure 4). Therefore, a clear assignment relation between the empirical relational 

system (study phenomena) and symbolic relational system (data encoded by raters) cannot 

be determined. But this assignment relations must always be known to establish 

documented connection chains from results to measurands. Thus, the results cannot be 

traced back to study phenomena, which means that data generation traceability cannot be 

implemented (Uher, 2018b).  

In sum, a high inter-rater agreement merely reflects that raters selected identical 

(or similar) answer scale categories, but assignment relations between empirical and 

symbolical relational system that raters used remain unclear, resulting in lack of data 

generation traceability Therefore, this process fails to establish either type of traceability 

and thus cannot establish justified attribution of results and known meanings required for 

public interpretability of the results as necessary for measurement.  

3.2.5.1.2 Internal reliability  

Internal reliability is the consistency of results generated with different items 

operationalising the same construct. High internal reliability reflects that all the items 

intended to operationalise the same construct are positively associated with each other and 

therefore enable the evaluation of the same construct (Maltby et al., 2010).  

Now I apply the above-introduced measurement concepts to consider internal 

reliability. To achieve high internal reliability, during the item selection phase of 

questionnaire development, researchers eliminate items that are associated poorly with the 

other items on the scale. But the excluded statements may actually capture important 

further properties of the study phenomena (Uher, 2015b). Wording items slightly 

differently just to meet particular statistical criteria does not guarantee that we can 

adequately capture the evaluated behaviours. As a result, researchers risk adapting their 

data to fit their statistical assumptions rather than considering the actual study phenomena, 

such as teaching behaviours, thus at the expense of creating data that may reflect these 

phenomena less accurately. Internal reliability, therefore, only shows how scores of a 
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specific item relate to scores of other items but does not establish a connection between 

variations in the actual study phenomena and variations in obtained results. Therefore, the 

process is result-dependent, aligning data generation to statistically optimal results rather 

than to the actual study phenomena and their properties (Uher, 2021b). This indicates that 

unbroken traceable chains of connections between measurand and results cannot be 

established, and the data generated by students cannot be traced back to the lecturers’ 

behaviours, thus precluding data generation traceability.  

3.2.5.2 Validity: Do rating scales assess what psychometricians claim they assess? 

Reliability is considered a precursor to validity, but high reliability cannot 

guarantee high validity because an instrument may simply provide consistent data but 

about a different than the intended construct (Clayson, 2018; Moore, 1990). Validity is 

commonly defined as the extent to which the scale captures the construct that participants 

are supposed to evaluate (Maltby et al., 2010). Three types of validity are usually 

considered in SETs: content validity, construct validity, and criterion-related validity.  

3.2.5.2.1 Content validity 

Content validity is the degree to which a scale captures all facets of the empirically 

investigated construct (e.g., Maltby et al., 2017). For example, in the evaluation of 

‘teaching quality’, scale content should represent the sub-domains of ‘teaching quality’ 

(e.g., explanation skills) that researchers selected during scale development. Specifically, 

people may have different ideas about what this construct involves. Therefore, items on 

the scale should capture various behaviours (such as lecturers answering questions) or 

inferred attitudes (such as caring) related to ‘teaching quality’. 

However, SET scales frequently consist of item statements that do not sufficiently 

capture aspects of ‘teaching quality’ that students consider important. In a mixed-methods 

study, students provided what they considered to be characteristics of effective teaching 

and their definitions. Their answers, however, differed from SET statements used at their 

university (Onwuegbuzie et al., 2007). Similarly, content analysis of SET items used by 

over 400 institutions revealed that over 54% of SET item statements were vague, unclear 

or subjective, and 58% of SET answer scale categories were flawed in terms of being 

negatively or positively skewed, ambiguous, unclear or not clearly corresponding with the 

item statement (Tagomori & Bishop, 1994). Thus, the content validity of SETs may often 

be low. 
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3.2.5.2.2 Construct validity 

Construct validity concerns the degree to which a clear relationship exists between 

the construct at a theoretical level and the methods used to assess this construct, i.e., 

between theoretical and operational construct definition (Maltby et al., 2010) . Construct 

validity has two sub-categories: convergent and discriminant validity (see also below; 

Campbell & Fiske, 1959). Convergent validity requires empirical associations of scores of 

the examined construct with scores of conceptually similar constructs. In contrast, 

discriminant validity is a degree to which scores evaluating conceptually different 

constructs diverge, which should indicate that constructs are unique and empirically 

different. These sub-categories are often analysed with a multitrait-multimethod matrix 

(Campbell & Fiske, 1959), which involves correlations amongst two or more methods 

developed to empirically investigate two or more constructs (Coaley, 2012).  

 

 

Figure 5 

A Hypothetical Example of a Multitrait-multimethod Matrix for the Validation of 

‘Teaching Quality’.   

Note. In this hypothetical example, reliability diagonals are in parentheses. In bold are validity 

diagonals, which show the correlations between the scores of the same traits (constructs) assessed 
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by different methods. In italics are values that form heterotrait-heteromethod triangles, 

specifically, correlations between the scores of the different traits assessed by different methods. 

Underlined are values that form heterotrait-monomethod triangles, therefore, correlations between 

scores of the different traits assessed by the same method. The reliability diagonal and the adjacent 

heterotrait-monomethod triangle make a monomethod block. The validity diagonal and the two 

hetereotrait-heteromethod triangles (surrounding diagonal) together form a heteromethod block. 

The presented matrix involves three traits (constructs) related to ‘teaching quality’ (‘supportive’, 

‘enthusiastic’, ‘engaging’), which are investigated with three different methods (student ratings, 

self-ratings, peer ratings). The values indicate correlations between traits and methods, all of 

which must meet specific requirements to establish convergent and discriminant validity (see 

below for details). 

This matrix displays correlations between the scores obtained from multiple 

methods and various people when evaluating a certain construct (e.g., ‘teaching quality’). 

This may include SETs (students’ ratings of lecturers), lecturers’ self-ratings (self-

assessments) or peer assessments by other lecturers. Convergent validity is the degree to 

which responses obtained by a certain method correlate with responses gained by different 

methods intended to investigate conceptually similar constructs. To establish convergent 

validity, validity diagonals, which show the correlations between the scores of the same 

traits obtained from different methods, must be sufficiently high and significantly 

different from 0 (Campbell & Fiske, 1959). To examine how these criteria apply to SETs, 

I use a hypothetical example of a multitrait-multimethod matrix (see Figure 5). In the 

presented example, the values in validity diagonals are all over r = .40 and different from 

zero. Therefore, by mainstream psychology standards, this requirement is fulfilled, and 

convergent validity is demonstrated.  

Discriminant validity can be established if responses obtained with a certain 

method do not correlate with scores from methods intended to investigate conceptually 

unrelated constructs. To establish discriminant validity, three further criteria must be met. 

First, a value of validity diagonal must always be higher than the values in the same row 

and column (in heterotrait-heteromethod triangles). This ensures that a validity value for a 

certain trait is higher than the correlations between different traits evaluated with the use 

of different methods (Campbell & Fiske, 1959). This requirement always applies in the 

hypothetical example (see Figure 5). For instance, a correlation between the trait 

“supportive” evaluated by method 1 (SETs) and method 2 (self-ratings) is r = .58 and 

higher than all the values in relevant heterotrait-heteromethod triangles. Therefore, scores 
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of the same traits (in this case, ‘support’) investigated with different methods (SETs vs 

self-ratings) show higher correlations than the scores of different traits assessed with 

different methods. Second, a value of validity diagonal for a certain trait should be higher 

than its values in heterotrait-monomethod triangle. The values of the same trait 

investigated with different methods should show higher correlations than the values 

obtained with the same methods that explore a different trait. The second requirement 

applies for most but not all values in the presented matrix. For instance, the correlation 

between scores for the trait ‘enthusiastic’ evaluated by method 1 and method 3 is r = .51. 

But the correlation between traits (constructs) ‘supportive’ and ‘enthusiastic’ is r = .52. 

Third, all triangles should show the same pattern of trait interrelationship (Campbell & 

Fiske, 1959). The third requirement also applies, as overall, the obtained values seem to 

follow a similar pattern. Therefore, the presented example supports convergent validity 

and provides some evidence for discriminant validity.   

Generally, there is some support for convergent validity in SETs, for instance, 

evidence for the correlation of SET scores with alumni ratings or lecturers’ self-ratings 

(Marsh et al., 1979). Specifically, responses on SET scales seem to frequently correlate 

with responses obtained by other conceptually similar methods that were developed to 

generate data about teaching quality.  

I now explore convergent and discriminant validity from the perspective of the 

above-mentioned measurement principles. The current mainstream approach to examining 

convergent validity focuses on establishing correlations of the generated results with other 

results. However, even if results obtained from both methods are highly correlated, these 

responses may reflect different study phenomena and different properties of these 

phenomena generated under different conditions. For instance, SET scores provided by 

students (method A) can highly correlate with peer-ratings provided by fellow lecturers 

(method B). However, students versus lecturers, given their potentially varying beliefs, 

values and perspectives, may have interpreted item statements and answer categories in 

distinct ways and considered completely different teaching behaviours. Importantly, 

results are not systematically connected to the study phenomena in traceable ways (Uher, 

2021b). Specifically, the process through which raters generated data and information 

raters considered remains unexplored, which precludes data generation traceability. This 

means that the justified attribution of results to measurands cannot be established. The 

results may not represent the same information with regard to the measurands in all 

contexts (e.g., an answer category recoded into numeral “2” represents different scale 
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categories based on the scale used) and furthermore depend on the subjective perspectives 

of raters, precluding numerical traceability.  

Indeed, different evidence implies low discriminant validity of SETs. For example, 

SET scores correlated with lecturer’s ascribed charisma (Naftulin et al., 1973), enthusiasm 

(Williams & Ceci, 1997), and likeability (Clayson & Sheffet, 2006), the type of subject 

they teach (Uttl & Smibert, 2017), or even the weather (Braga et al., 2014), thus, 

constructs unrelated to teaching quality (see also Chapter 2). This implies a frequent lack 

of evidence of discriminant validity of SETs. From the viewpoint of traceability concepts, 

it remains unclear whether the values reveal reliable information about the properties of 

teaching quality or rather completely unrelated constructs.  

3.2.5.2.3 Criterion-related validity 

Criterion-related validity requires that scores on one scale (predictor) correlate 

with scores on other sources (criteria), such as certain factors and outcomes which should 

be related to ratings conceptually. For instance, students who score well on exams during 

university interviews should also perform well during their studies.  

SETs are supposed to enable researchers to evaluate teaching quality, which 

should correlate with student learning (e.g., as indicated by students’ exam scores) chosen 

as criteria. Therefore, we could assume that students should learn the most from the 

instructors who score highly on SETs. However, students taught by the lecturers who 

scored in the middle range of SETs demonstrated the highest amount of learning, whereas 

students taught by the lecturers with the lowest or highest SET scores displayed the lowest 

amount of learning (Galbraith et al., 2012). A review of three meta-analyses (Clayson, 

2009; P. A. Cohen, 1981; Feldman, 1989) similarly showed that being taught by lecturers 

with high SET scores was not significantly related to student learning, highlighting that 

previously reported significant correlations were likely only a result of small sample size 

effects (Uttl et al., 2017) rather than evidence of a correlation between high SET scores 

and enhanced student learning. Thus, unlike commonly assumed, SET scores did not seem 

to correlate with student learning linearly. SET scores therefore either do not 

appropriately reflect teaching quality or student learning is inappropriate as its criterion. 

But student learning forms an important outcome of teaching quality. Therefore, SETs 

may often have only low criterion validity.  
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3.2.5.2.4 Problems related to validity 

Validity is established based on the correlations of scores (e.g., interview 

performance scores versus future learning scores), yet without considering how the data 

were actually generated and how they relate to the actual study phenomena (Uher, 2021b). 

Results obtained, therefore, derive from two or more different data generation processes 

(e.g., one for the criterion, one for the predictor). It follows that each data generation 

process involves different measurands in different study phenomena (Uher, 2021b). Given 

that the information these raters considered remains unknown, unbroken, documented 

chains of results to both a) the measurands b) the reference standards with universally 

understood quantitative meaning are missing. Therefore, despite high correlations, it is 

impossible to ascertain whether the results reflect accurate information about the study 

phenomena and are independent of raters’ beliefs, precluding both types of traceability. In 

sum, even high validity only demonstrates that scores created for different individuals and 

regarding different study phenomena are related. However, it cannot guarantee that the 

scientific principles of measurement, which justify attribution of generated results to 

measurand and establish results’ public interpretability, are fulfilled. 

3.3 General summary of this chapter 

The TPS-paradigm is a novel paradigm that provides detailed conceptual 

frameworks for studying individuals and phenomena related to individuals, which enable 

exploring the foundations of measurement and quantification across sciences. To explore 

whether SETs may contribute to the manifestation of biases, I applied these frameworks, 

which differ from mainstream ideas in psychology. This investigation revealed that data 

generation with rating scales such as SET fails to fulfil crucial methodological 

measurement criteria (justified attribution of the results to the measurand, public 

interpretability of the generated results’ quantitative meaning) and does not qualify as 

measurement.  

SETs involve studying different types of phenomena, such as behaviours, 

attitudes, constructs and semiotic representations. These phenomena may differ in their 

location to the studied individual’s body (internal vs external) or temporal extension, 

which determines the accessibility of these phenomena to raters and researchers. 

Researchers, therefore, must apply appropriate methods suited to the specific type of study 

phenomena to ensure relevant information about these study phenomena is represented in 

the appropriate ways in data. A specific kind of data generation concerns quantitative 
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data, but not all quantifications classify as measurement in the sense of two basic 

measurement criteria (justified attribution of the results to the measurand, public 

interpretability of the generated results’ quantitative meaning).  

The TPS-paradigm, building on metrological theories, defines measurement as a 

structured process in which numerical values are assigned to the study phenomena in 

clearly defined and traceable ways, starting from an empirical interaction with the 

measurand (particular quantity to be measured in target property). This fundamentally 

differs from the definition of measurement in mainstream psychology, which defines it as 

“assignment of numerals to objects or events according to certain rules”. Over the years, 

researchers developed different theories of measurement. One of them is representational 

theory of measurement, developed in the social sciences, which defines measurement 

procedures as mappings of an empirical relational system onto a symbolic system under 

certain assignment relations. This theory, however, fails to clearly establish concepts for 

implementing conditions and rules necessary for measurement. It differs from the 

principles of measurement underlying metrological frameworks: data generation 

traceability and numerical traceability. Data generation traceability requires an unbroken, 

traceable chain of connections that establishes proportional relations between the 

phenomena under research and the generated outcomes. Numerical traceability requires 

that the assigned numerical values are also connected to a known quantity standard in 

transparent and defined ways thereby establishing their quantitative meaning. 

Implementing these two principles helps to establish crucial criteria of measurement: 

justified attribution of results to the study phenomena and the public interpretability of the 

numerical values with regard to the quantity that they indicate.  

Applying the TPS-paradigm to SETs highlighted several limitations of 

standardised rating scales, such as variations in students’ item and scale category 

interpretations which preclude establishing data generation and numerical traceability. 

Specifically, abstractly worded item statements and answer scale categories mean that 

students must rely on their intuitive decisions about how to interpret these elements of 

rating scales. These interpretations commonly vary between raters. In consequence, the 

same answer scale categories fail to reflect the same information about study phenomena, 

as needed for justified attributions of results to measurand, thus measurement. 

In scale development, theoretical definitions of constructs are frequently vague, 

overlapping, ambiguous or even missing. This is prominently reflected in SETs by the 

ambiguity in defining the constructs “teaching quality” and “teaching effectiveness”. 
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Construct operationalisation does not constitute measurement because establishing 

connections between the theoretical and empirical framework of the construct always 

involves researchers’ interpretive decisions and beliefs and cannot be empirically proven. 

The blended nature of many constructs also makes it impossible to compare their 

quantities and to establish unbroken connection chains from results to (potential) 

quantitative properties in the concrete phenomena.  

The common practice of numerical recoding of answer scale categories does not 

enable researchers to explore how raters interpret and establish assignment relations 

between the symbolic (e.g., SET items) and the empirical relational system (e.g., 

lecturer’s behaviours). Furthermore, researchers often conflate numerals (signifiers) with 

numbers, thereby ascribing numerals mathematical and empirical properties. However, 

numerals are merely labels (signifiers) that can also represent numbers but only if 

individuals decide to attribute them the meaning of numbers. Because a sign’s meaning is 

not inherent to its signifier but depends on the individuals who are using this sign, the 

numerals also depend on people who generate data. But measurement results cannot be 

contingent on the people involved. Instead, results must always represent the same 

information about study phenomena. Without a connection between the values generated 

and a known reference quantity, public interpretability of the results’ quantitative meaning 

cannot be determined. This precludes establishing numerical traceability and thus prevents 

meaningful quantitative comparisons. 

SETs generally show acceptable internal reliability but mixed findings of inter-

rater reliability by mainstream psychology standards. However, internal reliability only 

shows how scores of a specific item relate to the scores of other items but does not 

guarantee that the results provide valid information about study phenomena in terms of 

their qualitative and quantitative properties. For example, items that provide important 

information about study phenomena may be excluded to achieve high internal reliability. 

This practice focuses on obtaining results that are statistically desired rather than results 

that reflect actual properties of study phenomena. Similarly, even high inter-rater 

reliability only suggests that raters agreed about the outcome but fails to demonstrate how 

raters arrived at their judgements and what study phenomena they actually considered, 

precluding the establishment of a connection chain between the results and study 

phenomena.  

SETs often have low discriminant, content, and criterion-related validity, even by 

mainstream psychology standards. SETs’ convergent validity is generally deemed 
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acceptable. However, because of differences in students’ interpretations of item 

statements and answer scale categories as well as distinct rating tendencies between 

students, students’ responses may reflect different study phenomena and different 

properties of these phenomena despite a high correlation between scores obtained by 

different methods. It follows that even high validity does not implement the traceability 

principles needed to justify attribution of results to study phenomena and establish results’ 

public interpretability regarding their quantitative meaning.  

In sum, psychometric scale development is commonly aligned to particular 

statistical structures desired for the results rather than to the study phenomena. Neither 

data generation traceability nor numerical traceability can be established for the data 

generation processes involved for SETs. Rating scales, therefore, do not fulfil the 

necessary principles under which data generation could be considered measurement, even 

if they fulfil psychometric quality criteria. This has important consequences for 

interpretation of SET scores. These SET scores depend on student raters’ subjective 

interpretations and decisions, which may be influenced by different biases. In sum, 

methodological and methodical limitations of rating scales discussed in this chapter may 

contribute to rather than reduce the manifestation of biases. The values generated with the 

use of rating scales lack established and transparent quantitative meanings as needed for 

quantitative investigations and therefore cannot be publicly interpretable nor justifiably 

attributed to the evaluated persons (e.g., teaching behaviours to lecturers).  
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Chapter 4: General methodology of this PhD research and its two 

empirical studies 

 

In this PhD research, I aimed to investigate how students use and interpret rating 

scales and generate ratings and the ways in which students’ underlying stereotypical 

beliefs may potentially affect their perceptions of their lecturers’ teaching behaviours and 

inferred teaching attitudes. The first aim of my research was to explore in what ways 

students hold their lecturers to potential gendered expectations. Gender-stereotypical 

beliefs could result in gendered expectations, which may then influence SET evaluations. 

My further aim was to examine the methodological limitations of standardised rating 

scales such as SETs and investigate whether they may contribute to the manifestation of 

gender biases in ratings. These limitations include variations in raters’ interpretations of 

two key components of SET scales, item statements and multistage answer categories, due 

to their abstract wording and lack of definition, which lead to a lack of data generation 

traceability and numerical traceability (see Chapter 3). If these two traceability principles 

fail to be implemented, two crucial criteria of measurement—attribution of results to 

measurands and public interpretability of numerical values—cannot be met.   

In the current chapter, I discuss the overall methodology of my project and its two 

studies. Specifically, I justify the need for this research and demonstrate its originality by 

identifying a gap in the current literature. In the subsequent section, I outline my research 

questions and explain how I addressed them. I also describe the epistemological rationale 

and underlying philosophical assumptions of this PhD research and analyse possible 

limitations of my chosen stance. Next, I present a general design of this PhD research as 

well as a detailed overview of its methodological foundations and rationale, including 

their possible strengths and limitations. Last, I explain how I ensured research quality and 

addressed potential ethical concerns. 

4.1 Rationale and research aims of this PhD research 

The overall aim of this PhD research was to critically analyse rating scales as 

methods of data generation and assess their general suitability for evaluating teaching 

quality at universities in the U.K. I focused on two crucial problems. Problem A is that 

students may hold stereotypical beliefs about their lecturers, which may influence SET 

scores. This may lead to differences in lecturers’ ratings unrelated to teaching quality. 
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Different types of bias (e.g., ethnicity bias, LGBT bias, age bias) can affect students. This 

PhD research explored bias related to gender stereotypes that may influence students’ 

judgements of their lecturers’ teaching behaviours and inferred attitudes. Problem B 

concerns the application of standardised rating scales and related problems that may stem 

from their methodological foundations. These problems, which remain largely 

unexplored, involve individual differences of the raters affecting their interpretation of 

items and answer scale categories (Lundmann & Villadsen, 2016; Rosenbaum & Valsiner, 

2011; Uher & Visalberghi, 2016). This may result in a lack of data generation and 

numerical traceability, thus questioning the attributability of the generated results to the 

evaluated people (Uher, 2018a, 2020, 2021c). Problems A and B are intertwined because 

the methodological limitations of rating scales may lead to the manifestation of biases 

(e.g., in SETs). Specifically, the standardised format of the SETs (e.g., abstractly worded 

items, restricted answer format) requires contextualisation and interpretation by 

respondents, which may increase rather than reduce the influences of unintentional biases 

on the data generated (Reinsch et al., 2020).  

Furthermore, students’ opinions about teaching evaluations and the ways in which 

they approach SETs are largely unknown. It is unclear how much time students dedicate 

to this task, whether they complete them simultaneously when asked or whether they even 

find SETs useful in general. I, therefore, also aimed to explore students’ perceptions, 

attitudes and approaches towards SETs in this research. 

4.2. Originality of this research 

Numerous institutions, including universities, use standardised rating scales to 

generate a large amount of data in a quick, cheap, and convenient way (Rose, 2005). 

However, whereas researchers generally invest efforts into enhancing methods of data 

analysis and establishing reliability and validity of rating scales, it is still unclear how 

exactly raters accomplish the task of generating data (e.g., Uher, 2018b) and thus how 

these data relate to the actual study phenomena. Furthermore, little is known about how 

individual characteristics of raters may affect the generated data, what precisely these data 

are meant to indicate and whether the produced outcomes may even reflect quantitative 

information or measurement results as commonly assumed. 

Despite the vast body of literature investigating response biases and judgement 

formation in standardised rating scales, as well as gender bias and gender stereotypes in 

SETs (see Chapter 2), only a limited number of researchers (e.g., Reinsch et al., 2020; 
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Uher et al., 2013; Uher & Visalberghi, 2016) have proposed that these two problems may 

be intertwined, specifically, that the methodological limitations of rating scales may 

increase the manifestation of biases. Nobody seems to have investigated this problem 

empirically in the context of SETs at U.K. universities.  

Furthermore, researchers commonly assume that raters interpret item statements 

and answer scale categories in standardised ways and rarely explore whether raters’ 

interpretations align with researchers’ own interpretations. Raters are seldom asked to 

provide their interpretations of item statements. However, if raters interpret specific 

questions differently, they are essentially all answering a different question (e.g., R. 

Bennett & Kane, 2014). Potential variations in raters’ interpretations may also contribute 

to the manifestation of biases during a rating process (see Chapter 3). 

In my PhD research, I aimed to find out how students generate data on the SET 

scales. This included exploring students’ interpretations of item statements and answer 

scale categories to investigate whether students interpret these elements in standardised 

ways as commonly assumed. I also explored whether gendered expectations and gender 

stereotypes may have affected students’ ratings of their lecturers. Furthermore, I examined 

a relationship between student participants’ ratings on the SET items and information 

students considered when rating their lecturers on these specific items. Regarding the 

originality of this research, there only seems to be one U.K. study that explored module 

evaluations in terms of this relationship so far (Robertson, 2004). Unlike Robertson’s 

study, however, my PhD addressed not only a relationship between students’ ratings and 

interpretations of items but also how these interpretations may reflect gender stereotypes. 

Moreover, researchers also rarely explore whether a different format of rating 

scales (e.g., scales starting with “strongly disagree” versus “strongly agree”) affects rating 

processes. Evidence shows some support for bias towards the left side; that is, respondents 

favoured answer scale categories on the left part of the scale (Friedman & Amoo, 1999). 

However, what remains unknown is whether raters interpret or use answer categories 

differently depending on their format. I, therefore, examined how a different format 

(ascending versus descending order of answer scale categories) of scales affected 

students’ responses in SETs. Researchers in the U.K. used both ascending and descending 

scales to research SETs (e.g., Brown et al., 2015) but did not specify whether a specific 

scale format influenced SET results. No previous study in the U.K. so far seemed to have 

examined whether students’ interpretations and use of the answer categories varied 

depending on the scale direction. 



93 
 

This research involved the application of the TPS-paradigm, which provides, 

amongst others, integrated conceptual frameworks for analysing research methods (Uher, 

2015, 2018a, 2018c, 2019, 2020). No other research had so far applied the TPS-Paradigm 

to examine the methodological limitations of SETs and how they may lead to the 

manifestation of gender biases in SETs. Research on gender biases in SETs is frequently 

either atheoretical (e.g., Fan et al., 2019) or applies theoretical frameworks focused solely 

on gender stereotypes, such as the stereotype content model (e.g., El-Alayli et al., 2018). 

Application of the TPS-paradigm enabled the investigation of how students evaluate their 

lecturers and the potential influence of gender stereotypes using a sound methodological 

and conceptual framework anchored in several disciplines. In sum, my research provided 

one of the first extensive examinations of students’ interpretations and use of rating scales 

during completing SETs. 

4.3 Research questions 

I organised the research questions into four sections: the first section explored 

students’ views on their lecturers’ behaviours and attitudes to investigate what type of 

information students consider important when reflecting on or rating their lecturers’ 

teaching. The next section focused on potential variations in students’ interpretations of 

the key elements of rating scales. I followed by analysing whether gender stereotypes may 

influence how students judge their lecturers. The last section investigated students’ 

general expectations of their lecturers and students’ approaches towards SETs.  

4.3.1 Students’ views on lecturers’ teaching behaviours and inferred attitudes 

RQ1: Which of their lecturers’ teaching behaviours do students generally consider 

important? 

RQ2: Which inferred attitudes of their lecturers do students generally consider important? 

RQ3: Which teaching behaviours and inferred teaching attitudes do students consider in 

their SET ratings? 

4.3.2 Students’ interpretations and uses of item statements and answer scale categories 

RQ4: In what ways do students interpret the item statements of SET scales in general, and 

what meanings do students construct for these statements?  

RQ5: In what ways do students interpret and use the answer categories of SET scales 

when completing teaching evaluations? 
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4.3.3 Gender differences between lecturers 

RQ6: What are possible differences in the teaching behaviours and inferred teaching 

attitudes that students consider in SET ratings when judging male versus female lecturers?    

RQ7: How do students weight specific teaching behaviours and presumed attitudes when 

generating their ratings of the lecturers and does it differ by the lecturers’ gender?    

RQ8: What are potential differences in the ways in which students use and interpret 

typical answer categories on SET Likert scales when judging male versus female 

lecturers?  

4.3.4 Students’ general attitudes towards SETs and expectations between faculties  

RQ9: How do students regard SETs in general, and how do students approach their 

completion?   

4.3.5 Over-arching question: the manifestation of gender biases  

R10: Can students’ underlying potential stereotypical gender beliefs and expectations of 

their lecturers influence how students evaluate their lecturers with rating scales?         

4.4 Epistemological foundations of this research  

Epistemology refers to the area of philosophy concerned with knowledge 

generation. Specifically, epistemology explores how people acquire knowledge and what 

type of knowledge can they acquire (Willig, 2008). An epistemological stance is defined 

by a set of assumptions that researchers hold about knowledge. This stance acts as a 

philosophy-of-science basis that underpins the research project (DSouza, 2017). 

Epistemological stance influences a researcher’s methodological approach, the research 

methods chosen to investigate study phenomena, as well as a researcher’s approach to 

data analysis and interpretation (Barbour, 2014; Carter & Little, 2007; Willig, 2008). 

Positivist epistemological stance assumes a direct relationship between observed 

reality and an individual’s understanding and perception of this reality (Willig, 2008). 

Standardised rating scales build on positivist epistemology (e.g., Uher, 2018a), which 

involves raters’ generalised abstract judgements and therefore disregards potential 

variability in these judgements. It also encompasses deterministic input-output models 

that capture raters’ reaction to items but discount raters’ roles in the construction of 

meanings for these items (Uher, 2021d). However, the process through which people 

acquire knowledge, as well as interpret and perceive the social world, is influenced by 
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their beliefs and mental constructions (e.g., Hinton, 2017; Oakes & Turner, 1990; Uher, 

2021d; Westra, 2019). This entails a risk of anthropo-centric, ego-centric and ethno-

centric biases, which occurs when an individual’s own role in the world (e.g., in terms of 

their own gender or socio-cultural background) affects how they perceive and conceive 

phenomena (Uher, 2015c). For instance, when students indicate their teaching evaluations 

on standardised rating scales, students’ interpretations of their lecturers’ behaviours and 

inferred attitudes may be influenced by students’ own ideas and beliefs about gender and 

thus be susceptible to biases.   

To explore those influences, the epistemological position I applied to investigate 

students’ judgements about their lecturers’ behaviours and attitudes in this research is 

social constructionism. This approach emphasises the active role of persons who construct 

and experience reality through the use of language. However, the focus is neither on the 

individual experience nor on the essential nature of reality, but rather on the processes 

through which people construct knowledge about their social world (Willig, 2008). Many 

researchers use terms ‘social constructionism’ and ‘interpretivism’ interchangeably. 

Others noted some differences between these positions, such as more defined approaches 

to reflexivity in social constructionism or differences in the role of language, seen as a 

‘tool’ in interpretivism but taking a central role in ‘social constructionism’ (e.g., Y. Y. 

Chen et al., 2011). Specifically, in interpretivist approaches, researchers usually see the 

language as a means used to describe one’s experience. In social constructionism, 

researchers focus on how individuals use language to construct their perceptions of 

reality. For example, the same experience or object can be described in either a positive or 

negative way (Burr, 2003; Y. Y. Chen et al., 2011; Willig, 2008). The core idea of social 

constructionism is that human experience is mediated by language, putting language into 

the central focus. I acknowledge these differences between interpretivism and social 

constructionism but perceive them as subtle. Both positions emphasise the importance of 

meanings and social context, as well as the active role of participants and researchers. 

Therefore, I conceptualise these positions as synonymous. In my research, I analysed 

participants’ individual interpretations of statements, but my focus concerned exploring 

broader patterns in the ways in which participants constructed meanings in this social 

context.  

Consistent with the social constructionism approach, I made the following 

assumptions in my PhD research: 
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a) Gender, gender roles and beliefs heavily depend on context. 

Specifically, gender roles and beliefs are constructed historically and socially 

instead of constituting the inherent traits of men or women (Baber & Tucker, 

2006). Gender is therefore seen as a social process heavily shaped by social 

interaction (Marecek et al., 2004). 

b) How individuals perceive certain phenomena depends on their pre-

existing schema, making perception a constructive process (Bem, 1981). For 

instance, people derive meanings and a sense of reality from the socio-cultural 

categories available to them (Marecek et al., 2004). Moreover, individuals use 

these categories to memorise information and later recall memories of originally 

perceived phenomena through these socio-cultural categories (Bem, 1981). 

People’s choice of words could therefore reflect gender stereotypes (Sprague & 

Massoni, 2005).  

c) Social context differs by culture (Burr & Dick, 2017). Specifically, 

social concepts and categories do not hold universal meanings but are unique to 

each place and time (e.g., Marecek et al., 2004). People from different 

backgrounds may therefore interpret meanings in various ways. For example, in 

Study 1, I explored whether students interpret commonly used SET item 

statements in standardised ways, as frequently assumed. In Study 2, I examined 

potential variations in students’ interpretations of answer scale categories.  

Social constructionism is frequently described as “relativist”, specifically, based 

on the assumption that reality is subjective. This position emphasises the diversity of 

people’s interpretations of the world, which leads to the potentially controversial 

implication that definite truth about the nature of social reality does not exist (Burr & 

Dick, 2017). Specifically, this approach denies the existence of the “universal” or absolute 

truth about the social world. Instead, it implies that truth is affected by relations within 

society (e.g., within different groups) and their relationship with language. For instance, 

people can construct categories differently based on their socio-cultural background, 

making their knowledge about the world relative. Therefore, researchers adopting the 

social constructionist approach must accept that people are likely to adopt multiple 

perspectives on any given situation, event, or object (Burr & Dick, 2017). This forms one 

of the central ideas to my research. 
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In this PhD research, I applied a moderate (less relativist) version of social 

constructionism. A moderate version differs from a radical one, which focuses on how 

individuals construct meanings in particular social contexts (Willig, 2008), but can lead to 

an assumption that everything is a social construction and there is no objective knowledge 

about the world. This may lead to a paradox as this version of social constructionism 

undermines its own claims (Elder-Vass, 2012). In contrast, a moderate version aims to 

explore the connection between the construction of social reality and the socio-cultural 

context. This version can be seen as less relativist because it partially accepts the role of 

context. Specifically, this approach acknowledges that the pre-existing social reality may 

influence individuals and the ways in which they construct meanings about their reality 

(e.g., through language; Willig, 2008). Moderate version of social constructionism differs 

from another approach, critical realism, in several aspects. Critical realism claims that 

individuals are bounded by both physical and social world. Specifically, it assumes the 

existence of the real world but recognises a socially constructed world as well (S. P. 

Taylor, 2021). Critical realism acknowledges that multiple perspectives may exist and be 

influenced by social context, but also aims to explore hidden underlying mechanisms that 

may shape events but exist independently of human perception. According to this 

position, the  real world exists, and individuals can interpret it in different ways but these 

interpretations may  differ, with some of them being better connected to a reality beyond 

words than others (Robinson, 2022). Furthermore, it is highlighted that our interpretations 

of a real world are likely to be imperfect or partial (Robinson & Smith, 2010), for 

example, we may be limited by our cognitive abilities when trying to access or understand 

a reality (Uher, 2018a). Therefore, researchers adopting this approach usually seek to 

explore both the real and social world. In contrast, moderate social constructionism also 

accepts that the real world exists, but this acknowledgment occurs on a more superficial 

level, as there is no commitment to fully explore this world.  Instead, social 

constructionism focuses on how individuals construct knowledge and meanings through 

the use of language (Fopp, 2007)  and on their interaction with the social world.  

In my PhD research, I acknowledge that participants experienced real events (e.g., 

teaching behaviours, lectures, provided materials) and critical realism approach could be 

used to explore these events.  However, I emphasise that students’ interpretations of these 

events may be influenced by subjective factors (e.g., students’ previous experiences) but 

also social context, (e.g., interactions between lecturers and students may differ between 

cultures). I also assume that gender, one of the key elements studied in this research, is 
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socially constructed and, through my research questions, I scrutinise the ways in which 

participants construct meanings for item statements. In sum, I acknowledge the existence 

of a real world, but my research focuses on students and exploring their interpretations. 

Therefore, I chose moderate social constructionism as the most suitable approach. 

4.5 General design of this PhD research: Two complementary studies 

This PhD involved two empirical studies. Study 1 explored students’ potential 

gendered expectations of their lecturers and variations in students’ item interpretations. 

Study 2 examined how students interpret and use the answer categories of typical rating 

scales and how they form their overall judgements when evaluating their lecturers. Based 

on my epistemological stance, I chose to apply a multi-method design in this PhD research 

(see 4.6.1). Study 1 and Study 2 each involved different methods of data collection and 

several methods of data analysis, both qualitative and quantitative, in order to 

simultaneously address the same research questions from different perspectives (Morse, 

2010). Qualitative data consisted of participants’ open-ended answers, and quantitative 

data involved participants’ ratings of standardised SET items, as well as percentages and 

numbers of participants providing answers categorised into the same sub-theme or theme. 

In both studies, data generation methods involved online surveys with a) open-ended 

questions, b) a set of predetermined item statements on which participants rated their 

lecturers indicated in answer scale categories. Study 1 involved students’ reflections on 

specific lecturers (real-life persons students had encountered in their studies), whereas 

Study 2 involved two scenarios about fictitious lecturers. 

 

Table 1 

Overall strategy for addressing research questions in the two empirical studies 

Research questions Information collected in Study 1 Information collected in Study 2 

RQ1 – considered 

teaching behaviours 

Participants’ reflections on teaching 

behaviours they considered important  

N/A 

RQ2 – inferred teaching 

attitudes 

Participants’ reflections on teaching 

attitudes underlying teaching behaviours  

N/A 

RQ3 – teaching 

behaviours and 

attitudes outlined in 

reasons for 

participants’ ratings  

Teaching behaviours and teaching attitudes 

participants considered in ratings of their 

own lecturers 

Teaching behaviours and attitudes 

participants considered in their 

ratings of fictitious lecturers 
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Because SETs generally involve standardised ratings, I used rating scales in both 

studies to examine the rating process. Specifically, in Study 1, I explored information that 

students had in mind when rating a lecturer from their university studies. In Study 2, I 

examined whether students’ ratings of their lecturers differed by lecturers’ gender and 

whether the different organisation of the answer categories in rating scales (starting with 

either “strongly disagree” or “strongly agree”) impacted rating scores that student 

participants gave their lecturers.  

The overall design of this research was qualitatively driven, which means that a 

qualitative approach formed the core of this project. In sum, I analysed the methodology 

of rating scales as a quantitative method of data generation with primarily qualitative 

RQ4 – meanings of item 

statements 

Participants’ general interpretations and 

constructed meanings for selected SET item 

statements  

N/A 

RQ5 – interpretations 

and use of answer 

categories 

N/A Participants’ specific interpretations 

and reasons for choosing SET 

answer scale categories + their 

ratings of fictitious lecturers 

RQ6 – perceived gender 

differences between 

lecturers’ teaching 

behaviours and 

attitudes in SETs  

Teaching behaviours and inferred attitudes 

of specific male versus female lecturers that 

participants considered in their ratings  

Reasons that participants considered 

in their ratings of fictitious lecturers 

+ answers to an open-ended 

question  

RQ7 – relations of 

information students 

considered and SET 

ratings + potential 

gender differences 

between lecturers in 

students’ ratings  

Teaching behaviours and attitudes 

participants considered and their influence 

on participants’ ratings + participants’ 

ratings of real-life lecturers (rating scores) 

N/A 

RQ8 – perceived gender 

differences in students’ 

use of answer scale 

categories 

N/A Reasons that participants considered 

in their ratings of fictitious lecturers 

+ their influence on participants’ 

ratings of lecturers + potential 

differences in participants’ ratings 

of male and female lecturers  

RQ9 – students’ 

approach to SETs 

Participants’ reflections on their approach to 

SETs, reported time invested and general 

opinions of SETs 

N/A 

RQ10 – stereotypical 

gender beliefs that may 

affect and influence the 

rating process 

Participants’ reflections on teaching 

behaviours and attitudes considered in their 

ratings + students’ ratings of their specific 

lecturers  

Reasons that participants’ 

considered in their ratings of 

fictitious lecturers and their 

influence on participants’ ratings 
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methods. Specifically, qualitative data enabled the analysis of potential shortcomings of a 

standard quantitative method. Furthermore, qualitative data enabled a better understanding 

of what information students consider when evaluating lecturers and supporting 

quantitative data provided a clearer picture of how exactly students use rating scales. The 

sample consisted of the students (or people who completed their studies less than a year 

ago) at different universities in the U.K. from a wide range of disciplines. Table 1 above 

represents a matrix to describe Study 1 and Study 2 in terms of what research questions 

were answered with which collected information. 

 

4.6 Methodological foundations and rationale 

4.6.1 The rationale for the present multi-method design for data analysis  

The purpose of both studies was to “obtain different but complementary data on 

the same topic” (Morse, 1991, p.122). This was done using a multi-method approach, in 

which qualitative and quantitative methods are both concurrently applied (Gelo et al., 

2008). The multi-method approach involves using different data types or methodologies to 

draw on the different methods’ strengths when exploring research questions (Domanski, 

2004; Gelo et al., 2008). Researchers frequently use the terms ‘multi-method design’ and 

‘mixed-method design’ interchangeably. In my PhD research, multi-method design refers 

to the use of multiple methods, which I chose from the start without yet knowing the 

outcome of the other research methods. Because my aim was to use qualitative methods to 

critically scrutinise the use of quantitative method, I applied these methods concurrently 

rather than consecutively and without using the outcomes of one to inform the design of 

the other as typical for mixed methods.  

I applied predominantly qualitative methods to explore how raters generate data, 

use and interpret item statements and answer scale categories on rating scales (a standard 

quantitative method). This approach allowed for the investigation of rating behaviours, 

but the integration of different methods also provided unique insights and perspectives 

regarding the researched phenomena (Hammond, 2005), such as the teaching behaviours 

and attitudes students considered important but also students’ potential gender biases. For 

instance, these biases could then be explored with both quantitative (rating scores) and 

qualitative methods (open-ended questions). Qualitative data were crucial because the 

type of information (e.g., students’ reflections on their lecturers’ behaviours) that students 

consider when rating their lecturers and students’ interpretations of item statements and 
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answer scale categories had to be studied through open-ended questions. This approach 

allowed me to explore potential variations in students’ answers and investigate how 

students interpret and use rating scales. Importantly, collecting both qualitative and 

quantitative data permitted me to analyse the connections between participants’ answers 

and rating scores, therefore providing essential insights into how students generate their 

ratings.   

I also obtained students’ interpretations of item statements and answer scale 

categories on SET rating scales which students used to evaluate their lecturers (open-

ended answers formed qualitative data) and student ratings on specific SET items (rating 

scores produced “quantitative” data). I analysed students’ open-ended answers with 

thematic analysis in which I quantified occurrences of the themes to determine their 

frequency. Students’ ratings (scores) could be analysed quantitatively. The multi-method 

approach in my research enabled obtaining students’ quotes about specific teaching 

behaviours and teaching attitudes students considered important when rating their 

lecturers on standardised scales.  

Each research method has inherent flaws (e.g., McGrath, 1981; Scandura & 

Williams, 2000). A multi-method approach can partially solve this problem because the 

strengths of one method could counterbalance the weaknesses of another method (S. F. 

Turner et al., 2017). However, potential limitations of the multi-method approach may 

arise from requirements that researchers have skills and expertise in applying and using 

both chosen methods. Because my multi-method design involved both qualitative and 

quantitative data, preparing for conducting this research and analysing multiple data sets 

has been likely more time-consuming than research that would be either qualitative or 

quantitative (DeMarrais & Lapan, 2003). However, broadly researching and reflecting on 

the topic can help develop the researcher’s independent critical thinking, strengthen the 

study’s methodology (Kahlke, 2014) and gain important insights otherwise not 

achievable. On the one hand, if applied methods yield different findings (e.g., rating scales 

versus open-ended questions), a researcher must find a way to understand and explain 

these differences (Jick, 1979). On the other hand, the application of several methods in 

study design can help generate a better understanding of the study phenomena (S. F. 

Turner et al., 2017). For instance, this type of design may reveal characteristics of 

phenomena not yet incorporated in theory (Jick, 1979).  

This is highly relevant to my research because how people generate rating data and 

how students use and interpret SETs remains largely unknown. In my research, qualitative 
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information revealed what teaching behaviours and inferred attitudes students considered, 

as well as students’ interpretations of answer scale categories and item statements. 

Quantitative information enabled an understanding of how this information influenced 

ratings, as well as exploring how widespread were particular ideas in my sample.   

 4.6.2 Quality assurance of research 

Quality assurance refers to various approaches intended to develop and maintain 

standards of science and higher education (Dill, 2009). Because I evaluated the quality of 

the standardised rating scales with predominantly qualitative methods, I considered the 

most relevant quality criteria of both a) survey research in psychology (Protogerou & 

Hagger, 2020) and b) transparent qualitative research, which included the rationale for 

the chosen qualitative data analysis method, transparent description of the coding process 

(Aguinis & Solarino, 2019), credibility and reflexivity. Several of these quality criteria 

applied to both qualitative and quantitative elements of my research and are therefore 

presented below.  

 

4.6.2.1 Quality criteria applying to both quantitative and qualitative research 

 

4.6.2.1.1 Position of a researcher along the insider-outsider continuum 

I conceptualised “insider-outsider” status as a degree to which I felt like a member 

of the group based on my shared status or experience with participants (Gair, 2012), as 

well as my relationship towards them (Aguinis & Solarino, 2019). I adopt the view of 

Eppley (2006) in rejecting a binary approach to insider-outsider positioning and perceive 

it rather as a continuum. As a PhD student at the U.K. university, I placed myself closer to 

the “insider” position on the insider-outsider continuum in terms of my student status 

(Aguinis & Solarino, 2019). Specifically, my own subjective experiences as a student may 

have affected how I perceived and analysed the generated data, which could differ from 

the perspective of persons who do not identify as students. Similarly, I would generally be 

closer to “insider” in terms of gender because most participants identified as women. I am 

also “outsider” in some aspects, such as being an E.U. student, whereas majority of 

student participants were U.K. students. However, because this research involved also 

participants identifying as men or non-binary, as well as International and E.U. students, 



103 
 

my position in this continuum differs based on the demographics of specific participants 

and can therefore be perceived only in this generalised context. 

In both studies, I had no direct contact with participants, who remained 

anonymous throughout the surveys. I provided my email on a consent form to give 

participants an option to contact me to ask any questions before starting and after finishing 

the survey. No participant contacted me with questions before completing the survey, but 

several contacted me afterwards, with positive feedback or requesting a future update 

about my findings.  

 

4.6.2.1.2 Sampling approach and procedures 

In both Study 1 and Study 2, participants were students from across U.K. 

universities (or people who completed their studies less than a year ago) of different ages 

and genders. I chose this target group because of its representativeness, as SETs at 

universities are always completed by students.  

Study 1  

In the first stage of recruitment, I used opportunity sampling, in which participants 

are selected due to their availability, by advertising this study on websites designed for 

that purpose (e.g., SurveyCircle, Sona systems)9, as well as during one lecture at the 

University of Greenwich. This type of sampling may, however, potentially limit diversity 

in the sample. For instance, most participants recruited during the first stage of Study 1 

had psychology academic backgrounds. In the second stage of recruitment, and to enable 

recruiting participants from various disciplines to explore different viewpoints and reduce 

potential sampling bias, I used purposive sampling. This type of sampling refers to 

maximum variation, specifically, collecting a wider range of participants (e.g., from 

different academic backgrounds) to capture different viewpoints about the phenomena. 

My purposive sampling strategy involved contacting the Directors of Research of 

disciplines outside psychology at the University of Greenwich, one of which forwarded 

my advertisement to his students. 

 

 
9 Sona system is a research participation scheme also used by the University of Greenwich. Student 

participants recruited through Sona system receive Sona points (credits) for their participation.  
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Study 2 

The aim in Study 2 was to recruit a large number of participants to improve the 

representativeness of findings. To achieve this, I used opportunity sampling combined 

with snowball sampling, in which a study participant recruits other participants. Snowball 

sampling, which involved inviting participants to advertise the study in their study groups, 

enabled reaching a high number of students, and capture diversity as shown by 

participants’ various academic backgrounds.  

 

4.6.2.1.3 Sample size and data saturation 

Qualitative researchers generally tend to recruit a small size of participants due to 

the time-consuming nature of data collection and analysis (e.g., Willig, 2008) and because 

they focus on the richness of data rather than large sample size typical for quantitative 

research (e.g., Migiro & Magangi, 2011). However, in some types of qualitative research, 

such as brief text research (e.g., qualitative surveys), the richness of data stems from the 

diversity of participants’ responses rather than their depth (Robinson, 2022). Furthermore, 

qualitative researchers may intend to reach some degree of representativeness if the 

explored phenomena apply to more people than the study participants (Willig, 2008). I 

aimed to produce some general knowledge on how students generate ratings and use and 

interpret rating scales, and, therefore, achieve a certain level of representativeness in my 

research. Because I explored a standard quantitative method with predominantly 

qualitative methods, my student participants provided numerous but relatively brief 

answers when explaining their interpretations of different item statements and answer 

categories. I, therefore, needed to recruit a sample size larger than would be typical for a 

predominantly qualitative project.  

The sample size is closely related to the saturation point, which is reached when 

the information provided by participants becomes repetitive and fails to provide any novel 

insights (Bowen, 2008). In both studies, I read generated data already during the data 

collection process. I continuously considered the collected information and reflected on 

whether participants’ answers still appeared to provide new insights. I ended the data 

collection when the answers seemed to become repetitive and unlikely to yield novel 

information about phenomena. 
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A general recommendation for sample size in qualitative surveys conducted for a 

PhD project and analysed by thematic analysis is 50+ participants for a part of the project 

and 200+ for the whole project (Šula, 2018).  In line with this recommendation, but also 

guided by saturation point, I recruited 181 participants for Study 1 and 336 participants 

for Study 2. This enabled me to obtain a diverse range of participants’ answers and 

achieve a sufficient degree of representativeness. 

4.6.2.1.4 Research setting 

 I set up both studies online. I conducted Study 2 during the COVID-19 pandemic, 

which hindered the use of in-person research settings I originally planned. The online 

setting might exclude those students who dislike or are reluctant to use online technology. 

However, numerous universities started implementing completing SETs online 

(Lowenthal et al., 2015), and during pandemic, institutions worldwide transitioned fully to 

online mode of teaching and related activities (Peimani & Kamalipour, 2021). Another 

potential limitation is that technical problems (e.g., loss of network connection) could also 

impact participation (Lefever et al., 2007). However, the advantages of online research 

settings were complete anonymity, which may have allowed participants to describe their 

experiences with their lecturers freely, as well as convenience in terms of time (Lefever et 

al., 2007). Furthermore, online research settings likely enabled recruiting a larger (and 

thus more representative) sample compared to in-person research settings (Robinson, 

2022). The online setting also allowed recruiting participants from different universities in 

the U.K., and therefore different locations, which improved the sample’s 

representativeness. If I had used an in-person setting, such recruitment would not have 

had been feasible due to time and travel constraints. The use of online surveys may have 

also enabled reducing my own potential biases that could affect participants because, 

unlike with interviews, participants had no direct interaction with me (Sargeant, 2012). 

Therefore, participants were less likely to be influenced by any of my leading research 

questions, my potential beliefs or biases about gender, gender roles, or gender stereotypes.  

4.6.2.1.5 Research materials 

Researchers should always report research materials (e.g., rating scales) in full, 

including item statements used in the study (Protogerou & Hagger, 2020). I initially 

researched what SET items are used in various U.K. universities. Ultimately, I derived the 

item statements from the SET questions used by the University of Greenwich, according 
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to two conditions, a) item statements that were repetitive and frequently used also by other 

universities, b) item statements that seemed directly related to lecturers’ behaviours and 

thus potentially more open to interpretation. For instance, item “Feedback has helped me 

develop and improve my performance” would be chosen instead of “Feedback on my 

work has been timely (normally within 15 working days)” because the latter would likely 

generate more homogenous responses, whereas the former item statement is less specific 

and may result in varying interpretations. When necessary, I slightly adapted item 

statements to suit the context (e.g., “Their feedback has helped me develop and improve 

my performance” instead of “Feedback has helped me develop and improve my 

performance”), to avoid students simply commenting on the usefulness of feedback in 

general (see also Chapter 6). The specific item statements are enclosed with each study. 

4.6.2.2 Criteria specific to quantitative research 

Researchers usually assess the quality of quantitative research by examining its 

validity and reliability, such as that of applied research instruments (e.g., rating scales; 

Cameron, 2011; Frambach et al., 2013; Golafshani, 2003). Most psychologists assume 

that establishing validity and reliability would allow them to replicate and generalise their 

findings. These concepts are strongly rooted in a positivist paradigm (Cameron, 2011; 

Carminati, 2018).  

4.6.2.2.1 Validity and reliability 

I derived these established rating scales from the U.K. universities. Importantly, I 

did not apply these scales to gather information about teaching quality, instead; I explored 

how students interpret and use rating scales, to examine any potential problems with their 

validity and reliability with the use of predominantly qualitative methods (see also 

Chapter 3). I provided a full overview of the used item statements in Chapters 5 (Study 1) 

and 6 (Study 2). 

4.6.2.2.2 Methods of quantitative data analysis 

My research contained two types of quantitative data: a) participants’ ratings of 

their lecturers, b) themes and sub-themes of teaching behaviours, inferred attitudes, and 

interpretations of items, which frequency in the sample I quantified. Initially, I obtained 

participants’ ratings with a shortened version of standardised rating scales generally used 

by the U.K. universities (see Research materials). This approach enabled me to critically 
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analyse and empirically investigate potential methodological or methodical limitations of 

rating scales.  

To explore how participants weighted the information they considered in their 

ratings of lecturers, I ran bivariate correlation analyses. Multiple tests may lead to a higher 

risk of Type I error, which occurs when the null hypothesis is rejected despite being true 

(i.e., false positive). Researchers proposed different correction methods to control for this 

risk, of which the most commonly used is Bonferroni-procedure. However, the Bonferroni 

method is conservative and may lead to over-adjusting p-values and false negatives 

(Menyhart et al., 2021). In contrast, the Benjamini-Hochberg procedure is less stringent, it 

aims to limit false negatives, and is suited for exploratory research (Benjamini & 

Hochberg, 1995). This procedure consists of ranking of p-values in ascending order and 

calculating Benjamini-Hochberg critical value for each p-value with the use of formula: a 

rank of each p value is divided by the overall number of analyses and multiplied by False 

Discovery Rate. This error rate is chosen by researcher and may be higher than 5%. I 

applied False Discovery Rate of 10% in Study 1 because of its exploratory nature. In 

Study 2, I built upon the insights from Study 1 and therefore applied more stringent False 

Discovery Rate of 5% in order to minimise Type 1 error. Once the highest p-value is 

found to be lower than the calculated critical value, all the previous (lower) p-values are 

considered significant (Benjamini & Hochberg, 1995; Menyhart et al., 2021). 

To further examine these limitations, I then quantified the prevalence of the 

identified themes and sub-themes to explore potential variations in students’ 

interpretations of the item statements and answer scale categories studied. Finally, I 

calculated the occurrences of each theme and sub-theme in the sample (e.g., even if the 

participant mentioned a certain sub-theme several times, I only counted this occurrence 

once per item).  

To achieve transparency and establish a clear link between the research questions, 

study phenomena, and data analyses, I justified each statistical technique I used and 

explained what knowledge I aimed to gain (see Chapters 5, 6).  

4.6.2.2.3 Measurement principles 

Although two measurement principles are generally not used as quality criteria in 

quantitative psychology, I now consider my analysis from the viewpoint of these 

principles. Unlike participants’ ratings, the quantified frequency of the themes fulfilled a 

requirement of data generation traceability. Specifically, I established an unbroken link of 
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connections between themes or sub-themes and produced frequencies. The quantitative 

results that I generated could be traced back to the particular properties (themes and sub-

themes of considered teaching behaviours, attitudes, and interpretations of items) in clear 

and transparent ways, which established object-dependence. Similarly, numerical 

traceability was established, because the generated quantitative results were linked to 

conventional objective standards and were independent of people interpreting or using 

them, in that certain percentage of participants always referred to the same value in this 

study, thus implementing subject-independence. For instance, 50% of participants 

considering content related to the theme “availability and quality of content” when rating 

structure and organisation of the module, can be traced to all specific instances in which 

they mentioned content related to this theme and, therefore, a specific number.   

4.6.3.3 Criteria specific to qualitative research 

Qualitative research applies different procedures than those standardised in 

quantitative research (Willig, 2008). This can make it difficult to assess a study’s quality, 

which may undermine research findings (Mays & Pope, 2000). Quality assurance can help 

establish the trustworthiness of qualitative research and diminish possible concerns about 

its usefulness and validity (Collingridge & Gantt, 2008). Quality assurance of qualitative 

research consists of two important elements: the authenticity of the generated data and the 

trustworthiness of the analysis (Sargeant, 2012). Ensuring both advances the rigour and 

overall quality of research. To address the trustworthiness of the data, I clearly described 

the analytical processes10, the procedure for resolving differences in findings between 

team members (Study 1) and discussed how my biases may have influenced research 

(Sargeant, 2012). Specifically, I documented how my beliefs, biases or subjective 

opinions may have affected the ways in which I conducted this research (e.g., during data 

interpretation; see also 4.6.3.3.3). To establish the authenticity of data, which concerns 

data quality and sampling procedures (Sargeant, 2012), I ensured that the sampling 

approach contributed to answering the research questions and was selected in a way that 

would reduce sampling biases.  

 

 

 
10 I elaborate on analytical processes in Chapters 5 and 6. 

 



109 
 

 

4.6.3.3.1 Methods of qualitative data analysis 

I used thematic analysis, which is a flexible method usually applied to detect 

patterns and meanings in qualitative data (Braun & Clarke, 2006). Thematic analysis is 

suitable for analysing large datasets with over 60 participants and allows analysis of any 

kind of data, including qualitative surveys (Vinet & Zhedanov, 2011). Both studies 

involved predominantly qualitative data: students’ reflections on behaviours and attitudes 

as well as interpretations of item statements (Study 1) and answer scale categories (Study 

2). Because Study 1 involved 181 participants and Study 2 included 336 participants, the 

thematic analysis was well suited for my datasets. Thematic analysis also has theoretical 

flexibility and is not tied to any particular epistemological position (Willig, 2008). This 

method, therefore, could be used in my research, in which I applied the social 

constructionism approach.  

However, the relative accessibility of thematic analysis may sometimes lead to a 

lack of actual analysis when a researcher reports data extracts but does not interpret these 

data to answer the research questions (Terry et al., 2017). Furthermore, because of its 

theoretical flexibility, researchers must clarify their epistemological position to make 

thematic analysis meaningful (Willig, 2008). To avoid these pitfalls, I clearly established 

my epistemological approach before conducting my research and followed the criteria by 

Braun and Clarke  (2006) on how to conduct thematic analysis well. Specifically, I 

ensured that the coding process was thorough, data have been actively analysed with each 

response being given sufficient attention, and I clearly and consistently reported the 

themes and connected my findings to the original data.  

I applied standard thematic analysis, which involves six steps: familiarising with 

data; generating initial codes; searching for themes; reviewing potential themes; defining 

and naming themes; and producing the report (Braun & Clarke, 2006). In Study 1, I 

analysed the open-ended answers data with thematic analysis and quantified the 

occurrence of particular sub-themes and themes in my sample. In Study 2, I applied most 

principles from structured tabular thematic analysis (ST-TA), which positions itself on the 

spectrum between thematic analysis and approaches to analysing brief texts (Robinson, 

2022). This method combines a qualitative approach with limited quantification and is 

highly suitable for the analysis of brief open-ended answers by many respondents and, 

therefore, fully appropriate for this study.  
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This approach shares similarities with standard thematic analysis by Braun and 

Clarke (2006). Both seek meaningful reoccurring patterns in data and allow flexibility 

because of their compatibility with deductive/inductive and manifest/latent analyses. The 

structured tabular thematic analysis (ST-TA) builds on assumptions that supporting 

qualitative findings with numbers (e.g., of theme frequencies) may enhance data 

analysis’s overall quality and precision (Robinson, 2022). Therefore, unlike standard 

thematic analysis, it provides guidelines for calculating theme frequencies. These 

frequencies provide important information about the prevalence of themes and facilitate 

the ways in which readers interpret findings. Another difference concerns calculating 

inter-analyst agreement, which was criticised by Braun and Clarke (2019) as enforcing a 

positivist agenda on qualitative research. However, researchers may check inter-analyst 

agreement in order to enhance transparency, clarity and rigour of analysis rather than to 

establish objective facts. ST-TA could also be seen as similar to qualitative content 

analysis, which may be used to analyse brief texts. However, whereas content analysis 

emphasises frequencies, ST-TA focuses on establishing meaning and context of the 

themes, such as by illustrating them with quotes, with quantification playing a supportive 

rather than main role (Robinson, 2022). 

A potential disadvantage of ST-TA concerns sampling. Due to its emphasis on 

breadth and diversity rather than depth of responses, the sample may frequently be larger 

than for in-depth qualitative studies. Researchers should, therefore, consider flexible 

sampling approaches  that may differ from (solely) purposive sampling strategy frequently 

applied in interview studies with smaller samples (Robinson, 2022). I used opportunity 

sampling combined with snowball sampling. Participants who took part in my study that 

involved a considerable amount of writing may not represent typical university students, 

which presents a potential risk of sampling bias. For instance, the views of certain groups 

of students may not be captured. This may, however, follow patterns in real life, as 

different groups of students can be more or less inclined to complete SETs.   

 

4.6.3.3.2 Thematic analysis: coding process 

Study 1  

I followed the procedure by Braun and Clarke (2006; see Chapter 5 for a detailed 

description of this process). I discussed the themes and sub-themes for each coded item 
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with a member of the supervisory team and revised themes based on this discussion. 

Furthermore, I calculated a degree of agreement between one of my supervisors and me 

for the coding of two items. Additionally, I identified frequencies of themes and sub-

themes that I visualised in corresponding figures. To make this process understandable 

and transparent, I created coding frames that demonstrate how codes were assigned to 

participants’ quotes and how these codes generated sub-themes and final themes. 

 

Study 2 

I was guided by a) the procedure for conducting thematic analysis (Braun & 

Clarke, 2006), and b) most principles described by Robinson (2022), specifically his 

process for analysing brief texts (ST-TA). Robinson’s approach involves a) a priori theme 

development for hybrid and deductive thematic analysis, b) deep immersion in the data, c) 

generating initial codes and naming themes, d) tabulating themes against data segments, e) 

checking inter-analyst agreement, f) exploring theme frequencies, g) developing thematic 

maps and diagrams and h) producing a report. 

In my study, I followed a process of analysing data that was similar to ST-TA with 

several alterations. At first, a) I considered my themes from Study 1 as orientating 

constructs that I used as a starting point. I later modified these constructs based on data 

from Study 2. Next, b) I deeply immersed myself in data through reading participants’ 

answers and adding detailed notes, which I have done at least twice for each dataset. 

Afterwards, c) I generated initial codes and named themes, aiming to convey their 

meanings in clear ways. In relation to step d), I conducted the first part of my analysis in 

Word instead of Excel, and therefore, used a different system to attach data segments to 

themes. For step e), I checked the inter-analyst agreement through informal discussions 

with my supervisors. I used a more structured process consistent with the one described in 

Robinson (2022) to check the inter-analyst agreement in Study 1, but applied a less 

structured process in Study 2. Afterwards, I f) explored the theme frequencies as this may 

provide additional clarity and precision to the analysis (Robinson, 2022). Additionally, 

these frequencies, here understood as supportive to qualitative data, may also help readers 

better understand data derived from complex findings. In relation to step g), to visualise 

themes and present analytical patterns concisely, I created tables instead of diagrams, as 

this allowed to clearly demonstrate how themes related to the examined answer scale 
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categories. Last, h) I produced a report. Because brief texts formed a qualitative part of 

data, I discussed themes in line with the standard qualitative data write-up section.  

 

4.6.3.3.3 Credibility and reflexivity 

Credibility serves as an important criterion for ensuring the internal validity of 

qualitative research and increases with an accurate description of the context and 

interpretation process, as well as an application of triangulation (i.e., multi-method 

approach) and reflexivity (Hammarberg et al., 2016). To address credibility, I kept the 

records of participants’ responses and a record of my own assumptions, decisions, and 

thoughts during the coding process. I applied a multi-method approach by using a 

predominantly qualitative method to study rating scales as a standard method of 

quantitative data generation and aimed to provide detailed descriptions of context.  

To ensure reflexivity, I tried to maintain a continuous awareness that my personal 

stance may affect the research outcome and apply constant critical self-evaluation during 

this process (Berger, 2015). I engaged in reflexivity to acknowledge any of my potential 

subjective opinions or unintentional biases affecting the way in which I construct and use 

reality and language, as well as my interpretation of data (Berger, 2015; Finlay, 2002). 

Applying reflexivity helped to reduce the potential effects of my biases, experiences, or 

opinions on the research process, or, when unavoidable, interpret findings in light of these 

biases (e.g., Berger, 2015) and enhance the transparency of this process. I include the 

following reflexivity statement to describe my background and its potential impact on this 

research:  

I am a cisgender White female postgraduate E.U. student, working on this research 

during my late twenties and early thirties. I grew up in Slovakia and moved to London 

after graduating from secondary school. My cultural background could have impacted this 

research because the higher education system in Slovakia differs from the one in the U.K. 

There is a high degree of formality in instructor-student interaction. Students in Slovakia 

tend to address their instructors formally or using their titles. Although students may 

informally evaluate their lecturers through the websites for this purpose, official student 

evaluations of teaching organised by universities are less frequent compared to the U.K. 

After completing a bachelor’s degree in Psychology with Management at Goldsmiths 

University, I obtained a master’s degree from City University in Organisational 
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Psychology. I wrote this dissertation for my PhD degree in Psychology at the University 

of Greenwich.  

I am familiar with teaching, both at university and in sports settings. I worked as a 

qualified tennis coach for over ten years. This profession is rather male dominated. Only 

23% of tennis coaches are women, and this number declines with increasing levels of 

qualifications. I obtained Level 3 (out of 5), which is considered relatively high and 

enables coaches to run individual or group sessions with players of any level without 

supervision. During my Level 3 coaching course, the instructor remarked on much better 

than a usual representation of women in our group (29%). As a woman, my occasional 

experiences with gender bias (usually microaggressions or benevolent sexism) could also 

have influenced my research. During my PhD studies, I also taught at the academic level, 

leading seminars for undergraduate Level 4 and Level 5 students. This enabled me to 

better understand the challenges that lecturers may face when teaching students. 

4.7 Ethical considerations 

To ensure that participants a) did not suffer any harm and b) maintained their well-

being and dignity (e.g., Willig, 2008), I identified and addressed relevant ethical 

considerations, guided by the BPS Code of Ethics (British Psychological Society, 2014). 

Because the use of online surveys may result in additional ethical issues, I also focused on 

four general ethical issues associated with the use of online surveys, specifically: a) 

informed voluntary consent, b) use of incentives, c) privacy, anonymity and 

confidentiality, and d) ensuring data quality (Roberts & Allen, 2015). This section 

discusses general ethical issues pertaining to both studies. Issues specific to Study 1 or 

Study 2 are discussed in more detail in Chapter 5 (Study 1) and Chapter 6 (Study 2). 

To gain informed voluntary consent, the survey started with a consent form and 

only participants who provided consent could proceed. All participants in both studies 

were informed that their participation was voluntary, and they could withdraw at any time 

without providing any reason. Participants could also withdraw up to two weeks after 

completing the study by contacting me with a code they generated during the survey, but 

nobody did so. Participants studying or planning to enrol to the University of Greenwich 

could feel uncomfortable about withdrawing from this study. Therefore, students were 

informed through the participant consent form that their future with the university would 

not be affected in any way if they decided to withdraw. Furthermore, participants stayed 

anonymous throughout the survey (see also below). 
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Regarding the use of incentives, participants from the University of Greenwich 

could use the Sona system to participate in Study 1 or Study 2 for credit. Following the 

recommendation by Roberts and Allen (2015), this was done through participant pools at 

the departmental level. To protect students’ privacy and anonymity, I did not collect any 

I.P. addresses. The anonymised collected information was only seen by either my 

supervisory team or me. Participants from universities recruited outside of the University 

of Greenwich did not have to specify their university to protect their anonymity further 

(this was not always possible at the University of Greenwich if participants used Sona 

systems). Students could also choose to participate in other surveys advertised in Sona 

system instead. 

In an online setting, respondents choosing not to answer all questions may result in 

missing data and reduce the overall quality of data (Roberts & Allen, 2015). However, 

because participants have the right not to answer all questions, applying forced questions 

may lead to ethical issues if participants feel uncomfortable providing answers. It can be 

unclear whether the participant aimed to skip the question intentionally or by accident. To 

reduce unintentionally missing answers, I chose to use alerts instead of forced responses 

for individual survey questions. These alerts notified participants they skipped answering 

a question, but participants could still proceed and omit questions they were not 

comfortable answering.11 

4.8 General summary of this chapter  

The overall aim of this PhD research was to investigate the suitability of SETs for 

their purpose. Specifically, I explored whether and how the methodological limitations of 

standardised rating scales may contribute to, rather than reduce, the manifestation of 

gender biases in students’ ratings. To study this problem, I applied the conceptual 

frameworks from the TPS paradigm.  

I investigated how raters interpret and use rating scales in the context of SETs, 

including connections between the student participants’ ratings and the information they 

thereby considered as well as the potential influence of gender stereotypes. I also explored 

how students use and apply common answer categories of agreement scales and whether 

 
11 Originally, I planned Study 3, the archive study involving existing module evaluations from the 

University of Greenwich, which would have allowed the analysis of real official teaching evaluations from 

students. Numerous efforts including email correspondence and meetings with relevant members of the 

University were held in order to facilitate this originally planned Study 3, but ultimately the Planning and 

Statistics team (despite UREC approval) did not feel able to grant access to the student data.  
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the different directions of scales (starting with agreement vs disagreement, e.g., “strongly 

agree” versus “strongly disagree”) may affect SET scores and students’ interpretations of 

answer scale categories. I applied the epistemological stance of the social constructionism 

framework, assuming that gender, gender roles, and gender beliefs are socially 

constructed and dependent on context. This also allowed me to acknowledge the active 

role of a researcher and the important function of language, which people use to construct 

reality. 

To provide unique insights about the study phenomena and enhance the overall 

quality and understanding of findings, I used a multi-method approach, in which 

qualitative and quantitative methods are complementary and applied simultaneously. 

Online surveys with standardised ratings and open-ended questions enabled the collection 

of both qualitative and quantitative data, as well as exploring the connection between 

them. I followed the relevant criteria to make my research in this PhD research 

transparent, enhance its trustworthiness and authenticity, and establish credibility and 

reflexivity. All efforts were made to maintain the ethical standards and address concerns 

specific to the online surveys and students’ judgements about real-life lecturers. 

In sum, this chapter summarised the general methodology of my PhD research and 

its two empirical studies. Study 1, discussed in the next chapter, examined how student 

participants interpreted SET item statements, what specific information participants 

considered when rating their specific lecturers, how they weighted this information in 

their ratings of their lecturers and whether this differed by a lecturer’s gender. 
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Chapter 5: Study 1 

 

In this chapter, I present the methodology and findings from my first empirical 

study. I explore how students interpret SET item statements and potential variations in 

these interpretations. The specific research aims of this study are: a) to examine what 

teaching behaviours and inferred attitudes students generally consider important (RQ1, 

RQ2), b) to investigate what specific information students consider when rating their 

specific lecturers, “worst” or “best”, respectively, that they ever had during their 

university studies (RQ3), c) to explore how students interpret SET item statements and 

whether in different ways (RQ4), d) to examine whether students hold their specific 

lecturers to gender-related expectations and are influenced by gendered schemas when 

evaluating their lecturers (RQ6, RQ7), e) to explore how students weight specific 

information in their ratings of their lecturers and whether this weight on rating differs by 

their lecturers’ gender (RQ7), f) to examine how students view and approach SETs in 

general (RQ9). 

5.1 Introduction 

Previous evidence shows that raters interpret item statements in different rather 

than (as commonly assumed) standardised ways (e.g., Arro, 2013; Lundmann & 

Villadsen, 2016; Rosenbaum & Valsiner, 2011; Uher, 2018). There is surprisingly limited 

research about how students interpret SET item statements and what information (e.g., 

teaching behaviours, inferred attitudes) students consider salient when rating their 

lecturers (R. Bennett & Kane, 2014; Benz & Blatt, 1996; Robertson, 2004). But potential 

variations in the ways in which students interpret item SET statements could increase 

rather than reduce the manifestation of biases, including gender biases. For example, due 

to the abstract wording and lack of definition of these items, students must rely on their 

subjective expectations, interpretations and decisions, which can be influenced by 

students’ different beliefs (e.g., sociocultural beliefs; see Chapter 3).  

Specifically, the meanings are not inherent to signifiers, but constructed by raters. 

Therefore, how raters interpret item statements will depend on raters’ perspectives and 

beliefs. For example, evidence suggests that individuals differ in how they perceive even 

the same event (Hastorf & Cantril, 1954). Individuals also tend to interpret, evaluate and 

generate evidence in the ways that support their prior beliefs or expectations (Nickerson, 

1998; Stanovich et al., 2013). This can include stereotypical beliefs or biases, as the 
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previous empirical research shows (Uher et al., 2013; Uher & Visalberghi, 2016). In fact, 

individuals may recall stereotype-consistent information better than information 

inconsistent with stereotypes, and even falsely recall stereotype-consistent events that 

never occurred (Dodson et al., 2008; Lenton et al., 2001; Sherman et al., 2003).  

SET items are commonly ambiguous or vague, to allow raters to interpret them in 

regards to many different behaviours and consider a wide range of study phenomena. But 

ambiguous information may reinforce biases and stereotypes as also evidenced in forensic 

research (Curley et al., 2022; De la Fuente et al., 2003). Furthermore, individuals are even 

more likely to rely on their prior beliefs and biases during depletion of their cognitive 

resources (Curley et al., 2022; Petty & Cacioppo, 1986). Because ambiguous statements 

can make judgements more cognitively taxing, students may then process information in a 

superficial way, relying on stereotypes.  

5.2 Method 

5.2.1 Research design 

I used a multi-method design, in which different methods are concurrently applied 

to answer my research questions. This study’s general design consisted of online surveys 

with standardised rating scales on which student participants12 rated their specific lecturers 

from real-life contexts (chosen as “worst” or “best” lecturers that participants ever had), 

and open-ended questions. This between-participants design had two independent 

variables with two levels, a) the lecturer’s gender (man or woman), b) the type of the 

lecturer (“worst” or “best”). Seven dependent variables were the participants’ ratings of 

their lecturers for each of the seven chosen SET items. This experimental design and the 

outcomes from open-ended questions enabled me to scrutinise how participants used and 

interpreted SET item statements and what information about their lecturers’ teaching 

behaviours and inferred attitudes participants considered in their ratings of lecturers. 

5.2.2 Participants  

The sample consisted of 181 participants (138 women, 40 men, 2 participants who 

identified differently and one unspecified). All participants were 18 years or above, and 

either currently enrolled as students at a U.K. university or had finished their studies 

within the last twelve months. Most participants were from the U.K. (N = 129). The rest 

 
12 Unless otherwise specified, the term “participants” always refers to the (student) participants in my 

study in this chapter, whereas “students” to students in general. 
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were either International (N = 28) or E.U. students (N = 23). Due to data collected, it 

cannot be ascertained whether all U.K. and E.U. participants paid tuition fees for their 

degrees. Specifically, participants may have attended a Scottish university, which would 

mean Scottish and (in some cases E.U.) participants may have been exempt from tuition 

fees (see also Chapter 2). I did not ask participants whether they attended research-

intensive or teaching-intensive type of institutions. Research-intensive universities 

encompass strong research culture and prioritise research performance over teaching. In 

contrast, teaching-intensive universities allocate more time and resources to teaching and 

supporting students in meeting academic standards, rather than cultivating research 

culture (Tomas & Jessop, 2019). Students from different types of institutions may 

perceive teaching quality differently and vary in what they expect from their lecturers. 

However, in order to determine what type of university participants attended, they would 

likely have to disclose their institution’s name. I decided not to collect this information for 

ethical reasons as it could compromise anonymity of participants or evaluated lecturers. 

The distribution of participants’ academic backgrounds is displayed in Tables 2 and 3.  

I obtained all data (participants’ answers to open-ended questions and their ratings 

of SET items) directly from participants, whom I recruited through the University of 

Greenwich, as well as other universities, and through survey websites and social media. I 

used opportunity sampling in the first stage of the recruitment, and purposive sampling in 

the second stage (see Chapter 4 for the rationale).13  

 

 

 

 

 

 

 

 

 
13 Participants from the University of Greenwich received points for participation through SONA 

system. 
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Table 2  

Percentage of Participants’ Study Academic Backgrounds (N = 180) 14 

 

  

 Female students Male students Non-binary 

students 

Overall 

Subject (%) N (%) N (%) N (%) N 

Art/Design 3.3 6 2.8 5 0 0 6.0 11 

Business and Law 17.2 31 7.2 13 0 0 24.0 44 

Computer Science 1.1 2 0 0 0 0 1.0 2 

Humanities 5.0 8 1.1 2 0 0 6.0 10 

Natural Sciences 3.3 6 1.1 2 0 0 5.0 8 

Psychology 28.3 51 3.9 7 0 0 32.0 58 

Social Sciences 16.7 30 5.6 10 0 0 22.0 40 

Subjects Allied to 

Medicine 

2.2 4 0.6 1 0.6 1 3.0 6 

Other    0 0 0 0 0.6 1 1.0 1 

 

Note. The table depicts a number (N) and percentage (%) of female, male, non-binary, and 

overall participants to see the composition for each subject across the whole sample. One 

participant did not indicate their study subject background and was excluded from this 

analysis. The Art/Design cluster also involves Music. Business and Law include 

Marketing. Humanities involve Communications, Languages (including English 

literature), Historical, and Cultural Studies. Natural sciences are Mathematical, Physical 

and Biological Sciences. Social Sciences involve Education, Economics, Political 

Sciences and Social Studies. 

 

 

 

 

 

 
14 I was generally guided by HESA (the Higher Education Statistics Agency) subject codes, but I made 

a few minor revisions (such as using a label “Social Sciences” instead of “Social Studies). I also combined 

some related clusters (Mathematical, Physical and Biological Sciences into Natural Sciences, separate 

clusters Business and Law into one cluster Business and Law, and Communications, Languages including 

English literature, Historical, and Cultural Studies into the cluster Humanities). I also analysed Psychology 

separately from Social Sciences because it is commonly considered also Natural Science. 
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Table 3  

Percentages of Academic Backgrounds for Participants Rating their “Best” Lecturers (N 

= 96) and “Worst” Lecturers (N = 84)  

 

   “Best” lecturers “Worst” lecturers 

 

 Female  

 

Male  

 

Female  

 

Male  

 
Subject (%) N (%) N (%) N (%) N 

Art/Design 2.1 2 6.3 6 1.2 1 2.4 2 

Business and Law 7.2 7 13.5 13 11.9 10 16.7 14 

Computer Science 0 0 2.1 2 0 0 0 0 

Humanities 3.1 3 4.1 4 2.4 2 1.2 1 

Natural Sciences 0 0 2.1 2 6.0 5 1.2 1 

Psychology 16.7 16 16.7 16 11.9 10 19.1 16 

Social Sciences 5.2 5 15.6 15 13.1 11 10.7 9 

Subjects Allied to 

Medicine 

3.1 3 1.0 1 1.2 1 1.2 1 

Other 0 0 1.0 1 0 0 0 0 

Total number of lecturers 37.5 36 62.5 60 47.6 40 52.4 44 

 

Note. The table depicts the number (N) and percentage of the female and male lecturers 

who participants in my study chose as their “best” and “worst” for each subject across the 

overall sample.  

As seen in Table 3, participants overall chose similar percentages of “worst” 

female (47.6%) and male (52.4%) lecturers. However, 62.5% participants reported their 

“best” ever lecturers were men and only 37.5% women. This distribution differed between 

academic subjects, for example, participants with Psychology academic background chose 

the same number of “best” male and female lecturers, but more male than female lecturers 

as their “worst”. 
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Figure 6 

 

Procedure Followed by Participants (N =181) 

 

Note. This figure depicts the procedure for participants in my study, who reflected on 

either their “worst” or “best” lecturers. Participants provided each two behaviours and 

inferred attitudes of their lecturers before providing any rating. These teaching behaviours 

and attitudes are therefore unrelated to any specific items. Afterwards, participants rated 

their “best” or “worst” lecturer on each item, explained what information they considered 

when rating their lecturers and how they interpret the meaning of each item. 
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5.2.3 Materials 

I used the following seven SET items derived from the SET questions used by the 

University of Greenwich: 1516 

Item 1: (henceforth called the “organisation” item): Their module was well-organised  

Item 2: (the “engagement” item): The lecturer has made the subject interesting  

Item 3: (the “effective teaching” item): The way their module was taught has helped me to 

learn  

Item 4: (the “support with the assessments”) item: I have received good support to manage 

my assessment workload  

Item 5: (the “feedback” item): Feedback has helped me develop and improve my 

performance  

Item 6: (the “challenge” item): This module has challenged me to do my best work  

Item 7: (the “overall satisfaction” item): Overall, I was satisfied with the teaching on this 

module 

5.2.4 Procedure 

Initially, participants reflected on either their “best” or “worst” university lecturer 

whom they encountered during their university studies, describing two teaching 

behaviours and two inferred attitudes of this particular lecturer, prior to any rating. 

Participants then rated this specific lecturer on all seven SET item statements, justified 

each of their ratings, and provided their general interpretations of the seven items (Figure 

6). Therefore, I obtained not just participants’ ratings of these real lecturers on specific 

SET items, but also participants’ comments on their lecturers’ behaviours and teaching 

attitudes that they inferred from these behaviours, participants’ general interpretations of 

item statements and the information that they considered when rating their lecturers (see 

Chapter 4).   

 
15 I only included a few selected SET items and not the full scale. The reliability for these seven items 

as computed by Cronbach’s alpha was α = .86 for “best” and α =.85 for “worst” lecturers, which indicates a 

good reliability by mainstream standards. However, my predominant aim is to scrutinise students’ 

interpretations of item statements as well as shortcomings of so-called quantitative methods with qualitative 

methods rather than focus on the differences between lecturers’ ratings (see also Chapter 4). 
16 I slightly adapted a few items to suit the context (e.g., “Staff made the subject interesting” to “The 

lecturer made the subject interesting”). 
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Nineteen percent of participants were (N = 34), in addition, were asked to provide 

an average time they thought they usually spend on completing SETs. These participants 

also described through open text how they generally approach SETs (e.g., spontaneously 

versus preparing in advance) and their general opinions on SETs. All participants 

provided demographic information about themselves and specified the considered 

lecturer’s gender. 

5.2.5 Data analysis 

5.2.5.1 Key strategies for analysing qualitative data 

I analysed the participants’ open-ended responses with thematic analysis. I 

performed coding with Microsoft Word, following the procedure by Braun and Clarke 

(2006) and using a hybrid, predominantly deductive approach (Braun & Clarke, 2019). 

Two datasets (“worst” and “best” lecturers) were coded separately. In the first stage, I 

analysed data by each question, specifically, the lecturers’ behaviours and the lecturers’ 

attitudes that participants inferred from these behaviours (thus, participants’ reflections on 

their lecturers before providing any ratings), and comments derived from the seven SET 

items (specific information that participants considered when rating on each item, and 

their general interpretations of items). Once I had identified the themes and sub-themes 

for a specific section (e.g., behaviour interpretations provided for “worst” lecturers), I 

used them to inform the coding process for the equivalent question for the “best” 

lecturers. The inductive element of my coding refers to my attempt to stay close to the 

data during the first stage of my coding and set my theoretical prescriptions aside (Braun 

& Clarke, 2006). I analysed data on a latent level, looking beyond what participants said 

and considering the underlying meaning of their words. 

In order to ensure the transparency and trustworthiness of my analytical scheme 

and coding process, I also checked the inter-analyst17 agreement (Robinson, 2022). I sent 

two small samples of data (responses from 2x 20 participants for two separate items) to a 

member of my supervisory team. I also shared relevant coding frames and my coding 

strategy with hypothetical examples. My supervisor performed coding prior to any 

discussion, and we then reviewed discrepancies in our categorising of the themes and sub-

themes for each item and revised them on the basis of this discussion. I calculated a 

 
17 Although this process is frequently called “inter-rater” reliability in the literature, I agree with 

Robinson (2022) that this term may be confusing and conflate qualitative analysis with processes applied in 

psychometrics (see also Chapter 3). I therefore use his term “inter-analyst” instead.  
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degree of agreement using a “percentage agreement formula” (Miles & Huberman, 1994) 

between this supervisor and me for the “organisation” item for “worst” lecturers (82% 

after our final discussion) and the “overall satisfaction” item for “best” lecturers (93.8% 

after our final discussion). To make the coding process even more understandable and 

transparent, I created 32 coding frames that demonstrate how I assigned codes to 

participants’ statements and generated the sub-themes and final themes (see Table A6, 

Appendix, for an example of one of these coding frames).  

Furthermore, I identified frequencies of the themes and sub-themes that I 

visualised in 32 corresponding figures. I counted every participant’s comment only once 

for each sub-theme, even if they mentioned contents related to it several times. However, 

a participant’s comment could appear in several sub-themes of the same theme (e.g., if I 

categorised a participant’s statement into both sub-themes “content was engaging” and 

“content was informative”, that were a part of the main theme “content-related 

comments”). In each coding frame, I specified these occurrences (e.g., ten participants 

mentioned content categorised into one sub-theme, seven reported content coded into two 

sub-themes and four participants mentioned content categorised into three sub-themes of 

this main theme).  

I analysed participants’ comments about their opinions and approaches to SETs 

with inductive thematic analysis. I also calculated a mean of the time that participants 

reported they usually spend on completing SETs.  

5.2.5.2 Key strategies for analysing the rating data 

I tested for potential overall differences in lecturers’ ratings on the seven SET 

items depending on lecturers’ gender. One independent variable with two levels was the 

chosen lecturers’ gender18. The seven dependent variables were the ratings that 

participants gave to their chosen lecturers on each of the seven SET items. To see whether 

lecturers’ gender had an effect on their SET scores, I analysed the rating scores with One-

Way MANOVAs (separate for “worst” and “best” lecturers). I calculated effect sizes 

represented by partial etas squared. For this analysis, I interpreted effect size using 

 
18 I considered examining the effect of a students’ gender (and its interaction with a lecturers’ gender) 

on these scores. However, due to the unequal distribution of the sample (only N = 40 of participants were 

men), I decided to only explore the effect of a lecturers’ gender. 
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Cohen’s guidelines (1988), that established conventional cut-off points, as ηp
2

 = .01 as 

small, ηp
2

 = .06 as medium, and ηp
2

= .14 as large19.  

After I identified the sub-themes and themes, I applied a binary scheme, indicating 

“1” if a participant’s statement was coded into a particular sub-theme or theme and “0” if 

it was not. I then conducted chi-square analyses to compare what information participants 

considered more frequently when reflecting on their lecturers’ teaching behaviours and 

attitudes (before providing any ratings). I also explored similar teaching behaviours across 

items, also with chi-square analyses, to study whether participants considered information 

related to certain themes with a similar frequency for both male and female lecturers while 

rating them.    

Afterwards, I ran bivariate correlation analyses to explore how participants 

weighted the information considered (represented by the number of sub-themes) in their 

ratings of their lecturers and whether this differed by their lecturers’ gender. I used the 

guidelines by Gignac and Szodorai (2016) and interpreted correlations of r= .10 as small, 

r= .20 as medium, and r= .30 as large20. I considered only the most frequent theme per 

each of the seven items (conducted separately for “worst” and “best” lecturers).  

To correct for multiple tests but retain the exploratory nature of the analysis (see 

Chapter 4), I applied the Benjamini-Hochberg method with a 10% False Discovery Rate 

(Benjamini & Hochberg, 1995). Participants occasionally provided negative comments for 

their “best” or positive comments for their “worst” lecturers. I aimed to investigate how 

the frequency of positive or negative comments can materialise in rating scores (e.g., 

whether numerous positive comments are associated with a higher rating score). 

Therefore, in this analysis I considered only positive comments for “best” and negative 

comments for “worst” lecturers.  

Finally, I analysed participants’ reported opinions and approaches to SETs with 

inductive thematic analysis. 

 
19 However, these arbitrary points must be interpreted with caution and heavily depend on context (Cohen, 

1988). 

20 These guidelines differ from the frequently used guidelines by Cohen (1988), who interprets r=.10 

as small, r=.30 as medium, and r=.50 as large. The evaluation of Cohen’s guidelines from empirical 

perspective revealed that they may be too restraining, because less than 3% of correlations showed 

correlation equal or above .50 (Gignac & SzodoraiI, 2016). 
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5.2.6 Special ethical considerations for this study 21 

This study was approved by Research Ethics Committee at the University of 

Greenwich and I was guided by the BPS Code of Ethics (British Psychological Society, 

2014). The main ethical concern involved the anonymous collection of potentially critical 

or condemnatory information about real lecturers working at U.K. universities. To protect 

the lecturers’ and the participants’ identities, I instructed participants in the advertisement 

not to disclose any information that could reveal the identity of their lecturers or 

universities or themselves, to avoid mentioning any names and provide only relevant 

demographic information. In the information sheet, I advised participants that any 

identifiable information about the lecturers or themselves would be deleted immediately.  

I offered all participants a chance to enter a prize draw for a £25 Amazon voucher. 

Participants entered their email addresses in a separate survey to further protect the 

anonymity of their answers, and I awarded six randomly chosen participants Amazon 

vouchers. This is in line with the recommendation that financial incentives for 

participation may be used but should not be excessive (Koocher et al., 2015). Due to the 

multiple open-ended questions, my study involved more than a typical amount of writing 

and the use of incentives, therefore, seemed appropriate.  

5.3 Findings and discussion 

5.3.1 RQ1: Which of their lecturers’ teaching behaviours do students generally consider 

important? 

5.3.1.1 Wide range of lecturers’ teaching behaviours reported by participants 

Participants’ reflections on their lecturers’ behaviours varied considerably. 

Specifically, when reflecting on the behaviours that they generally find important (before 

providing any rating for a specific lecturer and therefore not related to any item), 

participants as a group considered information that I coded for “best” lecturers into two 

themes and for “worst” lecturer into three. Each theme had between zero and five sub-

themes (M = 3.60, SD = 2.07). In total, 97 participants used 1693 words to describe their 

“best” lecturers’ behaviours and 84 participants used 2029 words to describe the 

behaviours of their “worst” lecturers. This may suggest that, on average, participants 

focused more on negative than positive aspects of teaching behaviours, even though more 

participants considered their “best” rather than “worst” lecturers.  

 
21 I described general ethical considerations that apply to both studies in Chapter 4. 
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I categorised teaching behaviours reported by participants into three main themes: 

‘Teaching related behaviours’ (mentioned by 79.4% of participants commenting on their 

“best” and 60.7% on “worst” lecturers), ‘Interaction with students’ (44.3% for “best” and 

45.2% for “worst”) and ‘Assignment-related concerns’ (16.7% for “worst”, but, 

surprisingly, 0% for “best”; see Table 4). The theme ‘Teaching-related behaviours’ 

included content related to teaching behaviours occurring during lectures (e.g., clear 

communication during teaching). ‘Interaction with students’ covered the ideas about the 

lecturers’ approach and relationship to students (e.g., support and care or lack thereof), 

and the theme ‘Assignments-related concerns’ included any comments about problems 

with assignments (e.g., unclear guidelines). This wide range of reported behaviours 

implies that students may emphasise certain teaching behaviours (e.g., interaction with 

students) and disregard others (e.g., lecturers asking challenging questions, detailed 

feedback provided for assignments). It also indicates individual differences in what 

students expect of their lecturers.   

 

Table 4  

Comparison of Teaching Behaviours Reported for Participants’ “Best” and “Worst” 

Lecturers (N= 181)  

Themes and   

subthemes 

“Best”  

lecturers 

 

 

Themes and  

subthemes 

“Worst” 

lecturers  

 

% of participants mentioning content related to the themes/sub-themes 

Teaching-related 

behaviours 

79.4 Teaching-related 

behaviours 

60.7 

Good engagement 50.5 Lack of engagement 26.19 

Displayed 

passion/enthusiasm 

36 Lack of 

passion/enthusiasm 

9.5 

Clear 

communication 

22 Unclear 

communication 

23.8 

Good organisation 10.3 Lack of 

organisation 

14.3 

Displayed 

knowledge 

9.3 Lack of knowledge 9.5 

Interaction with 

students 

44.3 Interaction with 

students 

45.2 

Provided support 

and care 

25.8 Failed to show 

support and care 

7.1 
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Note. The table illustrates different behaviours that participants emphasised and 

mentioned and how this differed for lecturers they considered their “best” versus “worst”. 

The percentages indicate how many participants mentioned content related to the 

particular theme or sub-theme for their “best” or “worst” lecturers. The main themes are 

in bold font, whereas sub-themes are indented. Participants’ comments could be 

categorised into several sub-themes, the percentages may therefore not always add to 

100%. “–“ indicates no participants mentioned any content related to the particular theme. 

5.3.1.2 Analysis of the main themes  

 

5.3.1.2.1 Theme A: Teaching-related behaviours 

Most participants provided statements about teaching behaviours occurring during 

the delivery of lectures, mostly related to engagement, clarity of communication, and 

lecturers’ perceived levels of passion (see Table 4). The most frequent sub-theme 

involved comments about the ‘Level of engagement’. This referred to participants 

expressing the need to be actively involved during the lecture, but also seeking to be 

entertained. For example, participants commented “He engaged everyone in class (it was 

a small group) by asking for everyone’s views, asking to read, and organised students to 

present interesting topics to the rest of the class - the exchange was now, not only between 

students and teacher but also between students” (B1522) or “They invited discussion 

rather than relying on delivering a prepared lecture from a powerpoint presentation” 

 
22 Indicates a label for participant, labels starting with “B” means that participants reflected on their 

“best” lecturer, whereas those with “W” on their “worst” lecturer 

 

Friendly-

approachable 

towards students 

21.7 Mean-patronising-

rude-

unapproachable 

towards students 

28.6 

Clear-provided 

answers to students’ 

questions 

4 Insufficient answers 

to students’ 

questions 

14.3 

Respectful 

communication 

with students 

3 Disrespectful 

communication 

with students 

4.8 

Assignments – Assignments 16.7 
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[sic]23 (B63) as examples of lecturers making students feel involved. Other participants 

wrote, “They made jokes throughout the lecture rather than just constantly feeding you 

information which helped to avoid losing interest over time.” (B53) or “Involved the 

lecture theatre without making it too intense Included humour so that content was 

memorable” (B8) as examples of lecturers providing entertainment. In contrast, 

participants reflecting on their “worst” lecturers frequently commented on extensive 

reading from the slides, e.g., “They would specifically only be reading off the screen and 

would not add too much input into the topic we are discussing and therefore it was quite 

drab” (W26), as an example of a low level of engagement. This suggests that many 

students may wish to actively participate in their learning, but also hints at a potential 

belief that lecturers should entertain students to keep them engaged throughout their 

lectures. For example, 40.2% of student participants in another study described their ideal 

lecturer as funny or entertaining (Strage, 2008). Similarly, academics perceive that 

students demand entertaining lectures, but this could be problematic if lecturers prioritise 

roles of entertainers versus educators, for example, to comply with students’ demands in 

order to achieve higher SET scores (Wong & Chiu, 2019). These student expectations 

could be explained by increasing tuition fees and students applying a more consumerist 

approach. Treating students as consumers could also affect SET scores. Students may 

perceive the pursuit of their degree as a financial transaction, and shift responsibility for 

their learning to their lecturers (T. Bennett, 2021; Bunce et al., 2017). Specifically, 

students may focus on obtaining a degree rather than acquiring expertise in their academic 

subject. This can lead to SET scores being perceived as ‘customer satisfaction’ scores, 

which could affect teaching practices. For instance, academics reported having to make 

content more entertaining at the expense of academic rigour in order to appease students 

(T. Bennett, 2021). Similarly, to fulfil students’ expectations and obtain high SET scores, 

lecturers may hesitate to provide critical feedback and appropriately challenge students; or 

feel obligated to simplify their lecture content. This may negatively impact both student 

learning and teaching quality (T. Bennett, 2021; Bunce et al., 2017; Emery et al., 2003). 

 

 

 

 
23 To maintain the authenticity of participants’ responses, I did not correct any grammar or spelling 

mistakes. 
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5.3.1.2.2 Theme B: Interaction with students 

The theme ‘Interaction with students’ predominantly involved participants’ reports 

about behaviours related to their lecturers’ approachability and support. Interaction is seen 

on a more personal level here; it is not merely engagement with class or interactive 

sessions, but instead portrays a relationship between participants and their lecturers. The 

sub-theme with the highest frequency of comments (across the overall sample evaluating 

both “best” and “worst” lecturers) covered content related to behaviours towards students, 

that I categorised as ‘Mean-patronising-rude-unapproachable’ (for the “worst” lecturers) 

or correspondingly ‘Friendly-approachable’ (for the “best” lecturers). 

Participants disliked if lecturers acted in ways they perceived as arrogant or 

patronising, for instance, “Constantly condescending students in the lecture.” (W12), 

“Answered questions in a sarcastic manner” (W9), “Trivializing my concerns when I 

bring something up that I’m nervous about or struggling with” (W13). Similarly, this sub-

theme included comments about lecturers acting in rude or mean manner, such as “Was 

rude to students which made them feel uncomfortable” (W34), “acting super 

defensive/hostile towards any question or comment” (W5). One participant mentioned 

rude and sexist behaviours from the lecturer targeted specifically towards women, “Sexist 

remarks eg using the word bitch, saying all women love shoes” [sic] (W55).  

In contrast, participants appreciated lecturers acting in a friendly, modest or 

approachable manner, e.g., “They also tried to relate to the audience and make themselves 

seem less far away from the students in terms of status and experience” (B53), “did not 

act as if he/she was better than those who did not understand” (B13) or “Conversational, 

asked how everyone was…” (B89). Participants also commended their lecturers for 

providing academic or interpersonal support, e.g., “Provided academic support when I 

didn’t know how to do it and emotional support when I had no strength” (B77) or 

“General interest, when talking independently wanted to know how you were getting on 

with work and if there was anything they could do to help” (B89). However, some 

participants reported behaviours that could be seen as unfeasible, “Providing personal 

contact number to text or call when there were any issues“ (B16), or even problematic in 

some contexts, e.g., “Socialising” (B95). In sum, participants seemed to dislike feeling 

belittled or disrespected and appreciated if their lecturers were understanding, friendly or 

supportive. This is in line with previous findings in which students described their ideal 

lecturers as approachable and supportive (Su & Wood, 2012). However, it may present a 
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potential problem for lecturers who may want to act in an approachable manner but also 

need to maintain their professional boundaries. 

5.3.1.2.3 Theme C: Assignment-related concerns 

  The theme ‘Assignment-related concerns’ included participants’ reports about 

their lecturers’ behaviours related to poor quality of feedback, unclear communication 

about assignments or lack of support specifically with assignments. These involved 

statements such as “The lecturer isn’t very professional: she comes across as frustrated 

and fed up when grading papers and sometimes writes comments like “eh?” which aren’t 

helpful” (W27) or “Not being supporting students with assignments” (W60), or 

“Criticism that wasn’t constructive” (W3). This implies that many students take 

assignments seriously and any problems with assignments can negatively affect their 

perception of their lecturers’ behaviours. It also indicates that some students focus on 

assessments more than their overall learning experience, which is in line with findings by 

Arthur (2020), where students commented on negative aspects affecting their performance 

such as too many assessments or even external factors. 

5.3.1.3 Differences in teaching behaviours considered for “best” vs. “worst” lecturers 

Occasionally, only the “best” (but not “worst”) lecturer descriptions involved 

certain teaching behaviours and vice versa. Similarly, participants sometimes mentioned 

for “best” lecturers specific behaviours more frequently than for “worst” lecturers.   

5.3.1.3.1 Assignment-related concerns 

              Participants mentioned ‘Assignment-related concerns’ only for “worst” but not 

their “best” lecturers (see Table 4). This implies that students may notice any potential 

problems with assignments (e.g., in terms of lack of support or poor quality of feedback), 

but not particularly appreciate or find it worth mentioning if assignments run smoothly.  

5.3.1.3.2 Engaging and supportive behaviour 

             Participants commented on engaging lecturers’ behaviours and support provided 

by their “best” lecturers (50.5% of participants mentioned content related to engagement, 

and 25.8% to support) much more often compared to a lack thereof for the “worst” 

lecturers (26.2% commented on lack of engagement, 7.1% on lack of support). This 

suggests that students may especially value engaging behaviour during lectures or support 
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provided by their lecturers and observing these behaviours might lead to a more positive 

overall perception of their lecturers (see the previous section for direct quotes).    

5.3.1.3.3 Lecturers’ passionate and enthusiastic behaviours (or lack thereof) 

Participants appreciated when their “best” lecturers displayed ‘Passionate’ or 

‘Enthusiastic’ behaviours (related content mentioned by 36.1% of participants reflecting 

on their “best” lecturers). However, participants mentioned a lack of passion or 

enthusiasm much less frequently when thinking about their “worst” lecturer (only 9.5% of 

participants mentioned related behaviours for their “worst” lecturers). This may indicate 

that students highly appreciate if lecturers show passionate or enthusiastic behaviours, but 

do not particularly mind if these are lacking. 

5.3.1.3.4 Unexpected findings 

               Student participants frequently interpreted from their lecturer’s body language, 

behaviours as passionate or energetic behaviours, such as “moving around a theater a lot 

and presenting energetically” [sic] (B9), or “walked about the lecture room and were 

expressive with their body language” (B58). A considerable number of participants (36%) 

mentioned content related to ‘passion-enthusiasm’ as a behaviour of their “best” lecturers. 

That can be problematic, because students may perceive lecturers who cannot walk or 

present energetically (e.g., because of a physical disability) as displaying less passion or 

enthusiasm. This could lead to potential discrimination of these lecturers, because they 

could be disadvantaged during SETs.  

5.3.2 RQ2: Which attitudes that students ascribe to their lecturers do students generally 

consider important? 

Attitudes can be defined in different ways, and there is currently no clear 

consensus regarding a definition of attitude (Fiske & Taylor, 2017; Gaiseanu, 2020). For 

example, some researchers define attitudes as evaluative judgements (e.g., Crano & 

Prislin, 2006). Other definitions describe an attitude as a tripartite model, comprising 

affect (feelings), cognition (thoughts), and behaviours (e.g., Breckler, 1984). In my study, 

I approached attitudes similarly to Perloff (2010) who conceptualised attitudes as 

hypothetical constructs that can never be observed but only inferred from people’s 

actions. To maintain this distinction between teaching behaviours and inferred attitudes, I, 

therefore, instructed participants to describe two attitudes of their lecturers that they 

thought were underlying their lecturers’ behaviours.  
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5.3.2.1 Wide range of lecturers’ attitudes reported by participants 

Student participants mentioned attitudes (before providing any ratings) that I 

categorised into four main themes and twelve sub-themes across the main themes (for 

both “worst” and “best” lecturers). This indicates that participants overall considered a 

wide range of inferred attitudes. In total, 97 participants used 1076 words to describe 

attitudes of their “best” lecturers and 84 participants used 1163 words to describe “worst” 

lecturers’ attitudes. Again, even though the number of participants reflecting on their 

“worst” lecturers was lower than those reflecting on their “best”, they used more words to 

describe negative aspects of their lecturers’ attitudes.  

I identified the following themes: ‘Interested-enthusiastic’ attitude (88.7%) or 

‘Uninterested-unenthusiastic’ (57.1%), ‘Positive-relaxed-confident’ attitude (27.8%) and 

corresponding ‘Negative-frustrated-insecure’ (11.9%), ‘Student-centred’ (9.3%) or ‘Self-

centred’ (22.6%), and ‘Potentially desirable’ (11.9%) or ‘Undesirable’ (5.2%) attitudes 

(see Table 5). Overall, participants mentioned their “best” lecturers seemed to feel 

passionate about teaching or conveyed a positive, confident, modest or approachable 

attitude. In contrast, their “worst” lecturers were described as portraying a lack of 

enthusiasm, acting arrogantly, or being frustrated with students and teaching. Some 

participants also seemed to dislike their “worst” lecturers challenging them or having high 

expectations. Interestingly, participants mentioned content related to positive attitudes 

(e.g., willing to help) for lecturers chosen as “worst”. Vice versa, participants mentioned 

content related to negative attitudes (e.g., strict) for their “best” lecturers.  
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Table 5  

Participants’ Reflections on their Lecturers’ Inferred Attitudes Before Providing any 

Ratings  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Themes and  

sub-themes 

“Best” 

lecturers  

  

Themes and 

sub-themes 

“Worst”  

lecturers  

 

% of participants mentioning content related to the themes or sub-themes 

Interested-

enthusiastic  

 

88.7 Uninterested-

unenthusiastic  

57.1 

Caring-interested in 

students 

49.5 Uncaring-

uninterested in 

students 

14.3 

Enthusiastic 

in/about teaching 

48.5 Unenthusiastic 

in/about teaching 

40.5 

Engaging-funny-

interactive 

16.5 N/A 0 (not 

mentioned) 

Organised-

structured 

11.3 Disorganised-

unstructured 

8.3 

N/A - Lazy 6 

Positive-relaxed-

confident 

 

27.8 Negative-

frustrated-insecure 

11.9 

Positive in general  15.5 Negative in general 3.6 

Relaxed-

accommodating 

5.2 Frustrated-annoyed 4.8 

Confident  4.1 Defensive 4.8 

Happy 4.1 Anxious 7.1 

Student-centred 9.3 Self-centred 22.6 

Open-minded 5.2 Close-minded 9.5 

Modest in general 4.1 Superior-arrogant 13.1 

Potentially 

undesirable 

attitudes  

5.2 Potentially 

desirable attitudes 

11.9 

Frustrated-nervous-

tired 

3 Challenging-

demanding 

expectations 

7.1 

Strict 2 Willing to help  6 
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Note. The percentages depict how many participants mentioned attitudes related to the 

particular themes or sub-themes. The main themes are in bold, and the sub-themes are 

indented. N/A indicates that no content was mentioned for the corresponding theme (e.g., 

‘hard-working’ as corresponding attitude to ‘lazy’). 

5.3.2.1.1 ‘Interest-enthusiasm’ (or lack of) as an important attitude 

The overwhelming majority of participants provided content related to ‘Interested’ 

or ‘Enthusiastic’ attitudes (or lack thereof) that they ascribed to their “worst” and “best” 

lecturers. Specifically, participants appreciated if lecturers seemed to care about their 

learning, but also valued lecturers’ general enthusiasm about teaching. Participants wrote, 

“They had an interest in their subject matter which was apparent in the way they talked 

about it” (B69) and [The lecturer] “seemed to genuinely enjoy being there” (B89). They 

also commented on lack of enthusiasm, e.g., “it seemed like they were not interested in 

teaching, and saw it as a hassle” (W22) or “Couldn’t be bothered Maybe didn’t want to 

teach particular class or topic” (W49). One participant also discussed specific lecturers’ 

behaviours from which they inferred their lecturer’s disinterested attitude, “she went 

around with playing her cell phone” (W35). Importantly, lecturers may need to use their 

phones for activities related to the lecture (e.g., mentimeter) but this may be perceived 

differently by students. Lecturers’ attitudes related to engagement, organisation or 

structure (or lack of) were also categorised in this theme, with the obvious assumption that 

an engaging, organised or structured lecturer implies their interest or care in a subject or 

students’ learning. For example, participants mentioned “Willingness to share – was 

always willing to share new papers that they read, interesting news and their own 

experiences working on the field” (B15) or “They [cared about the teaching quality] and 

invested their time into lecture preparation” (B10), or “constantly keeping up to date. The 

importance of organisation and timekeeping” (B22) as positive examples, or “the lecturer 

may have poor time keeping skills causing them to rush to start lecturers.” (W32) as a 

negative example. The idea underlying all the listed attitudes is a lecturer’s level of 

passion.  

5.3.2.1.2 ‘Self-centred’ versus ‘Student-centred’ attitude 

Student participants frequently mentioned attitudes related to lecturers acting in 

the ways participants perceived as ‘Self-centred’, specifically, ‘Superior, arrogant’ or 

‘Close-minded’. For example, participants commented, “teaching was his way of having a 
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stage to tell students how great he is” (W19) or “I think they felt that they were better 

than the students” (W34), as examples of an ‘Arrogant or condescending’ attitude. 

Similarly, participants wrote, “The lecturer seemed to disregard student opinions. The 

lecturer seemed to believe that his viewpoint was the only correct one.” (W6) or [All 

about activities - they clearly believed that the students should spend the whole class 

interacting with each other], regardless of if this was what the students were interested in 

doing. They also believed they were right, and that students who did not agree with their 

approach were inherently wrong” (W64), as examples of close-minded attitudes. This 

suggests that students may particularly dislike if lecturers act in ways students perceive as 

superior or dismiss students’ views. In contrast, participants commended their “best” 

lecturers for the corresponding attitudes, such as being ‘Student-centred’, for example, 

‘Open-minded’, e.g., “valued the students opinions and perspectives” [sic] (B74) or 

‘Modest’, e.g., “Want to learn from their students” (B81) or “They didn’t feel the content 

was beneath them or boring” (B69).  

5.3.2.2 Differences in teaching attitudes considered for “best” vs. “worst” lecturers 

Participants reflecting on their “best” and “worst” lecturers generally reported 

attitudes that could be categorised into the corresponding themes, e.g., ‘Self-centred’ 

attitude (for “worst” lecturers) as the correspondent of ‘Student-centred’. For example, a 

participant wrote “think they are more superior because they are in a higher position as a 

lecturer, therefore university students are below them” (W59) as an example of self-

centred attitude. In contrast, “they were receptive to learning from students” (B12) 

described student-centred attitude (see also the previous sub-section for more examples). 

However, the frequencies in which participants reported certain inferred attitudes differed 

between “best” and “worst” lecturers. For instance, over 80% of participants described 

their “best” lecturers with content I categorised in the themes ‘Interested-enthusiastic’ 

(88.7%; see description above) or ‘Positive-relaxed-confident’ (27.8%). The theme 

‘Positive-relaxed confident’ attitudes captured content about “best” lecturers displaying a 

positive, happy, or relaxed approach. For example, one participant wrote, “Also, they have 

a very relaxed approach to teaching which helps keep students calm” (B53). Interestingly, 

many participants simply wrote the lecturer seemed positive or happy without any further 

elaboration on what they meant or how they reached this conclusion, e.g., “The lecturer 

was positive towards students. Lecturer was also happy.” (B13). Overall, participants 

valued interested, enthusiastic, or positive lecturers. But the corresponding attitudes were 
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reported much less frequently in the “worst” lecturer descriptions, for example, content 

related to the themes ‘Uninterested-unenthusiastic’ (57.1%, see analysis above) and 

‘Negative-frustrated-insecure’ attitudes (11.9%; see Table 5). The theme ‘Negative-

frustrated-insecure’ included content about attitudes that implied some anxiety, 

frustration, negativity or insecurity of the lecturers described. For example, a participant 

commented, “Lack of confidence in her teaching ability and subject knowledge” (W7). 

Another participant mentioned, “She might be fed up with teaching. Perhaps she thought 

being a lecturer would be different or perhaps she used to enjoy it but no longer does”, as 

an example of frustration, whereas “had bad experiences with negative feedback so feels 

defensive” (W5) hinted on a perceived insecurity of the lecturer. 

The “worst” lecturers were more often described as lacking enthusiasm about 

teaching (mentioned by 40.5% of participants) rather than the lecturer being uncaring or 

uninterested in students (mentioned by 14.3%), whereas participants reflecting on their 

“best” lecturers mentioned both lecturers’ enthusiasm about teaching (45.4%) and caring 

or interested attitude (49.5%) relatively often (see Table 5). This implies that students may 

value lecturers’ caring or supportive attitude, but not especially mind the lack of this 

support. However, students may dislike it if lecturers come across as unenthusiastic about 

teaching. The difference between lecturers not caring about teaching in general versus not 

caring about students can be difficult to pinpoint. In the latter case, participants often 

discussed a lecturer’s perceived lack of empathy, e.g., “…also were uncaring of how the 

students may have felt.” (W34) or “did not care whether we were there or not” (W10). 

Participants who commented on their “best” lecturers often referred specifically to 

lecturers caring about sharing knowledge or student learning, for example, “Desire to 

make sure people did well in their subject” (B8), “Had an interest in making sure students 

understood the subject.” (B22) or “Want to help students become their best” (B1) or 

“Care: they cared about making content accessible, making sure students were keeping 

up, helping students succeed” (B96). Some comments were going beyond student learning 

and discussed caring on a more personal level, such as “He was incredibly motivated to 

[research] and support students in this field He was empathetic and conscientious to 

student needs, having been in this situation” (B75), “Helping others and Feeling 

responsible for the well-being of their student” (B77). These comments imply students 

want to feel as if their success matters to their lecturers and also feel understood.  

Participants also reported their “best” lecturers were ‘Engaging, funny and 

interactive’ (16.5%) but interestingly no participant mentioned attitudes related to being 
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“boring” for their “worst” lecturers. Instead, “worst” lecturer comments frequently 

covered content related to a ‘Self-centred’ attitude (22.6%), such as being superior, 

arrogant, or close-minded, but comments about ‘Student-centred’ attitude appeared much 

less frequently (9.3%) for “best” lecturers.  

My findings are in line with previous research that also found that students value if 

their lecturers are caring (Basow, 2000), enthusiastic or passionate (Basow et al., 2006; 

Tam et al., 2009), engaging (Reupert et al., 2009), or funny (Su & Wood, 2012) and 

approachable (Basow et al., 2006). Correspondingly, participants in my study reported all 

these attitudes (or lack thereof). In sum, students may especially appreciate if their 

lecturers seem passionate, enthusiastic, supportive, or positive, and dislike their lecturers’ 

perceived lack of enthusiasm or a self-centred attitude. 

5.3.2.3 Discrepancies between considered attitudes and behaviours 

Reported attitude inferences mostly referred to the behaviours that my participants 

previously reported of their lecturers, although frequencies of attitude inferences differed 

from those of behaviours. For example, participants attributed to their lecturers certain 

attitudes that they mentioned much less frequently when describing their lecturers’ 

teaching behaviours in the previous question. For example, only over 9% of participants 

reported a lack of passion when describing the behaviours of the lecturers, but the lecturer 

being ‘Unenthusiastic in teaching’ was the sub-theme with the highest frequency of 

comments in reported attitudes (related content mentioned by 40.5% of participants; see 

Table 6).  

Similarly, participants appreciated if their “best” lecturers displayed attitudes 

related to being positive, happy or relaxed (26.8%) but did not comment on positivity at 

all when reporting their lecturers’ behaviours. Furthermore, only 25.8% of participants 

(for “best” lecturers) and 7.8% (for “worst” lecturers) commented on their lecturers’ 

supportive behaviours (or lack thereof). However, 49.5% of participants reflecting on their 

“best” lecturers and 14.3% of participants reflecting on their “worst” lecturers mentioned 

their lecturer’s ‘Caring’ attitude or ‘Interest in students’ (or lack of, respectively). 

Participants perhaps inferred a lecturer’s attitude as being ‘Unenthusiastic’, ‘Positive-

happy-relaxed’ or ‘Caring’ from a range of different teaching behaviours. This suggests 

that students infer these attitudes (positive, supportive, unenthusiastic, caring) even from 

unrelated teaching behaviours, or potentially subtle behaviours that participants may have 

not reported, such as lecturers’ specific tones of voice, gestures, or facial expressions 
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(e.g., lecturers smiling or frowning). However, observing one’s behaviour may not 

correctly indicate one’s attitude because numerous factors apart from attitudes can 

influence behaviours, and observed relationship between attitudes and behaviours is 

frequently weak (e.g., Schwarz, 2008). Students may also rely on their pre-existing 

conceptual schema rather than reporting what actually occurred when inferring their 

lecturers’ attitudes (Shweder, 1977). For example, participants in different studies 

estimated correlations between items describing conceptually similar behaviours to be 

high, despite observing contrary events that did not show any correlations between actual 

observed behaviours (Shweder, 1975; Shweder, 1977). In sum, students may not be 

equipped to appropriately infer lecturers’ attitudes from their teaching behaviours and 

correctly report them, which could explain these discrepancies. 

5.3.2.4 Unexpected findings 

There does not seem to be empirical research in which students described the 

general positive attitude of their lecturers as important, but it was frequently reported in 

my study. However, participants in a recent study remarked that female lecturers should 

be more “relaxed” or “smile more” (Adams et al., 2022), which could be seen as a part of 

a positive attitude. This suggests that students may value positivity in the behaviours and 

attitudes of their lecturers, which is consistent with my findings. A comment about female 

lecturers being required to smile more could be seen as sexist, because it implies that 

female lecturers must engage in additional emotional labour by regulating their own 

emotions (Adams et al., 2022). However, in my study, participants praised the positive 

attitude or happiness of both female and male lecturers. 
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Table 6 

Comparison of Frequencies of Themes for Reported Teaching Behaviours and Attitudes  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

  “Best” 

lecturers 

 

“Worst” 

lecturers 

 

 “Best” 

lecturers 

 

“Worst” 

lecturers 

 
 

% of participants mentioning content of this theme 

Behaviours    Corresponding 

attitudes 

  

Engagement  50.5 26.19 Engaging-

funny-

interactive 

16.5 — 

Passion/ 

enthusiasm 

 36 9.5 Enthusiasm 

about 

teaching 

(or lack of)  

48.5 40.5 

Communication 

(during lecture) 

 22 23.8 N/A — — 

Organisation  10.3 14.3 Organised-

structured 

(or 

unorganised) 

11.3 8.3 

Knowledge  9.3 9.5 N/A — — 

N/A   — Lazy — 6 

Support and care  25.8 7.1 Caring-

interested in 

students (or 

uncaring) 

49.5 14.3 

Towards 

students 

(friendly-

approachable or 

mean-

patronising) 

 21.7 28.6 Student-

centred  

(or self-

centred 

attitude) 

9.3 22.6 

Answers to 

students’ 

questions 

 4 14.3 N/A — — 

Communication 

(with students) 

 3 4.8 N/A — — 

N/A  — — Positive-

relaxed 

confident (or 

negative-

frustrated-

insecure) 

27.8 11.9 

N/A  — — Potentially 

desirable (or 

undesirable)  

 

5.2 11.9 
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Note. The table portrays how many participants (N = 181) mentioned teaching behaviours 

and attitudes related to the particular themes and sub-themes. Content related to teaching 

behaviours may be compared to the corresponding attitudes. For example, participants 

commented frequently on engaging behaviours, but much less on corresponding attitudes 

(‘Engaging-funny-interactive’). 

5.3.2.4.1 Counter-intuitive attitudes 

Some participants discussed attitudes that seemed counter-intuitive in regards to 

the “best/worst” categories. For example, although participants mostly described their 

“worst” lecturers’ negative attitudes, some comments discussed attitudes that could be 

viewed as positive, such as ‘Willing to help’.  Similarly, participants reported negative 

attitudes of their “best” lecturers, such as being ‘Frustrated-nervous-tired’ (see Table 5). 

This could be explained in two ways. Participants may have misunderstood the question, 

even though the instructions were worded in the same way as those about their lecturers’ 

behaviours, and they did not report any counter-intuitive behaviours (e.g., positive 

behaviours for their “worst” lecturers). Alternatively, participants perhaps did not view 

these attitudes in an entirely negative light. For example, lecturers being ‘tired’ could 

show dedication and ‘frustrated’ attitudes may imply that lecturers care about their 

students. Similarly, participants may have perceived their lecturers’ ‘Challenging’ attitude 

negatively. Alternatively, participants might have acknowledged that even their “worst” 

lecturers may have some desirable (and similarly, the “best” lecturers undesirable) 

teaching attitudes.  

5.3.3 RQ3: Which teaching behaviours and inferred teaching attitudes do students 

consider when rating their specific “worst” or “best” lecturers on SET items?  

In a next step, I explored the reasons that participants provided for rating their 

actual lecturers on the seven SET items through open-ended answers about what concrete 

information participants considered (see also Tables A1, A2 in Appendix for the overview 

of this information). Many of these statements described their lecturers’ teaching 

behaviours and inferred attitudes.  
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Table 7 

Means and Standard Deviations for Participants’ Ratings of their “Worst” and “Best” 

Lecturers 

 “Worst” 

lecturers  

(N= 84) 

“Best” 

lecturers 

(N= 97) 

ITEM  M  

(SD) 

M  

(SD) 

Q1: Their module was well-organised. 2.69  

(1.18) 

4.44  

(0.59) 

Q2: The lecture has made the subject interesting. 2.38  

(0.99) 

4.41  

(0.67) 

Q3: The way their module was taught has helped 

me to learn. 

2.64  

(1.14) 

4.28  

(0.69) 

Q4: I have received good support to manage my 

assessment workload. 

2.45  

(1.02) 

3.85  

(0.88) 

Q5: Feedback has helped me develop and improve 

my performance. 

2.73  

(1.14) 

4.02  

(0.83)  

Q6: This module has challenged me to do my best 

work.  

2.67  

(1.06) 

3.96  

(0.80) 

Q7: Overall, I was satisfied with the teaching on 

this module.  

2.39  

(1.03) 

4.36 

(0.68) 

   

 

Table 7 depicts all “worst” and “best” lecturers’ overall scores on the seven SET 

items. I numerically recoded the verbal answer scale categories chosen by participants and 

calculated the means and standard deviations to comply with common standards in 

mainstream psychology. As expected, participants who rated their “worst” lecturer 

provided lower scores on all seven items compared to participants rating lecturers chosen 

as “best”. 

5.3.3.1 Considerable variations in lecturers’ behaviours and attitudes that 

participants considered when rating their lecturers on the same item 

statement 

Student participants frequently considered a wide range of behaviours and inferred 

attitudes for the same item. On average, participants of the sample considered per item 

between three to six themes (M = 4.93, SD = 1.07). Each theme contained between zero 

and five sub-themes (M = 1.90, SD = 1.44). However, each participant considered on 

average only between one to two pieces of evidence (M = 1.25, SD = 0.82). This suggests 
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that participants considered different information when rating their lecturers even on the 

same item (see also Figure 7). The themes slightly differed between items (see Tables A3, 

A4 in Appendix).   

 

 

Figure 7 

Different Information Considered by N = 84 Participants when Rating their “Worst” 

Lecturers on the “Effective Teaching” Item  
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Note. This figure portrays a diverse range of information that participants considered 

when rating their lecturers on the same item and the extent to which participants endorsed 

this information. The main themes are underlined and bold frames. They are connected to 

the related sub-themes. The percentages depict a number of participants who mentioned 

content related to the particular themes or sub-themes. The underlined sub-themes and 

themes indicate that content related to them was mentioned by over 10% of participants. 

Participants’ comments could be categorised into several themes or sub-themes and 

percentages may, therefore, not add to 100%. Similarly, participants could have 

mentioned several sub-themes within the same theme, so percentages of the sub-themes 

may not always add to the total of the themes. Participants occasionally provided also 

positive comments and their frequencies are shown in brackets. 

5.3.3.1.1 ‘Teaching skills and methods’ as a reflection of teaching quality  

SETs should enable students to evaluate teaching quality. Students should 

therefore mostly judge lecturers’ teaching skills. In my study, participants considered 

‘teaching skills and methods’ to some extent (for five SET items, between 13.4% and 

41.2% of participants mentioned content categorised into this theme). Participants 

mentioned, “The teacher was not willing to give good explanations” (W62) and “Lecturer 

talked us through problems thoroughly and showed us application of material to solving 

them. Explanation of background/ theory behind the practical techniques used. Clear and 

logical explanations” (B10).  

However, ‘Teaching-related comments’ was the most frequent theme only when 

participants rated the “overall satisfaction” item. Participants did not even mention 

teaching skills at all when evaluating their lecturers on the “support with assessments” and 

“feedback” items. Although the other identified themes (e.g., ‘interaction with students’, 

‘structure and organisation’) may also contain ideas related to teaching quality, 

participants mentioned teaching skills relatively scarcely even when rating their lecturers 

on the items that appear to be closely related to teaching skills or methods, such as the 

“effective teaching” item or “level of challenge” item. This indicates that students may 

consider different referents (study phenomena; see Chapter 3) than intended by scale 

developers. 
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5.3.3.1.2 ‘Students’ experience’ 

This theme included content related to students’ reflections on their student 

experience. This could be seen in three different ways. For example, in the sub-theme 

‘Students’ learning-performance-perceived usefulness of the module’, participants 

mentioned their grades or learning process and whether they gained anything from the 

course. Another type of comments reflected students’ motivation, enjoyment of the 

module, or feelings that I categorised into the sub-theme ‘Students’ interests-motivations-

feelings’. Lastly, participants also commented on their ideas and experiences of 

‘Independent learning’. Participants generally considered their own experience when 

rating their lecturers on all but the “feedback” item. Some participants commented on 

their motivation, e.g., “I didn’t care enough” (W77) but also on performance, e.g., “I did 

well in the module” (B23), “My grades” (W79).  

Occasionally, participants even mentioned other students’ behaviours or 

experiences as reasons for their ratings. For instance, on the “engagement” item, a 

participant provided, “Opinions of other people on the course – attendance” (B16) as a 

reason for their rating of their former lecturer. This provides evidence that some students 

may be influenced also by other students’ opinions during their SET ratings. But this may 

result in biased ratings. For example, in another study, positive reputation (in terms of 

experience, qualifications, credentials, expertise, and overall reputation) of the evaluated 

lecturers artificially inflated their SET ratings (McNatt, 2022). Similarly, in another study, 

unfavourable information about the evaluated lecturer (in terms of their reputation, 

credentials and experience) negatively affected SET ratings (McNatt, 2010). This 

occurred even though participants attended the course for four months and, therefore, 

experienced teaching behaviours that were contrary to negative information they received 

about the given lecturer prior to evaluating them. This is problematic because it implies 

that student raters may consider opinions of other people more than teaching behaviours 

that have actually taken place. These opinions could also be influenced by stereotypical 

biases (see also Introduction in this chapter).  

 

5.3.3.2 Differences in teaching behaviours and attitudes considered for “best” vs. 

“worst” lecturers 

Student participants may prioritise different behaviours based on how they feel 

about their lecturers overall. For example, for their “worst” lecturers, participants 
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mentioned content related to the ‘Time and scheduling concerns’ on the “organisation” 

item more frequently compared to “best” lecturers (15.1% for “worst” versus 2.1% for 

“best”). This provides evidence that students may especially dislike if any problems arise 

in terms of time management, scheduling, or structure, but not particularly value if things 

run smoothly, similarly to assignment-related issues (see above). 

Certain behaviours and attitudes were mentioned only for “best” but not “worst” 

lecturers. For instance, participants mentioned, content related to the ‘Passion-enthusiasm 

of the lecturer’ when rating the “organisation” and “effective teaching” items. When 

rating their lecturers on the “engagement” item and “overall satisfaction” item, 

participants mentioned content related to the ‘Use of humour’ and lecturers’ 

‘Competence-confidence-expertise’ only when evaluating their “best” lecturers. Vice 

versa, participants mentioned ideas related to the theme ‘Lack of structure or clarity’ when 

rating “level of challenge” item only for their “worst” lecturers.  

Occasionally, participants cited a certain teaching behaviour (e.g., ‘Engagement of 

the class’ and correspondingly, ‘Lack of engagement’), but the frequencies of the themes 

to which I categorised participants’ comments differed between “best” and “worst” 

lecturers. For example, when participants evaluated their lecturers on the “effective 

teaching” item, they mentioned teaching behaviours related to the ‘Engagement of the 

class’ more frequently for “best” (30.9%) as compared to “worst” (7.1%) lecturers. 

In sum, participants appreciated if their lecturers exhibited passionate and 

enthusiastic behaviours or attitudes, used humour, or appeared competent, confident, or 

experienced. However, students rarely seemed to consciously penalise lecturers for a lack 

of these behaviours or attitudes. Similarly, many participants described engagement of the 

class as a factor that helped them to learn, but only a few considered a lack of engagement 

as hindering to their learning. 

 

5.3.3.3 Unexpected findings 

 

5.3.3.3.1 Behaviours mentioned may better fit the intended meanings of the other 

items 

Student participants often mentioned behaviours that would be more suited to 

other SET items. For example, on the “organisation” item, participants frequently justified 
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their ratings with content related to the theme a lecturer’s ‘Interaction with students’, 

which also included the sub-themes ‘Support-guidance’ and a ‘Lecturer’s attitude towards 

students and their learning’. This would seem to better fit the intended meanings of the 

other items, such as “support with assignments” item. Similarly, on the “effective 

teaching” item, participants explained their ratings more often with reasons related to the 

‘Structure and organisation’ compared to ‘Teaching methods and skills’, mentioned only 

by 14.4% (for “best” lecturers) and 21.4% (for “worst” lecturers). But the wording of the 

item “the way their module was taught” implies that students should consider teaching 

(methods or skills) during rating. When participants rated lecturers on the “challenge” 

item, instinctively, it may be expected that students would consider content related to the 

‘Level of challenge’, but it was one of the least frequent themes. Several participants also 

stated that item (“This module has challenged me to do my best work”) did not apply to 

them because they strive to do their best regardless of lecturers, directly disagreeing with 

items that put them into passive roles. This is an important finding, because it emphasises 

the active role of students that students see for themselves but that these item statements 

diminish. The wording of this item shifts the responsibility for student learning to their 

lecturers. Specifically, this item is framed in the way that may suggest that lecturers 

should challenge students to do their best work without considering that students may 

perceive themselves as independent and active learners who want to achieve their best 

work. These examples provide evidence that meanings that students construct for SET 

items may therefore overlap between items and differ from the meanings that developers 

intended for these items.  

5.3.3.3.2 Item statements not applicable to all students 

Some item statements did not even seem to apply to all participants. For example, 

regarding the “support with assessments” item, some participants reported they did not 

need any support, e.g., “I feel this is something you have to manage and organise 

yourself…” (B68) or “[Though support is available] managing assessment workload is 

mostly up to the student. I do what I can to manage the work.” (B72). However, students 

may think they must provide ratings, and this could then negatively affect SET ratings of 

their lecturers. 
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5.3.3.3.3 Counter-intuitive comments 

Participants also frequently mentioned positive behaviours or attitudes for their 

“worst” lecturers or commented negatively on their “best” lecturers. This was especially 

obvious in comments about ratings of the “feedback” item. Participants commenting on 

their “best” lecturers mentioned content related to the theme ‘problems with feedback’ 

(unclear, vague, late; 10.3%), whereas those commenting on their “worst” lecturers 

reported information that I categorised into the theme ‘Feedback was useful-interesting-

organised’ (16.7%), about a positive aspect of feedback, such as its constructiveness or a 

great amount of detail. For example, participants said, “The feedback provided was useful, 

there were explanations on how to improve and a clear summary of expectations.” (W52) 

or “Feedback on my assignment was well structured and told me what I did well and what 

I could improve upon.” (W32), as examples of positive comments about feedback from 

their “worst” lecturers. In contrast, participants commenting on their “best” lecturers 

stated, “I didn’t receive much feedback for this assignment even though I received a low 

grade.“ (B50) and “I have not received much detailed feedback” (B9). However, feedback 

that lecturers could provide may also depend on how participants performed during their 

assignments. For example, if the essay was excellent, lecturers may struggle to deliver 

detailed feedback.  

These contradictory teaching behaviours that participants mentioned may be 

explained in several ways. For example, participants could have appreciated some of their 

“worst” lecturers’ teaching behaviours even if they were dissatisfied with the lecturer 

overall. Similarly, participants could have valued their “best” lecturers overall, but still 

dislike a specific teaching behaviour or other elements of the module (e.g., subject). 

Alternatively, participants may have misread the question, misunderstood the instructions 

or be distracted during completing SETs. This reflects potential problems that can also 

apply to real-life SETs, because students may misread the questions or lose their focus on 

completing SETs.  

5.3.4 RQ4: In what ways do students interpret the item statements of SET scales in 

general, and what meanings do students generally construct for these statements?  

I analysed participants’ general interpretations of the seven SET items, 

specifically, their answers when asked to interpret the item content generally, thus not 

with regard to a specific lecturer. This enabled me to explore what meanings students 

construct for SET items. 
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5.3.4.1 Considerable variations in participants’ general interpretations of the same 

item 

Student participants (as a group) considered on average per item three to six 

themes (M = 4.79, SD = 0.80) and each theme with between zero and six sub-themes (M = 

1.73, SD = 1.62). This suggests that the same SET item statement evoked a wide range of 

meanings (a field of meaning as described by the different themes) between participants, 

who did not seem to interpret SET items in standardised ways (see Tables A3, A4 in 

Appendix).  

I identified several themes that participants considered frequently across several 

items. For example, participants mentioned content related to the theme ‘Structure and 

organisation’ (or its sub-themes such as ‘Content-related comments’) not only when 

interpreting the “organisation” item, but across all other SET items (apart from “the 

feedback” item). This theme included comments about content, general structure and 

organisation, assessments, and time management and scheduling. Similarly, participants 

almost always considered ideas related to the theme ‘Students’ experience’, which 

included participants’ experiences with learning, their feelings about the modules and 

opinions on independent learning. Participants frequently mentioned these ideas, 

especially when interpreting the “engagement”, “effective teaching”, “challenge” and 

“overall satisfaction” items. This further supports the idea that meanings which students 

construct for different SET items may often overlap between these items. 
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Figure 8 

The Field of Meaning Constructed by N = 97 Participants for the “Engagement” Item 

Note. This figure portrays a large field of diverse meaning that participants constructed for 

the same item. The main themes are in a bold frame. They are connected by black lines to 

the related sub-themes. The percentages depict a number of participants who mentioned 

content related to the particular themes or sub-themes. The underlined sub-themes and 

themes indicate that content related to them was mentioned by over 10% of participants. 

 

Participants also sometimes provided comments that could be interpreted as very 

generic. For example, participants simply stated “organisation” (B2) as their 

interpretation of the “organisation” item, and “notes on assignment” (B44) and 

“Challenging” (W39) as their interpretations of the “feedback” and “level of challenge” 
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items without any further elaboration. This may imply that some students interpret item 

statements on a rather superficial level or were not motivated to write more. 

Figure 8 illustrates how even the same SET item statement evoked a wide range of 

meanings between participants. In this example, participants considered different referents 

of the word ‘interesting’ (e.g., content, interaction, students’ own experience, manner of 

delivery, use of humour, teaching skills of their lecturers or lecturers’ enthusiasm and 

passion). 

5.3.4.2 Unexpected findings 

Interestingly, participants interpreted the “effective teaching” item less in the 

relation to the theme ‘Teaching skills and methods’ or even ‘Students’ learning’ and more 

often in terms of the ‘Structure and organisation’ or ‘Interaction with students’ themes 

(see Figure 9). This suggests that students may view structure, organisation, and 

successful interaction with students as a part of effective teaching. Furthermore, even 

when students evaluate their lecturers on items designed specifically to assess effective 

teaching (learning), students may prioritise other aspects of their experience.  
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Figure 9 

 

The Field of Meaning Constructed by N = 84 Participants for the “Effective Teaching” 

Item 

5.3.5 RQ6: What are possible differences in the teaching behaviours and inferred 

teaching attitudes that students consider either generally or in SET ratings of their male 

versus female lecturers?    

 I analysed participants’ ratings of their lecturers on the seven SET items for any 

significant differences between the scores of male and female lecturers with One-Way 

MANOVAs. Because missing values may negatively affect statistical power and lead to a 
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wrong interpretation of findings (e.g., Kang, 2013), I imputed missing values (4.71% of 

the overall dataset of participants evaluating their “best” lecturers and 3.1% evaluating 

their “worst”) with EM (expectation-maximization) analysis. This is a method that enables 

addressing missing values in the dataset by imputing new values approximated through 

the maximum likelihood methods (Dempster et al., 1977; Kang, 2013).  

5.3.5.1 Overview and interpretation of the findings 

 

5.3.5.1.1 Differences in ratings based on a lecturer’s gender 

Overall, “worst” male and female lecturers did not receive significantly different 

ratings across all seven SET items, F (7, 76) = 0.29, p = .957, Wilk’s Λ = 0.974, ηp2 

=.026. Therefore, to avoid examining data for statistically significant comparisons and 

finding a false positive effect, I did not consider univariate effects (Simmons et al., 2011). 

However, “best” male and female lecturers received significantly different ratings on the 

combined seven items, F (7, 88) = 2.38, p =.028, Pillai’s trace = 0.159, with a large effect 

size, ηp
2

 =.15924. Exploring univariate effects revealed that participants rated their “best” 

male lecturers significantly higher (M = 4.49, SD = 0.58) than female lecturers (M = 4.15, 

SD = 0.80) on the “overall satisfaction” item, F (1, 96) = 5.94, p=.017, with a medium 

effect size, ηp
2

 =.059. In sum, participants did not rate their “worst” male and female 

lecturers differently. However, my findings show participants awarded to their “best” 

male lecturers overall significantly higher scores than to their “best” female lecturers, 

especially when participants rated their “overall satisfaction” with the module. However, 

this significant difference between ratings may have been influenced by only a minority of 

participants awarding significantly higher scores to their male than female lecturers, rather 

than most of the sample. 

Similar patterns were observed in previous research. For example, participants 

chose lecturers of their own gender as “best” more frequently than expected (Basow, 

2000; Sprague & Massoni, 2005), or only male participants did so (Basow et al., 2006), 

but these differences were not observed when participants chose their “worst” lecturers. 

Similarly, participants rated all lecturers high but provided more positive comments for 

 

24 I interpreted ηp
2

= .01 as small, ηp
2

 = .06 as medium, and ηp
2

= .14 as large (Cohen, 1988; see Data 

analysis section) 
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their male rather than female lecturers for the identical teaching performance (Khazan et 

al., 2019). Individuals implicitly associate brilliance with men more than with women 

(Storage et al., 2020), which could also influence SET scores. Consistent with the 

previous findings (Rivera & Tilcsik, 2019; Storage et al., 2016), perhaps participants in 

my sample judged female lecturers as very good overall, but still did not associate them 

with brilliance and therefore awarded them high but still lower scores than their male 

lecturers. These observed patterns (e.g., withholding of praise) imply that students may be 

influenced by subtle prejudice when evaluating their lecturers. 

My findings could be also explained by the role congruity theory (Eagly & Karau, 

2002). Specifically, the role of a lecturer could be associated with leadership and 

masculinity, which may contradict traditional expectations of a woman’s gender role, such 

as empathy and warmth. Similarly, according to the status incongruity hypothesis 

(Rudman et al., 2012), when evaluating female but not male leaders, individuals may 

perceive an incongruence between ascribed status as a woman (which may be perceived 

as low) and achieved status of a position (seen as high). Because, according to these 

theories, leadership positions may be seen as less desirable for women, students may then 

perceive female lecturers less favourably than men and evaluate them slightly less 

positively. These findings are also consistent with a stereotype content model (Fiske et al., 

2002), according to which men (but not women) are likely to be rewarded for displaying 

competence (see Chapter 2).  

Participants awarding male lecturers higher scores than female lecturers on the 

“overall satisfaction” item is also consistent with the previous evidence (Basow, 1995; 

Boring, 2017). Importantly, this item is highly abstract and does not refer to any specific 

aspects that students should consider (unlike, e.g., “support with assessments”). This 

could lead to even broader fields of meaning that students constructed when they 

interpreted this item and what study phenomena they consider when rating their lecturers. 

Due to this abstract wording and lack of definition students must rely on their subjective 

interpretations that can be affected by different expectations and beliefs, including 

stereotypical beliefs. It is well-established in research that individuals interpret, consider 

and generate evidence in the ways consistent with their beliefs and expectations 

(Nickerson, 1998; Stanovich et al., 2013). This may include stereotypical biases and 

beliefs, as shown in empirical research (Dodson et al., 2008; Lenton et al., 2001; Sherman 

et al., 2003; Uher et al., 2013; Uher & Visalberghi, 2016). In fact, some authors (e.g., 
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McCullough & Radson, 2011) specifically advise against including “overall” items in 

evaluations.  

Furthermore, the broad field of meaning that students may construct for this item 

could make rating cognitively demanding for students. But individuals tend to rely more 

on their stereotypes when their cognitive resources are depleted (Curley et al., 2022; Petty 

& Cacioppo, 1986). In fact, evidence shows that being presented with ambiguous 

information may reinforce stereotypes (De la Fuente et al., 2003). According to the 

cognitive miser theory, to avoid this depletion of cognitive resources, individuals may 

apply mental shortcuts and rely on categorical and potentially stereotypical thinking 

(Fiske & Taylor, 1991; Macrae & Bodenhausen, 2001; Taylor, 1981). Instead of 

considering all available information about a target person, individuals may categorise this 

person according to stereotypical information about the member of their category (e.g., 

female lecturer; (Corcoran & Mussweiler, 2010; Macrae et al., 1994). Students in my 

sample may have, therefore, applied heuristics when judging their lecturers on this non-

specific item and recalled stereotype consistent information more easily better than other 

information inconsistent with stereotypes. Other SET researchers also highlighted that this 

item is highly subjective, interpreted in different ways and should be avoided 

(McCullough & Radson, 2011). My findings support this view. However, they also show 

that pronounced variations in interpretations unfortunately relate to also other SET items 

(see 5.3.4; RQ4).  

 

Table 8  

 

Means and Standard Deviations for the Overall Participants’ Ratings of their “Worst” 

and “Best” Female and Male Lecturers  

 

 “Worst” lecturers “Best” lecturers 

 Female  

 

Male   Female  Male   

ITEM  M  

(SD) 

N M  

(SD) 

N 
ηp

2

 
M  

(SD) 

N M  

(SD) 

N 
ηp

2

 

Q1: Their module 

was well-organised. 

2.63 

(1.06) 

40 2.75  

(1.30) 

44 .003 4.35 

(0.72) 

36 4.49 

(0.50) 

60 .014 

Q2: The lecture has 

made the subject 

interesting. 

2.40 

(0.98) 

40 2.36  

(1.01) 

44 .000 4.33 

(0.72) 

36 4.44 

(0.65) 

60 .006 
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Q3: The way their 

module was taught 

has helped me to 

learn. 

2.60 

(1.13) 

40 2.69  

(1.16) 

44 .001 4.17 

(0.68) 

36 4.36 

(0.69) 

60 .018 

Q4: I have received 

good support to 

manage my 

assessment 

workload. 

2.55 

(0.99) 

40 2.36 

(1.06) 

44 .008 3.93 

(0.85) 

36 3.81 

(0.91) 

60 .005 

Q5: Feedback has 

helped me develop 

and improve my 

performance. 

2.73 

(1.15) 

40 2.74 

(1.15) 

44 .000 3.96 

(0.80) 

36 4.06 

(0.86) 

60 .003 

Q6: This module 

has challenged me 

to do my best work.  

2.60 

(1.01) 

40 2.74 

(1.11) 

44 .004 3.82 

(0.84) 

36 4.05 

(0.77) 

60 .019 

Q7: Overall, I was 

satisfied with the 

teaching on this 

module.  

2.34 

(0.94) 

40 2.43 

(1.11) 

44 .002 4.15 

(0.80) 

36 4.49 

(0.58) 

60 .059 

 

 

Exploring Table 8 shows that male lecturers received higher scores than female 

lecturers on most items. But both “worst” and “best” male lecturers obtained lower scores 

than female lecturers on the “support with assessments” item, and “worst” male lecturers 

also on the “engagement” item, although these differences were not significant. 

5.3.5.1.2 Differences in teaching behaviours or attitudes considered for male versus 

female lecturers based on the lecturer’s gender 

I used chi-square analyses to examine whether participants consider certain 

teaching behaviours or inferred attitudes more often for male or female lecturers when 

reflecting on two teaching behaviours or inferred attitudes of these lecturers. Specifically, 

I considered the frequencies by which participants mentioned content related to themes or 

sub-themes of these behaviours and attitudes. Participants provided this information after 

reflecting but before rating their “best” or “worst” lecturer on the scale. There were no 

differences for 97.7% of analysed teaching behaviours and attitudes25. However, over a 

third of participants considered ‘engagement-related’ behaviours significantly more 

frequently for their “best” male (36.08%) versus best female (13.4%) lecturers, Χ2(1) = 

 
25 Because my aim was to provide an overview of possible patterns for future exploration, I did not 

correct for multiple analyses in these frequency analyses. 
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4.444, p = .035. There were, however, no gender differences in behaviours or attitudes 

considered for participants’ “worst” lecturers, although the ‘assignment-related concerns’ 

theme was mentioned more than twice as often for female (11.9%) rather than male 

(4.76%) lecturers, Χ2(1) =3.818, p=.051. This is consistent with findings by Sprague and 

Massoni (2005), in which students held their male (but not female) lecturers to an 

entertainer standard.  

5.3.5.1.3 Differences in teaching behaviours or attitudes considered for male versus 

female lecturers based on the lecturer’s gender during rating 

 I used chi-square analyses to explore whether participants considered information 

across all items similarly frequently for male and female lecturers to generate their 

ratings. Specifically, I studied whether participants mentioned certain behaviours and 

attitudes more frequently for male or female lecturers during rating. This analysis only 

examines the frequency of themes of teaching behaviours across all items, not how they 

relate to ratings (see RQ7 for the relation to ratings).  

I examined teaching behaviours and attitudes related to the themes ‘Structure and 

organisation’, ‘Teaching methods and skills’, ‘Interaction with students’, ‘Students’ 

experience’ and ‘Engagement-related’ comments. I chose these themes because content 

related to them appeared in several items and therefore seemed representative of the 

overall dataset. I also considered ‘Quality of feedback’ although participants only 

mentioned content related to this theme when evaluating their lecturers on the “feedback” 

item, to include a content representative of this item in my analysis. Overall, participants 

considered content related to the analysed themes similarly frequently for male and female 

lecturers (see Table A5, Appendix), with no differences in 91.7% of analyses25. The only 

significant association was between the gender of the “worst” lecturers and “poor quality 

of feedback”, Χ2(1) = 5.624, p=.018, with participants on average considering poor 

quality of feedback more often when rating their “worst” female (20.62%) rather than 

male lecturers (11.34%).            

5.3.6 RQ7: How do students weight specific teaching behaviours and inferred attitudes 

when generating their ratings of the lecturers on seven SET items, and does this differ 

by the lecturers’ gender?    

 In order to explore how much participants weighted the specific information 

(teaching behaviours, inferred attitudes) they considered when rating their lecturers and 
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whether it differed by their lecturers’ gender, I conducted bivariate correlation analyses 

between the number of mentioned sub-themes and the ratings participants provided for the 

lecturers evaluated. 

 For example, participants could frequently mention positive teaching behaviours, 

but this may not relate to higher rating scores. In contrast, participants could consider 

negative behaviours sparsely, but still rate their lecturers lower. In terms of gender 

differences, participants might consider certain teaching behaviours (e.g., positive content 

about ‘Teaching methods and skills’) less frequently for lecturers of certain gender (e.g., 

female lecturers), but still award them higher ratings than the lecturers of the other gender. 

This would imply that how students weight teaching behaviours and attitudes in their 

ratings may differ by their lecturer’s gender. 

 After applying the Benjamini-Hochberg procedure, the highest p values I deemed 

significant were p = .014 for ratings awarded to “best” lecturers and p = .033 for ratings of 

“worst” lecturers.  

5.3.6.1 General overview 

 As expected, generally, the more positive content participants mentioned for their 

“best” lecturers, the higher they rated their lecturers. In contrast, the more frequently 

participants mentioned negative content, the lower they rated their “worst” lecturers.  

Content related to the themes of certain teaching behaviours correlated more 

strongly with how participants rated their lecturers (compared to the themes of other 

teaching behaviours) on several items. For example, the more frequently participants 

considered ‘Poor interaction with students’, the lower participants rated their “worst” 

lecturers, both male (M = 2.36, SD = 1.0626), r (42) = -.58, p < 0.001 and female (M = 

2.55, SD = 0.99), r (38) = -.59, p < 0.001, on the “support with assessments” item. 

Similarly, the more frequently participants considered ‘Poor structure and organisation of 

the module’, the lower participants rated their “worst” male (M = 2.75, SD = 1.30), r (42) 

= -.49, p = 0.002, and female lecturers (M = 2.62, SD = 1.06), r (38) = -.41, p =.008 on the 

“organisation” item. 

Therefore, students may reflect on a wide range of negative teaching behaviours 

and attitudes but consider some of these teaching behaviours more strongly in their 

 
26 This shows the means and standard deviations of ratings that participants gave their lecturers. 
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ratings. In this study, this occurred if participants perceived lecturers interacted with them 

in an unsatisfactory manner or their module was poorly organised. 

5.3.6.1.1 Differences in weighting of negative content for “worst” lecturers of a 

different gender 

I explored the correlations between negative content that participants considered 

when they rated their lecturers and their ratings of these lecturers, and whether this 

differed for their male and female lecturers. This would suggest that participants may 

weight specific teaching behaviours differently in their ratings of lecturers of a certain 

gender.  

Participants weighted negative content about the ‘Lack of engagement with class’ 

only in their ratings of their “worst” male lecturers (M = 2.36, SD = 1.01), r (42) = -0.34, 

p = .023 on the “engagement” item, but not female lecturers (M = 2.40, SD = 0.98), r (38) 

= 0.04, p = .788. Interestingly, participants considered more negative content for their 

female than male lecturers. However, participants weighted this negative content more 

strongly when they rated their male lecturers. Therefore, the more frequently participants 

mentioned lecturers engaged poorly with class, the lower they rated their “worst” male 

lecturers. Similarly, the more frequently participants mentioned ‘Poor quality of 

feedback’, the significantly lower they rated only their female (M = 2.73, SD = 1.15), r 

(38) = -0.34, p =.033, but not male lecturers, (M = 2.74, SD = 1.15), r (42) = -0.13, p = 

.386, on the “feedback” item (see Figure 10). These ratings are almost the same, however, 

participants weighted their considerations more strongly in their ratings of female but not 

male lecturers. 

In sum, participants provided similar considerations and ratings when evaluating 

both male and female lecturers. However, participants weighted certain considerations 

differently depending on their lecturer’s gender. Specifically, participants rated their male 

lecturers lower for lessons that they perceived to be boring, and their female lecturers 

lower if participants thought female lecturers provided feedback of a poor quality. 
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Figure 10  

 

Correlation of Negative Content Related to Poor Quality of Feedback with the Ratings on 

the “Feedback” Item for the “Worst” Male and Female Lecturers 

 

Note: * p <.05.  

5.3.6.1.2 Differences in weighting of positive content for “best” lecturers of a 

different gender 

Participants weighted positive content about the high quality of ‘Structure and 

organisation’, only in their ratings of “best” female lecturers (M = 4.35, SD = 0.72), r (34) 

= 0.47, p = .004 on the “organisation” item, but not male lecturers, (M = 4.49, SD = 0.83), 

r (58) = 0.20, p = .121.  

Similarly, participants weighted positive ‘Interaction with students’ only in their 

ratings of female lecturers (M =3.93, SD = 0.85), r (34) = 0.41, p = .014, on the “support 

with assessments” item, but not male lecturers (M = 3.81, SD = 0.91), r (58) = 0.16, p = 

.218. Interestingly, participants considered positive ‘Interaction with students’ more 

frequently for their male than female lecturers, even though participants rated their female 

lecturers higher. Therefore, the more often participants mentioned positive content about 

how lecturers interacted with students or structured and organised the module, the higher 

participants rated but only their female lecturers.  

The more frequently participants mentioned ‘High quality of feedback’, the higher 

they rated their “best” male lecturers (M = 4.06, SD = 0.86), r (58) = 0.33, p = .011, but 

not their female lecturers (M = 3.96, SD = 0.80), r (34) = 0.23, p = .172 on the “feedback” 

item. Participants mentioned high quality feedback less frequently for male than female 
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lecturers, even though participants rated male lecturers higher. Therefore, participants 

seemed to weight positive content related to feedback in ratings more strongly for their 

male lecturers.  

In sum, participants may have weighted specific teaching behaviours and attitudes 

in their ratings differently, especially poor quality of structure of the module or poor 

interaction with students, that were related to lower ratings of all lecturers. But how 

participants weighted the considered information when rating their lecturers differed 

between male and female lecturers in some cases. For example, the more positive content 

participants considered about structure and organisation, as well as interaction with 

students, the higher they rated but only their female lecturers, whereas the more positive 

content about the high quality of feedback participants considered, the higher they rated 

only their male lecturers. In contrast, the more frequently participants mentioned poor 

feedback, the lower participants rated only their female lecturers, whereas if participants 

considered lack of engagement, they rated their male lecturers lower.  

This is in line with previous findings that students tend to think of their “worst” 

male lecturers as “boring”, and “best” female lecturers as “caring” (Sprague & Massoni, 

2005). Participants penalised poor engagement with the class when they rated their 

“worst” male but not “worst” female lecturers. Similarly, participants considered positive 

interaction salient when rating only their “best” female lecturers. These findings are also 

consistent with the stereotype content model, which suggests that women may be praised 

for behaviours related to warmth (e.g., positive interaction with students). Previous 

evidence suggests that students may evaluate their female (but not male) lecturers on the 

favorability of feedback (Sinclair & Kunda, 2000), but participants in my research focused 

more on perceived quality of feedback. 

5.3.7 RQ9: How do students regard SETs and approach their completion in general?   

To answer this question, I asked participants to estimate time they think they spent 

on completing SETs and analysed these participants’ statements about their opinions and 

approaches to SETs. 

5.3.7.1 Overview and interpretation of the findings 

A sub-sample of participants (N = 34) overall estimated spending approximately 

11 minutes on student evaluations (M = 11.00, SD = 8.75). Most participants (70.6%) said 
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they complete evaluations spontaneously when asked, whereas a lower number of 

participants reported thinking about them in advance during the year (14.7%)27. However, 

past research has shown that spontaneous evaluations could be affected by many other 

factors, even unrelated to teaching quality, such as bad weather (Braga et al., 2014; see 

Chapter 2 for a discussion of other factors).  

Most participants held positive opinions about SETs and believed that feedback 

from SETs can improve the lectures or that SETs are useful, important, and needed. 

Participants mostly expressed the belief that SETs can provide their lecturers with more 

information about students’ perspectives, e.g., “They can know what students are seeking 

from a lecturer.” (B84), “Very useful in order for lecturers to see and understand what 

makes a good teacher to help them do better in the future” (B91) or “It is very vital for 

every faculty/university to ensure student satisfaction. It would help improve or help the 

faculty in understanding where work needs to be put through as not everyone understands 

how opinions are generated. Feedback or evaluation of faculty is a nice technique to help 

improve the bond of the faculty and student, eventually increasing the value of the 

university.” (W81). Participants also frequently emphasised that SETs should be taken 

more seriously, e.g., “i think they should actually use them rather than just collecting 

them” (W83) or “They should be read out loud with the academic board and actions 

should be decided upon reading all feedback” (B86), “Whilst some of our course leaders 

have actively responded to a whole class regarding the feedback received, I believe few 

changes have been seen.” (B92). However, a considerable number of participants also 

emphasized negative elements of SETs, such as broad, unclear, and frustrating questions 

(11.76%). For example, participants commented, “[they can be moderately helpful I 

suppose], but would be better if the questions were more clearly explained” (B80) or 

“[They should be ruthless and honest. A lot of teaching can be lackluster and] many 

evaluations ask too broad questions which are frustrating, unengaging and boring to 

answer.”[sic] (B82). Some participants also acknowledged a potentially problematic 

nature of using SETs as the only source of information, e.g., “I understand why such 

evaluations are sort, but from my experience the response to evaluations is far too 

forceful rather than subtle and considered. Not everything a lot of students say will be 

correct. Not everything a lecturer believes will be true. Often, it is only these groups that 

 
27 The remaining participants were not sure, provided general comments, or did not answer the 

question. 
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are heard” (W74) or “They are necessary BUT students should not use them to needlessly 

criticise lecturers” (W69). Participants also highlighted insufficient anonymity, e.g., “I 

feel that they are often given in a way that you can not give your honest opinion as the 

lecturer is often in the room.” (W70) or doubts of SET’s effectivity, “Nothing improves” 

(W79). 

Student participants provided some recommendations for improvement, such as 

SETs should be done “after every lecture interactively” (B81) or “throughout the year as 

opposed to just at the end” (B89; see Figure 11). However, these participants may be in 

minority, as universities frequently report a low number of respondents for SETs (see 

Chapter 2). Perhaps participants who chose to complete my study that involved a 

considerable amount of writing were more positively inclined towards SETs than other 

students and would like to complete evaluations frequently.  

Participants generally reported putting an adequate effort into completing SETs 

and most stated they approach SETs spontaneously, which can be influenced by different 

factors (e.g., mood, weather, see Chapter 2). Overall, participants provided a mixture of 

perspectives on SETs. Participants overall perceived SETs positively, which is in line with 

previous evidence (Kite et al., 2015; Spencer & Schmelkin, 2002; Spooren & Christiaens, 

2017). The majority also felt that SETs are important and should be used to improve 

lecturers. However, the others highlighted potential problems, such as a potential misuse 

of SETs by students, and insufficient anonymity. Other participants found SET questions 

to be too frustrating, vague, and unclear or felt like SETs do not lead to any impactful 

changes. Importantly, how participants perceive SETs, and their purpose may affect how 

much thought and effort they put into completing them or even their decisions to 

participate.  

These findings suggest students differ regarding what they expect from SETs and 

how they perceive and understand SETs. For example, some participants conceptualised 

SETs as simply the source of information for the lecturer, or even a tool for strengthening 

the bond between lecturers and students. In contrast, some advocated SETs should be 

ruthless or read aloud at academic boards, with action taken based on student feedback. 

This implies that students likely vary in their understanding of how to use SETs, SETs 

purpose, as well as a general role of lecturers.  
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Figure 11 

An Overview of Participants’ General Opinions on SETs 

 

Note. The themes are displayed in the bold frames. 

5.4 General summary of this chapter  

In sum, in Study 1 discussed in this chapter, I focused on students’ interpretations of 

the item statements. Participants considered a wide range of teaching behaviours and 

attitudes when reflecting on or evaluating their lecturers. For each single item, participants 

as a sample constructed a large field of meaning. Importantly, participants interpreted 
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each standardised item in distinct ways. Participants also frequently constructed meanings 

that overlapped between items.  

In Study 2, presented in the next chapter, I examine the answer scale categories and 

explore how students choose these categories. I also investigate the overall sample’s field 

of meanings that students construct for answer categories and potential individual 

differences in how students interpret and use these categories. 
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Chapter 6: Study 2 

 

In Study 1, I investigated how students interpret SET item statements; Study 2 

examines how students interpret and use answer scale categories to rate lecturers. 

The research aims of this study are: a) to investigate what specific information (teaching 

behaviours, inferred attitudes) students consider when rating lecturers described in 

scenarios by exploring types of reasons that participants provided for picking the answer 

categories (RQ3), b) to examine in what ways students interpret SET answer scale 

categories when completing SETs by studying general patterns but also potential 

individual differences in the participants’ reasons for picking the answer categories 

(RQ5), c) to investigate whether students are influenced by gendered schemas and hold 

their lecturers to gender-related expectations when evaluating their lecturers (RQ6), d) to 

explore if, and if so, how students weight the reasons they considered for picking the 

answer category differently in their ratings of lecturers and whether this weighting differs 

by the lecturers’ gender (RQ8). Additionally, I also aimed to explore whether students rate 

their female and male lecturers differently even for the same teaching behaviours and 

whether the direction of scale affects students’ ratings. 

6.1 Introduction 

6.1.1 Interpretation and use of answer scale categories 

Raters’ answers may be affected by various response biases, such as extreme 

response style, random responding or socially desirable responding (e.g., Podsakoff et al., 

2003; Wetzel et al., 2016). For example, extreme response style occurs when respondents 

prefer to choose extreme categories (the categories on the lowest or highest end of scale, 

such as “strongly disagree”; e.g., Hamilton, 1968; Wetzel et al., 2016). In contrast, some 

individuals report reluctance to choose the lowest or highest answer category(Block, 

1998; Uher, 2017). 

Random responding (also known as careless or non-contingent responding) 

happens when raters apply a seemingly random pattern, such as repeating the same 

response or response sequence over again without considering item content (Meade & 

Craig, 2012; Wetzel et al., 2016). Raters respond in a socially desirable manner when they 

reply in the ways that conform to socially acceptable values regardless of their true 

opinions (e.g., Podsakoff et al., 2003). This can heavily depend on culture, because 

cultural norms may differ between countries (Kemmelmeier, 2016).  
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When raters evaluate other individuals, raters may be influenced by further biases 

that are specific to assessment of others (Wetzel et al., 2016). These biases include the 

halo or horns effect (tendency to like or dislike all the features of the evaluated individual, 

including behaviours that raters did not observe; MacDougall et al., 2008; Murphy et al., 

1993; Thorndike, 1920; Wetzel et al., 2016) and the leniency or severity effect (tendency 

to evaluate others too lightly or too harshly; Guilford, 1954; Podsakoff et al., 2003; 

Wetzel et al., 2016).  

Importantly, people’s judgements of others are always relative. Raters compare 

behaviours of the evaluated individuals to behaviours of others (called reference group), 

but the context of comparison is subjective and may differ between raters (Wood et al., 

2012).  For example, in academic context, students may perceive a lecturer who finishes 

classes on time in 90% of cases as managing their time effectively or poorly, depending 

on the behaviours of other lecturers. Social and cultural context can further influence 

students’ judgements further.  For example, individuals may differ in how they perceive 

time and punctuality across countries (Levine et al., 1980; van Eerde & Azar, 2020; White 

et al., 2011). Thus, because of different social and cultural norms, individuals from 

distinct backgrounds may use different contexts of comparisons. 

Surprisingly, despite a frequent use of rating scales in psychology, only a few 

psychologists highlighted and examined potential variations in how raters interpret answer 

scale categories (e.g, Rosenbaum & Valsiner, 2011; Uher, 2018b, 2017). Their empirical 

findings showed that participants interpreted scale categories in distinct rather than 

standardised ways. Participants also frequently reported different reasons even for 

choosing the same answer category or provided identical reason for picking different 

answer categories. 

In the context of SETs, research about how students choose, interpret and use their 

answer categories when rating their lecturers is rather limited (e.g., Benz & Blatt, 1996; 

Block, 1998; Robertson, 2004). However, consistently with the findings reported above, 

student participants in this research varied in how they interpreted and used answer scale 

categories (Block, 1998; Robertson, 2004). Some raters may even tick a scale mid-point 

(e.g., “neither agree nor disagree”) instead of non-applicable. For instance, student 

participants in the U. K. provided scores for non-applicable item statements even if the 

“non-applicable” answer category was available (Ashby et al., 2011; Robertson, 2004, see 

Chapter 3).  



168 
 

Furthermore, little is known about whether the direction of rating scales (starting 

with “strongly agree” versus “strongly disagree”) influences how raters interpret answer 

categories. Evidence shows that participants may prefer categories on the left side of the 

scale (Friedman & Amoo, 1999). However, there seems to be no research in the U. K. 

exploring this issue in SET context.  

Students sometimes tend to rate female lecturers lower than male even if they 

demonstrate identical teaching behaviours (e.g., Arbuckle & Williams, 2003; MacNell et 

al., 2015) or use the same teaching materials (e.g., Mengel et al., 2019; Mitchell & Martin, 

2018; Özgümüs et al., 2020, see Chapter 2). In Study 1, participants rated their specific 

lecturers who could have behaved differently. In this study, I explored how participants 

rate lecturers for the same teaching behaviours. 

In sum, the main aim of this study was to examine how students interpret and use 

answer scale categories during completing SETs. Additionally, I aimed to explore whether 

participants would rate male and female lecturers differently if teaching behaviours 

described in the scenarios are the same. I also studied whether students’ interpretations of 

answer categories varied depending on a different direction of standardised rating scales. 

6.2 Method 

6.2.1 Design 

I used a multi-method 2x2 design (male versus female lecturers and two different 

directions of scale), in which qualitative and quantitative methods were both concurrently 

applied. The design of this study involved online surveys and four scenarios, two in each 

of the four conditions (male versus female lecturers and two different directions of scale) 

about fictitious lecturers. Student participants rated these lecturers on five pre-determined 

SET item statements using multistage answer scale categories, indicating their level of 

agreement with item statement. 

In this between-participants design, participants read two different scenarios to 

achieve diversity of responses. This design had two independent variables with two levels, 

a) the scenario lecturer’s gender (man or woman), b) the direction of the answer scale 

categories in the rating scales (starting with “strongly agree” or “strongly disagree”). Five 

dependent variables were the participants’ ratings of lecturers for on each of the five 

chosen SET items. 

Table 9 shows the overview of the design and each possible condition. I included 

different scenarios to elicit a wider range of responses to teaching behaviours described in 
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scenarios, but I did not analyse differences between types of scenarios that were only used 

to diversify teaching situations.  All scenarios included a mixture of positive, negative and 

ambiguous teaching behaviours (rather than only positive or negative). 

Unlike Study 1, in which participants rated specific lecturers they encountered in 

real life, participants in this study were (if in the same condition) all considering the same 

situation as described in the scenarios. Therefore, any potential gender biases or 

stereotypes may have been easier to identify. 

I used the responses from the open-ended questions about participants’ reasons for 

selecting specific categories to scrutinise how students use and interpret these scale 

categories and form their overall judgements. 

Participants’ answers to an open-ended question about whether they would judge 

male and female lecturers differently enabled me to analyse their comments for potential 

stereotypes regarding lecturers’ gender. Participants consciously reflected on whether they 

may judge male and female lecturers differently. To avoid participants guessing that one 

of the purposes of the study was to explore gender-related beliefs, this was the last 

question presented only after they already provided their ratings.   

 

Table 9 

 

Overview of the Design and Conditions in Study 2 

  

Female lecturers 

 

Male lecturers 

The direction of 

the scale 

    

Strongly disagree 

-> 

strongly agree 

 

Scenario A&B Scenarios A’&B’ 

(Reversed scenarios 

A&B) 

Scenario A&B Scenarios A’&B’ 

(Reversed scenarios 

A&B) 

Strongly agree 

-> 

strongly disagree 

Scenario A&B Scenarios A’&B’ 

(Reversed scenarios 

A&B) 

Scenario A&B Scenarios A’&B’ 

(Reversed scenarios 

A&B) 

 

 

Note. The table depicts possible conditions. Each participant was only exposed to one of 

the conditions (e.g., reading scenarios A&B, then rating female lecturers, with the scale 

direction starting from strongly disagree to strongly agree).  
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6.2.2 Participants    

Out of 336 participants who took part, 226 identified as women, 102 as men, and 

eight participants identified differently. All participants were 18 years or above, with an 

age range between 18 and 63 years (M = 24.60, SD = 5.96). They were either enrolled as 

students at a U.K. university or had finished their studies within the last twelve months. 

Participants were either U.K. students (229), E.U students (59) or International students 

(48). There was a similar distribution of postgraduate students (166) and undergraduates 

(170). Participants came from different academic backgrounds, with Social Sciences, 

Business and Law and Psychology being the most common (see Table 10).  

In March 2020, the COVID-19 global pandemic spread into the U.K., leading to a 

series of national lockdowns and a transition to online learning. My recruitment begun in 

April 2021, shortly after the last national lockdown and introducing easing of restrictions. 

I used opportunity sampling combined with snowball sampling (see Chapter 4 for 

rationale). I recruited participants through the SONA system at the University of 

Greenwich. However, to improve the representativeness of the sample, I also advertised 

this study on social media and websites used for this purpose (SurveyCircle, 

SurveySwap). Student participants were, therefore, recruited from various institutions 

across U.K. Because students from different parts of the U.K. may have different tuition 

arrangements (see Chapter 2), it cannot be determined whether all student participants 

paid tuition fees for their degrees. Furthermore, other differences between universities 

may influence student evaluations of teaching. For example, students attending 

institutions with the highest ranking might have higher expectations than students at 

lower-ranked universities. Similarly, universities in the cities could have a more diverse 

student population than rural universities. This could lead to a higher variation of what 

students expect of their lecturers or how they interpret teaching quality, for example, 

depending on their economic class or cultural background. Although these factors may 

have shaped participants’ responses, I did not request specific information for ethical 

reasons, as these data may be seen as sensitive and were not crucial to my research.    
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Table 10 

Percentage of Participants’ Academic backgrounds (N = 336) Organised by Their 

Gender  

 

Subject Male 

students 

Female 

students 

Non-binary 

students 

 % N % N % N 

Art/Design 0.9 3 2.1 7 0.3 1 

Business and 

Law 

8.9 30 14.6 49 0 0 

Computer 

Science 

2.1 7 1.2 4 0 0 

Engineering & 

technology 

1.2 4 0.3 1 0 0 

Humanities 0.9 3 1.2 4 0.3 1 

Natural 

Sciences 

3.3 11 3.3 11 0.6 2 

Psychology 3.9 13 17.0 57 0 0 

Social 

Sciences 

5.4 18 21.1 71 0.6 2 

Subjects 

Allied to 

Medicine 

2.4 8 2.4 8 0.3 1 

Other 1.5 5 4.2 14 0.3 1 

 

Note. For an easier comparison between my two studies, I retained the original labels and 

the guidelines I used to create subject clusters in Study 1.  

6.2.3 Materials 

Participants in each condition read two different scenarios about fictitious 

lecturers’ behaviours (either Scenarios A&B or Scenarios A’&B’). Scenarios A & B (or 

A’ & B’) presented to participants were identical in each condition and differed only by a 

lecturer’s name, which reflected either male or female gender. 

To capture a broad range of behaviours and beliefs and for realistic scenarios of 

lecturers showing a mixture of behaviours considered by student participants both 

positively and negatively, these scenarios described lecturers demonstrating particular 

constellations of both positive and negative teaching behaviours frequently reported by 

participants in Study 1. To make the situations more realistic in regards to participants’ 

explanations, obtain more varied ratings and explore whether participants interpreted or 

used answer categories differently based on a lecturer’s gender, I also included ambiguous 
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teaching behaviours. Descriptions of teaching behaviours in Scenarios A&B were 

changed to create “reversed” Scenarios A’&B’ in which lecturers demonstrated 

corresponding teaching behaviours (e.g., ‘Lack of visual elements’ changed to ‘Many 

visual elements’ (see Tables 11, 12). My aim was to examine each of these behaviours in 

different (negative, positive, ambiguous) contexts. 

I chose these behaviours based on two factors: teaching behaviours that: a) related 

to the specific items on which participants rated lecturers in each scenario, and b) 

participants frequently mentioned in Study 1. For example, for a scenario in which 

participants rated the “organisation” of the module, I included teaching behaviours related 

to ‘Content’, ‘Structure’, and ‘Time management’, which were frequently identified 

themes when participants rated the “organisation” in Study 1 (see Tables 11, 12). 

To avoid using potentially unisex names for the lecturers, I selected names only if 

over 99.9% of people with this name were women (Emily, Sara) or men (Jacob, Nathan; 

(HowManyofMe, 2021). All four chosen names were popular between the 1970s and 

2000s, reaching the top 100 of the most popular names in each of these decades (Social 

Security Administration, 2021). I chose the first names from the publicly available U.S. 

database. In terms of surnames, I selected “Taylor” (Dr Emily/Jacob Taylor) and “Jones” 

(Dr Sara/Nathan Jones, which are in the top three of the most popular surnames in the 

U.K. 

I used the following five SET items derived from the SET questions used by the 

University of Greenwich: 28 

 

1.) The lecturer makes the subject interesting (the “engagement” item) 

2.) The way their module is taught helps me to learn (the “effective teaching” item) 

3.) This lecturer provides good support to manage my assessment workload (the “support 

with assessments” item) 

4.) Their module is well-organised (the “organisation” item) 

5.) Their feedback helps me develop and improve my performance (the “feedback”  

 
28 Similarly to Study 1 and although these items are frequently used in SETs, I included only a few 

selected items and not the full scale. The predominant aim is to scrutinise students’ use and interpretations 

of answer scale categories with qualitative methods rather than focus on the differences between lecturers’ 

ratings (see also Methodology chapter) 
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item)29 

I asked participants to rate the lecturers from Scenario A (A’) on item statements 

about “engagement”, “effective teaching” and “support with assessments”, and the 

lecturers from Scenario B (B’) on the “organisation” and “feedback” items. All 

participants rated two lecturers from different two scenarios on all five item statements. 

The difference consisted in the types of scenarios (A&B vs. A’&B’). 

 

Table 11 

Teaching Behaviours Depicted in Scenarios A&A’  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 
29 This item was originally worded as “Feedback helps me develop and improve my performance.” 

However, student participants seemed to comment on helpfulness of feedback in general. Therefore, I 

reworded the item statement (by adding “their”: I chose this word because SET items usually use gender-

neutral language) to clarify that this is about feedback from the lecturer in the scenario. 

Teaching behaviours Scenario A 

 

Scenario A’ 

 

Engagement (delivery, 

humour, slides) 

  

Steadily reading slides  Lively voice, humorous 

remarks  

Lack of visual 

elements, long text  

Many visual elements 

A few video clips 

played 

No video clips played 

Lack of elaboration Sufficient elaboration  

Supporting students (help 

with exam preparation) 

Questions to test 

knowledge & exam 

preparation 

No questions to test 

knowledge & no exam 

preparation 

Teaching methods & skills 

(explanation, clarity of the 

lecture) 

Provides clear 

explanation  

The explanation seems 

quite unclear 

Supporting students 

(answers to students’ 

questions, email 

communication) 

Directs student to the 

learning platform for 

further info 

Clarifies answers about 

assignments in more 

detail 
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Table 12 

Teaching Behaviours Depicted in Scenarios B&B’ 

 

Teaching behaviours Scenario B 

 

Scenario B’ 

 

Organisation (structure, 

content, time management) 

Structured slides Unclear and 

slightly vague 

slides 

Detailed and relevant 

but slightly dry 

content 

Interesting but not 

fully applicable 

content 

Two reference links 

are missing 

All reference links 

are provided 

Finishes five minutes 

late 

Finishes on time  

Online resources 

easy to find, with 

links to the library 

and information for 

exam prep 

Online resources 

difficult to find, 

with no links to the 

library nor 

information for 

exam prep 

Difficulty retrieving 

articles outside the 

reference list 

Articles from the 

reference list 

retrieved easily 

Feedback (detail, 

consistency, suggestions for 

improvement) 

Short, vague 

feedback, only 

partial explanation 

for mark 

Detailed, specific 

feedback, fully 

explains the mark 

Some of the 

mistakes contradict 

the guidelines 

Consistent with the 

guidelines 

Three very useful 

suggestions provided 

One useful 

suggestion 

provided 

 

6.2.4 Procedure 

All participants read two scenarios, both featuring a different lecturer of the same 

gender (either two men or two women, which was indicated by name and the pronouns 

used to describe the lecturer) to avoid inferences on the gender focus in this study. 

Participants read either Scenarios A & B (N = 167) or Scenarios A’ & B’ (N = 

169). All participants rated the two lecturers on five SET items overall, choosing one of 

five answer scale categories. The direction of the scale started either from “strongly 

disagree” or “strongly agree” and was randomised between participants but stayed 

consistent for each participant throughout the whole procedure. 
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After each rating, participants answered open-ended questions to justify their 

choice of a specific answer scale category instead of another (e.g., selecting “agree” 

instead of “neither agree nor disagree” or “strongly agree”) 

Afterwards, I asked them whether they would generally judge male and female 

lecturers differently and to explain the reason for their answer (“Do you think that you 

would judge male and female lecturers differently? Why or why not? Please describe 

briefly.”) 

Participants provided their demographic information: their own gender, study 

subject, undergraduate or postgraduate study. They also indicated whether they classified 

as U.K., E.U. or International students. All participants could provide feedback about the 

study. 

6.2.5 Data analysis 

To explore reasons that student participants constructed for picking answer 

categories when rating lecturers on five items, I analysed all participants’ justifications for 

choosing specific answer categories with latent, predominantly deductive thematic 

analysis (TA). I also followed most principles outlined by Robinson (2022) that focus 

specifically on analysing brief texts usually provided by larger samples.  

When I analysed participants’ justifications for picking the answer categories, I 

coded to answer my specific research questions instead of letting specific research 

questions evolve through my coding process. This type of deductive approach is more 

suitable for focusing on a particular aspect of data (Braun & Clarke, 2006). My coding 

was therefore guided by the themes detected in Study 1, but I also identified a few original 

themes when I noticed a pattern in data that captured important information. 

However, when I coded participants’ answers to an open-ended question about 

their judgements of lecturers who were either men or women, I used an inductive (data-

driven) approach. I chose this approach because I aimed for broader data analysis and 

tried to minimise reflecting my personal beliefs about the subject on data for this one 

question (Braun & Clarke, 2006; Kiger & Varpio, 2020). 

Because I was searching for the underlying meanings behind the participants’ 

words, I used a latent approach (Braun & Clarke, 2006). Participants frequently wrote 

partially vague or unclear comments or provided limited context. I had to look beyond the 

meanings on the surface and aim to capture ideas underlying data. Interpretation, 

therefore, formed a crucial part of the coding process. I analysed participants’ 
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justifications for the chosen particular answer categories for each item separately because 

each item related to a different context. The meanings of the identified themes or 

categorisation of the themes and sub-themes could subtly differ between items. 

Additionally, to analyse whether the lecturers’ gender and the direction of the 

rating scales affected SET scores on five item statements, I conducted two One-Way 

MANOVAs. 

6.2.6 Special ethical considerations 

Participants could feel stressed after reading about the negative behaviours of 

lecturers. However, scenarios only described everyday teaching situations unlikely to 

cause stress, and participants were informed that they could withdraw at any time30. 

After participants provided ratings and their reasons for choosing answer 

categories, I asked them whether they would judge their male and female lecturers 

differently, which could potentially upset some participants. Participants who were not 

comfortable answering this question could proceed without providing any answer. 

One participant named a specific module at their university. This information was 

censored and deleted from data to protect anonymity of lecturers. 

6.3 Findings and discussion 

6.3.1 RQ3: Which teaching behaviours and inferred teaching attitudes do students 

consider in their SET ratings? 

I analysed the justifications that participants provided for choosing answer 

categories across all items and scenarios, and conditions. This enabled me to explore types 

of reasons for picking the answer categories that student participants generally constructed 

across all answer categories. Exploring these types of reasons enabled me to identify 

teaching behaviours and attitudes that participants considered when rating target lecturers 

described in scenarios.  

6.3.1.1 General overview and patterns  

Participants mostly justified their choices by commenting on teaching behaviours 

depicted in the scenario or teaching attitudes they inferred from these behaviours. I 

categorised justifications (teaching behaviours, inferred attitudes or other types of 

reasons) that participants as a sample provided into seven to fourteen types of reasons per 

 
30 I outline the general ethical considerations in Chapter 4. 
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rated item (M = 10.80, SD = 3.27). Participants constructed a wide range of reasons for 

picking the same answer category. Each participant, however, mentioned on average just 

between one and two (M = 1.40, SD = 0.92) reasons for choosing the category per item. 

This indicates individual differences in how participants interpreted and used answer 

categories and teaching behaviours they considered (see also 6.3.2., RQ5). 

The most frequent types of reasons outlining teaching behaviours or attitudes 

concerned ‘Lecturer did/did not explain the topic well-used clear teaching style’ (11.5% 

of content mentioned by participants was related to this type of reasons), ‘Lecturer did/did 

not elaborate in detail’ (11.0%), and ‘Lecturer did/did not support or show interest in 

students’ (9.0%). All three types of reasons were mentioned in both positive and negative 

context. Table 13 depicts other frequent types of reasons with content related to teaching 

behaviours and attitudes that participants considered in their SET ratings. 

Participants generally focused more on negative rather than positive aspects (see 

Table 13). The three types of reasons with the highest percentage of negative context 

concerned ‘Lecturer read the slides-long text’, ‘Lecturer did/did not prepare students for 

exam- tested-interacted with students’ and ‘Lecturer did/did not elaborate in detail’.  

In contrast, most participants mentioned behaviours that are related to ‘Lecturer 

encouraged independent learning’, ‘Lecturer provided a variety of methods’ and ‘Lecturer 

provided useful content-resources’ in positive context. Across all items and scenarios, 

53.8% of participants provided negative and 45.4% positive comments31. 

Interestingly, participants frequently mentioned lecturers’ attitudes or intentions 

that they inferred from the behaviours described, especially unsupportive behaviours. For 

instance, “[the lecturer] pointed to the online learning platform to get rid of you” 

(MOSD1832).  

Participants also commonly assumed from the lecturer’s behaviour that the lecturer 

wants students to work independently. Specifically, participants believed lecturer acted in 

certain ways to encourage students to take responsibility for their learning without over 

 
31 A small part of provided comments was ambiguous. When possible, I categorised them into positive 

or negative type of reasons, but for 0.8% comments (all in mid-scale category), the context could not be 

determined and I, therefore, categorised them as neutral. 
32 Indicates label for participant. First letter indicates female (F) or male (M) lecturer, second letter 

original (O= Scenario A & B) or reversed mirror (M= Scenario A’ & B’) condition, and the rest the 

direction of the scale, starting with strongly disagree (SD) or strongly agree (SA). 
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relying on the guidance of the lecturer, e.g., “He wanted his student to read the material 

that he gave hence the attitude” (MOSD9). 

Some participants also commented on their personal rating tendencies or feelings 

or discussed their personal experiences of teaching. Occasionally, participants provided 

comments that were quite difficult to interpret, or suggested participants may have not 

entirely understood the instructions, e.g., “I agree and disagree but mostly disagree” 

(MMSD27) or “Some tutors have tips to make the lecture more interesting” (FOSA16). 

 

Table 13 

The Overview of the Most Frequent Types of Reasons for Choosing Answer Categories 

that Described Teaching Behaviours and Inferred Attitudes 

 

THEMES Total Positive Negative Examples (Participant quotes) 

Theme 

content 

% N % N % N Positive Negative 

Lecturer 

did/did not: 

        

Explain the 

topic well or 

used clear 

teaching style 

  

11.5 260 33.8 88 66.2 172 “because he 

broke the 

information 

down in order 

for me to 

understand it 

fully” 

(MOSA19) 

“Confusion 

over 

explanations” 

(FMSA35) 

Elaborate in 

detail   

11.0 250 24.4 61 75.6 189 “Because once 

asked to 

elaborate she 

clarified things 

in more detail” 

(FMSD36) 

“She doesn't 

give you 

enough 

information” 

(FMSD17) 

Support-care 

about students  

 

9.0 204 28.4 58 71.6 146 “Gave help on 

assignments” 

(FMSD13) 

“he doesn't help 

enough” 

(MOSA22) 

Provide 

useful-

consistent 

feedback or 

marking  

6.4 146 60.3 88 39.7 58 “Contradictory 

marking with 

the criteria” 

(MOSD29) 

“she provides 

useful and valid 

feedback on 

how I could 

have improved 

my grade” 

(FMSD37) 
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Prepare 

students for 

exam-

interacted-

asked test 

questions  

6.0 136 14.7 20 85.3 116 “gives 

information 

about the 

assessment” 

(MOSA11) 

“She did not 

test our 

knowledge of 

the topic and 

did not give 

much 

information on 

how to prepare 

for the exam” 

(FMSD33) 

Provide useful 

content-

resources  

5.6 127 65.4 83 34.6 44 “provide good 

information and 

useful 

resources” 

(MOSD31) 

“[The 

inconsistencies 

are annoying] 

and she should 

be on top of the 

materials she is 

producing.” 

(FOSD9) 

Answer 

students’ 

questions 

5.5 125 38.4 48 61.6 77 “Dr Taylor 

answered the 

student [and 

provided 

support and 

guidance]…” 

(MOSD13) 

“you should be 

able to receive 

comprehensive 

answers to 

questions” 

(FMSA28) 

Provide 

accurate-clear 

guidelines  

5.1 116 45.7 53 54.3 63 “the 

guidelines/infor

mation are 

structured 

nicely” 

(FOSD33) 

“If feedback 

contradicts the 

guidelines then 

the guidelines 

were not 

written with 

much attention 

to detail” 

(MOSD36) 

Provide 

variety of 

methods 

4.1 94 74.5 70 25.5 24 “A variety of 

different 

techniques used, 

e.g. clips, text, 

visual elements” 

(FOSD16) 

“I perceive 

using video 

recordings as a 

lazy method of 

teaching in 

lectures.” 

(MOSA33) 

Ensure easy 

navigation-

access 

3.6 81 24.7 20 75.3 61 “Dr. Sara Jones 

seems to had put 

a lot of work in 

organizing her 

teaching 

material…” 

(FMSD8) 

“files are 

difficult to find” 

(MMSD27) 
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Note. The total column indicates the overall frequency of types of reasons that participants 

provided for choosing answer categories and the overall percentage. The percentages do 

not add to 100 because I only present the overview of the 15 most frequent types of 

reasons. The ‘negative’ and ‘positive’ indicate percentages of negative or positive 

Engage 

students 

3.0 68 63.2 43 36.8 25 “Seems like he 

taught in an 

engaging way” 

(MOSA20) 

“[The extended 

explanation 

later will help 

with learning] 

but to just 

reading of a ppt 

is not very 

interesting” 

[sic]” 

(FOSA27) 

Lecturer 

did/did not 

relate content 

to real life-

applicability 

3.0 67 37.3 25 62.7 42 “Not fully 

applicable to 

practice” 

(MMSD41) 

“The lecture 

possibly 

provided a up 

to date lecture 

on current 

practices that 

may of 

benefited 

students in the 

future” [sic] 

(MMSD42) 

Lecturer read 

the slides-

provided long 

text 

2.8 63 4.80 3 95.2 60 “[Dr Taylor has 

provided both 

visual stimuli 

and text], even 

though the text 

passages are 

long, the topic is 

complex so may 

need to be.” 

(MOSD18) 

“Reading me 

the slide doesnt 

help me teach 

me the subject” 

[sic] (MOSD2) 

Lecturer 

did/did not 

provide 

accurate 

references 

2.6 60 28.3 17 71.7 43 “If the reference 

list is well 

managed, It 

makes the lesson 

organised” 

(MMSD26) 

“[yes but] 

missing 

references are 

annoying; i 

would email 

her to get the 

refernces” [sic] 

(FOSD25) 

Lecturer 

encouraged 

independent 

learning 

2.2 50 84 42 16.0 8 “It encourages 

independent 

learning and 

promotes a level 

of self 

confidence” 

(MOSA25) 

“Because I 

have to study 

more by myself 

at library” 

(FMSD42) 
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comments for each given type of reasons and will therefore add to 100. In bold are the 

frequencies of the types of reasons with the highest percentages (three most frequent types 

of reasons for positive and three for negative content). The most frequent types of reasons 

overall are described in more detail below.  

 

6.3.1.2 The most frequent types of reasons for choosing particular answer categories  

6.3.1.2.1 ‘Lecturer did (did not) explain the topic well-use a clear teaching style’ 

This important most frequent type of reasons (11.5% overall) involved all 

comments about teaching manner, style, and presentation or explanation and clarity of 

teaching. Out of all comments mentioning this theme, 66.2% were negative and discussed 

an unclear, insufficient or not provided explanation or simply stated that it could be 

improved, for instance, “She doesn’t explain her slides [and has to be prompted to give 

answers]. If a student is left with questions, then the professor hasn’t explain it entirely or 

given them the opportunity to understand” [sic]33 (FOSA37), “he is not clear in how he 

describes things, making it difficult” (MMSD10). 

In contrast, 33.8% of participants appreciated explanation was provided or useful, 

e.g., “He gives useful explanation when being asked about assignment” (MMSD20) and 

“She clarifies the topic further, showing that she is useful” (FMSA6). 

6.3.1.2.2 ‘Lecturer did (did not) elaborate in detail’ 

Overall, 11% of participants considered ideas related to ‘Elaboration in detail’ (or 

lack thereof). This included elaborating or adding detail in terms of content, instructions, 

responses to students’ questions or provided feedback. 

Out of participants who mentioned content related to elaboration, 75.6% of 

participants primarily focused on insufficient elaboration, e.g., “I disagree because she 

did not elaborate while explaining the lecture but only did when I asked her to” 

(FOSA42), “…but I think its their responsibility to elaborate further if somebody doesn’t 

understand something” [sic] (MOSA27). 

 
33 I kept all participants’ quotes in their original form (without correcting spelling or grammar errors) 

to maintain authenticity.  
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In contrast, 24.4% participants mentioned ‘elaboration’ in a positive context, e.g., 

“Because once asked to elaborate she clarified things in more detail” (FMSD36) and “he 

gave extra detail when the student was still unsure” (MMSD27). 

6.3.1.2.3 ‘Lecturer did (did not) support or show interest in students’ 

This type of reasons included all behaviours related to supporting students, but 

also a lecturer’s perceived caring or interest in students or their learning. It was the third 

most frequent type of reasons (9% overall). 

Out of participants who mentioned this type of reasons, 71.6% commented on lack 

of support. Participants especially disliked being directed to the online platform by their 

lecturers. For instance, “telling students to go look at the online learning platform is not 

helpful as the likelihood is they have already looked there and either need additional help 

or some guidance to where the content is on the page” (FOSA13), “The lecturer could 

help put by guiding instead of just stating module material is available on platform” [sic] 

(MOSA40) or “I do not think a student is supported with their work if just told to read the 

online learning platform” (FOSA5). 

Participants also reported feeling like they had to put a lot of effort into getting 

their lecturer’s support, e.g., “Would have to chase her for help, which takes up time and 

energy and would be stressful for me if i had other assignments to work on” [sic] 

(FMSD39) or “he needs to be chased up multiple time to obtain support” (MMSD11), “a 

lot of effort on the behalf of the student is required to receive sufficiently detailed support” 

(FMSD18). 

This implies that most participants disliked behaviours that they felt indicated the 

lecturer’s lack of interest or lack of effort in supporting students.  

In sum, participants mostly focused on clarity of explanation and sufficient detail. 

They disapproved of lecturers’ behaviours that could be seen as dismissive or 

unsupportive, such as being directed to the online platform. Participants also complained 

about having to “chase” lecturers for support.  

6.3.1.3 General patterns of teaching behaviours and students’ expectations observed 

in types of reasons that participants provided  

This section involves also types of reasons with lower frequencies. I discuss 

patterns identified in teaching behaviours and inferred attitudes that participants 

considered when completing SETs as well as participants’ expectations of their lecturers.  



183 
 

6.3.1.3.1 A lecturer as an entertainer vs educator  

Although only 1.9% of content overall related to the type of reason ‘Lecturer used 

humour’, it was together with ‘Lecturer provided a variety of methods’ the most 

mentioned behaviour (12.7%) when participants read the scenario depicting the lecturer 

making humorous remarks and rated the “engagement” item. This theme involved any 

content mentioning the use of humour or describing lecture as fun.  

Humour was always mentioned in a positive context. For example, participants 

commented, “humorous remarks can have a significant impact on effectiveness” 

(MMSD5), “the funny comments may help the students stay engaged during the lesson” 

(FMSA31), and “includes witty humour” (MMSD21). This may imply that many students 

expect their lecturers to fulfil the role of an entertainer (Wong & Chiu, 2019).  

In contrast, 2.8% of the whole sample provided content related to ‘Lecturer read 

the slides-long text’. Interestingly, this was the most frequently mentioned behaviour 

(18.6%) when participants read about the lecturer steadily reading from the slides and 

rated lecturers on the “engagement” item. Participants overwhelmingly (95.2%) disliked if 

the lecturer provided slides with predominantly long text or simply read the slides, e.g., 

“Lecture slides with long text passages are boring” (FOSD19), “I personally don’t find 

just reading from slides very engaging” (MOSD6), “Only reading from the slide and 

having loads of text on a slide is quite lazy and does not make it very interesting” 

(FOSA10).  

This suggests students may feel that lecturers are not providing any additional 

value by simply reading the content that students could read on their own. Students may 

also infer lack of caring or effort related to teaching from the lecturer from this behaviour.  

6.3.1.3.2 Independence of university students 

Out of the whole sample, 2.2% of participants also commented that ‘Lecturer 

encouraged independent work or learning’. Independence was seen as students not over 

relying on their lecturers’ support but taking their own responsibility for their learning. 

Interestingly, opportunity for independent work was often framed as positive, and many 

participants demonstrated an active approach to learning. For instance, “Asking extra 

questions forces you to learn more, and it is not the responsibility of the lecturer to inform 

you of everything regarding a topic. It is for them to lay the foundations so you can go 

away and learn more” (FMSA39), “Once I have a small understanding I tend to seek my 
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own information. Usually, library services or journal databases. At University I don’t 

expect to be given everything, I expect to find a lot of the information for myself” 

(MMSA19).  

Participants frequently mentioned independent work when rating “support with 

assessments.” They acknowledged, “Assignments are mostly the student’s duty” 

(FMSA16), “the encouragement for independent learning helps” (MMSA22), “[She's not 

offering much help towards the assignment] however as a university student I should be 

expected to interpret information myself” (FOSD9).  

Occasionally, participants defended the lecturers, e.g., “Uni isn’t about being 

spoon fed“ (FMSA41), “[he could elaborate on the question] but he is right that he says 

you should read the material” (MOSA41), “She can not spoon feed the students all the 

answers, student need to be able to discover and interpret the information provided by 

themselves” [sic] (FOSA27). These observed patterns are encouraging because they imply 

that some participants may have reflected on their responsibilities as university students. 

Only a minority (16%) of participants framed a need for independent learning in 

negative context, for example, “I prefer to have all the information given to me, rather 

than having to find it myself” (MOSA4) and [student chose disagree] “Because I have to 

study more by myself at library” (FMSD42).   

Other comments were ambiguous, where participants acknowledged that 

independent learning is an essential part of university study but finished their comments 

by listing teaching behaviours they disliked. For instance, “Higher education is more 

independent than other learning [but students still need a good amount of guidance as the 

content is new to them]” (FOSA13). 

This shows an interesting contrast in participants’ answers. On the one hand, they 

seemed to dislike spending additional effort to obtain further support or answers to their 

questions. On the other hand, other participants positioned themselves as active learners 

and seemed to prefer working independently. This may indicate individual differences in 

students’ expectations in terms of university work and from their lecturers.  

Another frequent type of reasons associated with independence concerned 

‘Lecturer answering students’ questions’ (5.5% overall), which included any responses to 

students’ questions but also email communication with lecturers. This also relates to 

independence because although students may need to clarify certain aspects with lecturers, 

the general expectations are that they should take initiative of looking for answers first 

(e.g., by checking online platform). 
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When participants mentioned ‘Lecturer answering students’ questions’. 61.6% of 

comments were negative. Participants complained about having to “chase” the lecturer for 

answers, unhelpful or untimely answers, e.g., “He has told the student to go online and 

look at the answers instead of giving the student the answer himself” (MOSA1), “Would 

be helpful if information was clear initially without having to ask twice” (FMSA36), “She 

isn’t helpful in answering any questions therefore I would feel ill prepared” (FMSD2). 

Positive comments (38.4%) included lecturers providing the answers to students, 

such as “answered the question about exam requirements the way he should have - in a 

useful way without giving the straight answer” (MOSD30), “She gave all the answers to 

my questions” (FOSD18), “Emily has responded to email questions which is helpful” 

(FOSA40). 

This further supports the idea that many students expect their lecturers to provide 

help directly rather than looking for answers independently. It also implies individual 

differences in what students expect from their lecturers (e.g., in terms of support). 

6.3.1.3.3 The importance of assignments 

Participants also frequently mentioned content related to ‘Lecturer providing 

accurate-clear guidelines’ (5.1% overall). This included different aspects of guidelines 

such as clarity and consistency or how useful participants perceived them to be for their 

assignments. Many participants (45.7%) appreciated being provided with assessment 

guidelines and praised them for being easy to understand or helpful, e.g., “helpful 

instructions to help aid us with the exam” (MOSA26), “The assessment guidelines were 

helpful and also updated with improvements” (FMSA40). 

Other participants (54.3%) disliked contradictory, unclear, inaccurate or confusing 

guidelines. For instance, “his instructions went against the marking guidelines” 

(MOSD29), “It is unfair to be penalised if the brief was incorrect” (FOSD21). 

Interestingly, most participants commented on guidelines positively when rating 

target lecturers on the “organisation” but in a negative way when rating on the “feedback” 

item. This may suggest that students’ expectations for particular teaching behaviours may 

change across different items. For example, when rating “organisation”, students may 

appreciate guidelines are simply provided. However, when rating “feedback”, students 

may focus more on perceived problems with the guidelines, such as lack of consistency.  

Another type of reasons related to assignments concerned ‘Lecturer providing 

improvement suggestions’ (1.9% overall) that lecturers provided in their feedback. 
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Interestingly, 94.6% of participants perceived lecturers’ offered suggestions for 

improvement in a positive context, usually stating these suggestions were provided or 

useful, “He does provide useful suggestions for improvement” (MOSD4) or “[While the 

feedback may be short and vague], it seems like the recommendations would make up for 

it“ (FOSA17). The rest of the participants reported that suggestions for improvement were 

insufficient, e.g., “only one answer was provided in improvement” (FMSD15). This 

suggests that students generally may be open to improvement suggestions and value them.  

Participants also emphasised the importance of feedback in general. Out of the 

participants who commented on feedback in general (2.1% overall), majority (97.9%) 

provided positive comments, stating that feedback is important and useful. Participants 

appeared to discuss general feedback rather than specific feedback provided by the 

lecturers in the scenarios, e.g., “I personally agree, but it do not seem to be happened in 

the scenario 2” [sic] (MOSD15). This suggests that the item was worded confusingly, 

making participants think they should comment on the general helpfulness of feedback 

rather than specific feedback from the lecturer (see also Method section).  

Interestingly, participants who commented on content related to ‘Lecturer 

providing useful-consistent feedback-marking’, predominantly focused on quality (e.g., 

clarity, consistency) of the feedback and marking rather than received grades. 

In sum, participants highlighted teaching behaviours related to assignments, such 

as lecturers providing accurate and consistent guidelines, as important. Participants also 

valued provided feedback and, especially, any improvement suggestions.  

6.3.1.3.4 The same teaching behaviours (scenario) interpreted in different ways 

Participants as a sample (N =336) interpreted teaching behaviours described in 

scenarios in distinct ways, the reported teaching behaviours or inferred attitudes could be 

categorised into seven to fourteen types of reasons per item (M = 10.80, SD =3.27). 

However, participants considered on average only between one and two different reasons 

(M = 1.40, SD = 0.92) per item and rater. This suggests individual differences in how 

participants interpreted teaching behaviours depicted in scenarios. 

Surprisingly, participants frequently interpreted even the same teaching behaviours 

and attitudes considering different contexts. For instance, participants who read Scenario 

A commented on behaviours categorised into the theme ‘Lecturer did/did not explain 

topic well-used clear teaching style’ in 102 instances. Even though participants considered 

the same situation, “explanation-teaching style” was interpreted in 53.9% of cases as 
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“unclear, insufficient, badly timed“, and 46.1% cases as “good, clear, engaging, provided 

or useful” (see Table 14).  Participants said, “helps students easily understand the more 

complex areas” (FOSD13), “He explains clearly” (MOSD35) but also “…she does not 

offer to explain the coursework properly…” (FOSD29) and “if he is not able to explain 

the lecture, then the student's learning is challenged” (MOSD15) about the same scenario. 

This implies that participants perceived the same described teaching behaviour in 

various ways and interpreted these behaviours in a distinct context after reading the same 

scenario. The scenario only provided rather short descriptions of two particular teaching 

situations. However, in real life, students evaluate lecturers over a long period after 

observing them in various situations and contexts. Students may also be affected by many 

other factors, such as age, appearance or ethnicity of the lecturer. Interpretations may, 

therefore, vary even more in real life. Student participants were also reminded of the 

scenario each time they rated the lecturer. In real life, students would have to rely on their 

memories of the situations and may be influenced by ideas they develop about their 

lecturers over time.  

 

Table 14 

A Range of Teaching Behaviours and Attitudes Mentioned in Types of Reasons that 

Participants Provided for Choosing Answer Categories (N = 167) when Reading the 

Same Scenario and Rating the “Engagement” Item  

 

Theme 

content 

Strongly 

disagree  

 

Disagree 

 

Neither agree nor 

disagree 

 

 

Agree 

  

Strongly 

agree 

 Lecturer read 

the slides-

provided long 

text (42) 

 

Did (3), neg. 

context 

 

 

Did (28), neg. 

context  

 

Did (7), neg. 

context  

  

Did (4), 1 in 

pos. context 

 

 

Lecturer 

did/did not 

provide 

variety of 

methods  

(34) 

 

 

Did not (1) 

 Did (7), 2 in 

neg. context  

 

Did not (2) 

Did (4), 1 

ambiguous   

 

 Did (19) 

 

 

 Did (1) 
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Lecturer 

did/did not 

explain the 

topic well-use 

clear teaching 

style 

(31) 

 

 

 

Did not (5)  

 

 Did (1) 

 

 

Did not (8)  

 

Did (2) 

 

 

Did not (5)  

 

 Did (9) Did (1) 

Lecturer 

did/did not 

support 

students  

(23) 

 

 

Did not (4)  

 Did (1) 

 

Did not (3)  

 

 Did (3) 

 

Did not (3)   

 Did (2) 

 

Did not (7)  

 

 

Lecturer 

did/did not 

elaborate in 

detail (21) 

 Did (2) 

 

Did not (15)  

 

 

 

 

 Did not (3) 

 

 

 

 Did not (1) 

 

Lecturer 

did/did not 

engage 

students   

(18) 

 

 

 

Did not (2)  

 

 

 

 

Did not (4)  

 

 

 Did (4) 

 

 

Did not (3)  

 

Did (3)  

 

 

Did not (1) 

Did (1) 

Lecturer 

did/did not 

prepare 

students for 

exam-

interact-ask 

test questions 

(16) 

  Did (1)  

 

Did not (13)  

 

 

  

 

Did not (1) 

Did (1) 

Students 

described 

their own 

feelings-

preferences-

perceptions  

(11) 

 (5) (6), neutral context  

 

 

  

Lecturer 

did/did not 

provide 

professional 

examples (10) 

  

Did not (3) 

 Did (3)  Did (3)  Did (1) 

Lecturer 

did/did not 

show  

caring-effort-

enthusiasm  

(9) 

 

 

 

Did not (3)  

Did (1) 

 

 

Did not (5)  
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Lecturer 

provided 

average-

adequate 

lesson- 

standard 

(8) 

 (1) (5), neutral context (2)  

      

 

Note. In bold (theme content) are the summary abbreviations of teaching behaviours and 

attitudes that participants mentioned when they provided reasons for picking answer 

categories. The numbers indicate their frequency. Negative context is indicated with blue 

colour and positive context with red colours. Participants frequently disagreed on context 

for the same behaviour, therefore, some types of reasons indicate how many participants 

perceived the lecturer demonstrating the behaviour and how many perceived the lack of it 

(did/did not). Occasionally, the predominantly positive type of reasons involved also a 

few negative comments (or vice-versa). For example, the ‘Variety of methods’ was 

provided by a lecturer, but some participants saw it in a negative context, or participant 

did not mind the ‘Lecturer reading slides’. This is indicated in additional brackets with 

‘neg.’ or ‘pos.’ context. Comments with no colour are neutral, such as describing lecture 

standard as ‘average’ or participants stating their preferences or feelings (e.g., stating 

more information is needed to judge). 

6.3.1.4 Brief discussion 

In sum, the main teaching behaviours and attitudes that participants considered 

were linked to how clearly lecturers explained the topic, whether they elaborated in detail 

and supported students, as well as if they provided a high quality of feedback and 

marking. Participants considered how well lecturers prepared them for assignments, 

answered their questions and the quality of guidelines and content or resources that 

lecturers provided.  

Participants frequently inferred their lecturers’ attitudes from supportive or 

engaging teaching behaviours described in the scenarios or any perceived opportunities 

for independent work (or lack thereof) often by considering different contexts.  

The COVID-19 pandemic occurred predominantly between Study 1 and Study 2, 

with its last stages during data collection for Study 2 that I started in April 2021. 

Therefore, all student participants experienced a shift to online learning due to the national 

lockdowns before participating in this study and some participants may have still not 
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transitioned back into in-person teaching. This could have potentially shaped participants’ 

responses and expectations they had of their lecturers or their understanding of teaching 

quality. Interestingly, no participant reflected on the lockdowns or the COVID-19 

pandemic, although a few participants described their (positive or negative) stances on 

online learning. Because the scenarios involved fictitious lecturers, student participants 

perhaps did not reflect on real-life contextual factors, such as transitions to online 

learning. Alternatively, participants may have experienced no deterioration in teaching 

quality during the COVID-19 pandemic. For example, 34 interviews with tutors and 

educational leaders or mentors in England revealed they responded creatively to 

challenges during the pandemic and used them to develop resilience as well as enhance 

and diversify their teaching practices (Towers et al., 2023). 

The sample as a whole reported a broad range of behaviours to justify their choices 

of answer categories. However, each participant considered on average only between one 

and two reasons, indicating pronounced individual differences in the ways in which 

students interpret and use the answer scale categories. Similarly, these findings indicate 

individual differences in participants’ expectations (e.g., some praised the opportunity for 

independent work, whereas others disliked it). 

This suggests that participants perceived even the same situation in subjective 

ways and considered very different behaviours and attitudes and saw them in varying 

context. Specifically, participants constructed very different meanings for the same 

situation, describing the same study phenomena. In real-life SETs, this situation may be 

even more pronounced because students need to rely on their memories and remember 

lecturer’s behaviours across different times and contexts. These subjective perceptions can 

lead to the potential influence of gender biases and stereotypes on students’ ratings. 

6.3.2 RQ5: In what ways do students interpret and use the answer categories of SET 

scales when completing teaching evaluations? 

In the previous section, I analysed participants’ justifications for choosing answer 

categories to explore what teaching behaviours and attitudes they considered salient. In 

this section, I analyse general patterns in how participants interpret and use these answer 

scale categories. I also explore the types of reasons that participants constructed for each 

specific answer scale category in the sample. 
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6.3.2.1 General overview  

Deductive thematic analysis of key reasons that 336 participants provided for 

choosing answer categories yielded five key themes describing types of reasons 

participants provided for choosing answer categories. Participants provided together 2352 

reasons (excluding miscellaneous reasons not categorised into types of reasons) that I 

categorised into 28 themes across all five items (see Table 15).  

Overall, justifications for male and female lecturers were of similar frequency. 

Participants provided slightly more negative justifications for female (52%) compared to 

male (48%) lecturers, and more positive justifications for male (52.7%) than female 

lecturers (47.3%).  

The frequency of reasons was also similar for the different directions of the scales, 

for both negative (48.6% for starting with “strongly disagree”, and 51.3% for “strongly 

agree”), and positive (49.1% for starting with “strongly disagree”, and 50.9% for 

“strongly agree) justifications. This suggests that participants were likely not influenced 

by priming or anchoring effect, therefore, apart from investigating whether a direction of 

scale affected students’ ratings, I did not conduct further analyses. Overall, participants 

did not rate lecturers differently across all five items when using the scales with different 

directions, F (5, 327) = 1.80, p =.112, Pillais’ Trace = .027, with effect size ηp2 =.027 (see 

Table B1, Appendix for descriptive statistics). 

 

Table 15 

The Overview of the Ten Most Frequent Types of Reasons Identified Across All Scenarios 

and All Items for Each Answer Category 

THEMES: 

Q1-Q5 

Strongly 

disagree 

Disagree 

 

Neither agree 

nor disagree 

Agree Strongly agree  

Theme 

content 

% N % N % N % N % N 

Lecturer 

did/did 

not: 

          

Explain 

the topic 

well or 

used clear 

teaching 

style (260) 

  

12.6 19 13.3 86 

(9+) 

14.9 65 

(20+) 

9.7 78 

(47+) 

5.2 12+ 
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Elaborate 

in detail 

(250) 

11.3 17 14.2 92 

(2+) 

10.1 44 8.5 68 

(30+) 

12.5 29+ 

Support-

show 

interest in- 

care about 

students 

(204)  

 

21.2 32 12.8 83 

(7+) 

7.4 32 

(14+) 

5.6 45 

(25+) 

5.2 12+ 

Provide 

useful-

consistent 

feedback 

or 

marking 

(146)  

5.3 8 (1+) 4.3 28 

(4+) 

5.5 24 

(10+) 

7.7 62 

(50+) 

10.3 24 

(23+) 

Prepare 

students 

for exam-

interacted

-asked test 

questions 

(136) 

9.3 14 10.2 66 

(1+) 

4.6 20 (5+) 4.2 34 

(12+) 

0.9 2+ 

Provide 

useful 

content-

resources 

(127) 

4.0 6 3.9 25 

(4+) 

6.4 28(16+) 6.2 50 

(45+) 

7.8 18+ 

Answer 

students’ 

questions 

(125) 

8.6 13 6.0 39 

(3+) 

6.7 29 

(15+) 

4.9 39 

(26+) 

2.2 5 (4+) 

Provide 

accurate-

clear 

guidelines 

(116) 

6.0 9 3.5 23 

(2+)  

6.7 29 

(12+) 

5.6 45 

(29+) 

4.3 10 

Provide 

variety of 

methods 

(94) 

2.6 4 2.6 17 

(9+) 

2.3 10 (6+) 6.9 55 

(47+) 

3.4 8+ 

Ensure 

easy 

navigation

-access 

(81) 

2.6 4 5.6 36 

(2+) 

3.0 13 (5+) 2.7 22 (8+) 2.6 6 (5+) 

 

Note. In the bold are the ten most frequent types of reasons for choosing answer categories 

describing teaching behaviours and attitudes. A sign + indicates a number of positive 

comments. Percentages depict the frequency of types of reasons within each answer 
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category. Because I only included ten most frequent types of reasons, percentages do not 

always add to 100%. 

6.3.2.1.1 Individual differences between participants when providing reasons for 

choosing answer categories  

At first, I explored how many different types of reasons participants provided and 

analysed general patterns in how participants chose answer categories. Each justification 

that I had categorised into a theme (see 6.3.1, RQ3) was considered to be a theme of 

reasons (e.g., if a participant mentioned behaviours I had categorised into the 

‘Explanation-teaching style’ and ‘Elaboration-detail’ as a justification for selecting an 

answer category that would count as two themes of reasons).These themes of reasons 

could be specific teaching behaviours, inferred attitudes, participants’ feelings, or any 

other reasons. Miscellaneous justifications not categorised into any types of reasons were 

not included in this analysis. 

Participants as a whole sample (N =336) provided from seven to fourteen different 

types of reasons per item statement. Each individual participant provided between zero to 

seven types of reasons, with each participant considering on average between one and two 

different reasons (M = 1.40, SD = 0.92) per item and rater. This suggests that most raters 

only focused on one or two key reasons rather than considering or averaging all pieces of 

evidence instead of considering the whole field of types of reasons. This is consistent with 

the previous findings (Uher, 2018a).  

Exploring general patterns in ratings revealed that when participants rated their 

lecturers on the “engagement” item, a majority (40%) considered only one main theme 

reason (M = 1.58, SD = 0.93), whereas approximately a third of participants (29.5%) 

weighted or averaged several pieces of evidence. Even fewer participants (23.8%) 

considered multiple (two or more) reasons (see Table 16). The rest of participants either 

did not provide any justifications or their justifications were too infrequent to be 

categorised into any themes.    

I assumed that participants weighted or averaged the evidence if I could clearly 

infer this from their justification. Weighting involved cases when participants specifically 

mentioned why they chose a specific category instead of another one (e.g., ‘I would 

choose strongly agree if [specific elements were better]’). Averaging involved cases when 

participants considered several pieces of evidence, positive and negative and chose the 

mid-category, e.g., “Although she is enthusiastic about the topic, not much information is 
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provided and explanations seem unclear” (FMSD11). Participants who considered two or 

reasons but simply listed them without providing the evidence of weighting are 

categorised in ‘Considered several reasons’. However, some participants may have 

applied this reasoning mentally without writing it down. This could occur if participants 

perceived completing this study as cognitively taxing (Dunegan & Hrivnak, 2003) or not 

exerted all their effort into completing it (Uijtdehaage & O’Neal, 2015). To avoid 

cognitive overload, participants may have also relied on heuristics (mental shortcuts) to 

make a quick automatic judgement (Kahneman, 2003; Merritt, 2008).  

 

Table 16 

General Patterns in Participants’ Ratings on the “Engagement” Item (N =336) 

 Strongly 

disagree 

 

 (n= 19) 

Disagree 

  

 

(n=105) 

Neither agree 

nor disagree 

 

(n=58) 

Agree 

  

 

(n=140) 

Strongly 

agree 

  

(n=14) 

Participants      

Considered one 

reason 

 (12) (46)  (17)  (46)  (6) 

Considered 

several reasons 

 (6) (31)  (2)  (34)  (7) 

Weighted or 

averaged 

evidence 

  (21)  (31)  (46)  (1) 

Uncategorised  (1)  (5) 

 

 (7)  (8)  

 

I then looked beyond general patterns and considered specific meanings that 

participants constructed for answer scale category (across whole dataset). Participants’ 

reasons for choosing the same category frequently overlapped (e.g., participants provided 

different reasons to justify choosing “disagree”). This implies that the answer categories 

have no disjunctive meanings as would be required for converting them into numbers.  

In 96% of cases, participants (as a group) who read the same scenario, but with a 

different gender of the lecturer protagonist and different direction of the scale provided at 

least two different reasons for using the same answer scale category. The remaining 4% of 
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cases were non-applicable34  Participants who rated the lecturer of the same gender in the 

same scenario with the same scale direction almost always provided at least two or more 

different justifications (as a group). In the whole dataset (N = 336), the vast majority of 

participants reading the same scenario provided different justifications for selecting the 

same answer category if rating the lecturer in the same condition (gender, scenario, scale 

direction). In 89% of cases, participants as a group interpreted answer categories 

differently. The remaining 9.5% involved non-applicable cases. 

These findings therefore suggest that students’ interpretations and use of answer 

categories may become broader in more distinct contexts (e.g., a different gender of a 

lecturer; see also Table 15 for the field of reasons for all items, Table 17 for the different 

reasons for picking the same answer categories for the “engagement” item). 

 

Table 17 

Individual Differences in Participants’ (N = 336) Interpretations and Use of Answer 

Categories when Rating Engagement  

 

 Strongly 

disagree  

 

Disagree 

 

Neither agree 

nor disagree 

 

 

Agree 

  

Strongly 

agree 

 Lecturer 

did/did not: 

     

Provide 

variety of 

methods  

(71) 

 

 

Did not (2) 

Did (9), 2 in neg. 

context  

 

Did not (5) 

Did (5), 1 

ambiguous  

Did (37)  

 

Did not (10), 1 in pos. 

context 

 

 

Did (3) 

 

Explain the 

topic well-use 

clear teaching 

style (64) 

 

 

Did not (7) 

Did (1) 

 

Did not (19)  

 

Did (3) 

 

Did not (11) 

Did (12)  

 

Did not (9) 

  

Did (2) 

 
34 For example, if only one participant within the condition chose the particular category or only one 

participant provided comments categorised into these types of reasons. 
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Support-care 

about students  

(45) 

 

 

Did not (5)   

Did (1) 

 

Did not (7)  

 

Did (4) 

 

Did not (4)   

Did (6) 

 

Did not (16)  

 

 

Did (2) 

Elaborate in 

detail (43) 

  

 

Did not (1) 

Did (2) 

 

Did not (21)  

 

 

 

Did not (6) 

Did (4) 

 

Did not (9)  

 

Read the 

slides-

provided long 

text (42) 

Did (3) 

 

Did (28) Did (7) Did (4), 1 in pos. 

context 

 

 

Prepare 

students for 

exam-interact-

ask test 

questions (38) 

 

 

 

Did not (2) 

Did (1) 

 

Did not (20)  

 

 

 

Did not (3) 

Did (2) 

 

Did not (9)  

 

 

Did (1) 

Show  

caring-effort-

enthusiasm in 

general  

(38) 

 

 

 

Did not (3)  

Did (2)  

 

Did not (6)  

 

 

Did (4)  

 

Did not (1) 

Did (17) Did (5) 

Engage 

students   

(37) 

 

 

Did not (3) 

Did-could (1) 

 

Did not (6)  

 

Did-could (7)  

 

Did not (3)  

 

 

Did-could (15)  

 

Did not (1) 

Did-could 

(1) 

Use humour 

(35) 

 Did (1) Did (3)  Did (24) Did (7) 

Provide 

professional 

examples (32) 

 Did (1) 

 

Did not (3)  

 

Did (3) Did (21) 

 

Did (4) 

 

Use lively 

voice-manner 

(21) 

 Did (1) Did (1)  Did (15) 

 

Did (4) 

 

Students 

described 

their own 

feelings-

preferences-

perceptions 

(17) 

 (6) (10), neutral 

context 

(1)  

Answer 

students’ 

questions 

(11) 

 

 

Did not (1) 

  Did (3) 

 

Did not (6)  

 

 

 

 

Did not (1) 

Provide 

average-

adequate 

 Did (1)  Did (5), neutral 

context 

Did (2)  
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lesson- 

standard 

(8) 

 

Note. In the bold are the types of reasons student participants provided as justification for 

ticking answer boxes. The numbers indicate the frequency of these reasons. Negative 

context is indicated with blue colour and positive context with red colours. Comments 

with no colour are ambiguous or neutral. 

Table 17 shows that participants reported a whole range of different types of 

reasons for choosing the same answer categories. For example, participants who ticked a 

middle answer category (here ‘Neither agree nor disagree’) provided 13 distinct types of 

reasons for choosing this category when rating the “engagement” item. Furthermore, 

participants mentioned these types of reasons in positive as well as negative and 

ambiguous context or used mid-category as non-applicable option.   

Vice versa, participants frequently used the same reasons for picking distinct 

answer scale categories. For instance, participants justified choosing four distinct answer 

categories (ranging from ‘disagree’ to ‘strongly agree’) with the ‘lecturer using humour’.  

This suggests individual differences in how participants encode, interpret, and use 

answer scale categories. Participants also constructed meanings that were frequently 

qualitative rather than quantitative and overlapped between different answer categories.  

However, psychologists commonly assume raters interpret and use answer scale 

categories in standardised ways. Psychologists attempt to create quantitative meaning by 

recoding answer categories into numerals. On this five-point scale, the mid-scale category 

would often be converted to a numeral ‘3’. But this mistakenly creates an assumption that 

this numerical value may reflect homogenous meaning (Uher, 2022a), even though 

participants constructed a wide range of type of reasons for choosing this category, and 

similarly, used the same types of reasons for different categories. This indicates overlap 

between category meanings and indicates it is erroneous to assign quantitative meanings 

to numerical scores of recoded answer categories. 

Furthermore, numerals are frequently interpreted as numbers. But the answer 

categories recoded into numerals do not have the same quantitative properties as numbers 

(see also Chapter 3). For example, some participants who chose ‘disagree’ considered 

several types of evidence, e.g., “she is quite vague in her explanations and does not 

provide enough exam/assignment support” (FMSD37). In contrast, participants who chose 
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mid-category stated lack of evidence, e.g., “There is not much information about support 

for workload in the above description, so it is difficult to make a judgement.” (FMSD20). 

Psychologists would convert these categories into numerals ‘2’ (disagree) and ‘3’ (neither 

agree nor disagree). If researchers interpret these numerals as numbers, ‘3’ would indicate 

a higher quantity than ‘2’. However, as seen in the example above, these quantitative 

relations do not apply to relations between verbal categories recoded into these numerals. 

In fact, a participant who chose “disagree” considered more pieces of evidence than 

participant who chose “neither agree nor disagree”. Not only these participants did not 

consider different quantities of the same quality, but one also actually considered a 

different quality.   

This suggests that relations between the recoded answer categories do not 

adequately represent relations between the quantities of the encoded empirical relational 

system (Uher, 2018b). For example, participants encoded different empirical information 

(e.g., ‘unclear explanation’, ‘lack of support’) into the same verbal answer scale categories 

(e.g., ‘disagree’), recoded by researchers into one numerical value (e.g., “2”). However, 

the same numerical symbol must always represent the same quantity of the same study 

phenomena to qualify as measurement. In this example, participants did not even consider 

the same phenomena, let alone the same quantity.    

6.3.2.1.2 Using the same reasons for selecting different answer categories 

Participants frequently provided the same reasons even if they selected different 

answer categories. Nearly all identified themes feature as a reason for choosing all answer 

categories (see Table 20). The only difference is the context. As expected, when 

participants rated target lecturers on a scale starting with “strongly disagree”, the 

justifications for choosing the higher ends of the scale are more likely to be positive, 

whereas the opposite applies to the lower ends of the scale (and the contrary if participants 

rate on a scale starting with “strongly agree”). This especially applies to the “strongly 

disagree” and “strongly agree” categories. Only N = 1 (0.7%) reason for choosing 

“strongly disagree” was positive and N = 5 (2.2%) reasons for selecting “strongly agree” 

negative. The remaining three answer scale categories are more balanced, with 

participants providing a mixture of positive and negative comments (see Table 20). This 

results in one–to–many assignment relations with answer scale categories (Uher, 2023). 

But this means that created values (e.g., here numerals ‘2’ and ‘4’ corresponding to 

answer categories ‘disagree’ and ‘agree’) may represent the same information. For 
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example, participants provided almost identical reasons, “The explanation could have 

been clearer in the first place” (FMSD38), “His explanations are unclear and vague” 

(MMSD20), and “unclear explanations” (FMSD21), to explain their choices of three 

answer scale categories, ranging from ‘disagree’ to ‘agree’). However, 2 and 4 recoded as 

numerals and interpreted as numbers indicate different quantitative meanings. This, 

however, contradicts the interrelations between raters’ use of the answer scale categories.  

Therefore, participants encoded the same empirical information into different 

verbal answer scale categories that researchers then recoded into numerical values, or, 

vice versa, encoded different empirical information to the same verbal answer categories. 

This makes it impossible to trace information back to the study phenomena and the 

information that participants wanted to convey. 

Importantly, to qualify as measurement, the same quantities of the same study 

phenomena must always be encoded with the same numerical symbols. But in the 

example discussed above, numerals ‘2’, ‘3’ and ‘4’ do not even represent different 

qualitative information. Specifically, participants provided the same type of reasons 

(unclear explanation) for picking three different categories. Exploring their answers show 

no evidence that participants considered different quantities of the same quality. Again, 

interrelations between how participants used these answer categories do not represent 

interrelations between “2”, “3” and “4”. It would therefore be erroneous to ascribe them 

quantitative meanings. 

6.3.2.2 Further patterns observed in participants’ use of answer categories 

6.3.2.2.1 Participants providing ratings and then contradicting themselves 

Participants occasionally provided a rating and then contradicted their own rating 

in their justification of this choice. For instance, some participants only mentioned 

negative aspects but still provided a relatively “high” rating, such as “agree”. Similarly, 

participants sometimes praised the lecturer but rated them on the given item with 

“disagree”. One participant commented “seems like a very well organized professor, wish 

all of mine had been like that” (FOSA39), but chose “strongly disagree” on the item “the 

lecturer made the subject interesting”. Another participant wrote, “The long text passages 

would discourage my interest and he does not elaborate each video clip shortly after they 

have played. I feel like attention usually drops towards the end of the lecture and choosing 

to elaborate on the slides at the end would be a dread” (MOSA26), which seems like a 

negative comment, but chose “agree” on the statement that the lecturer made subject 
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interesting. This could be because participants showed different rating tendencies (e.g., to 

choose higher ends of the scale) or simply made mistakes (see below). 

Occasionally, participants clarified their choice (e.g., I would have chosen 

“strongly agree” if [specific aspect] was better). For instance, “I chose agree because she 

provides insights, humorous remarks, etc., which makes the topic engaging. However, I 

would not choose strongly agree because there is a limit to how interesting a topic can be 

if you are not able to fully comprehend it by having your doubts solved, and she seems 

unable to do that.” (FMSA20). Some participants may have applied the same reasoning in 

their mind but not written it down.  

Participants may have also changed their minds when asked to think about their 

choice. For example, one student stated “I actually changed my answer to I disagree- 

because her lecture structure needs improvement, she clearly is unaware of that. Also, the 

fact her marking is confusing and answers are vague suggests she isn't a star teacher” 

(FMSA26). Alternatively, participants may have made a mistake and chosen the wrong 

answer category without realising it (see below). 

6.3.2.2.2 Obvious mistakes in choosing or justifying choice of answer scale categories 

Out of all participants, only 1.79% explicitly stated that they had accidentally 

selected the wrong answer category. For example, “I was mean to press strongly disagree. 

I expect all learning resources to work as intended and the learning to be engaging” [sic] 

(MOSD12) or “it is NOT well designed, but i cant go back to the last question” [sic] 

(MOSD37). 

Some participants may have also made this mistake without mentioning it, which 

could explain why some justifications contradicted participants’ ratings. I identified 

2.38% of these cases. For example, the participant stated: “He provides detail and 

relevant materials” (MOSD41) but ticked “disagree” (that the module is well-organised). 

Furthermore, 2.1% of participants explained selecting the answer category by 

either repeating category, e.g., “agree with it” they chose or simply stating another answer 

category, e.g., typing “agree” even though they ticked “neither agree nor disagree”. In 

addition, 1.4% of participants provided answers that suggested they did not fully 

understand the question, e.g., replying “yes” or “no” or repeating a part of the statement 

“help to learn”.  

This suggests that some students may misunderstand the instructions, be distracted 

or rush to complete the study. Importantly, these cases would go unnoticed in formal 



201 
 

SETs, as students may not realise they made a mistake. These mistakes may, however, 

negatively affect lecturers’ ratings.  

 

6.3.2.2.3 Insufficient information 

Occasionally, participants also mentioned they did not have sufficient information 

to judge. Out of all participants, 2.68% mentioned this reason as a justification for 

choosing at least one answer category. Most of these participants provided this reason for 

choosing the “neither agree nor disagree” category (72.7%), but also for “disagree” 

(18.2%) and “agree” (9.1%) categories. For example, participants wrote, “I felt that there 

was not enough information provided about her delivery of the subject to know whether or 

not she made the subject interesting” (FMSD20), or “I cannot infer whether his module is 

structured” (MMSD32). Most participants who mentioned insufficient information chose 

mid-scale category. This implies that some students may use mid-category as 

interchangeable with a non-applicable category. 

6.3.2.2.4 Middle category as non-applicable and ambiguous item statements 

Similarly, 4.76% of participants commented at least once that they were not sure 

or did not know why they chose a particular category or stated that the situation did not 

apply to them, or they did not fully understand the question. For example, “I don't really 

know what is meant by the question” (FMSD11), or “Does not apply to me” (FMSA24). 

Out of these 4.76% of participants, most again provided this reason for choosing “neither 

agree nor disagree” category (87.5%).  

This may imply that students did not know why they made this choice but also that 

students may have used the middle category as a substitution for “non-applicable” (see 

also Ashby et al., 2011). Researchers may recode this category to indicate an average 

score (here recoded into a numeral ‘3’). However, some participants clearly chose this 

category to indicate ‘non-applicable’ rather than ‘more’ agreement than participants who 

chose category ‘disagree’ (here recoded into a numeral ‘2’). Therefore, perceived 

quantitative relations between the numerical scores of recoded answer categories do not 

match semantic meanings of these answer categories (Uher, 2022a, 2022b, 2023). 

6.3.2.3 Brief discussion 

In sum, the entire participant sample constructed a large variety of heterogeneous 

reasons for picking the answer categories. However, individual student participants 
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considered on average only between one to two theme reasons from that field of reasons 

when reporting why they chose specific answer categories in their justifications. 

Therefore, different participants ticked the same category for distinct reasons, related to 

different observations and judgements. This precludes establishing an unbroken chain of 

connections between study phenomena and results, precluding data generation 

traceability, thus making it impossible to trace back the data to the information to which 

they refer. 

Participants frequently used the same justification even for selecting distinct 

answer categories. This shows that the meanings of answer categories overlap, and the 

categories do not have disjunctive meanings. 

Fields of meanings are context sensitive. i.e., participants considered different 

context even for the same scenario. Similarly, there were individual differences in how 

participants interpreted even the same answer categories. Participants’ interpretations 

became broader in more distinct contexts (e.g., a different lecturer’s gender).  

Some of the answers and patterns suggested that participants selected the wrong 

answer category or changed their mind after reflecting further. Other participants 

mentioned insufficient information to judge, most of them chose mid-category. In fact, 

mid-category seemed to be used by some participants as “non-applicable” option. This 

shows some potentially problematic patterns (students making mistakes, students using 

mid-category as non-applicable) that could also occur in SETs in real life.  

This suggests that some reasons for ticking the answer categories do not represent 

information related to item content. Similarly, results depended on the subjective and 

flexible ways in which participants used and interpreted answer categories, including any 

mistakes that participants made (e.g., choosing a wrong answer category). The results, 

therefore, did not represent the same quantitative meaning across different contexts. The 

generated values were not connected to any reference quantity as required for public 

interpretability of quantitative meaning. This precludes numerical traceability and thus 

establishment of measurement (Uher, 2020, 2022a, 2023). 

6.3.3 RQ6: What are possible differences in the teaching behaviours and inferred 

teaching attitudes that students consider in SET ratings when judging male versus 

female lecturers?    

I explored whether the frequencies of types of reasons for choosing answer 

categories that participants considered across all items differed for male versus female 
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lecturers. This enabled me to investigate any potential differences in the teaching 

behaviours and attitudes that participants considered when judging their male and female 

lecturers.  

6.3.3.1 Overview and interpretation of findings  

I examined whether participants commented on particular teaching behaviours or 

attitudes more frequently than expected for male versus female lecturers (see Table 18). 

Specifically, I explored the four most frequent types of reasons regarding whether lecturer 

did (or did not) demonstrate particular teaching behaviour or inferred attitude: ‘Explained 

the topic well-used clear teaching style”, ‘Elaborated in detail’, ‘Supported or cared about 

students‘, ’Provided useful-consistent feedback or marking’. I also added two further 

frequent types of reasons: ‘Provided accurate-clear guidelines’ and ’Answered students’ 

questions’. These types of reasons were only the seventh and eight most frequent overall, 

however, they were the next most frequent (after four main ones) when considering only 

the first three items (‘Answers to students’ questions’) or last two items (‘Guidelines). I, 

therefore, added them to provide a broader general overview across items. 

Chi-square analyses revealed that participants commented on good ‘Explanation-

teaching style’ significantly more frequently than expected for their male (14.3%) than for 

female (8.0%) lecturers, Χ
2

(1) = 7.895, p =.005 (see Figure 12). This suggests that 

students may appreciate high-quality explanation more from their male versus female 

lecturers.  

There were no gender-related differences for the remaining (91.7%) analysed 

types of reasons. In sum, participants considered teaching behaviours and attitudes 

similarly frequently for male and female lecturers, apart from providing high-quality 

explanation, which they considered more salient for male lecturers. This provides support 

for stereotype content model, because the good explanation may be associated with 

competence (frequently perceived as masculine characteristics). Figure 12 depicts how 

many times student participants praised explanation or teaching when the lecturer was a 

man versus a woman. 
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Figure 12 

The Frequency with which Participants Mentioned High Quality ‘Explanation-teaching 

style’ for Lecturers of Different Gende
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Table 18 

The Overview of the Frequency of Types of Reasons for Choosing Answer Categories Identified Across All Items Categorised by a Lecturer’s Gender  

THEMES:  

Q1-Q5 

Strongly disagree  Disagree 

 

Neither agree nor 

disagree 

Agree Strongly disagree 

Theme content Men  Women 

 

Men  Women 

 

Men  Women 

 

Men  Women 

 

Men  Women 

Lecturer 

did/did not: 

% N % N % N % N % N % N % N % N % N % N 

Provide clear 

explanation-

teaching style-

lesson  

7.3 11 5.3 8 6.8 44 

(5+) 

6.5 42 

(4+) 

7.8 34 

(14+) 

7.1 31 

(6+) 

5.6 45 

(30+) 

4.1 33 

(18+) 

3.0 7+ 2.2 5+ 

Elaborate in 

detail  

5.3 8 6.0 9 6.6 43 7.6 49 

(2+) 

5.3 23 4.8 21 4.5 36 

(16+) 

4.0 32 

(14+) 

6.9 16+ 5.6 13+ 

Support-care 

about students  

11.3 17 9.9 15 5.4 35 

(1+) 

7.4 48 

(6+) 

4.1 18 

(7+) 

3.2 14 

(7+) 

3.7 30 

(15+) 

1.9 15 

(10+) 

2.2 5+ 3.0 7+ 

Provide useful-

consistent 

feedback or 

marking  

2.6 4 

(1+) 

2.6 4 2.0 13 

(2+) 

2.3 15 

(2+) 

3.2 14 

(7+) 

2.3 10 

(3+) 

3.4 27 

(23+) 

4.4 35 

(27+) 

6.9 16+ 3.4 8 

(7+) 

Prepare students 

for exam-

interacted-asked 

test questions  

4.0 6 5.3 8 3.7 23 

(1+) 

6.5 42 2.3 10 

(3+) 

2.3 10 

(2+) 

2.0 16 

(5+) 

2.2 18 

(7+) 

0.9 2+ 0 0 

Provide useful 

content-resources  

2.0 3 2.0 3 1.9 12 

(3+) 

2.0 13 

(1+) 

3.9 17 

(10+) 

2.5 11 

(6+) 

4.0 32 

(27+) 

2.2 18+ 5.2 12+ 2.6 6+ 
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Note. This table shows participants’ answers when asked to justify their choice of answer category. It depicts how frequently participants 

mentioned content categorised (on the left, in bold) for each answer category, for each lecturer’s gender. The percentages indicate how many 

participants mentioned specific content in the answer category. The sign + depicts justifications I interpreted as positive, for example, 4 (1+), 

indicates four justifications of which, one was positive

Answer students’ 

questions 

4.6 7 4.0 6 3.1 20 2.9 19 

(3+) 

2.3 10 

(5+) 

4.4 19 

(10+) 

3.1 25 

(17+) 

1.7 14 

(9+) 

2.2 5 

(4+) 

0 0 

Provide accurate-

clear guidelines  

2.6 4 3.3 5 1.4 9 2.2 14 

(2+) 

1.8 8 

(5+) 

4.8 21 

(7+) 

4.1 33+ 

(21+) 

1.5 12 

(8+) 

2.2 5+ 2.2 5+ 

Provide variety 

of methods 

1.3 2 1.3 2 1.7 11 

(5+) 

0.9 6 

(3+) 

0.9 4 

(2+) 

1.4 6 

(4+) 

2.9 23 

(21+) 

4.0 33 

(25+) 

1.3 3+ 2.2 

 

5+ 

Ensure easy 

navigation-access 

1.3 2 1.3 2 17 

(1+) 

2.6 2.9 19 

(1+) 

1.6 7 

(2+) 

1.4 6 

(3+) 

1.6 13 

(5+) 

1.1 9 

(3+) 

1.7 4+ 0.9 2 

(1+) 
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6.3.3.1.1 Differences in participants’ explicit reports about their judgements of male 

versus female lecturers 

At the end of the survey, I explicitly asked student participants whether they would 

judge their male and female lecturers differently and to explain why, or why not. Inductive 

thematic analysis revealed that most participants reported they would not judge their lecturers 

differently (84.7%), but some would (10.7%), and others were not sure (4.6%). 

However, 3.3% of participants who said “yes” or “maybe” mentioned that this would 

be subconscious or unintentional. For example, “I’m sure I would since I would certainly be 

biased according to stereotypes. That doesn’t mean I would want to judge them differently, 

though” (MMSA6). This shows that some participants in my sample had some awareness of 

issues related to biases and stereotypes. 

In contrast, 7.4% of participants provided reasons that suggested sexism or bias 

against female or male lecturers. For instance, “Male teachers [are] usually more simple and 

helpful” [sic] (MOSD2), “Yes, I may find male lecturers more intimidating but female 

lecturers more annoying [but this doesn't always apply. It depends more on the person]” 

(MMSA8). “I find female lecturers tend to explain better and often provide suggestions or 

examples” (FMSA10) or “Male lecturers [are] more rationale” [sic] (FMSA1).  

Participants often emphasised their personal experience, e.g., “yes I probably do. Like 

all women, I have had more experiences of men underestimating my intelligence and 

patronising me, so I tend to respond differently to male teachers, a bit defensively or like I 

have something to prove. I feel more guilty when I miss lectures or assignments set/run by 

female lecturers, for some reason I imagine the are more likely to remember and hold it 

against me” [sic] (MMSD35). 

The key themes I identified were ‘No difference between genders/teaching skills’ 

(20.2%), ‘Expectations from the lecturers (same/different)’ (12.5%), ‘Gender does not 

matter-I would consider other things’ (53%), ‘I would/would not due to my own gender’ 

(2.1%), ‘Awareness of sexism, bias, discrimination’ (6.8%), ‘My past experiences with 

lecturers’ (8%). 
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6.3.4 RQ8: What are the potential differences in the ways in which students use and 

interpret typical answer categories on SET Likert scales when judging male versus 

female lecturers?  

I explored whether types of positive reasons that participants mentioned resulted in 

higher ratings and types of negative reasons in lower ratings of the evaluated lecturers. I also 

investigated whether this differed for female versus male target lecturers. 

I conducted bivariate correlation analyses between the number of positive versus 

negative justifications (themes) and the rating scores participants provided for the lecturers 

evaluated. I analysed the number of justifications only of the most frequent type of reasons 

per each item. However, for the “engagement” item, I chose later in the coding process to 

combine the themes (Lecturer provided/did not provide ‘Different methods’, ‘Visual 

elements’ and ‘Videos’) into one theme, ‘Variety of methods’. This theme of type of reasons 

became the most frequent for this item. I, therefore, considered the most two frequent types 

of reasons for this one item. I conducted Benjamini-Hochberg method to correct for multiple 

analyses35 with 5% False Discovery Rate (Benjamini & Hochberg, 1995). After applying the 

Benjamini-Hochberg procedure, the highest p value I deemed significant was p = .009. 

I also analysed participants’ ratings of their lecturers on the five SET items for any 

significant differences between the scores of male and female lecturers with One-Way 

MANOVA. 

6.3.4.1 General overview and interpretation of findings 

As to be expected, the more negative reasons (e.g., lack of ‘Support’ provided by 

lecturers, poor quality of ‘Explanation-teaching style’) participants mentioned, the lower they 

rated the target lecturers. In contrast, the more positive reasons (e.g., sufficient ‘Support’ 

provided, high quality of ‘Explanation-teaching style’) for choosing categories participants 

mentioned, the higher they rated the lecturers. 

Participants considered some reasons more strongly in their ratings of particular 

items. The more frequently participants provided affirmative comments about 'Lecturer 

explaining topic well- using clear teaching style’ or ‘Supporting or showing interest in 

students, the higher they rated all lecturers (specifically on the “effective teaching” and 

“support with assessment” items). In contrast, the more frequently participants mentioned 

 
35  P-values that would previously demonstrate significant differences, p = .013 and p = .045 were rejected 

after conducting this method. 



209 
 

poor quality of provided ‘Explanation-teaching style’, or that ‘Lecturer did not support or 

show interest in students’, the lower they rated all lecturers on the same items. 

The more frequently participants considered ‘Lecturer provided poor overall 

feedback-marking’, on the “feedback” item the lower they rated both male and female 

lecturers. Similarly, the more participants mentioned that ‘Lecturer provided variety of 

methods’ or ‘Lecturer provided useful content-resources’, the higher they rated the target 

lecturers on the “engagement” and “organisation” item.  

When rating the target lecturers, participants, therefore, appreciated high quality of 

explanation, teaching style, provided support, and content, but disliked lack of support, 

unclear explanation or poor quality of feedback. This suggests that although participants may 

think about different types of reasons when evaluating their lecturers, participants may 

consider only some of these reasons more strongly in their ratings. 

6.3.4.2 No effect of lecturer’s gender on overall ratings   

Overall, participants did not rate male and female lecturers differently across all five 

SET items, F (5, 327) = 0.41, p =.843, Pillais’ Trace = .006, with effect size  

ηp2 =.006.36 Therefore, univariate effects of gender on rating scores were not considered (see 

Table B2, Appendix for descriptive statistics).  

These findings contradict some of the previous research which showed bias against 

female lecturers who received lower ratings than male lecturers even for the identical 

teaching behaviours (e.g., MacNell et al., 2015; Mengel et al., 2019). Contradictory findings 

could be explained by different context (e.g., country, discipline). These contextual aspects 

could interact with gender but not show in rating scores (Bachen et al., 1999; Gelber et al., 

2022; Laube et al., 2007; Renström et al., 2021). 

6.3.4.3 Differences in weighting of the types of reasons for lecturers of a different gender  

After applying corrections for multiple analyses, participants weighted 75% of the 

analysed types of reasons similarly for both studied genders. However, participants weighted 

 
36 I analysed the scores to comply with mainstream psychology standards. Importantly, the analysed 

rating scores represent answer categories recoded into numerals that can represent a wide range of 

meanings (as demonstrated above). These numerals do not have mathematical properties that 

researchers commonly ascribe to them (Uher, 2022a) 
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25% of the teaching behaviours (described in the analysed types of reasons for choosing 

categories) differently for lecturers of different genders.  

The more frequently participants mentioned that ‘Lecturer provided poor explanation-

used unclear teaching style’, the lower they rated only male lecturers (M = 3.13, SD = 1.05), 

on the “engagement” item, r (165) = -.28, p < .001, but not female lecturers (M = 3.04; SD = 

1.06), r (167) = -.16, p < .04537, on the same item.  

Similarly, the more frequently participants mentioned that ‘Lecturer provided useful 

overall feedback-marking’, the higher rating scores they awarded to only male lecturers (M = 

3.71; SD = 1.13) on the “feedback” item, r (165) = .21, p = .007, but not female lecturers (M 

= 3.69; SD = 1.17), r (167) = .10, p = .204.  

The chi-square analyses revealed that participants considered these types of reasons 

(‘provided explanation’ and ‘feedback-marking’) similarly frequently for male and female 

lecturers when rating them on these specific items38. This is a positive finding because it 

means that, on average, student participants in this sample made similar considerations about 

teaching behaviours of their male and female lecturers.   

6.3.4.4 Brief discussion 

In sum, participants mostly used answer categories similarly when judging male and 

female lecturers, however, there were differences only in a small subset of the analysed types 

of reasons. 

Specifically, participants weighted some considerations more strongly in their ratings 

for lecturers of certain gender. The more frequently participants mentioned lecturer provided 

poor ‘Explanation-teaching style’ on the “engagement” item, the lower participants rated only 

male lecturers. Participants also weighted a high quality of ‘Overall feedback-marking’ on 

the “feedback” item only when they rated male lecturers. When rating “engagement”, 

participants appeared to penalise male lecturers more for poor explanation than women.  

Interestingly, when rating “effective teaching”, participants weighted both negative 

and positive comments about ‘Explanation-teaching style’ strongly in ratings of all lecturers. 

This provides some support for stereotype content model, as explanation skills could be 

 
37 The p value was no longer considered significant after applying Benjamin-Hochberg procedure to 

correct for multiple analyses. 

 
38 Although participants mentioned good quality of lecturer’s explanations significantly more frequently 

for male than female lecturers (see RQ8), this was in the whole dataset overall and not for specific items 

explored here. 
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associated with competence (often perceived as masculine characteristic). Perhaps 

participants in this sample expected their male lecturers to explain content to a high standard 

and considered any deviation from the expected performance salient, even when rating male 

lecturers on items not directly related to “effective teaching”.  

Furthermore, participants weighted more consideration of high quality of feedback 

and marking only in their ratings of male lecturers, specifically, the more frequently 

participants mentioned affirmative comments about feedback and marking, the higher they 

rated but only their male lecturers. This implies that participants may have appreciated high 

quality of feedback more from their male as opposed to female lecturers. This finding is quite 

novel and consistent with findings from Study 1. 

In sum, although participants considered some teaching behaviours similarly 

frequently for both male and female lecturers, participants weighted some considerations 

more strongly in their ratings for lecturers of certain gender. This implies that participants in 

this study applied in some fewer cases gendered schemas when evaluating their lecturers.  

My findings are consistent with recent findings by Gelber et al. (2022) and Renström 

et al. (2021). Their research did not show any significant differences in ratings of male and 

female lecturers, but detected that participants were subtly applying gendered schemas, 

although participants in my study only did so in a minority of cases.  

Despite scenarios describing the identical situations, participants weighted some 

fewer considerations in their ratings differently for male and female lecturers. However, in 

real life, students may be affected by various other factors (e.g., academic subject, lecturer’s 

voice, ethnicity, age) and forced to also rely on their memories as they may need to recall 

teaching behaviours over time. This demonstrates subjectivity in students’ choices, which 

may lead to the potential influence of gender biases or stereotypes. 

6.4 General summary of this chapter  

In Study 2, I investigated how students interpret and use the answer scale categories. I 

also examined any potential gender differences in how students rate lecturers of a different 

gender for the identical teaching behaviours and how students weight these behaviours in 

their ratings. I found extensive variations in participants’ interpretations and use of answer 

scale categories. The sample provided the same reasons for choosing different answer 

categories, and, vice versa, different reasons for choosing the same categories. Some 

participants contradicted themselves, made obvious mistakes in their ratings or used a mid-

category instead of a non-applicable.  
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Overall, students did not rate male and female lecturers significantly differently across 

five SET items. Although students weighted 25% of the analysed considerations differently 

in their ratings, this applied to their ratings of both male and female lecturers. There were no 

gender differences in how frequently students considered 91.7% of the analysed types of 

reasons for male or female lecturers. This is a promising finding that suggests there was no 

evidence of pervasive gender bias in this sample. Perhaps these participants were more aware 

of the potential influence of sexism or gender stereotypes. When answering the open-ended 

question about judging their lecturers, over 6% of participants provided reasons that 

suggested their awareness of sexism, gender biases or stereotypes.  

In the next chapter, I discuss general key patterns in my findings from Study 1 and 

Study 2, relate them to the previous literature, and highlight relevant contribution of my 

research to the existing literature.  
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Chapter 7: Overall analyses and discussion 

 

In this chapter, I discuss my key research findings. I present each research 

question separately. At the end of each section reviewing research questions that 

addressed a specific topic, I discuss the original contribution of my findings to the existing 

research. In the second part of this chapter, I outline the practical and theoretical 

implications of my research and recommendations for practice. I summarise the overall 

contribution of this PhD research to the field and briefly discuss its limitations. 

Afterwards, I provide the directions for future research and present an overarching 

conclusion of my PhD research. 

7.1 Students’ views on lecturers’ teaching behaviours and inferred attitudes 

In research questions through which I explored this key topic, I aimed to examine 

which teaching behaviours and inferred attitudes of their lecturers do students generally 

consider salient. It is critical to differentiate between teaching behaviours and attitudes, 

because behaviours can be observed, but attitudes only inferred (i.e., from these 

behaviours, see Chapter 3). 

I aimed to answer this question in two ways. First, I explored teaching behaviours 

and attitudes that students considered when reflecting on their specific lecturers in general 

(before providing any rating; see Chapter 5). I instructed participants to reflect on 

teaching behaviours and underlying attitudes of their lecturers separately, which was 

rarely done in the previous research. Second, I examined what teaching behaviours and 

inferred attitudes students considered when rating lecturers (both specific and described in 

scenarios) on SET items (see Chapters 5, 6). 

7.1.1 Key findings and relation to the previous literature 

7.1.1.1 RQ1: Which of their lecturers’ teaching behaviours do students generally 

consider important? 

The whole sample in Study 1 reported a wide range of teaching behaviours they 

considered important (see Chapter 5).  

Consistently with the previous findings, my participants also focused 

predominantly on teaching-related behaviours during the lectures (Emmelman & 

DeCesare, 2007). Participants in my study valued if lecturers engaged students (Chang-
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Kredl & Colannino, 2017; Reupert et al., 2009; Slate et al., 2009; Tam et al., 2009), 

demonstrated passion and enthusiasm (Anghelcev et al., 2023; Basow et al., 2006; Tam et 

al., 2009), had good communication skills (Slate et al., 2009), supported and cared about 

students (Basow, 2000; Chang-Kredl & Colannino, 2017; Slate et al., 2009), and used 

humour (Anghelcev et al., 2023; Slate et al., 2009; Su & Wood, 2012). 

Interestingly, student participants considered several teaching behaviours 

assignments salient only when they encountered some problems in this area. Similarly, 

participants reported good engagement much more frequently than lack of engagement. 

Students may therefore emphasise certain teaching behaviours and attitudes differently 

depending on the context in which students perceive them. Perhaps students have a certain 

threshold of what they expect of their lecturers and may notice any teaching behaviours 

that deviate from these expectations (see Chapter 5). 

Participants in my sample frequently described their “best” lecturers as active, 

upbeat, using their body language, walking around, or acting energetically. This is an 

interesting finding that was also reported in Benz and Blatt (1996), but did not appear 

frequently in other research, although participants in Anghelcev et al. (2023) reported 

energetic behaviours and also framed it as a sign of a lecturer’s passion, the same as 

participants in my sample. Therefore, energetic behaviour may be seen as a demonstration 

of ‘passion or enthusiasm’, which is commonly mentioned in other studies. Perhaps 

students generally infer an ‘enthusiastic’ attitude from the observable energetic behaviours 

of lecturers, but distinguishing between behaviours and attitudes in my study led them to 

report ‘energetic’ behaviours separately. This could disadvantage lecturers who cannot 

present energetically (e.g., because of disability), hindering their ability to demonstrate 

passion or enthusiasm to students. 

7.1.1.2 RQ2: Which attitudes that students ascribe to their lecturers do students 

generally consider important? 

In line with the previous findings, my participants in Study 1 (Chapter 5) 

appreciated if lecturers seemed friendly, approachable, enthusiastic and passionate, or 

student-centred (Anghelcev et al., 2023; Basow et al., 2006; Chang-Kredl & Colannino, 

2017; Emmelman & DeCesare, 2007; Mogan & Knox, 1987; Slate et al., 2009; Sprague & 

Massoni, 2005; Tam et al., 2009). 

In contrast, my participants disliked mean, uncaring, and unsupportive lecturers 

(Basow et al., 2006; Chang-Kredl & Colannino, 2017; Emmelman & DeCesare, 2007; 
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Mogan & Knox, 1987; Slate et al., 2009; Sprague & Massoni, 2005). A rather 

unanticipated finding in my study was how often student participants praised their 

lecturers for positive attitude (e.g., being generally positive, relaxed, confident, or happy). 

This attitude differed from enthusiastic attitudes that participants also frequently 

mentioned that I categorised into a different theme. Although some research reports 

students valued relaxed atmosphere or accommodating lecturers (Chang-Kredl & 

Colannino, 2017; Emmelman & DeCesare, 2007), my participants commented specifically 

on general positivity and happiness of their lecturers. The most similar finding was 

reported in a recent study in which participants mentioned that lecturers should have been 

more relaxed, less negative or smile more (Adams et al., 2022). In contrast, instead of 

solely disapproving of lecturers’ negative attitudes, participants in my sample more 

frequently highlighted positive attitudes of their lecturers. Perhaps students became more 

aware of the importance of well-being in recent years and considered positive attitudes to 

be more salient compared to the previous generations of students. This finding, however, 

implies that lecturers may need to engage in additional emotional labour to appear happy 

to students.  

Surprisingly, some participants also mentioned counter-intuitive attitudes (e.g., 

potentially undesirable attitudes for their “best” lecturers). Similarly, some participants 

contradicted themselves in their answers. Participants also sometimes listed attitudes, 

although I instructed them to report behaviours (and vice-versa). 

Similarly to prior research (Benz & Blatt, 1996), some of my participants 

considered study phenomena that were absent. There was a discrepancy between several 

teaching behaviours and inferred attitudes that participants reported. That suggests 

participants may have inferred lecturers’ attitudes even from unrelated teaching 

behaviours or subtle behaviours (smiling, tone of voice) that participants may have 

noticed but not reported or even from discussions with other students. 

7.1.1.3 RQ3: Which teaching behaviours and inferred teaching attitudes do students 

consider in their SET ratings? 

In both studies, participants as the whole sample considered a wide range of 

teaching behaviours and attitudes, even for the same item statement (Chapter 5) or an 

answer category (Chapter 6). However, each participant considered on average only 

between one to two teaching behaviours or attitudes, or reasons for picking the answer 

category. This shows students may have in mind various referents (e.g., teaching 
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behaviours) for the same item statement. From the measurement point of view, it remains 

unclear which specific referents (study phenomena) students considered even for the same 

item thus precluding data generation traceability (Uher, 2023). For example, researchers 

could assume that the item evaluates specific teaching behaviours, even though 

participants considered different referents. This would remain unclear if participants 

simply ticked a box without explaining what they considered while rating their lecturers. 

This finding has serious implications. If students have a different understanding of the 

item, their ratings cannot be compared with each other. The results (symbolic system) 

cannot be traced back to study phenomena (empirical system) that students considered 

when rating their lecturers. 

Student participants differed in the ways in which they provided answers. Some 

participants provided long and descriptive responses, some simply repeated what items 

stated without providing any context, and others referred to their previous answers even 

when rating their lecturers on different items. This implies that some participants might 

have been influenced by the halo or horn effect (tendency to like or dislike all the features 

of the evaluated individual; MacDougall et al., 2008; Murphy et al., 1993; Thorndike, 

1920; Wetzel et al., 2016). Furthermore, it suggests that participants may have interpreted 

meanings of different item statements as interchangeable.  

In fact, the meanings that participants constructed for item statements frequently 

overlapped between items. Occasionally, participants interpreted items with the meanings 

that seemed better suited to other SET items. Therefore, when students rate their lecturers 

on certain items, students may have in mind teaching behaviours that relate more to other 

items and differ from the meanings that developers intended for these items. Several 

participants directly disagreed with items that put them into passive roles (see Chapter 5).  

An interesting frequent theme involved students’ ideas about ‘independent 

learning’. Some participants in my sample highlighted the active role that students should 

play in their learning and did not rely exclusively on support from lecturers. This 

contradicts older research in which participants attributed responsibility for their learning 

to lecturers (Benz & Blatt, 1996). However, views that the participants in my PhD 

research expressed remained mixed. Some participants acknowledged that the university 

should emphasise independence whereas others reported reluctance to seek information by 

themselves. This shows individual differences in students’ expectations of their lecturers. 
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Overall, there was a pattern that suggested students may expect from their 

lecturers to engage or entertain them. Similarly, participants strongly disliked a traditional 

teaching method of reading from slides. Perhaps participants perceived lecturers reading 

off the slides as lacking knowledge. Alternatively, participants may have expected more 

dynamic approach from lecturers, and found it dull to passively listen to the read content.   

Participants sometimes interpreted even the same standardised scenario 

(describing teaching situations, e.g., lecturers presenting the topic and then answering 

students’ questions) in very distinct ways. The scenarios were ambiguous and contained 

both positive and negative behaviours. Therefore, the differences in how participants 

interpreted the scenarios may be expected to certain extent. But some participants framed 

even the same behaviours in a negative whereas other participants in a positive context. 

This was a common pattern in my data that again highlights an active role of raters and 

has serious implications. Participants judged even the same teaching situation differently, 

which indicates subjectivity in their judgements. In this study, I minimised information 

that was available to participants, but findings still suggest many differences in 

participants’ perspectives. In real life, students may also consider a lecturer’s age, 

ethnicity, nationality, type of subject, many other factors unrelated to teaching quality in 

subjective ways. Students consider and interpret a variety of contexts that may invoke 

even more diverse perspectives. The scenarios were rather short, whereas in real life 

students usually complete SETs at the end of the term and must think about teaching 

situations that occurred throughout the year. Furthermore, in a real-life context, students 

must recall this information from their memories. This memory recall is prone to errors 

and can be influenced by many biases (Dodson et al., 2008; Lenton et al., 2001; Sherman 

et al., 2003). Furthermore, this task may be even more complex if students need to 

consider teaching behaviours of several lecturers (e.g., in real-life contexts, multiple staff 

may teach the same module).  

Interestingly, participants sometimes framed the same teaching behaviour in a 

positive context when rating one item, but a negative context for another item. This 

suggests students may have higher expectations of their lecturers when rating them on 

certain items.  

Student participants, therefore, considered different study phenomena (e.g., 

teaching behaviours – empirical relational system) when interpreting the item statements 

(the same symbolic relational system). Similarly, participants also interpreted, perceived 
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and framed standardised scenario (description of the same teaching situation) in different 

ways. This shows the important role that raters have in generating data with rating scales, 

specifically, their subjective interpretations of items which may let them consider different 

study phenomena than intended.  This task would be even more complex in real life in 

which students experience a variety of teaching situations over a long period, some of 

which may be ambiguous. 

7.1.2 Original contribution to the existing research. 

This PhD research provides an overview of teaching behaviours and attitudes that 

students generally considered salient when reflecting on their lecturers and in teaching 

evaluations. It also offers important insights into what specific information students 

considered when rating their lecturers on different SET items, which was rarely examined 

before, especially in the context of universities in the U. K. 

7.2 Students’ interpretations and uses of item statements and answer scale categories  

The following research questions aimed to examine the ways in which students 

interpret and use item statements and answer scale categories in general. This analysis 

focuses less on the meaning of the themes of teaching behaviours and attitudes examined 

in the previous section and instead discusses general patterns in the ways in which 

participants interpreted these key elements of rating scales (see Chapters 5, 6). 

7.2.1. Key findings and relation to the previous literature 

7.2.1.1 RQ4: In what ways do students interpret the item statements of SET scales in 

general, and what meanings do students generally construct for these 

statements? 

Consistently with the previous empirical findings (Arro, 2013; Lundmann & 

Villadsen, 2016; Rosenbaum & Valsiner, 2011; Uher, 2018; Uher & Visalberghi, 2016), 

participants in Study 1 developed a wide range of meaning for the same standardised item 

statement. 

Similarly, my findings are in line with previous research in SETs, which also 

showed that student participants interpret SET items broadly (R. Bennett & Kane, 2014; 

Benz & Blatt, 1996; Block, 1998; Robertson, 2004). Importantly, the meanings that 

participants constructed for different SET item statements frequently overlapped between 

items. 
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Interestingly, participants frequently mentioned ideas related to ‘students’ 

experience’. This, again, emphasises the active role of raters. Participants frequently 

reported that they interpreted meanings of item statements in relation to how participants 

themselves felt about the module, or their learning. This provides further evidence that 

participants may interpret SET items in subjective ways. 

In line with the previous evidence (Block, 1998; Uher, 2018), even though my 

participants as a sample constructed a large field of meanings for the same item 

statements, each participant, on average, considered only one to two meanings per item. 

This shows substantial individual differences in how students interpret SET items. 

Specifically, different participants considered very different referents for the same item 

(e.g., teaching behaviours and attitudes). This finding can be analysed from the viewpoint 

of two measurement principles, data generation traceability (a requirement that an 

unbroken, traceable chain of connections that establishes proportional relations between 

the study phenomena and the results is implemented) and numerical traceability (a 

requirement that assigned numerical values must be connected to a known quantity 

standard in transparent and defined ways; see also Chapter 3). Applying these 

measurement principles, this means that raters are encoding information about different 

elements of the empirical system into the same elements of the symbolic study system (an 

item statement), which precludes comparing ratings generated even for the same item 

(Uher, 2023). These variations in how student participants interpreted SET items mean 

that unbroken traceable connections chains that establish quantitative relations between 

the results (SET scores) and the measurands (different teaching behaviours) could not be 

established. The crucial principle of measurement, data generation traceability, was, 

therefore, not fulfilled and it could not be ascertained whether results showed valid 

information about study phenomena. Results, therefore, could not be justifiably 

attributable to measurands, failing the first crucial criterion of measurement (see Chapter 

3). 

Sometimes participants simply repeated a part of the item statement without 

clarifying what it actually meant to them. This implies that some students may interpret 

item statements without carefully considering their meaning and could result in students 

using mental shortcuts to make quick but superficial decisions. Alternatively, participants 

may have rushed to complete the study without considering these questions, or even felt 

that the items were self-explanatory. Many participants’ quotes contained grammar or 
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spelling mistakes, which indicates that participants may have been in a hurry or completed 

the studies in a sloppy manner. All of these explanations have problematic implications, 

because if student participants exhibited these behaviours in my study, some students may 

also do so when completing SETs in real life at universities. 

7.2.1.2 RQ5: In what ways do students interpret and use the answer categories of 

SET scales when completing teaching evaluations? 

Participants in Study 2 overall provided types of reasons for choosing categories 

with similar frequencies for both male (52.7% positive, 48% negative) and female 

lecturers (47.3% positive, 52% negative). Similarly, participants provided both positive 

and negative types of reasons for picking answer categories when rating lecturers. 

Participants also did so with similar frequencies for both scales starting with “strongly 

disagree” (49.1% positive, 48.6% negative) and scales starting “strongly agree” (50.9% 

positive, 51.3% negative; see Chapter 6). 

In line with the previous findings (Block, 1998; Uher, 2018), participants as a 

sample also provided a wide range of reasons for picking the answer categories. But 

similarly to raters’ interpretation of item statements, each participant on average 

considered only between one to two types of reasons for choosing an answer category per 

item statement This implies that student participants usually focused on only one or two 

key pieces of evidence to make their overall judgement 

To explore this idea further, I examined general patterns in how participants rated 

lecturers using one item as an example. The majority of participants provided only one 

reason, although almost a third of participants weighted and averaged several pieces of 

evidence and over 20% of participants considered several reasons. This is partially 

consistent with findings by Uher (2018b) who found that most participants did not weight 

or average all evidence available, although a higher number of participants did so in my 

research. I used scenarios instead of videos. Therefore, participants in my sample had to 

consider fewer pieces of evidence and may have found it easier to weight it. Similarly, in 

my study, more participants based their decision on only one reason. This further supports 

the idea that raters consider only a part of the field of meaning. Interestingly, only over 

2% of participants in my study (when rating target lecturers on this item) mentioned not 

having sufficient evidence to make a judgment. This is quite surprising, considering that 

participants had to make their judgements based on information provided in a short 

scenario. Considering that, compared to real life, participants only judged brief 
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information described in scenarios, it would be expected that more participants report they 

did not have sufficient information to judge.  

The variations between how participants interpreted answer scale categories were 

slightly broader when participants rated the same lecturer on the same scenario but with a 

different direction of a rating scale, or different lecturer’s gender (compared to rating 

lecturers of the same gender with the same direction of a scale). Therefore, making 

context even slightly different broadened variations of participants’ interpretations. 

Interestingly, some participants rated the fictitious target lecturers and then 

contradicted themselves when providing a reason for picking an answer category (for 

example, by rating a lecturer with “strongly disagree”, but then providing a very positive 

comment). This supports the patterns observed in earlier SET studies (Benz & Blatt, 1996; 

Robertson, 2004). Perhaps participants felt ambiguous about some of the teaching 

behaviours described or started questioning themselves once they were asked to justify 

their choice. Benz and Blatt (1996) theorised that students may initially make a quick 

judgement (e.g., with the use of heuristics), but upon being asked for justification, they 

start thinking more analytically about their choice and change their opinion. The evidence 

from my study shows that at least some participants may have done so because a few 

participants explicitly stated they changed their mind when asked to explain their choice 

of answer category. 

Participants also made some obvious mistakes in choosing answer scale categories 

and some explicitly stated they made a mistake. Some participants mentioned not having 

sufficient information to make a choice, usually as a reason for picking a mid-category 

(“neither agree nor disagree”). This may imply that participants may see this category as 

interchangeable with ‘non-applicable’. This idea is further supported by another observed 

pattern in data. Several participants reported the situation did not apply to them, they did 

not know what was meant by the question or felt unsure about why they picked this 

category. Most participants who provided these reasons also picked a mid-category. This 

shows two important points. First, some students may struggle with understanding 

instructions or questions when completing SETs. Second, some students may mistakenly 

use ‘mid-category’ instead of ‘non-applicable’. Participants may have been distracted, 

fatigued, or perhaps simply rushed to complete the study. Importantly, many of these 

mistakes likely occur when students complete SETs in real life, but this may not be 

directly apparent from obtained data.    
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My findings showed that participants as a sample frequently provided different 

types of reasons for choosing the same answer category. This was a common pattern that 

was repeated throughout the whole dataset. Participants also sometimes provided more 

types of reasons for choosing an answer category on a lower end of the scale than a 

category on a higher end. But relations between these numbers do not represent relations 

between how participants used and interpreted these answer categories (Uher, 2022a, 

2023) with regard to the teaching behaviours they had in mind. 

Similarly, participants provided the same types of reasons for picking different 

answer categories. This implies that answer categories have overlapping rather than 

mutually exclusive meanings, which contradicts the quantitative meanings of the 

numerical values into which researchers recode these verbal categories, and thus the idea 

of measurement (Uher, 2022b, 2023). 

Considering the two basic measurement principles, these variations in how 

participants interpreted and used answer scale categories entail that the results (numerical 

values) did not always represent the same information about study phenomena. Results 

were not connected to any known reference quantities and lacked transparent quantitative 

meanings. Specifically, the generated numerical values represented different information 

that depended on subjective perspectives of participants. All of this precludes numerical 

traceability. Consequently, the second crucial criterion of measurement, the public 

interpretability of the results’ quantitative meaning, could not be established (see Chapter 

3). 

7.2.2 Original contribution to the existing research 

In sum, I conducted one of the first extensive examinations into how students in 

the U. K. interpret and use key elements of rating scales (item statements and answer scale 

categories). I studied the meanings that participants constructed for specific items and 

answer scale categories as well as general patterns in the ways in which participants used 

rating scales and analysed them through the view of the two basic measurement principles 

applicable across sciences. Furthermore, I examined whether participants used answer 

scale categories differently based on the gender of a target lecturer and the direction of the 

scale used (see also 7.3) 
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7.3 Gender differences between lecturers 

7.3.1. Key findings and relation to the previous literature 

7.3.1.1 RQ6: What are possible differences in the teaching behaviours and inferred 

teaching attitudes that students consider in SET ratings when judging male 

versus female lecturers?    

Contrary to the previous research (MacNell et al., 2015; Mengel et al., 2019; 

Özgümüs et al., 2020), participants in Study 2 did not rate female and male lecturers 

differently for the same teaching behaviours (described in scenarios; see Chapters 2, 6). 

Overall, there were also no significant differences in how participants in Study 1 

rated their “worst” specific male and female lecturers. However, participants rated their 

“best” male lecturers significantly higher than “best” female lecturers across all seven 

SET items, and on the “overall satisfaction” item (see Chapter 5).  

When reflecting on teaching behaviours before providing any rating, participants 

generally considered specific behaviours similarly frequently for their “best” male and 

“best” female lecturers. Participants only commented significantly more frequently than 

expected on ‘engagement-related behaviours’ of their “best” male but not “best” female 

lecturers (see also RQ7). For “worst” lecturers, there were no significant gender 

differences in how frequently participants considered content related to teaching 

behaviours and attitudes of lecturers of a different gender (see Chapter 5).  

A higher number of participants commented on good ‘explanation-teaching style’ 

significantly more frequently than expected for their male (14.3% of the sample) than for 

female (8% of the sample) target lecturers (see Chapter 6). These patterns imply 

participants commented more frequently than expected on the positive behaviours of the 

male but not female lecturers. However, in both studies, overall, the samples considered 

teaching behaviours or attitudes similarly frequently for both male and female lecturers.  

When explicitly asked whether participants would judge male and female lecturers 

differently, over 80% of participants reported they would not, over 10% of participants 

would, and the rest were unsure. Interestingly, some participants mentioned subconscious 

or unintentional stereotypes that could affect them or otherwise indicated their awareness 

of sexism and gender issues.  
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7.3.1.2 RQ7: How do students weight specific teaching behaviours and inferred 

attitudes when generating their ratings of the lecturers on SET items, and 

does this differ by the lecturers’ gender?   

I explored how participants in Study 1 weighted specific content (teaching 

behaviours, attitudes) in their ratings. Specifically, I explored if the more frequently 

participants mentioned certain teaching behaviour, the higher or lower they rated their 

lecturers (depending on whether behaviours were positive or negative) and whether this 

differed depending on the gender of a lecturer (see Chapter 5). Importantly, although I 

found some gender-related differences in the ways in which participants considered 

teaching-related behaviours for lecturers of a different gender and weighted these 

considerations in their ratings, these differences formed only a very small proportion of 

the analysed cases. Therefore, in most cases, participants in this sample did not seem to be 

influenced by gender schemas when judging their lecturers, which is an encouraging 

finding. However, a few gender differences emerged for the following teaching 

behaviours. 

The more frequently participants mentioned lecturers engaged poorly with class, 

the lower they rated their “worst” male lecturers. This supports evidence that students may 

expect their lecturers to entertain them (Anghelcev et al., 2023; T. Bennett, 2021; Strage, 

2008). But consistent with the previous findings (Sprague & Massoni, 2005), student 

participants in my sample held only their male but not female lecturers to a standard of an 

entertainer (see also RQ6). Evidence suggests that individuals may hold a stereotype of 

men being funnier than women (Hooper et al., 2016; Mickes et al., 2012). This 

corresponds to participants in my sample potentially being affected by this stereotype and 

considering engagement-related behaviours salient only for male lecturers. 

The more frequently participants mentioned high ‘quality of feedback’, the higher 

they rated their “best” male lecturers. In contrast, the more frequently participants 

considered poor ‘quality of feedback’, the lower they rated but only their “worst” female 

lecturers (see also RQ8). 

Participants in my sample weighted positive ‘interaction with students’ 

significantly more strongly in their ratings of their female than male lecturers, suggesting 

they valued warmth and interpersonal characteristics of their female more than male 

lecturers, consistent with previous findings (S. K. Bennett, 1982; Kierstead et al., 1988; 

Mitchell & Martin, 2018; A. H. Wu, 2017). This provides some support for the stereotype 
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content model and benevolent sexism (see Chapter 2), although it must be highlighted that 

I found no other gender differences related to participants emphasising warmth or 

interpersonal characteristics of their female lecturers in the rest of the analyses. In fact, 

before providing ratings (in Study 1), my participants also mentioned ‘interesting-caring’ 

attitude three times more for their male than female lecturers. Although this difference 

was not significant, it shows an interesting pattern, as participants frequently praised also 

interpersonal characteristics of their male lecturers. 

A slightly surprising finding is that the more often participants mentioned content 

related to good ‘organisation’, the higher they rated female lecturers. This contradicts 

previous findings in which students considered organisation skills salient for male but not 

female lecturers (Basow, 2000; Basow et al., 2006). In general, ‘organisation skills’ could 

include preparing content of high quality, which could be associated with competence. For 

example, students rated male lecturers higher than female for the identical teaching 

materials (Mengel et al., 2019; Özgümüs et al., 2020). Perhaps student participants in my 

sample interpreted and framed this behaviour in different ways compared to participants 

in the earlier studies.  

7.3.1.3 RQ8: What are the potential differences in the ways in which students use 

and interpret typical answer categories on SET Likert scales when judging 

male versus female lecturers? 

Overall, participants in Study 2 did not rate male and female lecturers significantly 

differently across all five SET items when reading the scenarios about the same teaching 

situations. After reading the scenarios, participants weighted 75% 39 of the analysed 

themes of reasons for picking particular answer categories similarly in the ratings of male 

and female lecturers (see Chapter 6). 

When providing reasons for picking answer categories, my participants praised 

their male but not female lecturers more frequently than expected for providing a great 

explanation. However, participants weighted ‘poor explanation’ more strongly in their 

ratings of male lecturers. This shows a partial support for the stereotype content model 

because good explanation skills could be associated with competence, which in this model 

is traditionally perceived as masculine characteristic.  

 
39 Specifically, out of 12 analysed types of reasons, there were differences between male and female 

lecturers for three of them. 
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In contrast, the more often participants mentioned high quality of feedback when 

providing reason for choosing the answer scale category, the higher they rated, but only 

their male lecturers. This is the only gender-related pattern replicated in both studies. 

Previous research showed that students may consider favourability of their feedback more 

salient for their female but not male lecturers (Sinclair & Kunda, 2000). In contrast, 

participants in my study focused on the perceived quality of feedback. Quality or 

usefulness of feedback could be seen as a teaching behaviour associated with traditional 

female stereotypes, such as being nurturing (Boring, 2017), for example, by providing 

detailed useful suggestions for students. Although participants in Study 1 penalised female 

lecturers for poor feedback, participants in both studies also appreciated male lecturers 

providing ‘high quality of feedback’. Boring (2017) observed that participants rated 

lecturers of their own gender higher on the ‘usefulness of feedback’. However, although 

over 70% of participants in my research were women, participants overall still seemed to 

appreciate high-quality feedback more from their male lecturers. Perhaps participants 

automatically expected their female lecturers to provide useful feedback and penalised 

them for deviating from these expectations. In contrast, participants may have not 

expected detailed feedback from their male lecturers and appreciated receiving it. 

7.3.2 Original contribution to existing research. 

In addition to examining potential differences in the ways in which participants 

rated their male and female lecturers, I also studied whether participants considered 

certain information more frequently than expected for lecturers of either gender, both, 

when reflecting on teaching behaviours and inferred attitudes of their lecturers in general, 

and in the context of the specific SET items in particular. 

Importantly, I also explored how specific information that participants considered 

related to their ratings of lecturers, and whether this differed by their lecturer’s gender. 

Although SET research frequently examines potential gender biases in rating scores, what 

specific information students actually consider and how is this related to their ratings of 

lecturers has hardly been explored. The nature of my research in this aspect is 

predominantly exploratory and aims to provide some foundation for future research.  
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7.4 Students’ approach and views on SETs 

7.4.1 RQ9: How do students regard SETs and approach their completion in general?   

7.4.1.1 Key findings and relation to the previous literature 

Generally, participants in Study 1 reported spending approximately ten minutes on 

completing teaching evaluations, and 70.6% participants stated they completed them 

spontaneously, instead of thinking about them throughout the year (see Chapter 5).  

In previous research, over half of participants reported spending sufficient time on 

SETs (Marlin, 1987). Ten minutes may seem like sufficient time; however, students 

frequently need to rate their lecturers on over ten item statements. For example, the 

National Student Survey 2023 contains 27 core questions, and the guidelines on the 

website estimate students should complete this section in approximately ten minutes. 

Students following these official instructions, would, therefore, read and interpret item 

statements and answer scale categories, recall teaching behaviours from their memories, 

and rate their lecturers on almost three item statements per minute. This may result in 

students rushing with their answers and relying on mental shortcuts.  

Consistently with the previous research (Kite et al., 2015; Spencer & Schmelkin, 

2002; Spooren & Christiaens, 2017), my findings showed that over 47% of participants 

found SETs useful, important and believed SETs can improve lectures. However, 

participants who completed these studies (including my research, which involved 

answering open-ended questions), may not be representative of the general student 

population. Specifically, these participants may have liked completing surveys and 

perhaps viewed SETs more positively compared to other students.  

Over a third of my participants perceived SETs as ineffective. Others emphasised 

that feedback should be taken seriously, potentially implying that is it not, which is in line 

with the previous findings (Spencer & Schmelkin, 2002; Surratt & Desselle, 2007). But 

students reported their main motivation in completing SETs is a belief that lecturers will 

consider their feedback or an improvement in teaching (Y. Chen & Hoshower, 2003; Iqbal 

et al., 2016). However, if students believe their SETs will not have an impact, they may 

exert less effort into completing them (Dunegan & Hrivnak, 2003; Heilman, 2012; 

Uijtdehaage & O’Neal, 2015). 

Almost a third of participants in my study mentioned that feedback must be taken 

or implemented seriously (26.5%), whereas others reported that SETs should be done 
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more regularly (8.8%) or that they were unsure about their opinions on SETs (5.88%). 

Consistently with recent research in Norway (Borch et al., 2020), some participants in my 

study (11.8%) mentioned that SET questions are too broad, frustrating, or unclear. This is 

an important finding that could be related to low participation rates in SETs. As discussed 

earlier, researchers frequently word item statements in abstract ways to apply them to a 

wide range of phenomena. But several participants mentioned items should be more 

specific or better explained. This suggests that some participants may struggle to 

determine what study phenomena (e.g., teaching behaviour) they should consider when 

interpreting some SET items. 

7.4.1.2 Original contribution to the existing research 

In addition to examining how students perceive SETs in general, I also explored 

their approach towards SETs, such as in terms of the estimated effort they put into 

completing SETs. My findings showed that although most participants in my sample 

perceived SETs positively, they had different perspectives and expectations of SETs, 

indicating a lack of consensus in terms of the overall purpose of SETs. Most participants 

approached completing SETs spontaneously, instead of thinking about them in advance. 

These findings also summarised potential problems that students highlighted when 

thinking about SETs, such as lack of specificity in some SET items. 

7.5 Overarching research question 

In this section, I summarise key findings and answer the overarching question of 

this PhD research. I also outline the overall contribution of my PhD research to the 

literature. 

7.5.1 RQ10: Can students’ underlying potential stereotypical gender beliefs and 

expectations of their lecturers influence how students evaluate their lecturers with 

rating scales?         

7.5.1.1 Key findings 

In sum, my findings showed extensive inter- and intra-individual variations in the 

ways in which student participants interpreted and used item statements and answer scale 

categories. Participants generally constructed large fields of meanings for each 

standardised item or reasons for picking the answer category.   
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My findings revealed significant gender differences in how student participants 

rated their “best” lecturers across seven SET items. However, this significant difference 

may have been driven by a minority of a sample awarding higher ratings to male than 

female lecturers. Furthermore, participants weighted content related to teaching 

behaviours and attitudes similarly in their ratings of male and female lecturers in most 

cases. Therefore, overall, this sample did not display pervasive stereotypical gender 

biases. Perhaps asking participants to reflect on why they chose a specific answer category 

activated more analytical thinking process. This may have led to participants not relying 

on heuristics to make their judgements. These findings cannot be generalised but are 

nevertheless encouraging, because they indicate that sexism does not apply in all contexts.  

I did find a few gender differences, but only in a few cases. I identified key 

patterns in how participants weighted teaching behaviours related to ‘engagement’ and 

‘quality of feedback’ in their ratings of lecturers of a different gender. Participants 

penalised only male lecturers for not engaging students but seemed to value high quality 

of feedback only from their male lecturers. Similarly, participants penalised only female 

lecturers in their ratings for providing poor quality of feedback. 

This suggests that, in some fewer cases, participants may be influenced by 

gendered schemas when rating their male and female lecturers on certain SET items. 

7.5.1.2 Overall contribution of my PhD research to the existing literature. 

I investigated whether the methodological and methodical limitations of rating 

scales may enable rather than impede the manifestation of gender biases. This was 

explored empirically in the context of SETs at universities in the U. K., making this 

contribution novel. 

This research also provided further insight into the ways in which raters, 

specifically students, interpret and use key elements of rating scales and generate data 

when evaluating their lecturers. I applied several principles from the TPS-Paradigm to 

scrutinise the use of SETs from the methodological point of view and examined whether 

SETs fulfil principles under which data generation could constitute measurement. 

I explored connections between information that students considered when 

evaluating target lecturers and their ratings of these lecturers, which was rarely done in 

previous research. When examining these connections, I also considered an additional 

context of whether students’ judgements might have been influenced by gender 
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stereotypes. These findings cannot be generalised, but provide a useful scope for the 

aspects that may warrant deeper exploration.   

In sum, I conducted an extensive empirical investigation that generated new 

knowledge about how students evaluate their lecturers, interpret, and use rating scales for 

SETs, and whether students may be influenced by gender stereotypes during this 

evaluation.  

7.6 Practical implications 

Exploring SETs through the view of measurement-theoretical principles revealed 

that even if SETs meet psychometric criteria, data generation through SETs does not 

constitute measurement. Therefore, numerical values cannot be justifiably attributed to 

evaluated lecturers nor publicly interpretable due to lacking transparent quantitative 

meanings.  

To highlight a few specific key problems identified in my PhD research, 

participants, on average, considered only one or two key pieces of evidence. Participants 

also frequently constructed meanings that overlapped between item statements, or 

meanings that may have differed from those intended by scale developers. Similarly, 

participants provided the same justifications for choosing distinct answer scale categories, 

indicating an overlap in meanings between these answer categories. Some participants 

reported items were not applicable to their situation, or were too broad, vague and 

frustrating. Others misunderstood the instructions or made an obvious mistake in picking 

an answer category. All these problems may apply to students using SETs in real-life 

contexts but go entirely unnoticed, because the only outcome on rating scales is usually a 

‘tick’ on a box. 

 These answer categories chosen by students are usually recoded into numerals. 

Researchers frequently interpret them as numbers, which imposes fundamental logical 

errors, because the relations between these numbers do not represent the relations between 

how raters used these answer categories (Uher, 2022a, 2023), as also shown in my 

research. In an attempt to create quantitative meanings, different cases are compared (e.g., 

modules in two different years). But the results do not depend on any known reference 

quantity, only a specific sample (see Chapter 3). These results, therefore, do not represent 

the same quantity across different contexts and should not be compared, as is frequently 

done. Furthermore, universities frequently calculate averages on ordinal data, although 
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this procedure is considered inappropriate and misleading (Hornstein, 2017; Jamieson, 

2004; Stark & Freishtat, 2014). The means of SET scores may be reported to faculty and 

SET administrators and even used to compare lecturers’ performance (Hornstein, 2017). 

This may involve an administrator declaring that a lecturer with a mean score of 3.5 is 

better than a lecturer with a mean score of 3.4 (Franklin, 2001). This approach ignores 

several methodological and methodical severe problems related to data generation with 

standardised rating scales discussed in this thesis. These findings have broad practical 

implications for the educational community, suggesting the necessity to develop a more 

suitable framework and tools for assessing teaching quality.  

Lecturers may be strongly impacted by receiving evaluations that are largely 

subjective, influenced by the pronounced individual differences between students and 

their interpretations and use of rating scales, as well as possible mistakes that students 

may make during rating (e.g., misunderstanding instructions). This can negatively affect 

lecturers’ careers, as well as their well-being, especially if institutions treat SET results as 

information about lecturers’ teaching performance. Institutions should be aware that the 

use of SETs, especially for summative purposes, may be problematic and, sometimes, 

discriminatory. 

Students may also be affected by the use of SETs. Students’ opinions collected 

through the NSS are considered in the TEF (Teaching Excellence Framework). This may 

affect the university’s placement in the league tables but also tuition fees that universities 

can charge per year and student (see also Chapter 1). Students may, therefore, over-rely 

on SET results, and this may affect their choices when applying to universities. Similarly, 

this could negatively impact student experience if lecturers feel compelled to alter their 

teaching behaviours or course content in order to obtain satisfactory SET scores. 

In the next section, I provide several recommendations that could partially 

improve the situation. But, importantly, much larger structural reforms would be needed 

to fully remedy these problems. SETs, one of the most frequently used tools for assessing 

teaching quality, are built on foundations that are methodologically and methodically 

flawed. Universities should attempt to move towards other methods that enable more 

holistic approaches to assessments of teaching quality (see also 7.7).  
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7.7 Recommendations for practice 

This research revealed several problems with the use of SETs, including 

pronounced variations in students’ interpretations and use of elements of ratings scales. 

These findings also showed that students may, sometimes, be influenced by gendered 

stereotypes when rating their lecturers. Participants framed even short identical teaching 

situations in different contexts, which further highlights the subjectivity in students’ 

evaluations of lecturers. These problems do not concern only SETs but rating scales in 

research in general. Rating scales are one of the most standard methods used in 

psychology (Baumeister et al., 2007). Psychologists frequently assume rating scales 

enable measurement despite serious methodological flaws in their foundations (Uher, 

2018b, 2023). This shows the need for serious reforms in psychology as a science (Uher, 

2022a, 2023). Similarly, standardised rating scales are predominant in student evaluations 

of teaching. Institutions generally attach major importance to obtained scores despite 

numerous researchers emphasising the problematic nature of SETs. Similarly, my research 

revealed further problems related to SETs (see 7.6).  

I provide several recommendations that might partially improve the situation. 

However, the situation requires more definite structural changes at the macro level of 

educational development. For instance, the participation National Student Survey that also 

involves conceptual and methodological problems discussed here (e.g., variations in 

students’ interpretations of rating scales, reliance on students’ memories, differential 

analyses) is currently mandatory for universities in the U.K. (see also Chapter 1). 

Therefore, my broad recommendation to institutions is to engage in critical debates about 

the application of these scales as a tool for evaluating teaching quality. Furthermore, at 

least at an institutional level, universities should consider applying alternative, more 

holistic methods that do not have the same conceptual limitations as SETs and may be 

more informative than SET scores, to obtain students’ views about their modules.  

I grouped these recommendations into three different themes: a) modifications in a 

broader educational context, b) exploring alternative approaches to SETs, c) amendments 

of existing approaches (standardised rating scales), d) students’ approach to SETs. 

Modifications in a broad educational context involve changes that need to be 

implemented by policymakers in institutions and researchers. This theme concerns larger 

structural changes that should be implemented further than just at an institutional level 

and includes the following recommendations:  
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1. Terminology surrounding SETs should be carefully reviewed.  

The term “student evaluations of teaching quality” is misleading and 

should not be used. It conceals the subjectivity of the SET process and disregards 

that students also consider various ideas not related to teaching quality. Using 

terms such as “student perspectives/opinions/views/ideas of/about this module”, 

would highlight that these are merely student reflections of their lessons. 

Similarly, a term “measurement” should not be used in regards to results obtained 

with SETs. As discussed here, SETs failed to meet the necessary principles of 

measurement and therefore do not allow for justified attribution of results to target 

lecturers and publicly interpretable quantitative meanings of numerical results.  

Terms ‘teaching quality’ and ‘teaching effectiveness’ should not be conflated 

and must be clearly defined. Because my research focused on evaluations of 

‘teaching quality’ specifically, I provide a more elaborated conceptualisation of 

this term developed from my findings: Teaching quality can be defined against 

three areas: a) strong teaching methods and skills through which lecturers explain 

material to students, engage them during lectures and facilitate their learning, b) 

the quality of interaction with students through which lecturers may demonstrate 

their support for students but also inspire or motivate them, c) the high value and 

consistency of information that lecturers provide through resources but also 

feedback. In sum, teaching quality can be defined as: clear teaching methods 

through which lecturers explain material and provide an opportunity for students 

to engage; supportive and respectful interaction with students; and high-quality 

feedback and resources. Therefore, the definition broadens from teaching 

behaviours occurring solely during class to encompass further behaviours such as 

feedback that lecturers provide or supportive communication. An important point 

is that students are not perceived as passive ‘receivers’ of education; lecturers 

should provide a supportive environment, high-value teaching, and opportunities 

to learn, but students need to play an active role in their education. Institutions 

may conceptualise teaching quality differently, but theoretical definitions should 

always be provided. ‘Teacher quality’ usually applies to pre-university contexts 

(e.g., secondary schools) rather than SETs focused on university lecturers and I 

will, therefore, reflect on this term only briefly. As discussed earlier, this term is 

seen as broader compared to ‘teaching quality’ (Snoek, 2021; Towers et al., 2023) 
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and encompasses interpersonal characteristics of lecturers. My research focused on 

student evaluations of ‘teaching quality’, but participants frequently mentioned 

inferred teaching attitudes that reflected lecturers’ personal or professional 

characteristics (e.g., passionate attitude) and could be seen as aspects of ‘teacher 

quality’. Participants, therefore, may have considered teaching characteristics that 

were broader than those contained in the definition of ‘teaching quality’. This 

supports the point raised by Towers et al. (2023) that narrow formal definitions 

and policies may omit components that are in fact crucial to students or teaching.  

It also demonstrates the need for a clear review of the terminology used in SETs.  

 

2. SETs should not be used for summative purposes, i.e., in any personnel 

decisions regarding promotion or salary.  

SETs might be used informally to notify lecturers of students’ opinions 

about how to enhance lectures. However, because of their many methodological 

and methodical flaws, and the potentials for manifestation of bias, institutions 

should avoid consulting SET results when making decisions that may impact 

lecturers’ careers.  

 

3. Universities should develop a comprehensive framework for the use of 

SETs.  

This might include specifying what construct SETs are intended to assess 

(e.g., determining whether the focus is on teaching quality, student learning or 

student satisfaction) and clearly define it (see also recommendation 1). It should 

be outlined what academic values underlie specific SET items and justifications 

for including these specific items. Faculty should be consulted during this process, 

in an effort to align the expectations of students, lecturers, and institutions. 

 

4. Feedback should be conducted in the way that enables lecturers to 

implement changes. 

To ensure that lecturers can remedy any potential issues, students could 

provide lecturers with informal feedback during mid-term. Students could outline 

aspects of the module they enjoy and aspects that they think could be improved. 

Lecturers may then consider these suggestions in the overall context of their 
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teaching approach and decide whether to implement changes or address any 

misunderstandings of context by managing students’ expectations (e.g., by 

explaining their rationale for certain teaching decisions).  

 

5. Students should be provided with a brief explaining the purpose of SETs 

before completing them. 

Students seem to have rather different expectations and understandings of 

SETs. A brief session could be conducted to explain their purpose and answer any 

students’ questions. 

 

 

6. Universities should familiarise themselves with problems surrounding 

SETs, carefully monitor relevant research and engage in discussions about 

SETs. 

Despite the prominence of SETs (e.g., the importance placed on the results 

from the National Student Survey in the U. K.), universities should critically 

reflect on whether the use of SETs at an institutional level constitutes the best 

practice. Numerous researchers highlighted problems with SETs, but only a few 

institutions implemented changes. At a minimum, universities should acknowledge 

these problems (e.g., subjectivity, biases, methodological and methodical 

limitations), and provide a statement outlining their position, in order to 

demonstrate their commitment to upholding research values. Ideally, to enable 

more prominent structural changes, universities should also initiate these 

discussions at a macro (e.g., national) level.   

Next, I outline recommendations related to alternative approaches to SETs 

(conducted without the use of standardised rating scales). These approaches are devoid of 

many methodological and methodical flaws associated with standardised rating scales 

discussed here and could provide useful information about student feedback. Universities 

should explore these methods as potential replacements to traditional SETs. 
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7. SETs should not be used as the only source of information about 

teaching. 

Institutions should not over-rely on SETs, but also assess teaching through 

other sources, such as peer observations, a comprehensive review of lecture 

materials, a number of teaching awards, or lecturers’ self-reports.  

 

8. Open-ended answers could be analysed with NLP algorithms. 

In contrast to SET scores, open-ended answers may provide lecturers with 

richer and more nuanced feedback. Nowadays, natural language processing 

algorithms may be used to summarise important topics from large datasets (Arnulf 

et al., 2021). For example, topic modelling may be used to extract important points 

from information encoded by students. These key points could afterwards be 

reviewed by lecturers to put them in the context of their modules.  

Furthermore, NLP could be applied to analyse data to detect potential 

biases. For example, a sentiment model was applied to investigate potential gender 

bias in evaluations of male and female medical trainees (Andrews et al., 2021). 

Potentially, these two approaches could be combined. Although these procedures 

are novel, their use (e.g., for a formative purpose) should be investigated in the 

context of SETs.  

 

9. Universities should explore the use of conversational agents (AI bots).  

Others recommended substituting traditional SETs with dialogue-based 

methods such as interviews or focus groups (Borch et al., 2020; Darwin, 2012; 

Steyn et al., 2019). A frequent concern is that procedures such as conducting 

interviews with students in order to obtain their views could be time-consuming 

(Constantinou & Wijnen-Meijer, 2022). To address this concern, universities could 

explore using conversational agents to obtain student feedback, as done in recent 

research (Pérez et al., 2020; Wambsganss, Winkler, Schmid, et al., 2020; 

Wambsganss, Winkler, Söllner, et al., 2020). However, instead of using 

conversational agents to obtain rating scores as done in the above-mentioned 

research, institutions could aim to obtain richer and actionable feedback from 

students. For example, students could provide open-ended answers to questions 

(e.g., about how to improve the module) and be prompted by CA to reflect or 
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elaborate on their answers. Student answers could afterwards be analysed by the 

researcher, or potentially with NLP algorithms discussed above (e.g., for larger 

size courses). This form of obtaining feedback could also boost student 

engagement in terms of higher participant rates. This is an innovative approach, 

and universities would need to exercise caution before fully implementing it. 

However, with a rapid development of technology, it may provide a potential 

future alternative to traditional SETs and should be considered.   

 

Next, I describe amendments to current standard approaches to SETs. However, I 

advise caution, as this PhD research highlighted several methodological and methodical 

flaws related to the use of standardised rating scales that cannot be remedied by 

implementing these suggestions. I include the following recommendations solely for 

contexts that compel the use of rating scales. 

 

10. Students could be instructed to reflect on their choices and justify 

them.  

To potentially reduce students’ reliance of heuristics, students could be 

instructed to think carefully about their choices even in traditional SETs. Students 

could also be prompted to justify their choices. For example, students could be 

asked to outline what specifically they considered (e.g., what teaching behaviours) 

when rating their lecturer or to justify why they picked a specific answer category.  

 

11. It could be verified whether students intended to choose a mid-

category. 

If students choose a mid-scale category, an additional question could verify 

whether students intended to pick this category, rather than using it instead of non-

applicable option.  

 

12. A non-applicable category should be included in SETs. 

Similarly to a previous point, a non-applicable category should be added and 

clearly marked. This could prevent students from feeling obligation to tick a box, 
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and potentially reduce their use of mid-scale category for non-applicable 

situations. 

 

13. Non-specific items, such as items evaluating ‘overall satisfaction’, 

should be avoided. 

Such ambiguous and non-specific items may be even more prone to 

contributing to the manifestation of biases than other items. Therefore, I would 

recommend excluding them from SETs. 

 

14. Students’ understanding of SET instructions could be verified.  

An additional question could verify whether students understood 

instructions provided in SETs. This would provide students with an opportunity to 

highlight any problems with their understanding of instructions or items.   

 

7.8 Limitations and future directions for research  

Over 70% of my participants were women. This made a gender ratio of 

participants disproportionate and prevented studying a potential influence of a student’s 

gender on how students judge their lecturers. Male and female students may differ in what 

they expect from their lecturers and evaluate them in different ways. However, women 

are, in general, more likely to respond to surveys than men (Becker, 2022; M. J. Wu et al., 

2022), and this also applies to participation in SETs (Porter & Umbach, 2006; Porter & 

Whitcomb, 2005; Sax et al., 2008). Therefore, the disproportionate gender ratio observed 

in my sample may actually be representative of trends observed in SETs that students 

complete in real life.  

Furthermore, it is unclear whether all student participants paid tuition fees for their 

university studies and whether participants attended teaching-intensive or research-

intensive universities (see Chapter 5). Students with different fee-paying arrangements or 

attending specific types of universities may differ in what they expect from their lecturers 

and how they perceive teaching quality. This knowledge would have, therefore, provided 

additional context to my studies. Changes related to Brexit mean that tuition arrangements 

changed for E.U. students starting in autumn 2021, as they were no longer eligible for 

home-fee status. This likely did not affect participants in my research as data collection 
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for Study 2 finished prior to this change, but future studies could explore any potential 

consequences. My research may have also been influenced by unexpected contextual 

factors. For instance, due to the industrial action occurring during 2018-2021, some 

student participants may have experienced strikes during their university studies. 

Similarly, all participants in Study 2 likely underwent changes associated with their 

university studies because of the impact of the COVID-19 pandemic.   

To study potential gender biases of target lecturers, I applied a simplified binary 

approach in my research, considering solely male or female lecturers (see also Chapter 2 

for a discussion of terminology regarding gender and sex). However, students could also 

be influenced by stereotypes when evaluating their non-binary lecturers. I fully 

acknowledge that gender is complex and forms a spectrum, comprising also individuals 

with non-binary gender identities. Examining gender stereotypes against lecturers with 

non-binary gender identities was beyond the scope of this research, but should be 

investigated in future work. Similarly, future research could investigate whether students 

hold stereotypes against lecturers on the basis of other characteristics (e.g., lecturers’ 

sexual orientation, ethnicity, nationality, physical characteristics or lecturers with non-

binary identities). It could be examined how numerous student characteristics (e.g., type 

of subject, age, ethnicity, country of origin, a social class) relate to the potential influence 

of gender stereotypes in their evaluations. These are important issues that were studied 

elsewhere. I focused on a lecturer’s gender, but future research could incorporate these 

factors as well. 

It could be explored how students interpret different SET item statements (other 

than those included in my studies), and whether potential stereotypes may influence how 

students rate lecturers on these different items. Future studies could also examine whether 

revised instructions for students (e.g., clearly defining item statements, outlining study 

phenomena that students should consider, instructions to contemplate questions carefully) 

may to some extent mitigate potential biases.  

I explored how students interpreted and used Likert scales, but future research 

could also investigate how students interpret answer categories in different rating scales. 

For example, the use of answer categories that students pick to estimate the occurrence of 

certain teaching behaviours (e.g., rating an item statement, ‘How often do lecturers make 

subject engaging?’, with categories ranging from ‘rarely’ to ‘very often’) could be 

examined. 
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Future studies should continue to explore whether the use of rating scales may 

promote rather than reduce potential gender biases. The focus could be on potential 

gender differences between how students evaluate their “best” lecturers, non-specific 

items evaluating overall experience, and teaching behaviours related to engagement and 

feedback. Furthermore, written scenarios may have not activated potential gendered 

beliefs. Future research could explore the use of videos instead of scenarios. Furthermore, 

future research should further investigate the potential of using innovative methods such 

as NLP algorithms or Conversational Agents to obtain student feedback.  

  

7.9 Conclusion 

My research expanded knowledge on how students make their rating decisions, as 

well as interpret and use item statements and answer scale categories. I examined what 

teaching behaviours and inferred attitudes students considered and whether they applied 

gender schemata when evaluating university lecturers through rating scales. No previous 

research explored these issues applying the methodological concepts from the TPS-

paradigm to scrutinise whether data generation under SETs meets the principles under 

which it would constitute measurement.  

My findings revealed several problems with the application of SETs. These 

include extensive variations in students’ interpretations and use of item statements and 

answer scale categories as well as large fields of meanings that participants constructed 

for each standardised item statement or types of reasons for picking the answer scale 

category, despite each participant, on average, considering only between one and two 

pieces of evidence. Participants also applied gendered schemas in some fewer cases. 

Therefore, despite the prominence of SETs, data generation with SETs does not 

constitute measurement and SET results cannot be justifiably attributed to teaching quality 

of the evaluated lecturers and lack transparent and publicly interpretable quantitative 

meanings. Institutions, in general, attach disproportionate importance to data generated 

with SETs, in lieu of considering alternative, more holistic and informative methods of 

teaching evaluation or collecting students’ views on teaching.   
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Appendix A 

Findings from Study 1 

Table A1 

The Overview of the Main themes into which I categorised Information Participants Considered when Rating the “Organisation”, 

“Engagement”, “Effective Teaching” and “Support with Assessment” Items. 

 

 “Best” 

lecturers 

“Worst” 

lecturers 

 “Best” 

lecturers 

“Worst” 

lecturers 

 “Best” 

lecturers 

“Worst” 

lecturers 

 “Best” 

lecturers 

“Worst” 

lecturers 

THEMES FOR Item 1: 

Their module was well-organised 

THEMES FOR Item 2:  

The lecturer made the subject interesting 

THEMES FOR Item 3:   

The way their module was taught has 

helped me to learn. 

THEMES FOR I4: 

I have received good support to 

manage my assessment workload. 

Structure 

and 

organisation 

63.9% 

(1% 

negative) 

67.9% 

(11.9% 

positive) 

Content of the 

lectures 

27.8% 25% (4.8% 

positive) 

Structure and 

organisation 

32% 34.5% (6% 

positive) 

Structure 

and 

organisation 

35.1% 

(1% 

negative) 

21.4% 

(8.3% 

positive) 

Teaching 

skills/ 

methods 

35.1% 34.5 (1.2% 

positive) 

Teaching skills/ 

methods 

14.4% 25% (1.2% 

positive) 

Teaching 

skills/ 

methods 

14.4% 21.4% (4.8% 

positive) 

N/A N/A N/A 
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Interaction 

with students 

22.7% 20.2% Interaction with 

students 

7.2% 9.5% Interaction 

with students 

(“best” support 

only) 

8.2% 15.5% Interaction 

with 

students 

57.7% 

(5.2% 

negative) 

61.9% 

(8.3% 

positive) 

Students’ 

experience 

11.3% 7.1% Students’ 

experience 

21.6% 10.7% 

(1.2% 

positive) 

Students’ 

experience 

24.7% 40.5% (7.1% 

positive) 

Students’ 

experience 

5.2% 9.5% 

Lecturer’s 

passion 

4.1% Not 

mentioned 

Lecturer’s 

passion-

enthusiasm 

13.4% 7.1% Lecturer’s 

passion 

4.1% Not mentioned N/A N/A N/A 

N/A N/A N/A Engagement 

with the class 

42.3% 

(1% 

negative) 

38.1% 

(1.2% 

positive) 

Engagement 

with class 

30.9% 7.1% N/A N/A N/A 

 

Note. This table depicts percentages of how many participants mentioned content related to the particular themes and sub-themes. A participant’s comment 

could be categorised into several sub-themes. The percentages therefore do not always add to 100. The table portrays how participants interpreted the SET 

items and shows that a large field of meaning was constructed for the same items. 
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Table A2 

The Overview of the Main themes into which I categorised Information Participants Considered when Rating the “Feedback”, “Challenge” 

and “Overall satisfaction” items. 

 

 “Best” 

lecturers 

“Worst” 

lecturers 

 “Best” 

lecturers 

“Worst” 

lecturers 

 “Best” 

lecturers 

“Worst” 

lecturers 

THEMES FOR I5:  

Feedback has helped me develop and 

improve my performance. 

THEMES FOR I6:   

This module has challenged me to do my 

best work. 

THEMES FOR I7:   

Overall, I was satisfied with the teaching on this 

module. 

Quality of 

feedback 

29.9% 38.1% Structure and 

organisation 

25.8% 26.2% 

(7.1% 

positive) 

Structure and 

organisation 

17.5% 28.6% 

(3.6% 

positive) 

Problems with 

feedback or 

Useful-

interesting-

organised 

feedback 

 

10.3% 

(5.2% 

negative, 

3.1% 

neutral) 

16.7% 

(11.9% 

positive, 

4.8% 

neutral) 

Teaching 

methods/skills 

13.4% 15.5% 

(2.4% 

positive) 

Teaching 

methods/skills 

41.2% 

(1% 

negative) 

32.1% 

(2.4% 

positive) 

Interaction with 

students 

13.4% 7.1% The lecturer’s 

approach 

towards students 

15.5% 

(1% 

negative) 

20.2% 

(1.2% 

positive) 

The lecturer’s 

approach towards 

students 

20.6% 16.7% 

(2.4% 

positive) 

Students’ 

experience 

4.1% 9.5% Students’ 

experience 

37.1% 

(2.1% 

negative) 

20.2% 

(1.2% 

positive) 

Students’ 

experience 

34% (1% 

negative) 

21.4% 

Provision-

amount of 

feedback 

12.4% 16.7% Level of 

challenge 

13.4% 17.9% 

(2.4% 

positive) 

Module 

quality/comparison 

14.4% 20.2% 

(1.2% 

positive) 
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Helpful 

-unhelpful 

feedback 

23.7% 14.3% N/A N/A N/A N/A N/A N/A 
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Table A3 

The Overview of the Main Themes into which I Categorised Participants’ General Interpretations of SET items, the “Organisation”, 

“Engagement”, “Effective Teaching” and “Support with Assessments” 

 

 “Best” 

lecturers 

“Worst” 

lecturers 

 “Best” 

lecturers 

“Worst” 

lecturers 

 “Best” 

lecturers 

“Worst” 

lecturers 

 “Best” 

lecturers 

“Worst” 

lecturers 

THEMES FOR Item 1: 

Their module was well-organised 

THEMES FOR Item 2:  

The lecturer made the subject interesting 

THEMES FOR Item 3:   

The way their module was taught has helped 

me to learn. 

THEMES FOR Item 4: 

I have received good support to manage my 

assessment workload. 

Structure and 

organisation 

90.7% 91.7% Content of the 

lectures 

42.3% 38.1% Structure and 

organisation 

35.1% 45.2% Structure and 

organisation 

41.2% 46.4% 

Teaching 

methods/skills 

23.7% 36.9% Teaching 

methods/skills 

16.5% 20.2% Teaching 

methods/skills 

15.5% 23.8% Teaching 

methods/skills 

7.2% 9.5% 

Interaction 

with students 

12.4% 10.7% The lecturer’s 

attitude 

towards 

students 

Not 

mentioned 

3.6% Interaction with 

students 

24.7% 35.7% Interaction with 

students 

57.7% 71.4% 

Students’ 

learning- 

understanding 

— 4.8% Students’ 

experience 

23.7% 

 

22.6% Students’ 

experience 

30.9% 22.6% Students’ 

experience 

3.1% 3.6% 

N/A — — Lecturer’s 

passion-

enthusiasm 

11.3% 17.9% Lecturer’s 

passion 
— 1.2% N/A — — 

N/A — — Engagement 

with the class 

57.7% 59.5% Engagement 

with class 

19.6% 19% N/A — — 
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Table A4 

The Overview of the Main Themes into which I Categorised Participants’ General Interpretations of SET items, the “Feedback”, “Level of 

Challenge” and “Overall Satisfaction” 

 

 

 

 

 

 

 

 “Best” 

lecturers 

“Worst” 

lecturers 

 “Best” 

lecturers 

“Worst” 

lecturers 

 “Best” 

lecturers 

“Worst” 

lecturers 

THEMES FOR Item 5: 

Feedback has helped me develop and 

improve my performance. 

THEMES FOR Item 6: 

This module has challenged me to do 

my best work. 

THEMES FOR Item 7: 

Overall, I was satisfied with the 

teaching on this module. 

Quality of 

feedback 

54.6% 54.8% Structure and 

organisation 

23.7% 33.3% Structure and 

organisation 

18.6% 17.9% 

Helpfulness 

of feedback 

49.5% 47.6% Teaching 

methods/skill

s 

15.5% 17.9% Teaching 

methods/skill

s 

48.5% 47.6% 

Interaction 

with 

students 

9.3% 14.3% The lecturer’s 

approach 

towards 

students 

20.6% 25% Interaction 

with students 

29.9% 23.8% 

Students’ 

experience 

2.1% 3.6% Students’ 

experience 

29.9% 32.1% Students’ 

experience 

43.3% 33.3% 

Provision-

amount of 

feedback 

6.2% 7.1% Level of 

challenge 

24.7% 27.4% Previously 

mentioned/ 

overall 

9.3% 6% 
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Table A5 

Chi-square Analyses for Considered Main Themes for Male and Female Lecturers Across 

All Items During Ratings 

 

 

 

“BEST” 

LECTURERS 

 

 

“BEST” 

LECTURERS 

 “WORST” 

LECTURERS 

 

 

“WORST” 

LECTURERS 

  

 Male  Female  

 

 Male 

 

Female    

THEMES FOR 

ALL ITEMS 

N N Χ2(1) p 

 

N N Χ2(1) p 

 

Structure and 

organisation 

49 29 0.018 .893 36 32 0.045 .832 

Teaching 

skills/methods 

43 25 0.054 .817 33 26 1.002 .317 

Interaction with 

students 

48 29 0.004 .987 32 28 0.076 .782 

Students’ 

experience 

42 24 0.116 .733 29 30 0.828 .363 

Engagement with 

the class 

38 18 1.646 .200 19 20 0.392 .531 

Quality of 

feedback 

15 13 1.345 .246 11 20  5.624 .018* 

Total number of 

lecturers 

60 36   44 40   

 

Note. One case was excluded from analysis because of an unspecified lecturer’s gender. 
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Table A6 

 

Example of a Coding Frame from Study 1 
  

CODING FRAME FOR WORST LECTURERS Q4L: I have received good support to manage my assessment workload. What did you 

consider in the   rating of this lecturer?  

 

THEMES SUB-THEMES CODES - EXAMPLES DESCRIPTION STATEMENTS (EXAMPLES) 

 

Interaction 

with 

students  

 

52 (42 

unique, 10 

double) 

 

61.9% 

 

 

7 positive 

comments 

(6 unique, 1 

double) 

 

8.3% 

positive 

Support from the lecturer (or 

lack of) (33) 

 

4 positive 

 

39.3% 

Lack of availability 

Lack of help outside 

lectures 

Lack of support 

Lack of support in class 

 

Refers to support from the 

lecturer in terms of general 

support, general availability, 

response to students when they 

require help. Includes positive 

comments. 

“The professor was rarely available…” (W2) 

“… didn't seem open to meeting outside lectures to discuss 

concerns. Also didn't seem to appreciate that our results were 

important to us and took a "good enough" approach” (W7) 

“Lecturer failed to notice that I was struggling with heavy 

workload” (W1) 

“I was ignored when asked for help with assessment in class 

but attended every other student. I was only attended to last 

even thought I was sitting closer to her desk and she was 

going row by row.” (W21) 

Question-related comments- 

general communication (12)  

 

2 positive 

 

14.3% 

 

Could not answer 

questions well 

Hard communication 

Opportunity for 

questions 

Unwilling to answer the 

question 

Refers to the answers to 

students’ questions or 

opportunity for questions. Also 

refers to comments about 

general communication with 

students (other than emails). 

Includes positive comments. 

 

“The lecturer couldn't provide clear answers to questions…” 

(W7) 

“…was slightly had to communicate with them so I would 

have to ask another lecturer via email or drop-in sessions.” 

(W32) 

“Whether they offered a time to ask questions about the 

assignment” (W14) 

“She didn't answer my question in detail though she knew the 

answer.” (W35) 

Email communication (11) 

2 positive 

 

13.1% 

 

Email communication 

was bad 

Emails ignored 

Email response (not 

replying on time) 

 

Comments about email 

responses, ignoring emails, and 

email contact in general. 

Includes positive comments. 

 

“I have many times contacted my tutor and have gotten zero 

response” (W33) 

“When I would have doubts she would ignore emails” (W28) 

“I found that my lecturer did not respond to emails on 

assignments in a timely manner” (W72) 
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Hostile behaviour from the 

lecturer (6)  

 

7.1% 

Hostile behaviour from 

the lecturer 

Lecturer was hostile 

Lecturer was rude 

Describing lecturer’s behaviour 

as rude, aggressive or 

defensive. 

“… then during the help sessions, this lecturer was hostile 

and defensive about any questions asked…” (W5) 

“When asked for support he became aggressive” (W55) 

“The lecturer was quite rude in response to questions and 

asked us to refer to what was on the course website.” (W34) 

Structure 

and 

organisation 

of the 

module 18 

(15 unique, 

3 double)  

 

21.4% 

 

7 positive 

(8.3%) 

Assessment-related 

comments (14)  

 

4 positive 

 

16.7% 

Assignment requirements 

and guidelines unclear 

Assignment requirements 

unclear 

Assignment 

specifications confusing 

Comments referring specifically 

to assessments, clear structure 

or explanation of the 

assessment, assignment 

specifications and guidelines. 

Includes positive comments. 

“Didn't provide clear advice about the assessment, how it 

would be marked etc” (W68) 

“Assessments were unclear about what was required from 

students, the lecturer was not particularly good at explaining 

what was needed to be successful in the assessment.” (W56) 

“There was a major confusion about the assessment 

guidelines and the coursework itself was vague and it seemed 

like even the person who designed it did not understand it” 

(W36) 

 

Time management (7)  

 

3 positive 

 

8.3% 

Timeline unclear 

Time to complete 

assignments 

Timing insufficient 

 

Comments referring to general 

time management, clear 

deadlines or timelines for 

completing the assignment. 

Includes positive comments. 

“He wasn't sure when the assessment would be released.” 

(W68) 

“The time that given to assignments…” [sic] (W70) 

“The time windows for the completion of the assigments 

were too short.” [sic] (W62) 

 

Students’ 

experience 

(8 unique) 

 

9.5% 

 

 

 

 

Students did not need support 

(6) 

 

7.1% 

Student did not need help 

Student did not seek 

support from the lecturer 

The lecturer had no 

relevance to workload 

management 

Students did not need help or 

support, preferred to manage 

assessment themselves or felt 

that assessment support has no 

relevance to the lecturer.  

“There was no need for this” (W66) 

“I am always supported by myself or classmates” (W4) 

“Nothing to do with the lecturer” (W54) 

Students felt stressed-

unprepared (2) 

 

2.4% 

Student felt unprepared 

Student was stressed out 

Students lacked confidence, felt 

unprepared or stressed out. 

“I feel we are extremely unprepared.” (W31) 

“…It caused me a major distress as it undermined my belief 

in my academic abilities, which affected my further 

assignments.” (W36) 

 

Further examples of findings from qualitative analyses (figures, coding frames, tables) are available upon request. 
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Appendix B 

Findings from Study 2 

Table B1 

Means and Standard Deviations for Different Directions of Scale  

 

 

 

  
 
 
 
 
 
 
 
 
 
 

Table B2 

Means and Standard Deviations for Male and Female Lecturers  

 
 

 

 

 Scale 

direction SA 

(N=168) 

Scale 

direction SD N= 

(165) 

ITEM  M (SD) M (SD) 

Q1: The lecturer makes the subject 

interesting. 

3.16 (1.03) 3.02 (1.06) 

Q2: The way their module is taught 

helps me to learn. 

3.02 (1.04) 2.98 (1.09) 

Q3: This lecturer provides good 

support to manage my assessment 

workload. 

2.73 (1.07) 2.78 (1.12) 

Q4: Their module is well-organised. 3.14 (1.11) 3.07 (1.14) 

Q5: Their feedback helps me develop 

and improve my performance. 

3.59 (1.13) 3.84 (1.04) 

 

 Female lecturers 

(N=168) 

Male lecturers 

N= (165) 

ITEM  M (SD) M (SD) 

Q1: The lecturer makes the subject 

interesting. 

3.04 (1.06) 3.13 (1.03) 

Q2: The way their module is taught 

helps me to learn. 

2.98 (1.08) 3.02 (1.06) 

Q3: This lecturer provides good 

support to manage my assessment 

workload. 

2.70 (1.05) 2.81 (1.14) 

Q4: Their module is well-organised. 3.05 (1.09) 3.16 (1.17) 

Q5: Their feedback helps me develop 

and improve my performance. 

3.70 (1.08) 3.73 (1.11) 


